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        Foreword

      
      The title of this book in its original French, as published by Seuil, is En attendant les robots. The English title, Waiting for Robots, is a direct translation, but our pronunciation obscures the pun. Typical of its author Antonio Casilli’s dry humor, this is a nod to En attendant Godot (Waiting for Godot), the mid-twentieth-century absurdist play by Irish expatriate Samuel Beckett in which, quite famously, and decades before it served as the main thrust for the entirety of Seinfeld, nothing of consequence happens. The conceit of the play is that the two main characters wait for the arrival of the titular Godot—an arrival that, unbeknownst to the two hapless protagonists, will never transpire. The dialogue between the characters, and the nonevents of the play itself, are therefore focused on an exercise in futility and uselessness; it is much consternation and handwringing over a state (Godot’s arrival) that will never come to pass. (Fond of both puns and literary references, Casilli entitled an earlier monograph Les Liaisons numériques, or Digital Liaisons, after the scandalous Choderlos de Laclos epistolary novel featuring the libertine and malicious machinations of eighteenth-century ancien régime courtiers.)

      Unlike Godot, however, this book arrives just in time: in a moment in which the collective has focused its greatest dreams, or deepest anxieties, depending on where you sit, on the imminent reordering of society under the regime of large language model–fueled natural language processing tools such as ChatGPT and other AI-based automation of all sorts. No matter where one may fall in the mainstream debate underway about these computational tools and what they portend for economic growth, for the workforce and for society as a whole, it is the razzle-dazzle promise of their quasi-magical abilities to transform work as we know it, and, with it, the economic conditions of most workers, that is typically, breathlessly at the fore. Both proponents and detractors claim these tools, once adopted, will have the ability to replace legions of humans, eliminating the need for their waged work. It is an unprecedented situation, we are told, that is always-already on its way. Much like our midcentury main characters, all we can—and must—do is wait.

      And yet.

      Since the late 1960s, a variety of theories have emerged, suggesting significant changes in work and society, challenging traditional practices dating back to the Industrial Revolution. These post-Fordist theories insist upon an imminent rupture with mass manufacturing and factory arrangements prevalent through to the mid- to late twentieth century in the Global North. Although those contexts were, of course, deeply intertwined with many technological advancements that permitted the exponential growth in production in manufacturing sectors, these new theories focused on the changes to be wrought by digital technologies, in general, and the widescale introduction of the computer (and later, the personal computer) into all sorts of workplace tasks. In these new workplace arrangements, the focus would shift from the manufacturing of goods (see Daniel Bell’s The Coming of Post-Industrial Society) to a form of mindwork—analytical work, advertising and marketing, dealing with data, and so on—all of which would be undertaken in symbiosis with, and greatly facilitated by, computers.

      It was this latter characteristic, claimed many sociologists and cultural critics of the past three decades (see work by Manuel Castells, Nicholas Negroponte, Henry Jenkins, the entire run of Wired magazine, and anyone who has ever called himself a “futurist” since the 1990s) that would herald, in turn, a new age of less work and more leisure. Rhizomatic social arrangements would free us from those that trapped society into hierarchies of class (if less attentive to concerns over the constraints of race and gender) and allow for new and creative points of connection. All of these changes would yield, through the use of computers and an increasingly digitally networked world, a liberatory outcome. Can’t we all just taste the freedom?

      Today’s rhetoric is not too different. AI proponents and detractors alike are predicting the elimination of work as we know it, and the disappearance of employees from the scene. Yet, as Casilli shows us through the many rich examples peppered throughout Waiting for Robots, the case is likely much less one of the elimination of work than its atomization, its fracturing into meaningless parts, and, ultimately, its degradation, to invoke the subtitle to Harry Braverman’s canonical 1974 text, Labor and Monopoly Capital: The Degradation of Work in the 20th Century.

      But as the longer historical and theoretical context Casilli provides within shows, it turns out that the truth beyond the rhetoric is both far more complex and simpler at the same time. These tools, robots by another name, are invariably described as just on the verge of taking over all aspects of our work lives and cultural output, but they simply cannot exist without the humans that inform them. As Casilli demonstrates time and again, workers in the digital and AI-backed economies do not disappear. They are simply moved out of sight in a sleight of hand that places them elsewhere in the production chain, thereby creating, maintaining, and activating the tools that use their extracted human intelligence at levels of remove, and validating a logic that devalues their contributions. After all, Casilli says, “today, digital platform workers are themselves the cogs in the machine that threatens to replace them. In other words, the fragmentation of their work is not a consequence, but a precondition of automation.” So, as we await the near future for the robots’ arrival, the changes necessary to allow for the continued degradation of human work take place in real time, and under our very noses. If the robots never arrive as described (and they never will), it won’t matter; it was the cheapening and reordering of humans’ contributions that was the real project all along.

      A professor of sociology at the Institut Polytechnique de Paris—designated as a grande école in the French higher education system—and a now by-fellow at Churchill College, Cambridge, Antonio Casilli is a leading researcher and intellectual in contemporary Europe who holds expertise on a wide range of issues at the nexus of digital technologies and society. He is also well known to the French general public; a welcome and frequent presence on radio and TV, his signature quick wit and polymath’s grasp of world history and culture make him a critical voice advocating for nuanced and evidence-based labor policy both nationally and within the EU. As a sociologist, he is keenly concerned with the structural impacts of digital technologies and AI, working in an advisory capacity to the French government, as well as a consultant with NGOs, labor unions, and grassroots organizations to address the negative role of surveillance and computational automation on people’s lives.

      To this end, he has contributed a prolific and important body of work (in French, in Italian, in English, as well as in translation) to the many debates around the role of computational automation, AI, and digital technologies as they proliferate and find their way into every aspect of personal and collective/civic life. Indeed, his is a key voice defining the parameters of the ongoing debates regarding the social role of AI, and has greatly helped to move the needle, in Europe and beyond, to terms that are more reality based and technically informed than the general discourse or accepted wisdom, while also providing pointed, insightful, and desperately needed criticism of these technologies, their implementation, and their true end-to-end social costs. As Casilli reminds us, the “digit” of “digital labor” refers to numbers, yes, but it also refers to the digits of the hand, leaving their fingerprints wherever they touch these technologies, as long as we know where, and how, to look.

      Working alongside a global cohort of colleagues such as, but not limited to: Mary Gray, Rafael Grohmann, Mark Graham, Lilly Irani, Karen Gregory, Jen Schradie, Julian Posada, Nikos Smyrnaios, Jack Linchuan Qiu, Ursula Huws, Jérôme Denis, Trebor Scholz, and so many others (myself included), Antonio Casilli has created community and given space to those of us who share his commitments and concerns and invited us to join him. He has engaged with us intellectually, invited us to lecture at his university, and co-constituted research communities (first with the European Network on Digital Labour, followed by the International Network on Digital Labour). Indeed, he is a rigorous mentor, an exacting teacher, a generous peer, an incredible colleague, and a dear friend. It is my great privilege and honor to introduce Antonio Casilli, and Waiting for Robots, to the wide English-language audience it deserves.

      Sarah T. Roberts

    
  
    
      
        Preface

      
      This book, originally published in French in 2019, had an epigraph. It was from a speech delivered by Alexis de Tocqueville to the French Parliament on January 27, 1848. That day, deputies could see the gathering crowd of Parisian revolutionaries from the windows of the National Assembly. Yet they seemed oblivious to the “social question” these citizens raised. A moderate politician, Tocqueville issued his famous warning, “Gentlemen, we are sleeping on a volcano.”

      Readers of the French edition of this book interpreted the quotation in several ways. For some, the volcano was a symbol of digital technologies threatening to erupt without AI regulation. Others saw it as an allegory—like lava burning through resistance, ideologically diverse waves of political unrest would characterize the early 2020s—the yellow vests in Europe, the anti-lockdown riots in China, the Black Lives Matter movement in the United States. There are even those who saw the volcano as foreshadowing the COVID-19 pandemic, the economic recession, the geopolitical tensions, or the global climate crisis.

      Prognostication has never been my cup of tea. I meant for readers to understand the quote less as a grand allegory and more as a simple analogy. In my mind, the volcano on which we sat was the social awareness raised by workers—those Uber drivers and Amazon microtaskers, people we refer to as “platform workers”—who produce and distribute goods and services hosted by big tech companies.

      The cultural and political struggle to recognize digital labor as “real” work has taken decades, and we are not done. There have been gains for logistics, transportation, and online workers. Food delivery couriers working for digital platforms are now considered employees in Spain under the 2021 “riders’ law.” All digital laborers are presumed to be employed by platforms under a new 2024 European directive. Crowdworkers working for Ixia, a Brazilian platform, cannot be hired as freelancers, following a 2022 decision of the labor court in São Paulo.

      Today few (at least among those who would read a book with this title) would argue that gig workers are given exciting opportunities or experience fair work environments on online platforms. We are aware of the important role that ride-hailing drivers, internet content moderators, and microtask service providers play. But we are also likely to decry the precarity, algorithmic surveillance, and harsh working conditions that these platform workers endure.

      Though it’s been five years since I wrote the French version of this book and I have updated these pages throughout, my work’s underlying message is the same. We’re still decades away from protecting the work of AI’s hidden helpers—the unseen people behind the machines who achieve “automation,” including the unpaid users whose data feeds the system.

      As a society, we can now more easily identify capitalist exploitation. We see through the promises of “being your own boss” and “working the hours you want.” But technological fantasies are still pervasive, even among the most informed.

      The purpose of this book is to demonstrate the presence of inconspicuous labor in AI solutions and digital services. I offer a framework for detecting continuities of exploitation between observable platform labor (like delivery, logistics, and transportation), and other forms of not-yet-discovered labor (online crowdwork, click farming, etc.). I argue that labor does not exist in a cultural and regulatory vacuum, and that workers are not passive recipients of decisions made by platforms. Workers have agency, albeit a conflictual one. Disputes between them and corporations, governments, and sometimes even users are the result of the workers’ desire for autonomy over the digital tools they use and the artificial intelligence they shape.

      I hope to steer between two extreme views of AI—as a destroyer of worlds, both economic and environmental, and as a benevolent human caretaker, the panacea to our social and political problems. AI is a technological process that isn’t actually artificial; it reflects the values of the people who produce it.

      It is difficult to achieve this understanding. This book was first published as part of a wave of scholarship—including works by Mary Gray and Sid Suri,1 Kate Crawford,2 Kylie Jarrett,3 and Sarah Roberts4—that helped us learn more about this subject. More people are paying attention now, and they are focusing on the large data extracted for machine learning, and the humans who train it.

      During this training, systems are taught how to operate based on examples from datasets that are not easy to produce. Both users and workers generate, annotate, and refine the data to make it usable. Before anyone first interacted with Siri or Alexa, workers had to listen to hours of real-life recordings of mundane conversations. Before one can appreciate ChatGPT-generated sonnets in the style of Shakespeare, workers had to evaluate tomes of similar generated text.

      But once the AI is trained and launched on the market, humans—underpaid or unpaid—continue to contribute. Using AI is like owning a car that needs endless maintenance. Among tech companies, this maintenance is often referred to as “verification.” Updating and troubleshooting an AI system is like having someone fixing your car’s brakes or check your engine’s oil. As users, we do these verification tasks too, whether we realize it or not. Contributing your personal data to customize AI services is a lot like filling up the tank of your car.

      Finally, and most disturbingly, AI sometimes needs workers to “impersonate” algorithms. These “fake” artificial intelligences might seem the result of unethical companies scamming users. But this practice occurs among more than a few bad apples. Having “humans in the loop” has been a feature of computing since the late twentieth century. The only difference is that today it is more prevalent and less visible. Those interested will find stories of hidden workers simulating recommendation algorithms, surveillance cameras, voice assistants, and chatbots—and I’ll explore some of these examples in this book.

      Developing truly powerful technologies is a difficult task. Our world is populated by faulty AI systems, glitchy software, and weak image filters. In the minds of their creators, technologies are given a lot of leeway, anthropomorphized, and considered more efficient than they actually are. Users also personify and confer power on digital objects. They complain when systems don’t “obey”; they worry about the “influence” of algorithms on their choices; and they express desires about “convenient” technologies. They see themselves reflected in these tools and treat them like animated beings. However unwillingly, when users overestimate the intelligence of their software or devices, they fail to recognize how their fellow humans contribute to their efficiency.

      Despite the mounting evidence that AI’s production requires human labor, our contemporaries worry that Artificial General Intelligence (AGI) will eventually surpass human intelligence. Whether propagated by artists, media moguls, or tech companies themselves, these myths are so easy to imagine. Can you picture that translucent robot in a thinking pose? You’ve seen this image in endless magazine covers, documentaries, YouTube thumbnails.

      The myth that machines displace jobs is one of the most difficult to dispel. The previous edition of this book already included a critical appraisal of this theory—which I had to thoroughly update for this new version. Sadly, doomsayers of a labor apocalypse continue to appear. Economists continue to bet their careers on how many jobs will be destroyed by the technologies developed by the capitalists who fund them.

      We can assume that those who support this theory have an inadequate understanding of the amount of work required to manufacture our digital artifacts. Yet, there are people among them who know intuitively that a huge human workforce operates remotely both from low- and high-income countries to train and operate automated systems but worry about a “great robot replacement” anyway. As long as fear is concerned about robots taking jobs from US workers, reason cannot accept that AI is made up of outsourced digital labor.

      While debunking this myth, we must not fall into the ideological trap of blaming foreign workers and not robots as the source of “great replacements.” Rejecting this proposition instead allows us to focus on another vital goal of organized labor: redistributing value and power among workers.

      Our goal should be to recognize and compensate digital labor collectively. I discuss this in the conclusion of this revised edition, where I outline some of the latest initiatives to overcome today’s political stances around digital labor. Platforms are more than just technological paradigms. They have a long political history. By reactivating some of their original values, such as solidarity, resistance to exploitation, and civic engagement, it is possible to formulate policies that are radically progressive and antiauthoritarian. These policies have been discussed extensively in James Muldoon’s Platform Socialism, published in 2022. The book explores the transformative political potential that platforms offer.5 In Muldoon’s analysis, platforms are used to challenge power in a manner that is resolutely anti-capitalist. This represents a substantial departure from both the leftist fixation with “resistance” as the only way to express political disagreement, and a liberal political philosophy that promotes regulation to restore market power and consumer rights but doesn’t question how information, labor, and the environment get commodified.

      The results in my book’s first edition are still relevant. That’s a sad testament to how AI still continues to cause inequality and confusion. It’s also a testament to how important these analytical categories remain for describing the labor-digital nexus.

      Naturally, this new English edition contains updates and revisions. More than its previous version, this book also incorporates empirical data collected over the past years with my colleagues of the DiPLab research team. DiPLab (which stands for Digital Platform Labor) was co-founded with Ulrich Laitenberger and Paola Tubaro at the Institut Polytechnique de Paris to explore the relationship between technologies and work. To date, it has conducted research projects in more than twenty countries and collected the testimonies of more than three thousand workers. The empirical vignettes that complement this book’s theoretical framework originate from fieldwork conducted in Europe, Africa, and Latin America between 2018 and 2023.

      With DiPLab, I have made significant acquaintances in Egypt, Bolivia, Madagascar, Nigeria, and Venezuela, as well as in European countries like France and Germany. Our fieldwork has given me fresh theoretical insights, which I have elaborated on in this edition. I’ve also gained a stronger understanding of the reality that workers all over the world face today.

      However, my core argument has not changed. AI is not only produced in technological campuses outside rich cities in the US; it can also be found in cybercafes in Africa, in family homes in high-crime areas in South America, and in studio apartments in middle-class neighborhoods in Europe’s peripheries. Move away from the fantasy of the “entrepreneurial garage” that has dominated American startup culture for decades.6 Rather, picture a preindustrial cottage industry where AI is built by low-wage workers of all races and genders, not only by ambitious data scientists and software engineers.

      In addition to the pages that depict the circumstances of workers’ lives directly, the stories of these “hired hands of AI” are also linked to the scholarly literature that I reference. In addition to studies that my collaborators and I have published, this research comes from the scholarship developed by the community of academics, activists, and policy experts gathered around the International Network on Digital Labor (INDL), that I am a cofounding member of. As part of an interdisciplinary research effort, I’ve also included references from other fields, spanning from computer science to history and philosophy. I hope these resources will be useful for readers interested in learning more about platforms, artificial intelligence, and digital labor.

      There’s still a long way to go until we gain a sober understanding of our technologies. Since the arrival on the scene of big data and algorithms, we have experienced a perpetual “AI summer.” Both panic and enthusiasm are fueled by the notion of unstoppable progress. While our society has changed over the years, AI still uses the same positivistic arguments that have been around for centuries.

      Already in Thomas Jefferson’s Monticello mansion, so-called dumbwaiters—platforms connected to ropes and pulleys that delivered food and drinks to rich diners from poor kitchen staff below—appeared to operate without human intervention. Of course those mechanical lifts and hidden doors required the unseen labor of enslaved people. Cooking, arranging, and delivering food using pulleys were the first requirements of these workers. Another was to be as discrete as possible. We can even imagine Jefferson dining with abolitionists and avoiding the appearance of hypocrisy.

      Whether we are talking about a dumbwaiter or artificial intelligence, technology hides subjugation. Human workers make automation possible. Recognizing the value of their contributions to these digital infrastructures is the first step toward worker reparation and rebalancing the current power dynamics.

      Antonio Casilli, June 2024

      Listening to Ebba Grön, “Staten och kapitalet”

    
  
    
      
        Introduction

      
      
        
          Simon and AIA (Artificial Intelligence from Antananarivo)

        

        I interviewed Simon in 2017. That is not his real name, and SuggEst is not the real name of the startup where he was an intern at the end of his master’s degree at a business school. The company was one of the rising stars of the European AI innovation sector. Its business model consisted of selling data on wealthy customers to luxury brands. Are you a politician, an athlete, or an actor? The SuggEst app promised to give you “100 percent personalized offers from the most famous French brands and most talented designers in the luxury market on the most advantageous terms.” “Thanks to machine learning,” the app detects the preferences of these rich potential customers to predict their choices. The traces they leave digitally—on their social media profiles; at public events they attend; and in selfies with friends, fans, and relatives—are automatically assembled using artificial intelligence. The results are aggregated and analyzed, and a product suggestion is made.

        Yet behind this AI lurks a very different reality. Three days into his internship, during a coffee break, Simon grew suspicious. He asked why the company seemed not to employ a single software engineer or data scientist. “You don’t need software engineers if you don’t have any AI software,” one of the company’s founders admitted. AI was given credit for work being done by human workers abroad. Rather than have AI harvest information and an algorithm offer results, the app transferred users’ requests to Antananarivo, Madagascar.

        The app relied not on software in Europe but on humans acting as AI on an African island nation. And what work were they doing? The platform would send the workers an alert along with the name of one of the app’s users. By dredging social media and the internet, they would collect all information available: texts, photos, videos, financial transactions, and website visits. They were doing the work of a bot, a program for data aggregation, all by hand. After investigating these individuals on social media, sometimes by creating fake accounts, they would write summaries of the person’s preferences, and send them to SuggEst. The company would then compile the information and sell it to brands in the luxury sector, which in turn would suggest products.

        How many hired hands are working as artificial intelligence in the world today? Nobody knows for sure, but a conservative estimate puts the figure at several million workers. And how much are they paid? Barely a few cents per click, often with no contract and no job security. And where do they work? Internet cafés in the Philippines, homes in India, college computer rooms in Kenya, abandoned factories in China. And why do they accept this work? Well, doubtless for the pay, especially in countries where the average salary of a worker is rarely higher than a few tens of dollars per month.

        Simon’s fellow interns confirm that this practice is standard. Whole city districts and whole villages in Mozambique and Uganda are put to work in this way, clicking on images and transcribing segments of text. The ultimate purpose, Simon learns, is to “train the algorithms,” that is, to teach the machines to perform their automated tasks. But up to now, African remote workers have simply been generating data manually. This data will eventually feed an AI. When will the machine learning process be completed? It’s difficult to tell. SuggEst app users are always changing, and new users want new offers. The machine needs to evolve at a pace that workers find difficult to keep up with. The platform continues to channel more work to more outsourced workers in Africa. “Ideally,” another of the founders confided, “we would produce the AI. But, at this stage, we have so many requests from clients that it is best for us to concentrate on the platform for our remote workers, to make it more efficient and profitable.” The interns, too, work to generate data, sometimes. So, just like the others, Simon spends his “off-peak hours” training an AI—or rather playing at being one.

        Apart from what Simon calls “misleading advertising” (the company sells an AI solution that isn’t one) and from the data collection carried out under nontransparent conditions, there is also the small problem of SuggEst’s links to large companies in the digital sector. The company is part of an ecosystem that includes leading businesses in the field. It is a pioneer in artificial intelligence, having received accolades from the press. How much, Simon wonders, do tech giants know about the subcontracting chain that stretches all the way from a startup in Europe to the outskirts of a city in Madagascar? Will they admit that the artificial intelligence contribution of this company is only a handful of interns and freelancing African workers? And are they likely to acknowledge that, if the salaries of these workers are cheaper than the cost of a team of computing experts paid to devise automated solutions, there is no good incentive, economically speaking, for the startup to ever develop the AI?

        Forget about losing jobs to automation. Remarkably, the reality is that humans steal the jobs of robots.

      
      
        Understanding Digital Labor: A User’s Guide

        This account provides only a taste of what sociologists learn when they venture into the technology sector and explore the rhetoric and reality of automation. From their attempts to identify what AI experts call the “human in the loop,” it becomes clear that today’s technological fantasy emphasizes scientists in white coats, startup founders in hoodies, venture capitalists in sneakers and fleece vests, and banks of high-tech equipment. But these common representations omit the reality of many other people who work from all sorts of places, especially from home. Even before the COVID-19 pandemic introduced a growing number of workers to online platforms and apps, this distributed workforce was providing the backbone for technology. Indeed, AI often means that behind one white-collar worker, millions of blue-collar ones exist as well.

        This book attempts to make sense of what Simon, the pseudonymous intern, experienced and to provide answers to the question that his story leaves hanging: Is this startup simply an isolated case of “AI washing,” or do its methods reveal a more general tendency to conceal the labor behind its facade of automation? We shall have to pry off the mask of machine learning to get an answer, guided by other questions: who makes automation happen? By what concrete means? Within what social configurations? And with what political consequences? More generally, what is the underlying bond between human work and this new organization of our technical environment?

        The book is divided into three parts: the first (“What Automation?”) analyzes the economic and cultural links between artificial intelligence as a scientific project and the techno-economic paradigm of the digital platform; the second (“Three Types of Digital Labor”), provides a series of examples, ranging from Uber to Amazon and from Facebook to Google, that shed light on the variety of forms of work that have emerged out of the economic models geared to smart solutions; the third part (“The Horizons of Digital Labor”) provides theoretical tools for addressing the overexploitation and economic asymmetry resulting from the restructuring of labor markets in the digital age. In the conclusion (“What Is to Be Done?”), I suggest some avenues for countering or getting beyond these effects.

        The contemporary infatuation with artificial intelligence is our starting point for the analysis of chapter 1 (“So, Will Humans Replace Robots?”). Reading the 2023 edition of the AI Index report that is published annually by Stanford University, the impression one gets is that the California gold rush has nothing on our pursuit of AI. Since the end of the 2010s, AI usage has burgeoned. With the largest number of newly funded startups, the United States leads all regions, followed by China and the United Kingdom. The percentage of companies using AI in at least one department grew from 20 percent in 2017 to more than 50 percent in the following five years.1 However, the impact of these technologies on the labor market, and the delirium it elicits among investors and consumers, raise thorny issues. How do we view human productive work, especially given the difficulty of distinguishing work from the tasks that constitute it? If we confuse the two, we end up thinking that the automation of certain elements of a job inevitably leads to the complete disappearance of that human occupation. As a result, the “great technological replacement” hypothesis has come to dominate intellectual debate for several decades now. You’ll see that I argue this is both a dystopian fantasy for workers, and a wet dream for capitalists.

        What is new about the current situation is not the claim that automation has destructive effects on employment. Prophecies about the “end of work” have existed since the dawn of the industrial era. Rather, the problem is first to acknowledge and evaluate the quantity of human work that is necessary to produce automation, so that we can then understand how this technology, in turn, affects labor. For this, some economic and statistical indicators may quickly shake us from our artificial intelligence illusions.

        Contemporary anxieties about the disappearance of work are actually a symptom of what is really occurring today: work is going digital. Human productive acts, reduced to underpaid or unpaid micro-operations in this large-scale technological and social transformation, fuel an economy based on information. The latter is reliant essentially on data extraction, a process in which the productive tasks delegated to humans are massively devalued, considered to be too small, too inconspicuous, too much like play, and too menial to count.

        Another point to come from these preliminary remarks is that today’s rhetoric of automation conceals the proliferation of digital platforms. These platforms combine a particular technological structure with a specific economic organization in an original way. Without a “core business” in the strict sense, platforms function by serving as intermediaries in information transfer between other economic players. Technologists’ dreams of intelligent robots are fueled by the profits reaped by these vast digital oligopolies. In chapter 2 (“What’s in a Digital Platform?”) we will look closer at the technical paradigm of platformization, which today affects both technology companies and other sectors (insofar as the latter are undergoing a “digital transition”). First, we will establish a genealogy of the concept of platform, showing its continuity with certain notions in seventeenth-century political theology (a “platform” as a “political program,” but also the doctrine of a congregation). Today’s digital platforms distort some of the values that were initially attached to the idea, such as the pooling of resources, the abolition of private property, and the refusal of wage labor. When recuperated by a capitalist discourse, these values emerge in techno-economic structures as advocacy for “sharing” goods, for “liberating” work, and for “opening up” information resources.

        Because platforms depend on algorithmic methods that require large amounts of data to function, they end up disrupting traditional markets, especially the labor market. They capture the value generated by their producers, suppliers, and consumers. The “users’ work” is necessary to produce different types of value. First, there is the value derived from the work of qualification necessary for the platform’s daily functioning; users add quality to online items by sorting information and by commenting on and rating goods and services, thus directly contributing to the platform themselves. Second is the value derived from monetization (taking commissions, or selling the data provided by users to other operators), which increases the platform’s short-term liquidity. The third and last value is the automation value (redeploying users’ data and content to train artificial intelligence systems). Automation ensures the platform’s longer-term growth.

        Platforms are not specialized in the production of a single good or service. Rather, they bring together quite distinct activities and business models. In the chapters that make up the second part of the book, I will consider three of these models: platforms for “on-demand” services such as transportation app Uber or food delivery service Postmates; for microwork like Amazon Mechanical Turk or Scale; and social media platforms such as Facebook or TikTok. The tasks from which digital platforms manage to extract value vary, as some of these platforms produce personal services, others offer content and manage information, and still others (like dating and friendship apps) market social relations themselves. Each category of platform requires different types of workers, making it possible to classify them according to a variety of criteria, such as working arrangements, geographical range, payment methods, and conflicts around the extraction of value.

        Chapter 3 (“On-Demand Digital Labor”) discusses platforms, such as Uber, Airbnb, Deliveroo, or TaskRabbit, that connect, in real time, seekers and potential suppliers of a material service in a specific geographical location. The visible nature of these services should not deceive us, since what is involved is primarily an activity of data production. I will focus on the case of Uber drivers and their connected daily lives, which unfold not so much behind the wheel as on their smartphones, as they carry out information management tasks such as clicking, adding to GPS routes, filling out schedules, sending messages, and managing their reputation score. I will then show how passengers also generate data on their trips. We will then be able to examine in detail how Uber’s pricing algorithm works.

        This case study of Uber will shed light on two points. The first is the gap between the ideal image of a “collaborative” economy and the reality of on-demand digital labor. The ethos of sharing and connecting, which underpins some of these services, would seem to justify the contingent work done by the platform’s users. The forms of labor discipline, and the conflicts between service providers and owners of the technological infrastructures, resemble the struggles sparked by industrial manufacturing over the last few hundred years. The second point concerns the use of big data extracted from the activity of Uber’s drivers and passengers to create a particular type of intelligent robot—the autonomous vehicle. We will look at how it really functions and show that this celebrated “autonomy” isn’t all it seems. Driverless cars move around with a “vehicle operator” on board who can take back control at any moment. Additionally, and contrary to all expectations, these cars shift the responsibility of driving onto the passengers and require remote analysis by human image recognition operators. These individuals are the “annotators,” who help the vehicle’s AI to interpret the signage, or who correct the routes calculated by its GPS.

        But who are the annotators? Not engineers, or cartographers, as the Uber platform calls them. As we will see in chapter 4 (“Microwork”), they are dubbed “human robots,” that is to say, workers paid to carry out or support the work of AI. At light years’ distance from the fantasies of robot cars and delivery drones that investors and media personalities gush over, myriads of nonspecialized clickworkers perform the tasks necessary for selecting and improving data, and for making it interpretable. We will illustrate this point by studying the case of Amazon’s Mechanical Turk, a service for recruiting hundreds of thousands of microtaskers located all over the world to perform the tasks that machines are unable to handle—filtering videos, tagging images, and transcribing documents. These Amazon workers, called “Turkers,” are paid barely a few cents of a dollar for each task. Yet this digital labor is essential for producing artificial intelligence applications that are, when it comes down to it, largely handmade.

        Today, the microwork market is expanding. As I will discuss in chapter 4, the workforce for these platforms is estimated at between forty million and several hundred million individuals worldwide. Since it is difficult to identify the human and technical components of these activities, this figure is necessarily imprecise. More often than not, microtaskers are invisible to users in the Global North, both because they are not mentioned by the tech giants and because they usually reside in Asian, Latin American, and African countries. By contrast, the client companies of clickworker services are mostly located in Western countries such as United States and Europe, or in industrial giants in Asia, like China, India, and Japan. Thus, the global geography of microwork comes to look very similar to other recognizable historico-political tensions and asymmetries. A “new international division of labor” has emerged that is even more unequal than the divisions denounced by critical thinkers of the second half of the twentieth century.2 The global chains of labor relocation associated with microtasking show automation in a new light: Human workers are not being replaced by sophisticated and precise artificial intelligence applications, but by other humans, who are hidden from view, underpaid, and facing work instability.

        In most cases, microtasking is a very low-wage job, based on piecemeal payments. However, data work is also sometimes performed for free. This can occur when consumers and everyday internet users are placed squarely within the productive process of training algorithms. The best-known example of such training is probably the reCAPTCHA, which delegates to internet users the responsibility of copying out words or identifying images. For some years now, this system has enabled the digitization of books for Google Books, shaped recognition for Google Images, and improved autonomous cars operated by Google’s Waymo.

        This last example touches on a central point in my argument. The book stresses that digital labor is not just a productive activity, but a relationship of dependence between two categories of actors on digital platforms: the platform owners and the platform users. This relationship, which in the other chapters appears in the visible activity and direct involvement of users, manifests itself in chapter 5 (“Social Media Work”) in the form of contributions that are most often provided for free by the users of major social media platforms. Their work produces content (photos, videos, and text) and data (geographical location, preferences, and links) in configurations of networked labor that primarily benefit large advertising placement companies.

        Meta, the owner of Facebook and Instagram, and the largest global market of unpaid contributions, is a textbook case in this respect. There are just a few content creators who thrive on social media, yet millions never see a penny from their efforts. The controversies surrounding how users are dispossessed of the value they create have elicited contradictory reactions. On the one hand, the transformation of Facebook, formerly a website for shared interests and sympathies, into a “factory” for content and data is criticized by many. On the other hand, those who believe in users’ free and mutually beneficial participation in platforms stress the variety of motivations that volunteers, amateurs, and enthusiasts have in signing up to a platform. However, this “hedonistic” vision (which can be summarized in the idea that “if it’s fun, it can’t be actual work”) ignores the pressure to participate and the gap between the economic interests of the users and those of the owners of a service like Facebook. Above all, this vision fails to recognize that, alongside the digital labor freely carried out by users for no charge in places like the United States and the United Kingdom, there are the huge volumes of data produced by underpaid workers in places like Venezuela and Kenya. This is where “click farms” have been set up to help brands go viral and to churn out content to produce videos and texts that can make website rankings higher, and this is where commercial moderator services that filter out pornographic and violent images are often located.

        On social media, the overlapping presence of moderators, click farmers, content creators, and “produsers” (producer–users) struggling to monetize their online presence shows that there is a close connection between the fun these platforms promise and income-generating opportunities. Whether such activities are contested or accepted, they reveal the flip side of the vision of social media platforms as havens for free content consumption. Users are reduced to the rank of potentially unpaid clickworkers who, like their counterparts on microwork platforms, enable intelligent systems to get off the ground. Meta has adopted the same approach as Amazon; far from hiding the fact that its artificial intelligence is “human-powered,” Meta makes this into a selling point for some of its automated systems. The chatbots, moderation filters, and audience management solutions provided by Meta are extremely reliant on both paid and unpaid labor. However, it is becoming increasingly apparent that the humans who keep Facebook and Instagram going are not volunteer users, enthusiastic participants, or altruistic amateurs—but a digital proletariat.

        In the last part of the book, I will review the theoretical and political questions raised by digital labor. Chapter 6 discusses the important theoretical tradition devoted to “work outside work,” to which current reflection on digital labor owes so much. Research carried out from the 1950s onwards—on domestic work, on the value produced by audiences of traditional media, on the work of consumers in supermarkets, and on immaterial work—represents an important attempt to extend the concept of work to activities previously overlooked as opportunities for value generation. But to what extent can digital labor be called work? Is this labor such a radical transformation that it becomes necessary to classify it under a different heading? Some authors have proposed the notions of “playbor” or “weisure,” emphasizing the playful and leisurely component of some of the activities that take place on platforms. However, these notions disregard the fact that platform work can be tedious and time-consuming. Although this tediousness can be outweighed by the enjoyment users derive from social media, it disproportionately affects microtaskers in middle- or low-income countries and on-demand workers such as delivery couriers, drivers, and personal service providers. Moreover, the free and voluntary nature of the work of users on social and entertainment platform depends on keeping all the droves of moderators and click farmers well out of sight.

        Chapter 7 (“How Do We Classify Digital Labor?”) focuses on corroborating, both objectively and historically, the thesis that digital labor is work. First, digital labor fulfills the objective conditions of work, that is, a contract (often under the guise of “terms of service”), obligation, and control. Second, it revives certain nineteenth-century work hire practices, from before the generalization of wage labor, while borrowing other features from the “protected subordination” that characterize modern forms of formal employment. Digital labor involves partly recognizable and conspicuous elements (delivering a meal, publishing a video online, and so forth), and partly inconspicuous work (preparing and processing information and data). This second dimension is irreducible: it is work that cannot be automated precisely because it is required in order to achieve automation. The work of a designer on Etsy, a photographer on Instagram, or even a freelance programmer on Fiverr is thus very far from the ideal of the creative “exalted workers.” It has more in common with an activity that is hardly specialized at all and that has no career prospects. It leaves little room for negotiation between the workers and the platforms that demand their digital labor.

        Finally, in chapter 8 (“Subjectivity at Work, Globalization, and Automation”), I examine the subjectivity fashioned by these working arrangements. Digital platform workers’ lack of bargaining power hinders their awareness of this subjective dimension. Their own perception of their work is ambivalent. On the one hand, the platforms exploit them, while on the other hand they gain new opportunities. Their collective subjectivity likewise oscillates between a vision of empowerment and of exploitation. Whether they see themselves as members of a “virtual class” or as a “digital proletariat,” the fate of platform workers is close to that of huge numbers of workers in our globalized markets. For a growing number of people in low-income countries in particular, platform work is an extension of the migratory experience or of forms of economic dependence with which they are already all too familiar. Some authors unequivocally define the system as imperialist, colonialist, or a type of new slavery. These categories should be handled carefully to avoid trivializing these notions and compromising the specificity of their underlying historical experiences. Still, digital labor clearly poses afresh the question of North–South inequalities.

        For inhabitants of low-income countries, underpaid activities on platforms tend to be the only access to the “work of the future.” But the insecurity and instability of these jobs are affecting a growing number of working people in higher-income countries too, who are constrained to provide an increasing amount of free labor. It is mainly an issue for the younger generations, who are essentialized in the platforms’ discourses, reduced to the role of “digital natives” who are naturally predisposed to sharing and participating online and allegedly demand no payment for their effort and time. This way of consigning one section of the global workforce to contingent work, while subjecting the other to value-producing leisure, is part of a larger effort by capitalist platforms to undermine labor in order better to evacuate it both as a conceptual category and as an activity requiring remuneration. So while I start by showing that automation cannot liquidate work, it seems possible, paradoxically, that platformization can totally devalue it. Rather than AI eliminating jobs, big tech companies are seeking to deprive workers of their wages. The question whether this drive will be successful or not does not depend on the overdetermined developments of a technological process, but on the outcome of the struggles that are brewing.

        In the conclusion (“What Is to Be Done?”), I will look at several conflicts and campaigns to get platform work recognized. The concrete actions designed to improve the working conditions and rights of platform user–producers are sometimes mediated by organizations such as unions, grassroots networks, “guilds,” and regulatory bodies. In addition to the resources of labor regulation (the reclassification of workers as employees, set working hours, and negotiations on fair pay), new rights for user–workers have been won using other legal instruments. These concern primarily the right to privacy, taxation in the digital economy, and business law.

        In yet other cases, labor law specialists, digital rights associations, and users have come together to create positive synergies from which new forms of organization may develop. These initiatives converge around two approaches to collective action in the age of digital labor: platform cooperatives, whereby users have property rights in the platform, as a “people’s” alternative to the capitalist services; and reflection on the articulation between the paradigm of the platform and that of commons. To address and mitigate some of the limitations of both approaches, I introduce a third perspective, based on a collective redistributive income for digital labor. This approach seeks not to supplant, but to take the wage model further by recognizing and remitting the value originating from the invisible work of data producers. In this sense, it differs fundamentally from, and goes against, Silicon Valley’s idea of a universal basic income.

      
      
        Reindexing Work: A Mode of Action

        Digital platforms act as walled gardens of social relations. They impose the task of data and information production in the way they devise mechanisms to maximize participation. By taking work as the key to understanding the nature of the society fashioned by the internet and its related technologies, we aim to display the continuities between the activity of social media users, and workers on nonstandard contracts, in insecure work, or in self-employment, workers who bear the full brunt of the “uberization” of the economy.

        By analyzing concrete examples using tools drawn from sociology, political science, management, law, and computer science, we will attempt to grasp the economic and social principles that govern societies shaped by digital platforms in a bid to understand how value is produced and circulates, and how the forms of domination and the imbalances are thereby generated. Then we will attempt to envisage some possible alternative scenarios.

        The theoretical approach developed in this book requires a reversal of perspective; it is not the “machines” that do the work of humans, but rather humans who are tasked to provide digital labor for the machines by training, maintaining, and imitating them. Human occupations change—they become normalized and taskified—in order to produce information in a standardized form. Automation thus alters the nature of work, but it does not destroy it.

        The book is thus situated at the heart of a debate led by computer science and philosophy, a debate that explores the limits of the epistemic program of artificial intelligence. Today, a number of authors challenge the ideological narrative of complete automation as the “manifest destiny” of our current technological structures (see chapter 8). This phenomenon is sometimes referred to as the delusion of “automated autonomy.”3 This rhetoric has long promised that machines would operate without human intervention. We’re assured it’ll happen soon. But this endeavor has been rife with bugs, and each new solution makes full automation seem farther away. There’s no such thing as an entirely self-acting “intelligent” system; artificial intelligence requires extensive development and maintenance, which involves a few highly skilled specialists and a great deal of unpaid, underpaid, and poorly recognized labor. Theorists have introduced neologisms like “heteromation,”4 “fauxtomation,”5 and “Potemkin AI”6 to denounce the elements of fraud and mystification embedded in the claim that AI is labor-saving technology.

        The economic and cultural advocacy of automation ignores the reality of the market for these innovations. From Uber to Google, from Amazon to Microsoft, the business models of the digital giants are not geared toward commercializing AGI (Artificial General Intelligence), but rather promoting devices that require considerable human effort to operate. Despite the grand vision of big tech companies and startups alike, AI reality is constantly scaling back: users are promised autonomous vehicles, and they get assisted driving; they’re promised decision-making software, and they get a drop-down menu of options; they’re promised a robot doctor, and they get a medical search engine.

        Since the mid-twentieth century, the “end of work” debate has had two sides: those who see in technological unemployment the collapse of the idea that work is at the center of personal life and social organization; and those more cautious voices who emphasize that the centrality of work to human experience has remained relatively constant.7 By reminding us that the capacity of automated devices to replace human workers is in fact limited, and that prophecies in this field have been proven wrong time and again, I am unequivocally in the second camp. However, this book also aims to add another dimension to the debate by emphasizing how work offshoring and concealment are intertwined in today’s automation. Our work isn’t destined for obsolescence; rather, it is being shifted and hidden, moved out of sight of citizens, analysts, and policymakers, who are all too eager to abide by the platform capitalists’ storytelling.

        Automation relying on human labor underpins global markets where digital labor is negotiated in exchange for monetary, symbolic, or service-based remuneration. In order to expand and innovate, platforms require the labor of human beings whom they do not manage as workers, but as “users” or as “contributors.”

        In light of this, we need to address the qualitative aspects of work in the context of the digital transformation of organizations. The authors engaged in this other debate are divided between those who are alarmed at the erosion of the wage system and those who emphasize the opportunities for mobility, flexibility, and, ultimately, the independence of workers in the current context, in which markets would supposedly be more respectful of workers’ life choices (see chapter 7). Revealing the deep-seated tensions between work “for others” and work for oneself and for one’s community, digital labor on platforms is an activity that exposes users first and foremost to the risks of insecure work and social exclusion. Platforms facilitate the assignment of productive tasks to increase the number of people at work. Meanwhile, they effectively place them out of work, i.e., outside of standard labor relations.

        Workers thus find themselves squeezed between proclamations of independence and material conditions in which they receive low or nonexistent pay, are subjected to other people’s rhythms and goals, and do not see the outcome of their productive acts. Since they cannot spontaneously find meaning in what they do, they must set up communities and new forms of organization to make their own labor meaningful. For platform workers to cultivate the meaningfulness of their jobs,8 they must bend and modify the top-down rules they receive from owners and developers of opaque AI algorithms.

        The last theoretical pillar of this book, and the last debate it addresses, concerns digital labor’s potential as a catalyst of conflicts and a driver of social change. The emergence of a collective subjectivity from this type of labor is neither immediate nor linear. It results from conflicts over the recognizing of digital activity as work, of data as information units “produced” by users, and of automated systems as sites of negotiation and confrontation for workers. The aim of this book is also to renew (and hopefully bring to a close) a dialogue I began several years ago with Italian workerist theory. Workerism, a subset of autonomous Marxism, understands labor as a collective endeavor that involves all of society’s activities (“social factory”). At various stages of my career and in various capacities, I have been fortunate to collaborate with influential Italian theorists, including Paolo Virno, Franco Berardi, and Leopoldina Fortunati. These authors argue that the wealth of contemporary society is owed to two often-overlooked dimensions: collective production, including creativity, social interaction and cultural activities; and collective reproduction, including care and domestic work. The wages workers receive are therefore only a fraction of the value generated.

        By applying this lens to digital labor, we can see online platforms as new iterations of the twentieth-century “diffused factory,” and their users as the next generation of “social workers.”9 Today’s societies are witnessing the extension of value production beyond the workplace, a trend that the workerists anticipated. Work’s encroachment on life started well before digital platforms. However, it has accelerated since then and been accompanied by another phenomenon—the casualization of employment. Importantly, this theoretical perspective doesn’t just look at cognitive capitalism critically,10 it also explores how to establish autonomy in production and help commons grow.11

        The following chapters have been an opportunity to update and revise certain aspects of this tradition of thought, which is often overly anxious to fulfill the Marxian prophecy of the general intellect,12 and, to this end, has sometimes sacrificed proper attention to the material conditions of work in the age of information technologies. It is with the concept of digital labor that the workerist approach finds a new material anchorage: the finger that clicks, the digitus, that performs a crucial function in contemporary technological settings. By touching a screen or a mouse, not only does this finger click—the smallest of all tasks, perfect for training AI—it also restores the etymological meaning of this activity: an occupation that can rightfully be called digital.

      
    
  
    
      
        Part 1

        What Automation?

      
    
  
    
      
        1

        Will Humans Replace Robots?

      
      
        Machines Are Just Humans Who Calculate

        In 1936, the English mathematician Alan Turing delivered his paper “On Computable Numbers” at the London Mathematical Society. The consequences of his argument could not have been greater for subsequent research on artificial intelligence. If you are trying to ascertain whether machines can think, perceive, and even desire, he said, apply exactly the same criteria to the machine as you would to a human:1 “We may compare a man in the process of computing a real number to a machine [. . .],” he wrote.2 Performing arbitrary computations requires manipulating symbols (1, 2, 3, . . . , +, −, . . .) and rules. At the time, in Turing’s view, this held true both for the teams of people hired to compute astronomical data in an observatory, and for the automated device he designed, the machine that would later be named after him.

        This approach certainly inspired generations of scientists to believe in the possibility of intelligent machines, and generations of industrialists to capitalize on this idea. But, from the outset, Turing’s mechanistic view of the mind also met with scathing criticism from influential philosophers, among them Ludwig Wittgenstein. The author of the Tractatus Logico-Philosophicus held a diametrically opposed view, as summarized in his remark that Turing machines are in fact only “human beings, who calculate.”3 By reversing Turing’s statement, Wittgenstein aimed to defuse his argument. There is no equivalence between human mind and an abstract and accurate machine. People who compute are only similar to other people who compute.

        Today, given current technological advances, most would regard Wittgenstein’s refusal to imagine mathematical models of the human mind as outdated. Take for example the victory of IBM’s Deep Blue supercomputer against the world chess champion Garry Kasparov in 1997. Or, consider GoogLeNet’s ability to diagnose skin cancer with the same degree of accuracy as a doctor’s in 2017.4 Artificial intelligence has had success after success, and the media has cheered on AI at every step. Someone who declared that machines are incapable of “thinking like humans” would not get much of an audience today.

        However, perhaps that’s an oversimplification of Wittgenstein’s views. He was not skeptical of the ability of machines to adequately simulate human cognitive processes. Instead, he was making an argument about the nature of technological innovation. These machines, Wittgenstein pointed out, owe their very existence to the human beings who teach them how to think. Imagining him considering today’s advances, he might have said that IBM’s supercomputer would not have beaten the world champion if several human grandmasters hadn’t supplied it with more than 700,000 games, collected in a huge database of chess openings, from which it learned the secret of their strategies. Similarly, the neural network used for medical diagnoses would never have performed so well without the million-odd images of skin cancer samples amassed in the ISIC dermoscopic archive, all produced, digitized, and enriched by hundreds of thousands of human workers.

        We cannot help but look differently at artificial intelligence in the light of Wittgenstein’s argument. According to a tenacious misconception, the intelligent machine’s cognitive capacities make it possible to dispense with human intervention altogether. Wittgenstein stresses that the machine’s autonomy is unproven. On one point, Turing would have agreed with him: artificial intelligence does not presuppose that machines have cognitive skills. A computer may, at best, “display intelligence,” but this intelligence is only the effect of the mechanically executed instructions it has been given: take a variable, assign it a value, multiply it by a coefficient, and so forth. These instructions can be defined as the “atomic tasks” that comprise a program or a computational procedure.5

        The algorithms that govern so many areas of our lives today are simply this: a series of operations performed to obtain a result. Whether we want to find the quickest route by public transport using a GPS (“calculate the starting point,” “calculate the point of arrival,” “superimpose the subway map on the shortest path between the two points,” etc.), or a soulmate on a dating platform (“take profile A,” “analyze a finite number of its characteristics,” “match them with those of profile B,” etc.), the processes involved are identical. Both require a computer to execute a sequence of instructions. At no point do we need to suppose that the algorithm attributes any meaning to them. If the artificial intelligence ushered in by Alan Turing is simply the mechanical execution of a series of tasks, then the philosophical puzzle of “a machine that thinks” is indeed solved.

        What is artificial about artificial intelligence is precisely that these tasks require no discernment, and yet, like an emergent property, they produce a semblance of intelligence.6 As such, regardless of whether we adopt Turing’s or Wittgenstein’s position, there is a flip side to the problem. Today’s society no longer requires a machine to be intelligent, that is, capable of inter-legere, in the Latin sense of “reading between the lines” (in this case, reading the lines of code constituting commands for the algorithm to execute). Instead, today’s AI has refashioned humans as machines that execute instructions mechanically and without challenging them. Inevitably, then, the scientific program of artificial intelligence involves a certain cybernetics, or art of controlling human beings and disciplining the execution of their activities.

      
      
        A Tale of Two Digital Labors

        Where do we see this cybernetics of human activity in today’s economy? The expression “digital labor” has been adopted in several fields but is understood in very different ways. From the 2010s onwards, business consultants, innovators and think tank experts have used it to mean the complete automation of work thanks to the combined advances of robotics and data analysis.

        A decade earlier, academics, activists, and policy analysts employed the expression for something quite different: for them, digital labor meant technologies that harness human workers. There is thus a political dimension to this concept; “digital labor” stands against the attempt of technology owners to conceal and demean human work. Just as Deep Blue hid the grandmasters who taught it to play chess, automation perpetuates its myth by concealing digital labor. These two approaches reproduce the original divide between Turing’s and Wittgenstein’s visions of humans’ role in AI systems. Those adhering to Turing’s view define digital labor as “fully automated,” and ultimately, they worry that AI will replace human labor. Those who question how digital labor uses human work under new technical and managerial conditions are on Wittgenstein’s side.

        The first group wishes to force or encourage humans to carry out fragmented tasks so that machines can give the impression of thinking. They reduce the value of human work to a symbolic first step. The second group questions the effects of this devaluing of human labor. Simultaneously, they highlight its crucial role in meeting the growing need to produce data, and to carry out information management tasks.

        In my research, I employ “digital labor” to mean the process of turning work into tasks (taskification) and into data (datafication), at a time when artificial intelligence and machine learning are integral to our economies and lives. As a set of practices, digital labor lies at the intersection between nonstandard forms of employment, freelancing, micropaid piecework, professionalized amateur activities, monetized leisure, and visible data production. I will explore how these disparate phenomena are connected and the impact of these technologies on human occupations.

      
      
        The Fear of “The Other Great Replacement”

        US Conservatives have consistently accused Big Tech of political bias, and now they worry about AI having a “woke” bias. For these ideologues, technology is synonymous with inclusivity and diversity, which makes it frightening. In other parts of the world, right-wing politicians worry about AI’s impact on jobs. Far-right member of the European Parliament Jordan Bardella made headlines in 2023 when he claimed machines would replace humans. According to him, rather than migrants taking jobs, another type of “great replacement” was allegedly imminent.7 The concept of “great replacement,” popularized by French conspiracy theorist Renaud Camus, illustrates the hostility and fear of the most backward parts of our society toward migrants and people of diverse ethnicities. For them, the fear of changing demographics in the workforce and the fear of changing modes of production overlap. Although contemporary discourse is infused with fascist undertones, technological apprehension is not new.

        The impact of technical devices on society has been a fear since the very dawn of our civilization. As early as the third century BCE, the Latin poet Ennius succinctly expressed this huge existential anxiety: “The machine is an immense threat [machina multa minax].”8 The hexameter continues: “[The machine] poses the greatest of dangers to the city [minitur maxima muris].” It matters little that, for this poet, the technology in question was a weapon of war, the Trojan horse, and that the threatened polity was the actual city of Troy.

        Archaic anxieties return, when machines threaten to disrupt the way we work. The fantasy of the destruction of human labor, of the “great replacement of humans by machines,” is centuries old. The classical thinkers of industrialism analyzed this phenomenon. Among them was the English essayist Thomas Mortimer, who, in his Lectures on the Elements of Commerce, published in 1801, described two categories of machines: one “to shorten, or facilitate the labor of mankind,” and another whose object is “almost totally to exclude the labor of the human race.”9 Despite his optimistic “almost totally,” the author argues that all social good and judicious public policy should oppose the second type of technology.

        David Ricardo, in the third edition of his Principles of Political Economy and Taxation, published in 1821, devotes chapter 31 (“On Machinery”) to this issue. He insists that the use of mechanical solutions is purely instrumental, and not an inevitable fate. It results from the “temptation to employ machinery” that inhabits the capitalists seeking to achieve productivity gains by reducing labor costs. Automation is only one of the options available to them: they can equally replace workers by low-cost labor (obtained through “foreign trade”), or even harness the strength of animals.10 Automation is only one option, among many, for the factory owners.

        Andrew Ure, his contemporary, took this reasoning to extremes in his Philosophy of Manufacturers (1835), adding to the list of possible solutions “the substitution of women and children for men’s work.”11 Although, according to Ure, machines aim to “supersede human labor altogether,” the ultimate goal of those who use them is not the destruction of labor, but the reduction of its costs. Even when it isn’t used, the mere threat of automation can lower costs; its invocation pressures workers, disciplines them, threatens their jobs and lowers wages. Every worker lives under the impression of being, potentially, superfluous.

        Hence, for capitalists, automation is not just a technical solution to a technical issue. It is also a method of squashing labor conflicts. “The most perfect factory,” as Ure says, can “do without the work of human hands.” But mentioning this potential expendability is merely a way of controlling the work of those very human hands.

        Children, foreign labor, and even animals are all equivalents, almost synonyms, of the machine. Given this ontological confusion, technology can only be defined by negation: automation is everything that “the work of human hands” is not. While confirming this definition, my goal in this book is to show that the current transformation doesn’t represent the replacement of humans by machines; rather, the change is from the work of human hands to the work of human fingers—to digital labor.

      
      
        Marooned from the Information Society

        While in the nineteenth century the authors of classical economics predicted workers could be replaced by machines, by the late twentieth century this belief had become a radical prophecy of the end of work, shared by both doomsayers and technologists. Sociologist Daniel Bell’s alarming prediction of the decline of manual jobs in post-industrial societies,12 and the warm reception given by some government advisers who predicted a decrease in clerical work due to the advent of “telematics”13 set the stage for futurist Jeremy Rifkin to argue that information and communication technologies would result in a jobless world, uprooting our work-based societies.

        Such deterministic views have been criticized both empirically and theoretically. Philosophers have argued that the value of work remains a core tenet of our culture.14 Economists have maintained that computing technologies will not necessarily result in an overall reduction of employment.15 There are several factors that can influence how automation turns out. Task interdependence is one of them. The overall demand for labor will increase if a task, having been automated, depends on another that cannot be. Demand elasticity, the tendency to fluctuate in response to changes in prices, also plays a role. If demand is elastic, introducing automation decreases prices and increases production, and labor may grow as a result. In the early twentieth century, technology reduced the price of air travel, resulting in more people working in that sector. Twenty-first-century machine learning may very well lower the price of automated solutions, resulting in more spending and more work in this sector.16

        In light of these contributions, and in order to measure the impact of information and communication technologies on contemporary developments in work, it is essential to examine the changing and asymmetrical relationships between workers and managers.

        Manuel Castells’s trilogy on the networked society in the information age, published at the end of the 1990s, offers perhaps the most incisive comments on automation. With the rise of economic growth models founded on information, jobs have become more flexible and fragmented. Consequently, labor markets are polarized between informed decision-makers who can “manipulate symbols,” and “a disposable labor force that can be automated and/or hired/fired/offshored, depending upon market demand and labor costs.”17 Rather than ending work, automation fractures, segments, and ultimately dissolves it as a cohesive social force.18

        The idea of a workforce split between hyperspecialized and irreplaceable jobs, and “weak” jobs undertaken by those that history has left behind has been gaining traction among economists.19 It is true that this scenario has changed significantly over the past few years. COVID-19 has fundamentally changed companies’ views of what constitutes an essential and indispensable job, emphasizing menial or manual work.20 GPT-powered software is also accompanied by predictions that 80 percent of jobs could get “exposed” to changes, especially for people with bachelor’s, master’s, and professional degrees.21 Historically, low-skilled or “lousy jobs” were characterized as repetitive activities that followed simple rules. Now that big data and artificial intelligence are supposedly capable of reproducing complex cognitive processes, creative professions with a strong intellectual and relational component are, according to this dystopian prophecy, at risk of being replaced by technology.

        The “Oxford Paper” by economist Carl Benedikt Frey and computer scientist Michael Osborne, which has been at the center of intense international controversy since its first publication in 2013, is typical of this approach. The fifty-page report (not including appendices), focusing on the United States, sought to measure the number of jobs, both manual and cognitive, destroyed by machines.22 Manufacturing, transport, trade, services, agribusiness, health, and other sectors were covered. The authors estimated the likelihood of robots or software replacing humans according to the degree of repetitiveness of the tasks involved and the level of automation already in place. The results were unambiguous: 47 percent of jobs, they claimed, were highly likely to disappear due to the wave of technological innovation based on machine learning and mobile robotics.

        Other scholars have used Frey and Osborne’s data, replicating, updating, or transposing their results to other contexts. These new estimates severely undermine the Oxford researchers’ conclusions. The methods that they used to assess the supposed disappearance of work have also attracted much criticism, due to their limitations and biases, both conceptual and statistical. Using a reductionist “task-based approach,” they argued that, if a certain percentage of job-tasks becomes automated, whole occupations will be eliminated. Moreover, the authors only examine a subsample of 10 percent of existing jobs. They do not seem to consider the possibility that the effects of displacement may be mitigated by the creation of new occupations, ones that do not yet exist or whose content has been reconfigured by technological innovation. This opens the door to the easy criticism that a growing demand for highly qualified roles such as machine learning specialists, automation experts, and human-machine interaction designers, as well as the constant new training of workers, could counter job displacement.

        Following the “Oxford Paper,” several Future of Jobs reports put out by the World Economic Forum have pointed out that technology adoption doesn’t necessarily result in job losses. Employment growth and decline are driven by macroeconomic trends, as well as exogenous shocks like health crises, geopolitical instability, and environmental changes.23 According to the business leaders gathered in Davos, several dozen million jobs will be lost globally, but they will be compensated for by the creation of 133 million new jobs.24

        A more damaging criticism is how the Oxford researchers conceive of automation. Adopting automated solutions appears to be “frictionless”—with an easy low-cost switch from humans to machines. This is when a significant gap between the early theorists of innovation in the workplace and their late epigones becomes apparent. Ricardo, Ure, and their disciples never overlooked the inevitable labor negotiations resulting from automation. Osborne, Frey, and others didn’t share this caution.

      
      
        Robots or Workers?

        AI experts applaud the prospect of a world without jobs. In 2020, 500 of them agreed that there’s a 50 percent probability that automation will replace 90 percent of human labor within a fifteen-year timeframe.25 In fact, the survey participants were recruited at conferences on AGI, a field of research that aims to develop autonomous systems that can perform human-level tasks. The accuracy and objectivity of this forecast may thus be skewed by respondents with an interest in promoting AI’s capabilities.

        In addition, expert predictions about AI have a bad track record.26 The issue is labor productivity, which is defined as output per hour of work. It should increase as a result of technological advances in production. In reality, automation and AI are more like a version of Solow’s paradox. The famous economist noted that “one can see the computer age everywhere but in the productivity statistics.” Today’s version of his observation would be that one can see automation affecting work everywhere—except in labor productivity statistics.

        Already in 2017, the US Bureau of Labor Statistics warned that, in contrast to the previous decade, automation had increased only very slowly.27 Productivity gains that measure the impact on workers of the introduction of automated processes have averaged less than 1 percent in the nonagricultural sector and in manufacturing.28 By the end of the decade, concern had turned to pessimism. US labor productivity has undergone a noticeable slowdown, and many economic observers are wondering what caused it.29 This stagnation is not restricted to the American continent; some northern countries have also had very slow or negative growth in productivity. Over the past two decades, productivity growth has declined globally, and for some G7 countries it’s even been negative.30 “This is equivalent,” Dean Baker, the Director of the Center for Economic and Policy Research, quipped “to workers replacing robots: a situation where it takes more workers to produce the same amount of output.”31

        The facts contradict the proponents of the theory of the “great replacement” through automation. This is particularly visible in the robotics sector. A survey of seventeen countries between 1993 and 2007 found no significant effects of multifunctional industrial robots on overall employment in terms of total hours worked.32 Studies on industry sectors financed by robotics companies tried to reassure a worried public. The International Federation of Robotics unequivocally emphasizes the positive impact of industrial robots on employment. Even if the labor force in one sector is shrinking, this is balanced by gains in other job types, thus leading to more jobs created worldwide thanks to these technologies.33

        Still not convinced that automation doesn’t end human work? Let’s compare levels of automation and the unemployment rates of different G20 countries. The countries with the highest automation display lower unemployment rates. South Korea has 1,000 robots per 10,000 employees, and only 2.8 percent of its workforce is unemployed. Japan’s robot density is comparable to Germany’s (399 and 397 out of 10,000 workers, respectively) and their unemployment rates are both 2.9 percent. China and the US lag far behind when it comes to robot density and have higher unemployment rates (China’s reached 5.2 percent in 2023).34

        Whereas the robotics sector may provide a plausible approximation of automation levels in our economies, estimations of the ratio of employees to robots, correlated with the unemployment rate, give only rough indicators. Yet, robotization is not simply a matter of hardware and factories, nor is work only formal employment. Therefore, a simple correlation between these two variables cannot fully explain the phenomenon.

        Popular imagination still conjures images of robots as humanlike automatons. However, in the broader context of today’s technological innovation, “robot” (especially when the term is abbreviated to “bot”) refers to software that interacts with humans. Although manufacturing robots are designed primarily to replace workers, they are also increasingly incorporating data-intensive features like algorithms, sensors, and voice assistants. Core academic literature on automation indicates that these solutions, which involve data, are intended to augment rather than replace human workers.35 The fact that this substitution is not taking place thus has nothing surprising about it. Today’s robots have nothing to do with the nineteenth-century automatons that anthropologist André Leroi-Gourhan described as “machines without a nervous system of their own.”36 Today, devices that sort information, compute routes, reply to chats, make purchases, etc., are robots too. It is neither their strength nor their material endurance (their hardware aspect) but their ability to execute complex informational processes (their software aspect) that define them in an industrial context.

        So, despite the current wave of automation, work still seems to hold its own. This is the case both culturally, considering how central it remains to the social fabric of society, and substantially, because of its dominant role in the life paths of individuals.

        This persistence reveals a new perspective. Automating parts of the tasks that constitute an occupation won’t, as Frey and Osborne predicted, eliminate whole jobs. Even those jobs at higher risk of automation usually contain a large number of tasks and roles that are difficult to digitize. A twenty-one-country comparative study from the Organisation for Economic Co-operation and Development (OECD), carried out a few years after the Oxford Paper, shows that the automation potential of today’s occupations has been greatly overestimated. While automation may significantly transform 50 percent of tasks, the introduction of artificial intelligence is likely to destroy only 9 percent of jobs.37

        The Oxford Paper’s ominous portents are not representative of reality. David Autor, a professor of economics at MIT, explains why human labor’s obsolescence is so difficult to prove. Over the past two centuries, the job-to-population ratio has kept growing, and unemployment hasn’t grown in a visible and stable way. Yet with each technological innovation the same anxieties return, and with them the same argument that “this time it is different.” Today’s version of this claim is that, due to the so-called disruptive digital technologies, the social order founded on work has broken away from its past. However, Autor argues, this perspective ignores the obvious complementarities between human work and automated processes. Although the dialectic between automation and work is fraught with tensions, it has led to a rise in the demand for human labor.38

        One example of this complementarity can be found in banking, where the introduction of automatic teller machines (ATMs) from 1980 to 2010 led to the reskilling of certain categories of staff and not to the destruction of their jobs. In the United States alone, ATMs increased from 100,000 to 400,000 between the end of the twentieth century and 2010. Yet the number of clerks behind the counter remained stable, and even increased slightly from 500,000 to 550,000. The ubiquitous presence of ATMs did not put cashiers out of work because the sector’s economic expansion stabilized the job numbers. The presence of ATMs enabled branches to function with fewer employees. However, this gave rise to an increase of 43 percent in the number of branches since 1990.39

        In terms of quantitative demand for human labor, the banking sector saw little change. Qualitatively, however, the effects of automation were immense. It changed the content and even the nature of the work. The tasks of counting and handing out money, now automated, disappeared from the cashier’s job description, while other duties became key, such as customer relations, assistance, and advice focused on selling investments, shares, and financial products.

        This is why David Autor calls for a whole change of perspective, and for abandoning the idea that jobs are threatened with extinction, simply waiting for the death blow to come from the tiniest technological change. The focus should be on the activities that workers perform daily, which may be automated in parts, but not completely nor at the same time. Work itself does not disappear.

      
      
        Replacement or Transfer?

        The impact of automation on work cannot be simply described as the replacement of human workers with artificial entities like bots or intelligent systems. Instead, it involves the digitization of human tasks, which fundamentally transforms the nature of work by pushing two long-term trends to their extremes: the standardization and the outsourcing of tasks. By breaking down productive actions into standardized sequences, these tasks become compatible with digital processes. This phenomenon was observed during the Taylorist mechanization in the twentieth century, and it continues with the new Taylorism of digital platforms and smart technologies. What sets information technologies apart from their industrial predecessors is their spatial dimension. Today, production and automation can take place anywhere, extending beyond the confines of traditional company boundaries. In a sense, it occurs in multiple “elsewheres” by breaking down tasks into numerous uniform components.

        To illustrate this point, let’s return to the example of ATMs. The digital standardization of certain tasks does not necessarily impact employees directly. Instead, it is the users, consumers, and clients who interact with these machines. They are the ones performing transactions and handling bills, not the clerks. The same principle applies to other self-service technologies, such as airport check-in kiosks or self-service checkouts in supermarkets.40

        To clarify, let me say this: automation technologies do not replace work, but rather transfer it, delegating a growing number of productive tasks to nonworkers (or workers who are not recognized and are not paid as such). The notion emerging here is that of “consumer work,” a concept which will be pivotal in the rest of this book.41 A corporate entity’s relationship with its user is a work relationship, mediated by digital technologies with a view to producing a good or a service. This is what some authors, such as Ursula Huws, call the “unpaid labor of ‘consumption work.’”42

        By focusing on the work mediated by digital platforms, we can get away from an employment-centered approach and acknowledge the great variety of workers beyond the workplace. This connects with the unrecognized, but no less necessary, contribution made by human collectives whose access to the labor market was already difficult in the world inherited from the first Industrial Revolution—minorities, marginalized groups, and women. Consumer labor finds an echo in domestic work, for example. Both are ways for firms to exploit to the full the economic dependence of the human ecosystems that revolve around—and not within—the proverbial workplace.

        Of course, “consumer labor” and “domestic labor” do not exhaust the notions that can be leveraged to describe the gamut of human productive activities in the digital age. Informal labor has a significant presence in this work. Moreover, many value-creating processes are also hidden in back offices, or miniaturized and reduced to microwork. In yet other contexts, they are made invisible, by having tasks relocated, and performed by contingent workers on the other side of the globe. And, often enough, the very nature of the activity is often denied, as it is treated not as work but as a game, a form of free participation, a means of self-realization, and so forth.

      
      
        Automation or Digitization?

        Digital labor is not “dead labor.” In Marxist terminology, this expression refers to industrial machinery that crystallizes human labor.

        Moreover, digital labor does not spell “the death of labor.” Neoliberal orthodoxy associates this formula with the prophecy of complete automation of human activities.

        Rather, digital labor involves outsourced and standardized productive tasks, and a reorganization of the relation between the inside and the outside of the firm, such that the proportion of value produced on the inside decreases while it increases on the outside.

        However, the focus on automation should not blind us to the real issue at stake, that of digitized—or, for short, digital—labor. As discussed, I purposefully use “digital” to encompass multiple meanings, including its association with “digit,” the figure, and “digitus,” the finger in Latin. “Digital labor” underscores the physical activity, the movement of this finger used to count, point, click, or press the button, in opposition to the immobility of the abstract figure. By using the term digital labor, we counter the idea that digital technology is exclusively the domain of experts and specialists “of the figures.” Last, it obliges us not to overlook the people who carry out the humble, ordinary, and basic tasks that underpin today’s value production chains.

        Additionally, is there a reason for emphasizing “labor” over “work”? The specificity of “labor” can be appreciated by looking at the history of the words employed to describe human activity. While the term “work,” which finds its root in the Proto-Indo-European word wergom and in the Greek ergon, defines the relationship with the physical world, the term “labor” emphasizes the social dimension of human occupations. Due to this, its meaning is similar to terms that express subordination or dependence in other languages, such as the German term Arbeit and the Russian rabota (meaning both “slave” and “robot”). When, the individual’s activity is no longer only a relation to the world of nature and need, it reveals itself as essentially a social relation: this is “labor.”43

        The intersubjective dimension of human occupations is a big part of what it means to live in a society. This is all the more true when the modifier “digital” is added to emphasize the technological aspects of these activities.

        Sociologist Alexandra Bidet and legal scholar Jérôme Porta, for example, point out that

        
          digital labor puts the very idea of work under strain. Activities that are inseparable from the digital, such as administering one’s Facebook account, creating a playlist, liking content, etc., are activities that produce wealth, but not income. The user–consumer is part of the value chain and is subjected to certain constraints [. . .]. Beyond the question of income and the equitable distribution of the value generated, the way activities carried out in the context of a wage relation are transferred (for example, when the consumer who purchases a ticket then prints it out) reveals how fragile are the conventions by which we qualify an activity as work.44

        

        The concept of “digital labor” helps us to understand the technical side of human activity. We don’t just think of technology as something external to society, but as something that encompasses all the material processes by which individuals operate and live in the public sphere. Insofar as work is part of a triangle whose other sides are technical mediations and social structures, it is hardly surprising that digital sociability and digital labor are interrelated. Technology has penetrated our private lives over the last few decades to such an extent that it can hardly be detached from the individual. Work mirrors these features, becoming less visible, and less linked to the expression of mechanical force.

        Contemporary studies treat this transformation as though technology came only from the outside, destroying the equilibrium of life in society. The concept of digital labor, however, negates the opposition between inside and outside, since the technical environment in which work is performed must always be considered. There can be no work without a tool, as we have learned from prominent philosophers like Gilbert Simondon and anthropologists like André Leroi-Gourhan.45

        Work needs an economic context too. So our analysis cannot stop at the invisible work of today’s consumer. We must also include the phenomena of informal and occasional work, zero-hour contracts, and even those traditional forms of subcontracting that have hugely increased, and whose logic has prospered, under the influence of intelligent machines and algorithms. The objective of this book is to map both waged and unwaged digital labor to detect other trends accelerated by it, like job insecurity and poor working conditions.

        Digital labor cannot be simply defined as “free work,” as it delineates a continuum between unpaid, underpaid, and flexible activities. Since it is not merely about consumption either, digital labor does not represent a perspective that is entirely alien to work. It’s actually a way to acknowledge the growing dependence of modern productive structures on technology that bridges work and life.

        Over the past few decades, a community of digital labor scholars have made these points. My contribution takes a more general approach and shows how these tendencies are not only the result of technological processes, but also deeply rooted in the changing nature of work today. I emphasize change—diversification and fragmentation—over disappearance.

      
      
        Jobs or Tasks?

        To explore the boundaries between work and nonwork, we must also change our focus from jobs to tasks, as mentioned above. This does not mean simply that economists and market regulators would do well to change the conceptual categories of their analyses. It means, much more concretely, that modes of production are progressively shifting toward task-based occupations. Anthropologist and media scholar Mary Gray explained in 2016 that the shift to tasks was the cornerstone of digital labor. Fragmentation, outsourcing, and insecure jobs are inseparable: “Corporations, from the smallest startups to the largest firms, can now ‘taskify’ everything from scheduling meetings and debugging websites. [. . .] Forget the rise of robots and the distant threat of automation. The immediate issue is the uberizing of human labor, the fragmenting of jobs into outsourced tasks, and the dismantling of wages into micropayments.”46

        Continuing to focus on jobs while ignoring this task-centered approach to productivity is problematic for two reasons.

        The first is the difficulty of thinking about “unworked” hours. How do we define working time when we deal with worker–consumers, online amateurs, people volunteering content and data, on-demand paid and unpaid microworkers?

        The prism of contract-based formal employment located in an office or a factory is ill-suited to comprehending the work of individuals and human collectives that are theoretically autonomous, but who are in fact linked to productive infrastructures.

        The second problem is that most analyses based on jobs have an overly narrow national framework, which compromises their impact, especially since value production today depends predominantly on global networks. The use of outsourcing to cut costs or optimize a company’s manufacturing and real estate portfolio is no longer limited to multinational companies. From the biggest to the smallest firm, globalized supply chains link together suppliers and purchasers in cascading networks.

        Continuing to ignore the rise of taskification leads us to relegate what are actually human productive acts to the realm of nonwork. It is because work is fragmented and defies the categories typically leveraged to analyze it that contemporary commentators are so quick to declare that work is no more: they no longer recognize it when they see it. Sure, analyzing nonstandard and unstable work is a complex endeavor, much like establishing links between global influencers’ monetization strategies and people in low-income countries who toil for pennies on their smartphones. But ignoring these connections can have serious consequences. Not only do we fail to discern developments in work, but we also imagine that the enormous quantities of digital labor outsourced to human communities, locally and globally, is performed “by machines.” In this respect, automation is above all a spectacle, a strategy for diverting our attention from managerial decisions aimed at reducing the relative share of wages (and more generally of payment for human factors of production) compared to rewards for shareholders and investors.

      
      
        The Hidden Strings of Automation

        One way to understand how intelligent automation in recent years has resulted in outsourcing and taskification is to look at consumer services featuring AI solutions. From the simplest TikTok image filter to the most intricate recommendation algorithm for streaming services, these products use machine learning methods to reach a mass audience through applications, devices, and web interfaces. In contrast to business-oriented solutions, they do not try to champion artificial intelligence as a “super brain” for human-level decision-making. Instead, they promise a weak artificial intelligence, which is used in applications that help consumers manage information (like sorting songs on an online music service), that improve content (such as autocorrecting text on a smartphone), or that suggest routes (such as using a GPS for directions). Other examples include Tesla’s Full Self-Driving system, which claims to automate driving on predetermined roads, slowing down if the safety distance between vehicles is not respected, and so forth. Or the voice recognition software of Apple’s Siri and Amazon’s Alexa, both touted as solutions to help kids with homework or parents to order groceries. These conversational technologies are generically known as “voice assistants,” and they are found in smartphones and home robotics.

        Human input is a major component of all artificial intelligence tools, regardless of their sophistication. Machines do not replace human beings—they assist them. Even if they help decision-making in areas as disparate as care, leisure or administrative tasks, they cannot undertake an action without involving the user, beforehand or afterward. An intelligent system must be configured and calibrated before it can function and often, after producing a result, it will be the user who verifies the quality of the results. Consider ChatGPT, and how users need to “prime” it before using it optimally, and then evaluate its performance. Priming involves supplying relevant context (for example: “you are a sci-fi writer and your assignment is to draft the plot of a space saga. Here is a 500-word sample that displays the style of the text you must emulate . . .”) and instructions to shape the chatbot’s responses, tailoring them to the user’s needs. Once ChatGPT provides output, users can give feedback using the thumbs-down button in the interface. The AI uses this information as part of its learning process.

        Chatbots can generate, locate, classify, and present information, but humans make the final choice as to whether that information conforms to their expectations. The same goes for voice assistants, that receive help to humans, as well as providing it. Some companies make no secret of this, and even integrate this human element into their sales pitch. For a number of years, the US firm Nuance Communications mentioned “human-assisted virtual agents” (HAVA) in its communication.47 In the context of after-sales support, for instance, human workers and IT devices work in tandem to deal with customer inquiries. Between 2015 and 2018, Facebook’s marketing strategy for its short-lived “M” chatbot was, in mimicking Nuance’s HAVA, to tout the chatbot’s “human-powered qualities.” This experimental service sent unsolicited but personalized suggestions to subscribers, based on users’ conversations and interactions. The service offered to book a cab, make an appointment, or even answer complex questions—through a combination of AI models and human support.48

        This human involvement is required for both technical and commercial reasons. Artificial intelligence is largely based on automated learning that relies on human “supervision” and “reinforcement.” That is, machines learn to interpret information and to perform actions by engaging with their users. The term “AI training” is often used in tech jargon to describe an adjustment period for software programs. In fact, the machine never stops learning; reinforcement is a process that involves extending training in order to help prevent economic and human catastrophes.49 Sometimes, after machines have been trained, humans still contribute to perfecting and improving them. They do so by correcting errors and biases, thus creating a “reward system” for the AI model.

        Of course, an artificial intelligence solution that tries to guess your musical tastes will be appraised less harshly than an artificial intelligence device used in legal decisions, medical diagnoses, million-dollar investments, or the delivery of raw materials to remote corners of the planet. The need for human input does not lessen as more and more areas of society come to rely on intelligent systems. On the contrary, the complementarities between humans and intelligent systems become even more essential.

        The rhetoric of all-powerful intelligent systems is at odds with what tech companies actually produce and market. While transhumanist theorist and Google Chief Engineer Ray Kurzweil waxed poetic on how “strong” artificial intelligence could outperform biological systems,50 his employer focused on mass-producing “weak” or “narrow” AI. The fantasy of AGI is still present, but it conflicts with the only artificial intelligence that is currently possible, and it is limited and inefficient in the absence of human intervention.

        So, again, society’s focus should no longer be on the expert computer scientist who designs “general” AI systems or the computing engineers who set them up, but on the hundreds of millions of hired hands who, on a daily basis, pull the strings of puppet automatons. By performing this menial and imperceptible work, we humans become the trainers, stooges, and the maintenance staff of these “weakly intelligent” machines. Given the complexity, the range, and the diversity of the digital tasks required to train AI systems, digital labor can no longer be ignored as an object of study. Moreover, suggesting that artificial intelligence has not yet reached full automation increases the probability that it never will.

        Artificial intelligence devices can be enabled, trained, and sometimes even impersonated by humans. In later chapters, you will meet the people working behind the scenes to help artificial intelligences. Where are they located? What is their employment history? Under what conditions do they work? How are they paid? Where are they recruited?

        All these questions establish a connection between automation and digital labor, because they assume there are markets where that relationship can be negotiated. In fact, only occasionally does money play a role in this negotiation. The tasks that allow artificial intelligence to exist and function are posted and auctioned on dedicated subcontracting (or microsubcontracting) websites. Other times, there is no remuneration involved, as, for example, when humans participate in artificial intelligence in exchange for other economic goods (such as vouchers, an exchange of services) or for altogether noneconomic incentives, such as pleasure, recognition, and play.

      
      
        Fully Automated “Little Hunchbacks”

        If robots are operated by humans, if artificial intelligence devices are not so artificial after all, if machines are always driven by living labor, then the ontological status of these entities may arouse our radical suspicion. Might the automation that investors desire and that technophobes fear be essentially human labor made invisible? Research into digital labor shows the key role of human agents in software analysis, the individuals who produce and sort the data collected by and on platforms, and the massive presence of hidden “helpers” who work in tandem with the IT devices.

        The figure that best illustrates how humans are placed at the center of technological devices is the Mechanical Turk, my focus in chapter 4. Half a century before Amazon named one of its best-known marketplaces for digital labor after it, Walter Benjamin described this invention in the first of his Theses on the Philosophy of History: “The story is told of an automaton constructed in such a way that it could play a winning game of chess, answering each move of an opponent with a countermove. A puppet in Turkish attire and with a hookah in its mouth sat before a chessboard placed on a large table. A system of mirrors created the illusion that this table was transparent from all sides. Actually, a little hunchback who was an expert chess player sat inside and guided the puppet’s hand by means of strings.”51

        The rest of this text is well known: the Mechanical Turk is in fact a philosophical metaphor. Benjamin compares this fascinating but fraudulent device to historical materialism, a doctrine that always seems to win against any opponent, but which hides within it the “wizened dwarf” of theology—to him, a crude and unattractive form of metaphysics. To explain the immanent conditions of human societies, Benjamin seems to say, sooner or later one has to appeal to the transcendental.

        But in the context of automation in the digital age, it is possible to turn the metaphor on its head: It is materialism, intended here as the attention given to the material conditions of existence of the producers of value, that is impaired, reduced to the role of a being too small to be seen or heard, locked away by an abstract belief in a truly artificial intelligence, in the theology of machine learning.

        For a myriad of bucklige Zwerge, “humpbacked dwarfs” are hiding behind the ubiquitous bots, the infallible algorithms, and the all-powerful “neural” networks. The theoretical sleight of hand that consists in focusing on robotization, algorithms, and on “smart” solutions, perpetuates this technological imposture. Appropriating Benjamin’s ableist analogy to better disarm it, we can use it to highlight how often AI models are operated by human labor.

        When one looks at the digital through the lens of materialism, one is bound to see how work changes in its technical materiality—that it is underpinned by a computational infrastructure—in relation to economic incentives and adjustments in production that concentrate value in fewer hands. The fantasy of automation distracts public opinion from more direct threats, like corporate entities monopolizing assets and rare resources to protect their baselines.

        Whether they present themselves as harbingers of the new disruptive economy as opposed to the comforts of old industrial capitalism, or as well-meaning multinationals, today’s major digital platforms are involved in constituting an oligopolistic market. These productive oligopolies come into being when companies from different sectors converge. Mergers and acquisitions of independent corporate entities lead to economic concentration. In digital markets, rivalries alternate with cartel-like agreements, creating a situation of “coopetition.”52

        Today, internet multinationals are synonymous with economic hegemony on a global scale in the form of platforms. They are also emblematic of a style of workforce management characterized by the move to outsource, and to divide jobs up into tasks. To fully exploit the possibilities offered by globalization and production standardization, oligopolistic actors have set up long chains of subcontractors for both logistic and cognitive tasks. Outsourcing certain business processes related to how a social media application like YouTube is run and moderated is not essentially different from Apple’s decision to offshore the manufacture of its electronic components to China. Likewise, secret agreements between big tech companies to cap salaries, or synchronized layoffs of white-collar employees across several companies,53 are not just symptoms of collusion. Importantly, they are a mirror of the insecure and degraded employment status of the underpaid blue-collar workers or “volunteers” of their platforms.

      
      
        Putting Off Automation

        These are the strategies that digital oligopolies employ to capture the value produced by their users and by a multitude of nonmarket stakeholders. The inversion between formally recognized work and unpaid work done outside of the workplace is key to platform profitability. Digital platforms providing not jobs but tasks for workers, who get labeled as subcontractors and freelancers, or even consumer–producers, amateurs, enthusiasts, and simple users. Indeed, for platforms to thrive, the classic employer–employee relationship must be actively destroyed. This is, most importantly, how platforms come to embody a new paradigm of value creation.

        Two principles are in play here. The first is that a platform is not reducible to a company. It is, above all, a coordination mechanism between certain actors (suppliers and customers, creators and audience, delivery workers and restaurants, etc.). Its model transcends commodity markets or the allocation of resources by a central authority. The second principle follows from the first: When platforms organize the supply and demand of workers, they propose all sorts of economic and symbolic incentives, such as salaries, fees, rewards, piecework payments, badges, points, stats, etc.

        By doing so, they refashion certain institutions inherited from the modern industrial age, not just employment, subordination, and social security. These digital oligopolies are managing the labor force and the outside workers in such a way that automation—replacing human labor with software sequences—simply becomes a tool for disciplining work. It is for this reason that full automation is never completed, always delayed.

        Humans and machines are highly interdependent, so the degree to which a process is automated isn’t determined by the number of robots replacing people, but by the number of digital intermediaries or platforms that taskify and outsource work to people at each step. A maximum number of machines interact continuously with a maximum number of humans, who in turn communicate with each other. As sociologist François Vatin says, there is “some naivety in thinking that employers have as their main objective a wholly mechanized workforce. [. . .] Although always pursued, and always almost attained, this ‘production without humans’ nevertheless remains a fantasy, because humans always reappear somewhere.”54 Why is this accomplishment always deferred? In order to continue brandishing the threat of the “great technological replacement” before the workers. Automation is the stick used to discipline the labor force. And, ultimately, the carrot to attract investors.

        From this point of view, debates have made little progress since 1970, when autonomist philosopher Franco “Bifo” Berardi argued that the major theoretical and empirical stumbling blocks in labor studies result from viewing technology as a way to increase productivity instead of as a symptom of political subjugation of labor. “Reducing the socially necessary labor,” Berardi insisted, “intensifying productivity, automation [. . .]. Establishing control involves all of these factors.”55

        If these analyses still seem relevant now, it is because today’s platform capitalism makes abundant use of the same old ruse used by factory owners in the past. Technology is stripped of its social dimension so that it appears to be a necessary step on an endless journey toward a vaguely defined progress. This is done to hide tensions and resistances that workers bring to production through their demands and aspirations. The technological discourse that accompanies the emergence of AI can thus be read as a method for preventing workers from organizing, and for reducing their bargaining power. Here robots are simply the convenient embodiment of the intention of platform owners to suppress opposition.
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        What’s in a Digital Platform?

      
      
        A Market–Company Hybrid

        Although digital labor is on the rise, the terms associated with it obscure its nature. Fashionable expressions such as “disruptive technology”1 or “uberization”2 compete with “digital transition,” “AI revolution,” or “transformation.”3 Germany and the countries of Southern Europe are particularly fond of “Industry 4.0.”4 Those in urban planning and banking circles prefer to speak of “smart technologies” and “digital disruption.”5

        In this lexical profusion, the notion of “platformization” has an advantage. Nick Srnicek gives the following definition in his book Platform Capitalism: A platform is a digital infrastructure that connects at least two groups of individuals.6 Srnicek differentiates advertiser platforms (such as Google Ads), which trade in the information provided by users; industrial platforms (such as Siemens Digital Industries Software), which specialize in life cycle management of electronic products; product platforms (such as Spotify), which commercialize access to goods or content; “lean” platforms (like Uber or Airbnb), which do not own their assets, such as cars or real estate; and “cloud” platforms (such as Amazon Web Services), which host third-party content and data.

        Based on this initial classification, we can describe platforms as follows: They are multisided systems that use algorithmic coordination to connect different groups of users, who collectively create value. Even though they operate as businesses, they function like marketplaces in how they distribute the value that their users generate.7

        Digital platforms are primarily characterized by being a specific type of multisided mechanism. Researchers view contemporary digital infrastructures as multisided platforms, following Nobel Prize in Economics winner Jean Tirole’s pioneering work on intermediation services like credit cards and free media financed by advertising (called two-sided markets).8 Free daily newspapers, for example, have two types of customers: advertisers who pay a fee to feature their ads in the newspaper and customers who enjoy these services without any cost. YouTube is an example of a platform that operates in the same way but has several categories of users: advertisers who pay, viewers who have free access, and creators who receive compensation for their platform use.

        A second characteristic of platforms is that they rely heavily on users’ personal data to support these coordination mechanisms. This is referred to as algorithmic matching between different categories of users. For example, Google Marketing Platform is an ad service that specializes in behavioral targeting (personalized advertising based on browsing behavior). It relies on collecting data from internet users on a vast scale, and transmitting it to real-time bidding platforms, which in turn sell each click to the advertisers who pay the highest price.

        A third characteristic of platforms is that they capture the value created by their users. The vast amounts of data needed to run a search engine such as Bing, to price goods exchanged on the Etsy shopping platform, and to earn money on Instagram as an influencer, are gleaned from the ecosystem users built. Platforms thus blur the boundaries between inside and outside the firm. They juggle complex trade-offs between open access to information and proprietary enclosure.9 As such, they act as new forms of organization, somewhere between markets and companies. Amazon is one example among many. It is largely a traditional company: in terms of work organization, it is particularly hierarchical, and reinvests profits rather than paying dividends to its shareholders. But, at the same time, it is a marketplace, where sellers (publishers, manufacturers of consumer goods) are matched with buyers.

        The fact that platforms are market–company hybrids is particularly striking because, to return to Srnicek’s definition, platforms have emerged, historically, to compensate for a twofold failure: that of traditional capitalist firms, which are relatively bad at extracting and using data, and that of traditional markets, which seem incapable of allocating resources efficiently without generating acute crises.

        Markets tend to oscillate, and they are often affected by shocks and instability. The standard macroeconomic view holds that unregulated markets are unstable, fluctuating between expansion and unemployment, efficiency and poor resource allocation.

        Other authors argue that platform capitalism is a new phase compared to market-based economic structures, caused not by the failures of the latter, but by the very obsolescence of markets. Anthropologist Jane Guyer argues that, as the importance of the market dwindles in the experience of individuals, it is perceived less as a physical place, making it an “abstraction” unable to give meaning to the real activities of economic actors. Platforms, by contrast, have come to represent coordination mechanisms that really influence economic lives. They’re not just concrete solutions that consumers have in their own pockets and use every day. Platforms are also new ways of conceiving transactions and productive acts, in line with the current use of technology. Hence they appear as exact and neutral.

        This much seems to hold true for the goods and services exchanged on platforms, but it is even truer for work. It is impossible to understand the real impact of platforms on the people who produce value (workers, freelancers, or simple “amateurs”) if we consider that platform workers are just another form of labor like that performed by traditional workers. In fact, these value producers are both users and workers in the digital economy. In this sense, they differ greatly from workers in traditional labor markets. “Whereas a market is depicted as place, people, and commodities,” maintains Guyer, “a platform is made up of built components and applications, from which actions are performed outward into a world that is not itself depicted.”10

        So what is a platform? Its philosophical and political foundations need to be explored.

      
      
        A Political Theology

        From the mid-2000s, the term “platform” gained currency in IT milieus to describe the services that link up information, people, and goods.11 Borrowed from the field of design, “platform” came to supplant the expression “computer architecture,” being used to refer to technological structures.12 However, “architecture” was used primarily for hardware, and “platform” for software.13 While architecture always suggests the presence of a builder, platforms do not appear to have one. It is no longer implied that a designer has contributed to them.

        As such, the platform is only a base, one on which other social actors (users, companies, institutions, etc.) can build. Sociologist Tarleton Gillespie suggests three reasons why the notion of platform lends itself to instrumentalization, especially in political contexts.14 First, platforms are seen as mere intermediaries and not as instigators of social interaction and of strategic economic decisions. Yet, their supposed horizontality conceals hierarchical structures and relations of subordination that persist despite the consistent use of rhetoric describing them as “flat organizational structures.” Second, the technologies themselves eclipse human contributions. Platforms’ supposed neutrality absolves them of social responsibility and masks their impact on human communities. Third, and most importantly, the claim of these technical infrastructures to precision and autonomy underestimates the amount of work required to operate and maintain them.

        Historically, architecture used the term “platform” to describe the foundation of a building, an elevated military fortification, or the podium where an orator stands. By metonymy, the term came to represent the words of an orator, especially one who gives political speeches. Subsequently, another usage developed in the English spoken in the United States in the period between 1648 (when the Cambridge Platform was written by the puritans who settled in the Massachusetts Bay Colony) and 1831 (when the International Platform Association, the speakers’ organization founded by Daniel Webster, used the word to refer to the public discussion of a political program). In today’s political world, a platform refers to a candidate’s or a political party’s positions on various issues. As Gillespie summarizes: “The US Democratic and Republican parties could support their respective presidential candidates by publishing their party platforms. [. . .] Curiously, a term that generally implied a kind of neutrality toward use—platforms are typically flat, featureless, and open to all—in this instance specifically carries a political valence, where a position must be taken.”15

        In fact, the concept of platform has been used with religious or political connotations for several centuries. In medieval France, for example, “platte-fourme” was in use from the fifteenth century onwards to describe a flat surface.16 According to the 1582 English adaptation of Bartholomaeus Anglicus’s work, the term refers to “fertile soil” and, more generally, to a productive resource.17 A few decades later, when Sir Francis Bacon wrote his Advertisement Touching a Holy War (1622), he used the term platform figuratively, to indicate the ground on which he would build his “mix’d of Religious and Civil considerations.”18 In the seventeenth century, the Reformed Churches of England and the North American English colonies published a number of programmatic texts called platforms. Among them, the aforementioned Cambridge Platform of the Puritan Congregationalist Churches of New England (1648).19 Similar documents exist in still other places. The Savoy Declaration of 1658, for example, established both articles of faith and rules for congregational governance, devoting a whole chapter to a “platform of discipline,” which refers to the foundations of doctrine. The rules are seen as “the models and platforms of [a given] subject.”20 This latter sense, clearly in line with Bacon’s usage, may have been the basis for the very specific political inflection the term acquired when it spilled over from its context of religious government in the years between the English Civil War of 1642–1651 and the Glorious Revolution of 1688–1689.

        Thus the first clearly political use of the term “platform” to refer to a vision of society, and to the role of human beings in relation to the authorities and to each other, developed between the Establishment of the Commonwealth of England and Cromwell’s Protectorate. It appeared in an essay written in 1652 by Gerrard Winstanley, called The Law of Freedom (originally The Law of Freedom in a Platform),21 and was a founding text of the proto-communist movement of the Diggers. The political program (platform in the strict sense) drawn up in the Diggers’ text, crafted to promote a society of free individuals, was based on principles that the Diggers developed in the course of their struggles: the pooling of productive resources, the abolition of private property, and the abolition of wage labor. Despite the appeal to divine authority, and the profoundly spiritual nature of these Christian anarchism movements, the term platform had already been cut loose from its religious origins and referred to an agreement made between a number of political actors with a view to the collective negotiation of a set of common resources and prerogatives.

        The nature of this project did not escape the notice of Winstanley’s contemporary, the Cavalier Colonel Winston Churchill, ancestor of his namesake. As he suggested in his 1675 book Divi Britannici: Being a Remark Upon the Lives of All the Kings of this Isle, the revolutionaries who put Charles I to death in 1649 wished to “erect a new Model of Polity by Commons only.” To achieve this, they had “set up a new platform, that they call’d The Agreement of The People.”22 The concept, which initially described a covenant between religious bodies, evolved into an agreement between political actors.

        Based on this etymology, the twenty-first-century use of the term “platform” in digital contexts extends and distorts that of the seventeenth century. In particular, the original political principles are preserved in the logic that underlies today’s platforms: the communal regime of economic and political organization, or “polity by Commons,” envisioned by Churchill, has become “sharing” on collaborative economy platforms. The abolition of wage labor (Winstanley’s critique of the servitude of “work in hard drudgery for day wages”) has mutated into insecure jobs and the exaltation of fake self-employment, as evidenced by the many freelancers now economically bound to gig platforms.

        More interesting still, the abolition of private property (the agrarian communism advocated by the English Diggers) has been downgraded into the “opening up” of certain productive resources like data. One example can be seen in the term “platform-state,” coined by futurist Tim O’Reilly to describe both a political and economic vision for platforms. In 2011 O’Reilly used this notion to describe a “Government 2.0,” committed to radical transparency, innovation, competition, and a spirit of free enterprise. Beyond this profession of faith, however, lies the wish to impose everywhere the model of “bellwethers like Google, Amazon, eBay, Craigslist, Wikipedia, Facebook, and Twitter, [which] have learned to harness the power of their users to create added value.”23 Putting users to work and monetizing their “implicit participation” have been hallmarks of the digital economy since its inception: “First-generation web giants like Yahoo! got their start by building catalogs of the content assembled by the participatory multitudes of the net, catalogs that later grew into search engines. eBay aggregated millions of buyers and sellers into a global garage sale. Craigslist replaced newspaper classified advertising by turning it all into a self-service business, right down to the policing of inappropriate content, having users flag postings that they find offensive. Even Amazon.com, nominally an online retailer, gained competitive advantage by harnessing customers to provide reviews and ratings, as well as using their purchase patterns to make automated recommendations.”24

        Today, the concept of “digital platform” is more than just a metaphor. However, despite having deviated radically from its original meaning, the notion still carries philosophical and political weight. These implications can be better understood by comparing them with another economic paradigm—that of the firm.

      
      
        A Borderless Structure

        As we have seen, platforms can be understood as supplementing the (theoretical and practical) deficiencies of the market paradigm. The same applies to businesses and their units, namely firms. In the twentieth century, the paradigm of the firm dominated organizational models, but it became dysfunctional and dispersed. Like the market, it is going through a legitimacy crisis today. This is largely due to the unmitigated expansion of financial capital, which has disrupted the firm’s method of value creation: the joint commitment of labor and capital to economic growth, primarily through investment and innovation. Even companies in traditionally risk-averse sectors like banking began trading (and often losing) on highly volatile financial markets in order to be able to promise huge and quick gains to their shareholders.

        As a result, since the 1980s, companies have chosen to pay out dividends to shareholders instead of raising salaries or investing in production. In the United States, in the 2000s, big business spent 64 percent to 94 percent of its profits buying back its own shares to keep the stock market price artificially high and to skim off the profits, instead of investing in innovation and new technologies.25 Over the three years leading up to the 2008 subprime crisis alone, the practice of stock buybacks increased from $31 billion to $144 billion for Exxon Mobil and from $9 billion to $50 billion for Pfizer.26 Among companies in the S&P 500 index, buybacks have outpaced dividends since 2010. They have been the largest source of equities demand, reaching $923 billion in 2022.27

        As a result of these practices, firms have lost sight of their historical mission of bringing together capital investors and workers who accept a certain “government of labor.” This vision of value production, involving structured collective learning and rules of solidarity that transcend the annual distribution of financial results, has crumbled under financialization. Rather than retaining resources and investing them in new technologies, firms now opportunistically downsize and pay dividends to equity holders.28

        This new philosophy of the firm has led to long cycles of mergers, acquisitions, and optimizations, inducing a decrease of the wage share (the part of income that goes to wages), compared to the profit share. Starting in the 2000s, companies have tended to keep only high-value-added services in-house, outsourcing the rest. It is a shift that has eroded collective labor structures within firms and forced them to reorganize. While, historically, the role of the salaried employee had emerged within the firms to limit bargaining, to insure a stable workforce, and to replace contracts for hire and for services, it appears to have lost its status as a model and given way to forms of nonstandard employment (freelancers, casual workers, subcontractors, etc.).

        The logic of these transformations is epitomized in the digital labor of platforms, but the phenomenon is also a symptom of a broader trend, characteristic of the firm’s decline as a paradigm: the presence of markets and contracts within the firm. This is a sure sign that the concept of the firm has outlived its usefulness as a way to regulate employment. Even though the firm was created to limit internal competition, the market sneaks in every time a freelancer or subcontractor is hired.

        This change undermines the very “theory of the firm,” as developed by the English economist Ronald Coase. In his pioneering article of 1937, he defined the raison d’être of the firm as a form of organization through which “one can eliminate certain costs and in fact reduce the cost of production.”29 Firms exist precisely to avoid having to resort to contracts and to the “price mechanism” (the market) every time a productive resource is required. They reduce transaction costs and in so doing increase productivity. There is no need to negotiate the price of raw materials, consulting costs, or bank account fees all the time. Firms replaced market coordination (through prices) with administrative coordination through defined hierarchy and managerial authority. Regarding labor, this hierarchy was expressed in workplace subordination: the relationship among employees, supervisors, owners, etc. It represented a curtailed freedom relative to that of the external service provider or freelancer.

        In this way, companies were protected against price fluctuations, resource shortages, and information acquisition uncertainties. Moreover, they retained workers by making them salaried employees who were guaranteed an income every month.30 But it would cost money to keep employees in a state of subordination.

        The emergence of digital platforms today is in some sense the sign that the boundary between a place of hierarchy and security (the firm) and, at the opposite extreme, a place of free coordination by price (the market) has become obsolete. In this light, digital platforms have proliferated because the firm has betrayed its primary objective.

      
      
        A Coordinated Ecosystem

        As we have seen, platforms share certain features with markets and present themselves as an efficient alternative to them. They claim to be neutral and without hierarchy, given the alleged horizontality of the relations between their members. Customers and suppliers, artists and spectators, content moderators and creators are all—despite their diversity—just users of a platform. Interactions are thus reshaped on the basis of reciprocity.

        The platform’s success as a mechanism of intermediation is dependent on its technical performance, which is designed to minimize transaction costs (the costs of information searches, of contracts for each interaction, and so forth). Normally, a market operator would have to meet these costs, and historically that was the role of the firm. Platforms are gradually replacing these declining productive structures and, unlike them, they do not rely on defined hierarchies or on an instituted authority. Instead, they use the logic of algorithmic matching to record the declared or calculated preferences of each user as data, to assemble and process it, and thus to identify the other users or groups of users who would be able or willing to respond to those preferences. Personalized ads on Google pages are a classic example of this logic. When users enter terms into Google’s free search engine, its algorithm sorts and indexes all the information that is available in its corpus, by relevance. An algorithm called PageRank determines a website’s relevance based on its popularity. At the same time, another algorithm called Ad Rank uses these terms to select advertising content among another category of users, the advertisers, who pay for this service. The end result is a Google search page composed of a central column of “organic” results (websites or multimedia content that are not necessarily commercial), with blocks of advertising and sponsored links alongside.

        Algorithms play a key role in this process. This fact should not, however, lead us into an unrealistic view of what platforms do. Due to commercial and political considerations, digital companies conceal how platform algorithms are designed and how user data is processed and matched.31 This is not to say that algorithms are powerful in themselves. Far from it, for their effectiveness depends on very particular economic incentives.

        Platforms, as I mentioned at the beginning of this chapter, act as multisided infrastructures.32 Just like the two- or three-sided markets that existed before the digital economy, different economic incentives are proposed to the different categories of users with whom the platforms interact. In this, they resemble commercial television channels, where the public does not pay for entertainment or information, while advertisers pay a high price to reach their target audience. The same principle applies to certain food delivery platforms, but with a more complex system of rates and incentives: restaurants pay a commission in order to be listed and visible on the service, advertisers (supermarkets, tourism companies, etc.) pay subscriptions for their ads to appear among the offers, food customers are encouraged to sign up through discounts and vouchers, while the couriers receive piecework rates (or, more rarely, payment by the hour) for their delivery services.

        One feature that digital platforms and the two-sided markets that preceded them have in common is that the price paid for using these platforms may be positive (like in the case of the restaurant owner, who pays a sum greater than zero), zero (like in the case of the consumer who receives a discount from 1% to 100%), or negative (like in the case of the courier, who is actually paid to use the platform). Unlike traditional markets, however, where it is generally easy to distinguish between supply and demand, digital multisided structures blur the distinctions between consumers and producers of services, content, and data. As a result, it is difficult to distinguish between transactions. Are platform payments intended to serve as an incentive mechanism, or are they intended to serve as remuneration?

        Kevin Kelly, the founding editor of the magazine Wired, made this point in 2012, when he declared he would patent a system of compensation for reading e-books. The system was based on the premise that reading is work, and as such, it deserves reward. Each e-book sold would contain software that could track the reader’s progress. The data collected automatically would trigger a reward for the e-book purchasers, such that they could gain more than the price paid for the book. If the e-book cost the readers $5, they would receive $6 for reading it, thus earning $1.33 Consumers could also decide not to read the book, but then they would not be able to save or earn any money. There would therefore be a three-sided platform, with the following categories of users: the nonreading buyers who pay the market price for the book, the reading buyers who pay a “negative price” for the book (which means they are rewarded for reading it), and the publishers who use the revenue generated by sales to the former to pay the latter.

        Kevin Kelly intended for publishers to use this model to respond to the perennial “crisis of the book” by rewriting economic incentives in a playful manner. It is in fact perfectly consistent with the new economy of electronic publishing, which, on the one hand, relies on large distribution platforms making content available immediately and almost free of charge, and, on the other hand, on “curator” services (selection, editorialization, and sharing) or on social archiving services (on LibraryThing or Goodreads), where buyer–critics add value through their reviews, their book summaries, and their recommendations. Since readers provide a service that is reflected in publishers’ profits, we can understand better now why Amazon took over Goodreads. Media scholar Lisa Nakamura observes that, “Goodreads turns the reader into a worker, a content producer, and in this it extends the labor of reading and networking into the crowd. [. . .] Built on ‘play labor’—the recreational activity of sharing our labor as readers, writers, and lovers of books and inviting our friends from the social graph to come, look, buy, and share—Goodreads efficiently captures the value of our recommendations, social ties, affective networks, and collections of friends and books.”34

        On digital platforms, technical coordination (through algorithmic matching) and economic coordination (through incentives) go together with systemic coordination. This can be described as the tendency of platforms to constitute ecosystems, that is, environments comprising users and companies, which reroute the production of value and the responsibility for innovation from within parent establishments (such as IAC/InterActiveCorp, which publishes the Tinder dating application, or Alphabet Inc., the conglomerate that oversees Google), to wide networks of subsidiaries, suppliers, public infrastructures, and even independent producers—as well as the consumers of information, goods, and services.

        To function effectively, these ecosystems must be integrated, and all their component parts must be compatible. But they also essentially have to be divided up and transformed into independent units that can stand on their own.35 Platform ecosystems can provide insight into outsourcing and taskification, two trends discussed in the first chapter. The platform tends not to produce goods or services internally, instead using flexible staffing arrangements to do the work. It is similar to what several companies did at the end of the twentieth century, except in a more extreme form, expelling their stable and committed workforce to then hire contractors or temp workers via employment intermediaries.36 In today’s world, this method of value production is ubiquitous. The new twist is that platforms do not delegate outsourced work to a person or a group, but to a network of production units.

        A complex ecosystem made up of disparate individuals, communities, applications, databases, and businesses must be broken down into elements that can be translated and synchronized across them all.37 Consequently, these elements should be standardized, normalized, and simplified. This is achieved by turning them into tasks or microtasks. The tasks typically involve producing data or content, providing services, or performing an action as simple as a click or data entry, to assist artificial intelligence in its operations. This standardization and the massive enrollment of users make platforms highly effective.

        Despite a superficial similarity, the taskification demanded by platforms is different from the fragmentation of work typical of large twentieth-century companies.38 In the Fordist view, work was broken down into units of time. The result was a reduction of heterogeneity that enabled individual contributions to be integrated smoothly into a collaborative effort to create value. Due to this, individual employees would become less skilled, since each of them only dealt with a fraction of the production process. Increased bureaucratization, however, would allow the development of productive know-how within the labor force as a whole. Platforms do not have the same problem.39 Since they must constantly reinvent their business strategy, their identity, and their products, they are obliged to take on task uncertainty. This, in turn, is the path to task standardization and segmentation.

        If platforms were judged by the same criteria as classical firms, their mode of organization would be considered confused and opportunistic. Underlying this impression is indeed a reliance on ad hoc solutions and improvisation. But their principle concern is to put interchangeable individuals to work on fragmented and standardized tasks. The taskification of work is necessary for platforms to develop and simultaneously to improve their services—a goal known as “scalability.” Twitter, for instance, had only 7,500 employees before October 2022. By the time that Elon Musk had taken over the company and it morphed into X, the headcount had fallen to less than 1,000. The platform does not have an editorial committee per se, but instead promotes content based on an algorithm. Although there is a nominal effort to moderate content, users are in charge of creating, sharing, and selecting posts, images, and links. In essence, the platform simply delegates to users the fragmentary and simple task of posting messages. The posts of nonpremium users, who make up almost all of the user base, are limited to 280 characters. In this way, adding a new account to the existing user base is very cheap. As a result of hyperstandardization, the service has grown from zero to more than 500 million accounts since 2006.

      
      
        A System for Capturing User-Produced Value

        Unlike the modes of production that preceded them, platforms privilege value capture over value creation. Since the 1990s, the most significant successes in the digital sector have exploited user contributions, peer-to-peer collaboration, and above all, users’ data. As a business model, it should be viewed less as an appropriation of untapped digital resources and more as an active extraction of value from users’ work.40 Using their network structure, platforms are able to take advantage of the activity of a variety of actors in every transaction. This step represents a major departure from the way firms have operated in the past. It was only through the subordination of workers that firms were able to extract value. Conversely, platforms not only utilize subordinates, but also search outside these relationships for those who are most qualified.41

        The concern to capture value is a major strategic issue for platforms and has been since the beginnings of the World Wide Web.42 Finding ways of increasing users’ contributions, innovation and participation is vital, since these are the lifeblood of platforms. User-generated content has been one of the most visible forms of appropriation for commercial purposes. The power and success of the great social platforms of the 2000s (Friendster, Myspace, YouTube, Facebook in the Northern Hemisphere; and Orkut, Kakao, QQ, and VKontakte in Asia and South America) initially relied on the hundreds of millions of “volunteers” producing and sorting texts, images, videos, and sounds. Sometimes these users were regarded as amateurs (as in the case of Flickr’s photographers), sometimes as pirates (as in the case of Napster in its early days), and sometimes as editors and authors (as in the case of large blogging platforms such as Overblog or LiveJournal). Beyond these specificities, the platforms, then as now, are fed by the information made available by users, who are the real bearers of their commercial value.

        Capturing this value does not simply mean ensuring that products or services circulate on the platform. It also means finding a way to monetize them. The Facebook Diaries, for instance, a ten-episode reality tv series launched in 2007, consisted of video collages submitted by young users. Facebook engineered a lucrative partnership with Comcast to broadcast them on its own network as well as on Ziddio, another online video service.43 The series was both a form of advertising for Facebook and an income source through the sale of distribution rights. In an economic context where the media industries had been suffering wave after wave of downsizing, this use of amateur content, Nicole Cohen argued, amounted to “outsourcing the work of production from the media companies to the producer–consumers.”44

        So platforms capture the value of their networks by marketing user-generated content, but that is only one of their methods, and not necessarily the most lucrative one. Since the 2010s, with the commercial success of platforms focused more on services for individuals or businesses than on the production of cultural goods, the profits of platforms have come for the most part from the monetization of their users’ data and metadata. Personal information is regularly sold through commercial agreements to brands and advertising agencies for personalized advertising targeting; to insurance or credit rating companies; or to states for surveillance purposes. More recently, a new source of revenue has emerged, with the use of personal data to calibrate artificial intelligence devices. Since 2015, X (then Twitter), like other platforms, has not only been selling its users’ data to advertising agencies, but it has also been making this data available to companies that are developing powerful machine learning programs, such as IBM, Oracle, or Salesforce.45

        I should stress that value is captured not only from cognitive tasks such as publishing messages or making personal information available. Platforms also extract value from users’ behavior and their physical activities. This is what Google Trekker does in delegating to crowds of anonymous volunteers, through its “manual digital labor” program, the task of photographing the places that Google Street View’s vehicles are unable to reach. Equipped by the company with a 42-pound backpack containing 15.5-megapixel cameras, which take a panoramic photo every 2.5 seconds, Google’s trekkers set off to capture mountain summits and desert dunes. The images and geolocation data that they collect improve the Google Maps service. Apart from Google’s assistance in the form of cameras and processing power for the information gathered, the service is provided wholly by users. They are the ones who go trekking, weighed down by equipment, to ensure that Google’s service will continue to be extended and improved. Even if this data and multimedia content is not sold on directly, volunteers’ contribution are anything but abstract. This contribution gives Google a competitive advantage, enabling it to generate more traffic on its platform, and thus providing further opportunities for extracting yet more geolocation data for use in targeted advertising.46

        There are, therefore, several different ways for platforms to profit from user input. They can encourage the performance of tasks that keep the platform running and produce content. Platforms can then use this content to create metadata that they will monetize. Or, as we have just seen, the user’s own behavior can generate resources that automation systems will use. The Airbnb platform exploits these methods of capture to the full. It encourages its users to contribute to the platform well beyond the paying hospitality service. Just like on a social media platform, Airbnb’s hosts and renters alike must produce large quantities of content. Hosts provide photographs and assess the civility of guests; guests rate the accommodation and the professionalism of the hosts, including comments and stories about their stays. They must also provide a steady stream of geolocation data, personal information, and demographic information. To satisfy its thirst for data, Airbnb has also resorted to semilegal operations, such as when, in its early days, it took over the Craigslist ad site’s directory so that it could identify apartment owners, to whom it would send targeted offers.47 In a more conventional and less “disruptive” way, in 2015 it partnered with Foursquare to use a geolocated image base to create a collection of photographs of urban environments exploitable by the machine learning system of the platform Aerosolve.48 On this platform, visitors were suggested nearby places to visit and hosts were suggested prices based on variations in demand.49

        Niels van Doorn and Adam Badger developed the concept of “dual value production” in order to explain how platforms acquire surplus in multiple forms. What kinds of value are created through platform labor? Platforms capture two types of value from their workers and users: the ones associated with transactions (such as subscription fees, service charges, and purchase prices), “and the more speculative and volatile types of value associated with the data generated during service provision.”50 In today’s platform organizations, data constitutes a particular class of asset.

      
      
        An Inspiring Paradigm

        Platforms that started online are not the only ones capturing value in this way, and the practices described above are spreading to brick-and-mortar companies as well. Platforms are not only an organizational model, but also a paradigm that has inspired a large number of players beyond the giants of the internet economy. Companies in the private sector and several state and para-state enterprises have adopted similar strategies to reproduce the platform model. The terminology used to describe this change has evolved over the years: the virtual corporation,51 the cellular organization,52 the hypertext organization,53 and the N-form corporation.54

        Today, automobile and energy companies, among others, can and want to be platforms, be supported by platforms, host a platform, and be an integral part of a platform’s ecosystem.55 The systematic exploitation of user-generated data is now widespread in the insurance and retail sectors. Large multinational companies like Admiral in the United Kingdom or BHV in France now ask their consumers to produce geolocation data or information about their habits and preferences.56 There would be nothing new about this if this data’s only purpose was to hone target markets. However, the constant tracking of consumers has another consequence: it stimulates and manages the contributions of users, from using self-checkouts to posting on social media.

        In the transportation sector, companies exploit user data to generate additional profits from advertising income. In Germany, Düsseldorf’s public transport company, for example, tested the WelectGo mobile application, which allowed the traveler to view commercials on a smartphone instead of paying directly for a bus or streetcar ticket. In the process, the company sold the user’s data to advertising agencies. This was not the reason why the app was eventually discontinued. The system was a victim of its own success: far too many people used it, which led to a loss for the city transportation authority.57

        Other companies have used similar strategies to launch new services. With the use of free Wi-Fi and cellular connections within trains and stations, French railway company SNCF has developed an ambitious data-driven innovation program,58 Again, the data gathered is of course monetized.59 But it is also used to improve the flexibility of the transport service. TGVPop, a short-lived experimental service, used demand-driven algorithms to streamline rail traffic. Users were asked to provide social data for a just-in-time reservation system. Trains would only depart if there were enough upvotes.60 A logic of social participation involving contributions by, and coordination between, users has been driving this innovation. It builds on skills that users have already developed to promote their content on social news sites like Reddit, or to coordinate trips using collaborative platforms like BlaBlaCar. Users have to be connected, have to combine their efforts, participate, and make enough reservations for the platform to consider that the departure of a given train was economically viable.

        The media industry has been particularly affected by platformization. The press faces a twofold value capture by large platforms such as Google and Facebook. The first is “infrastructural,” with the online circulation of content. Platforms enable media outlets to measure the spread of their content (the number of times images are displayed, articles are read, or videos are viewed). In this manner, data is captured from the media and their readers. These analytics are expected to enable newspapers and streaming services to make better editorial decisions. Thus, platforms have become indispensable for both distributing press content and measuring its success.

        The second capture is “institutional.”61 The media have traditionally acted as watchdogs of economic actors. But in their increasing dependence on digital platforms, they find themselves caught up in a classic situation of “regulatory capture.”62 The body responsible for establishing rules and limits for a given sector ends up—for reasons of social proximity and economic interests—adopting the sector’s convictions and values.

      
      
        Platforms Are Made of People

        For digital platforms, the fundamental question is how value is created. As platforms transcend both companies and markets, they also mark the end of the two main instruments used to describe them: products and prices. Platforms must be flexible to combine the various elements of their ecosystem. As a result, they tend not to focus on a specific product—if the term is still relevant. A platform is too involved in the multisided coordination of user groups to rely solely on price to differentiate them. In a context whose historical hallmarks include markets that are liable to crash time and again, and firms that have lost sight of their ultimate rationale—to innovate, and to limit transaction costs—economic operators are faced with what some authors have called a “crisis in the representation of value.”63 Businesses no longer understand where value comes from. Platforms, on the other hand, allow value to be construed in an original manner. How they represent value is the central issue.

        Some platforms mimic the communication patterns of traditional companies when they disclose their economic value, for instance when they go public or meet with potential investors. They also sometimes highlight their technology (the number of servers they have, the quality of their algorithmic solutions, or the computational power of their processors). But the source of their value remains the quality and quantity of the personal data they exploit, the dynamism of their communities, and the usefulness of the services they develop on this basis. Despite the rhetoric they produce for their financial market partners, their vision of wealth is not contained within a circumscribed company, but rather captured from an ecosystem of heterogeneous actors.

        To understand this vision, it is important to let go of the traditional separation between value created during a manufacturing process and value exchanged during the circulation of goods and services on a market. In recent years, valuation studies have challenged this distinction, which is maintained in both conventional theory and Marxist approaches to value. Pioneers of science and technology studies like Michel Callon have maintained that the value of a product is inextricably linked to its exchange value, which governs how property rights are transferred. This axiom is all the more true for digital platforms, where users shape data, content, and services precisely for circulation. As platforms multiply ways to engage consumers, the latter get greater accessibility to products, contents, and services. The result is endless cycles of what Callon calls the “qualification and requalification” of goods. In the case of online content, for example, value is determined by the qualities of its creators. But the consumers are also responsible for requalifying it according to their own preferences and talents.64 As users interact and exchange, they carry out the fundamental work of testing the tools the platforms make available. They also come up with use cases for the technical solutions.

        This testing should not be seen as an activity reserved for experts: all Gmail users have improved the email service by using it (it remained in a beta version for five years); online games like Minecraft were based on players creating and testing new situations; the interfaces of mainstream social media apps such as Meta, X, and TikTok are constantly twitched. Users are also given the crucial role of producing ratings (through comments, criticism, and reviews) and appreciation metrics (emoticons, likes, stars, etc.). This in turn generates information, an additional layer of data, which companies can extract. Users thus contribute to a cyclical process of qualification–requalification of any and every object, which gains value through this process.

        Despite the emphasis on the production of data and analytics, this mode of value creation is not simply a process that transforms quality into quantity. It is not confined to putting figures on different production factors. On the contrary, it is a “work of qualification” carried out by the user, and valorized by the platform. Taking metrics into account does not run counter to judging content and services. Callon, for instance, uses the term “qualculation” to describe this mix of the qualitative and the quantitative.65 As part of qualification, the customer also classifies, ranks, and evaluates the product or service based on comparisons and connections.

        On platforms, qualification can never be divorced from work. Users’ data, behavior, preferences and inventions, which produce and measure value at the same time, can be viewed as a series of productive acts aided by digital technologies. Their qualification work is carried out via algorithms whose purpose is to provide and link together information that will allow users to create value.

        The analysis of a platform requires analyzing the digital labor it captures, since users’ actions can be assimilated to forms of labor embedded in social relations. Users interact with each other, and the value they produce cannot be considered anything other than a collective effort.66

        This collective endeavor is not, however, characterized by solidarity between the users and the owners of the platform, between the engineers and the hired hands of digital labor. Far from it. Despite marketing professionals’ efforts to promote a narrative of technology fostering networking and collaboration, platforms are still marred by conflicts over value. Users can engage in conflict with other users, support staff, vendors, etc. in an ecosystem through attacks on their discussion forums, apps, or marketplaces. In other cases, conflict can arise from the mechanisms of differential appropriation of what users produce, like the opposition between monetization of content and collective ownership on a video-streaming service.

        Value capture by platforms is an agonistic process, in which conflicting definitions of an object’s value compete, because conflict is inherent in the work of qualification and value creation by users. As users create content, metadata, and information, the output of their digital labor becomes the object of a struggle over what is valuable, who owns it, and how it can be disposed of. Traditional markets were arenas where supply and demand met, where confrontations occurred. In the course of these confrontations (again, this is Michel Callon’s argument) “goods emerge, fragile and unstable, their qualities having been fixed at least temporarily.”67 Disputes over value used to be resolved through transactions that would ultimately lead to monetary payments. In the hybrid firms–markets that are platforms, digital labor can expose problematic situations where antagonisms lead to micro- or nonpayment, predation, or even extortion.

        

        *

        To analyze the impact of technology on work only by focusing on the supposed displacement of humans by more or less intelligent machines would be reductive. Technological devices are just tools, and tools have never been absent from human labor and production. Working today means figuring out how production works in light of a double collapse: the decline of the market as an effective coordination mechanism and the departure of the firm from its historic purpose of promoting innovation. A new economic and technical paradigm has arisen, and henceforth it affects work. Its transformations must be analyzed in terms of the notion of the platform.

        A platform is built by the people who dedicate time and effort to ensuring that its technical structure functions in a meaningful manner. These people are mainly its users. Today, platforms are multisided coordination mechanisms that capture the value generated by the three types of digital labor performed by their user: on-demand work, microwork, and social media work. Different types of work are associated with different techniques, tasks, and degrees of conflict over the recognition of the work itself.
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        Three Types of Digital Labor
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        On-Demand Digital Labor

      
      Let’s consider the first of three types of platforms for digital labor. “On-demand” platforms connect those seeking and providing work in a specific location. The ride-sharing app Uber and the food delivery service Deliveroo are good examples. Their apps offer many small jobs to workers, who provide transport, accommodation, delivery, personal assistance, and repair or maintenance services. The scale of these projects is usually local: a city, neighborhood, or region. Behind the scenes, as with all types of digital labor, workers and users produce data. Although the workers appear to enjoy a certain level of sociability, driving, hosting, and managing a delivery are arduous tasks and far from being leisurely activities.

      To a platform owner or a third party, this type of digital labor seems to require only a moderate level of skill, and the work is remunerated by contract or by payment per hour or per task. On-demand labor is sometimes considered part of the “gig economy”; it emphasizes flexibility and freelance short-term positions. Sometimes, in what’s been called the “collaborative economy,” individual workers are required to liaise and coordinate with each other. We shall see that platform capitalism is about anything but “sharing.” If a sharing economy exists, it results from cooperation between workers despite the platform, not because of it. Workers’ jobs are insecure, and they’re often underemployed. Despite this, workers have cooperated to improve working conditions and pay, and to obtain the right to organize.

      
        Nonstandard Work: The New Norm?

        On-demand digital labor covers a multitude of activities. Some platforms propose services related to the home (shopping, cleaning, plumbing, furniture assembly, or babysitting), while others compete with sectors of the traditional economy (transport, housing, delivery, customer service, or IT assistance) at preferential rates.1 The ways that workers get paid also vary greatly. Applications like Deliveroo can pay some of their workers on a minimum hourly basis, even if the norm is to pay per delivery. Tips make up a big part of workers’ earnings at Instacart (even if those are standardized and compulsory). Before switching to hourly rates, platforms such as TaskRabbit encouraged workers to bid for work and rewarded those offering to do the task for the lowest wage.

        These differences between apps lead to confusion about the nature of the platforms. Pundits initially equated on-demand labor with disparate phenomena such as the “collaborative,” “sharing,”2 “circular,” or “functional” economy, and even the production of commons or of peer-to-peer transactions.3 These ecosystems have managed to conceal the work necessary for their existence by calling their users’ work a “ride share,” “a favor,” or “a helping hand.” Even the term “gig” implies a one-off performance rather than workers investing their time on a regular basis. However, the true nature of these services becomes apparent when, from time to time, conflicts emerge between users and platforms. Then the terms “work” and “workers” resurface, such as during media debates, wage disputes, or court cases.

        Users of an on-demand platform also perform work. A matching algorithm connects a certain category of user that consumes a service with another that produces or supplies it. On-demand digital labor has a distinctive feature: the platforms function both online and offline. The matching of customers and service providers takes place on an application or website, but the tasks take place in the real world.4

        Labor law experts have debated the consequences of on-demand labor for nearly a decade.5 Generally, these platforms have high turnover, and the workforce has grown dramatically in recent years, especially since the COVID-19 pandemic. The Pew Research Center revealed that the share of Americans who have engaged in online gig work by participating in activities such as ride hailing, grocery shopping, household tasks, or package deliveries jumped from 8 percent to 16 percent in 2021.6 The years of the global health crisis witnessed a substantial surge in this form of platform work, both in terms of its share in the total workforce and within the broader context of the gig economy. The number of people doing app-based, on-demand work like Uber and DoorDash more than doubled during the pandemic. The size of the workforce does not correlate with the earnings of these workers. There were two million workers by 2018, but three million new workers joined after COVID-19, most of whom worked for transportation or delivery platforms. By 2021, platform gig work accounted for 3.15 percent of the overall US workforce.7 This estimate is conservative. Other studies suggest that even before the pandemic, on-demand platform workers made up to 7.6 percent of the US workforce.8

        Platforms’ marketing departments will typically stress the platform’s ability to give workers access to employment, flexible working hours, and additional income. Platforms’ detractors, instead, highlight worker exploitation and precarity. From the start of the gig economy, the size of the on-demand workforce has not correlated with income, especially for drivers, whose earnings fell 53 percent in the lead-up to the pandemic.9 The situation in many parts of the world only got worse thereafter. In Kenya, for example, ride-hailing platforms didn’t lower their commissions in 2020–2021.10 This fact, combined with greater competition among drivers, resulted in lower fares. In this business, it is the workers that shoulder the economic risk: if the platform can’t provide work, they don’t get paid.

        The employment status of on-demand platform workers is a recurrent source of conflict around how working hours are defined, pay systems, health and safety, social security, rights to representation, and training. Many companies, from the household chores app Handy11 to the urban transport giant Uber,12 have been taken to court more than once for misclassifying their workers as self-employed. Emergent and traditional trade unions have successfully negotiated collective agreements on on-demand labor in Europe. Most of these initiatives are for food delivery workers, but they also target ride hailing and other services.13 Laws have been changed as a result, as have platform working arrangements. Cleaning services platform Helpling, for example, has adapted its workers’ legal status to the local laws of each country where it operates—hiring through temp agencies in some countries, offering long-term contracts in others.14 After several legal disputes, Uber began to propose an array of employment statuses, spanning from independent contractors in the US to permanent employees of partner car rental companies in Germany. As part of the 2021 “riders’ law” in Spain, on-demand platforms are required to employ all delivery workers as dependent employees. In reality, this is just a legal presumption, and platforms have adapted differently to it. Some followed the letter of the law, and others kept hiring self-employed independent delivery riders.

        The varying nature of these arrangements complicates things. The fact remains that, despite platforms’ best efforts, these jobs don’t really qualify as self-employment in the classic sense. In many countries, self-employment is a long-standing tradition. From graphic designers to gardeners, to plumbers, it has to do with freelancers renting their time and skills. “Liberal occupations,” like lawyers, accountants, agents, etc., also provide highly valued intellectual services in the interest of their clients, but under their own responsibility.

        The “self-employed” individuals who swell the ranks of on-demand digital platform workers have nothing in common with these white-collar professionals—whether in terms of income, training, or social protection. The more than 70,000 Uber drivers who are classified as “workers” in the UK serve as an example.15 Under British law, “worker” is a unique employment category and, although “not employees,” they receive minimum, holiday pay, and pensions, none of which are rights for self-employed individuals. According to some observers, a gray area is emerging between salaried and self-employed jobs.16

        The on-demand economy alone doesn’t explain this trend, but it’s another sign of burgeoning job insecurity. Platform workers operate like casual workers, who do on-call work, voucher-based jobs, and zero-hour contracts. In these flexible arrangements, workers are only paid for the hours they work, or only for tasks completed. This is why official statistics tend to lump precarious and platform workers in the same category of “nonemployees,” who total, in Europe, from 14.4 percent in the United Kingdom to 24.9 percent in Italy, as being in nonstandard work arrangements in the US.17 So these figures should be correlated with other indicators, such as job stability. In the European Union, since 2009 a steady percentage of the workforce has been on fixed-term contracts. In 2020, they accounted for 11.9 percent of the total employed people aged fifteen through sixty-four; after the COVID-19 pandemic, the share increased to 12.1 percent.18 Other estimates put the figures even higher. According to a European Commission study, Europe had twenty-eight million on-demand workers in 2021 and is projected to have forty-three million in 2025.19

        Platforms like Etsy, Airbnb, and Lyft emphasize flexible hours in nonstandard occupations. On-demand platforms seem, at first glance, to be a good alternative to full-time employment as a primary source of income. That’s not the whole story, though. In some cases, platform work is a nonstandard worker’s full-time job, while in others an individual works full- or part-time along with their on-demand job.

        Authors Caroline Bruckner and Jonathan Forman wonder whether it is easier to define these workers “by what they are not,” i.e., “workers in traditional employer–employee relationships earning salaries or wages and eligible for employer-provided fringe benefits.”20 Since nonstandard workers come from a wide range of circumstances, they are difficult to measure in terms of their income. Whether they work on digital platforms or not, it appears that workers in alternative employment relationships consistently earn less than workers in traditional employment relationships.21

        In the terms of the International Labor Organization, there are four nonstandard employment regimes: temporary jobs (fixed-term contracts; seasonal, casual, or day labor; project-based work; or, as in the case of digital platforms, task-based work); part-time work (including zero-hour contracts and on-call work, or on-alert work for mobile applications); multi-employer work (temporary work, employer groups, wage portage, brokerage, or jobbing on the internet); and concealed work (disguised employment relationships, dependent self-employment, undeclared work, and misclassified work on platforms). Companies use these nonstandard types of work to optimize their labor force, to minimize wage costs, or to attract individuals less interested in permanent or full-time jobs. Already in 2010, 23 percent of European companies made frequent or intensive use of nonstandard labor. This percentage rose to 40 percent of employers, in low- and middle-income countries.22 In a 2020 US Census survey of businesses, 33 percent of companies reported using contractors and 50 percent reported using part-time workers. In 2021, 89 percent of the S&P 500 companies (the largest companies in terms of market capitalization traded on American stock exchanges) mentioned their use of some type of contractor arrangement in their annual financial reports.23 At a global scale, it seems that a transition is in place from a homogeneous staff composition to a “blended workforce” where full-time employees work in tandem with on-demand workers connected via digital platforms.24

        The growth in nonstandard employment worldwide has several causes: the emergence of the service economy, the cascades of outsourcing in many industry sectors, and labor law reforms in several countries. But it also reflects changes in the demographics and composition of the labor force. In particular, the growing presence of women on the global job market is also the result of a market doubling of domestic tasks. Platforms that provide care, personal assistance, cleaning and home cooking services represent this trend, as women are overrepresented in these professions.

        Another significant trend is the persistence of informal labor, particularly in the Global South. In North America and Western Europe, the informal sector only makes up 9.8 to 13.1 percent of jobs, but in Latin America it reaches 52.6 percent and in Africa it comprises 84.3 percent of jobs.25 Informality and platform work have much in common: working conditions are bad, health insurance isn’t available, and earnings are uncertain. Platform workers and workers in informal economies also share the ambivalent feeling of being both exploited and in control. “Hustling” is a commonly used term in the US. It can have positive connotations, insofar as it represents the ability to make deals and to get by that allows people to overcome insecurities. Marginalized communities in industrialized countries and the masses in low-income countries see informality differently. It can certainly be a way for underpaid domestic workers, artisans, and street vendors to feel self-sufficient and self-reliant. However, there is a general awareness that workers are mostly running a survival economy without public protection or private support.26

      
      
        The Inflexible Flexibility of On-Demand Work

        It’s common for platform owners to downplay the risks of on-demand labor. A widely cited study underlines how the insecurity of Uber workers is offset by their self-employed status, with its flexibility and autonomy, allowing them to choose their working hours and sell their labor to several applications if they wish.27 In theory, they can switch freely from one platform to another. In practice, this proves extremely difficult. While possible, multiactivity is restricted by several factors, some cognitive, others technical. Among the cognitive constraints are the time required to learn how to use an interface or the rules of interaction on a particular platform. Airbnb or Etsy, for instance, have their own etiquette that takes time to master. Another example is the psychological effort ride-hailing drivers have to put in to figure out the parameters of pricing algorithms on different apps. This makes them less likely to switch from their default platform to a competing one.28

        On the technical side, as in the case of delivery services, couriers must equip themselves with tools such as smartphones, external batteries, charging cables, and bicycle accessories. Standards of quality can vary too, and limit multiactivity. Drivers for certain ride-hailing services may have to meet requirements, like free Wi-Fi in their vehicles, which other services might not have. Another obstacle is how the service itself is provided, such as the requirement that some drivers wear suits and ties, the app logo on the equipment and uniforms, or the fact that they speak a certain language. In some companies, this is both a way to build brand recognition and to reduce the likelihood of workers switching platforms.

        The flexibility of work schedules is also limited. Although officially workers may choose to put in time only when it is profitable or when their schedules allow, many platforms reward those who make themselves available at off-peak hours, through symbolic (badges, points, or stars) or economic (performance-related prizes) incentives. On the other hand, they sanction workers who do not comply. Already in 2015, a group of Californian drivers took Uber to court; in company materials revealed during the case, it became clear that Uber had tools to “deactivate accounts” (a euphemism for “fire drivers”) if the journey acceptance rate was too low.29 Instacart and DoorDash have been accused of suspending, shadow banning, or deactivating accounts if their completion rate (the number of deliveries made during a particular period) is too low.30

        To be able to generate just-in-time incentives, the apps must acquire personal data related to both their drivers and their passengers. This is how another risk, specifically linked to real-time production of information, emerges: users are tracked all the time. By taking liberties with the legislation on the consent of individuals to data use (the GDPR, for instance, the European Data Protection Regulation), platforms acquire large amounts of information about their users. Platforms accumulate information without explaining where it’s stored, how it’s processed, how it’s protected, and, most importantly, how it’s shared with other companies.

        This is nothing new, of course. As part of their regular human resources management, traditional companies collect a lot of data about their staff, too, like their identity, background, and performance. But digital platforms go a step further, by collecting geolocation data and browsing histories and claiming the right to access the images, calendars, and contacts on their users’ smartphones.31

        The surveillance associated with these mobile applications is, however, almost never an issue in the negotiations and struggles between platform users and owners. In recent years, disputes between these digital service providers and their subscribers and collaborators have largely been work-related. The most important causes of platform worker protests are pay, employment status, and health and safety.32

        It is easy to recognize driving, delivering, and cleaning services as “work” because they are already listed in descriptions and contracts in traditional jobs. Those jobs are thus more likely to follow more typical work arrangements. Since the beginning of the gig economy, on-demand workers have taken industrial action and filed lawsuits to get the same salary and employment protections as traditional workers.

        Back in 2017, the showdown between Etsy and its users focused on classic occupational claims: its “independent sellers” wanted rights to health insurance, six weeks’ parental leave, and standardized severance pay.33 On Etsy, many buyers were businesses that used the platform to find reliable artisans and subcontractors at affordable rates. So Etsy makers and shop owners demanded that the platform be recognized as an intermediary. Again, in 2022, sellers went on strike against the platform, shutting down their stores for a week in protest against fee increases.34

        Similarly, beauticians and spa attendants working on the Indian platform Urban Company went on strike in 2021. The protest was sparked by a lack of insurance, low wages, and high commissions. There was collective dissatisfaction with the platform’s policies. The workers of the platform, mostly women, are often assigned night shifts, creating unsafe conditions. The company required workers to purchase beauty products from them at higher prices than those available on the market. And if workers failed to complete a minimum of thirty jobs per month, they were subjected to charge of 2,000 rupees.35

        Other claims involved work accidents and occupational diseases, especially from couriers. After an Uber Eats delivery worker died in 2018, the #Niunrepartidormenos (“Not one courier less”) initiative spread from Mexico to several other countries. Since then, at least 285 couriers have died at work throughout Latin America in traffic accidents and criminal assaults since the campaign started.36 Even in countries with universal healthcare like France or Spain, self-employed workers struggle to get full accident coverage. In case of sickness, workers get a daily allowance; platform couriers have to be sick for at least four days (in some cases, eight) to have the same benefits.37 Regarding family allowances and replacement income (unemployment benefits and retirement pensions), on-demand platforms do not always contribute to social insurance programs and national contribution funds. They tend to pass on to workers the administrative burden of checking with the official bodies of each state that using the app gives them such entitlements. Digital platforms use all legal loopholes possible to corner a market. Then, taking advantage of their dominant position, they circumvent labor regulations.38

        Platforms also use the promise of giving higher wages than their offline competitors as an excuse for flouting the rules on payment of user–workers’ social security contributions. One example is the Belgian platform Ring Twice, which pays between 0.88 percent and 15.71 percent more than traditional companies for housework, babysitting, gardening, and transportation.39 Frequently, a platform will pledge to pay more than the minimum hourly wage but will make no guarantee of the actual number of hours a subscriber will work.

        Uber and Lyft promised their workers they would make more than California’s minimum wage of $15 per hour if a bill, known as Prop 22, passed into legislation in 2020. The proposal, which prevents state policymakers from reclassifying drivers as employees, was approved, but since then the average driver only makes $6.20 an hour.40 The amount they earn actually depends not on the time they spend on the app but just on the “engaged time” (the time between accepting a trip and finishing it) measured by the app’s algorithm.

        Uber regularly commissions studies to show how much better it is to be a “partner” than a salaried employee. One of these, carried out by economists from the elite French business school HEC, maintained that on-demand platform drivers earned up to twice France’s minimum wage.41 It is not all rose-colored, however. When car maintenance, taxes, and service fees are taken into account, Uber’s drivers actually make a much lower income. They must work up to sixty hours per week, which is almost twice the country’s thirty-five-hour legal working week.42 In the US, 33 percent of Uber drivers were caught in the “debt trap”: they borrowed too much money, hoping to earn a living on the platform.43

        Delivery platforms have also been criticized because their flexible schedules translate into unpredictable working hours and demanding conditions for couriers. Those who work on Postmates had to put collective pressure on the app designers to add a “stop” button, to ensure that refusing a job at the end of a long day did not affect their score on the platform.44 Clearly platforms interpret “flexible hours” as they see fit.

        There is little truth to the claims that “you can choose when to work” and “make more money” on on-demand platforms. So it is not surprising that many independent contractors want to be reclassified as employees to protect their rights. An unmistakable connection exists between the Seattle City Council’s 2015 decision protecting Uber drivers45 and the Dutch Supreme Court’s 2023 ruling that Deliveroo must pay pension contributions to riders46, and this is a reminder for on-demand platforms that labor law cannot be ignored.

      
      
        Tracking and Datafication

        So far, organized workers and civil society groups have succeeded in challenging platform labor law violations, but their victories are largely limited to the visible part of the work of drivers and couriers: transporting people and delivering goods. Wins are fewer when it comes to the inconspicuous parts of these jobs, such as producing data and feeding algorithms. In 2021, the Italian data protection authority fined the app Foodinho almost $3 million for collecting data from couriers in a way that did not comply with European privacy regulations.47 British Uber and Ola drivers successfully challenged the platforms in a Dutch court in 2023, seeking access to their own data.48 The following year, French Uber drivers managed to have the Dutch data protection authority fine the company $11 million for mishandling their personal information.49

        On-demand applications are large databases that are not always handled with the same standards of ethics and transparency as the data stored by large public statistics institutions. Some platforms select users by gender or ethnicity, whereas discrimination based on gender or skin color is normally prohibited. Platforms typically recruit women and people from immigrant backgrounds to perform lower-paid tasks, and so perpetuate labor market inequalities.50 There is also discrimination against other categories of users, such as passengers in ride-hailing or apartment-renting apps. A study of transportation platforms in the United States found that African American passengers were subject to longer waiting times and higher cancellation rates.51 Guests with non-English names were 16 percent less likely to be accepted by Airbnb hosts,52 and this situation worsened in 2020, when anti-Asian sentiment in the US rose sharply at the beginning of the COVID-19 pandemic, causing Asian American Airbnb users to face greater discrimination.53

        When exposed, the platforms concerned were, of course, quick to draw up policies to limit these abuses by prohibiting what, on the surface, appeared an outcome of the racist behavior of certain individuals. Some experts, though, argue that systemic bias has developed. Legal scholar Veena Dubal argues that a systemic new form of discrimination is put in place by platforms, dubbed algorithmic wage discrimination.54 A growing number of low-income and marginalized racial minorities are negatively affected by algorithmic management in the United States. On-demand platforms collect their workers’ data and change fares accordingly. It’s what platforms call “personalized wages.”55 This makes hourly pay unpredictable and variable for workers. As a matter of fact, this logic mirrors what’s called “price discrimination” in consumer economics, where the same product or service is sold at different prices depending on who’s buying it. As well as harming workers economically, discrimination damages them morally. It disrupts their long-standing expectations of wage equality, a minimum wage, and inclusive workplaces.

        The extraction and linking of information are integral to these applications, and the data concerns not only the products sold, but also the people who sell them. Users of an app, whether they are workers or customers, are encouraged to fill out their personal profiles and upload photos. Such profiles can facilitate discrimination by perceived ethnicity, gender, age, or other aspects of the users’ appearance.56

        Other experts have argued that the data collected by digital platforms would, on the contrary, make it possible to detect any form of systematic discrimination—and this more surely and more rapidly than in traditional companies.57 In other words, they maintain, the discrimination problems that the on-demand economy seems to suffer from are not the result of a real increase in discriminatory behavior, but simply the consequence of the wider availability of information about forms of racism that would exist regardless of the platforms.

        Whichever argument is the more convincing, this situation highlights the risks incurred by extracting, circulating, and processing large volumes of data, with all the potential for surveillance and algorithmic control over the value producers that this implies. As I hope is starting to become clear, tracking and extracting data are not secondary activities for these platforms. Data is at the very heart of value capture, which platforms achieve by monetizing the personal information of users and workers through targeted advertising. But data is also what makes platforms function in the first place. Evaluation data—by both drivers and passengers, buyers and sellers, etc.—generate the information required for the service to run at all.

        Several studies have examined on-demand platforms’ methods in the transportation industry. The ubiquitous Uber, a true social landmark of the 2010s and 2020s, is emblematic of an algorithmic and data-driven management style.58 One of Uber’s most important activities is tracking its drivers: calculating the speed and performance of their vehicles, locating them, and determining whether they are working for a competing service. This surveillance allows routes to be assigned according to criteria that are well defined but not made explicit to the drivers. Sometimes, simply being close to the customer is enough to be assigned a trip; sometimes, impeccable driving is necessary; sometimes, loyalty to the platform is also a factor.

        Drivers, for their part, try to obtain more detailed knowledge of these criteria and of the algorithms that, from their point of view, are opaque. They also must overcome the shortcomings of the Uber application interface, in order to try and bypass the automated dispatch system. But to do this, they must perform a true reverse engineering of the platform. In addition to consulting two smartphones at the same time to compare different applications, they must learn to manage their own data and interactions with the app. This is how they can eventually control a large number of parameters and other information.

        According to several online forums devoted to sharing tips and advice, Uber drivers appear to spend most of their time on their smartphone screens performing computer tasks.59 Sometimes their digital labor consists of making sure their schedule is filled for a specific period of time (usually a week). At other times, they must evaluate their performance against the average of others, or against their own scores. The application regularly issues alerts to encourage them to go to locations with low vehicle density. As a result, drivers have to sort out which notifications are important for their business and which are simply ruses of the interface to get them to accept rides.

        Drivers’ discussion forums can also help us understand another important contribution to their heavy digital workload, namely, avoiding wage theft. Due to the complexity of the app interface, they need to check it constantly. The reason for this is not a design flaw, but a business model based on maximizing the difference between what passengers are willing to pay and what drivers actually earn. Driver attention is required at specific times. For instance, a driver is entitled to compensation in the event of cancellation of their journey by passengers if they cancel it more than five minutes after the reservation. But the Uber application does not display the elapsed time, so drivers are required to undertake complex procedures to claim their compensation. Additionally, the driver’s fare is based on the distance measured by the interface. Drivers must then use one or more applications to check that the length of the route has not been miscalculated. It is the same for incentives to work on the weekend, to travel a certain number of miles, or to attend certain events.60

        But digital labor on Uber is not restricted to the activity of deciphering the opaque procedures that govern its interface. The “social” aspect plays an equally critical role to the technical work. Drivers must make an excellent impression on customers. This implies spending time filling in or updating their profile on the application, choosing a good photo, and managing the relationship with passengers using text messages or calls. In this sense, Uber can be viewed as a social network or a dating site for drivers and riders. Managing reputation scores is a considerable effort for drivers, a real threat hanging over them. In the case of Uber, the driver’s e-reputation is not simply a question of popularity or a way of boosting social capital. It has, rather, wholly material consequences: if the score drops below a certain level, the driver’s account may be deactivated. To avoid being excluded from the service, the driver must pay attention to communication with the passengers, who are the ones to evaluate the driver and award a score, from zero to five stars, based on service, punctuality, responsiveness, and driving abilities, as well as the vehicle’s cleanliness.

        Working for Uber involves, first and foremost, clicking on a mobile application; driving only comes second. The time spent prospecting on the app, looking for new passengers, or getting closer to areas of high service demand, is not remunerated by the platform. Drivers call this unpaid time “dead miles,” and they naturally seek to minimize it. It can nevertheless occupy up to two-thirds of their day.61 Research indicates that workers spend an average of twenty-five hours each week on the app, though this number can rise to thirty-eight hours in some cases.62 Half of those hours can be spent waiting. Although traditional taxi drivers also deal with long waits and empty rides, the on-demand ride-hailing economy has a unique asymmetry between drivers and platforms. Uber drivers receive payment for only a portion of their working time, while the platform also profits from downtime.

        Even when not driving passengers, Uber drivers continue to generate data, which the platform exploits. Obviously, it can monetize it and share it with other companies, applications, and public authorities. The information can also be used to improve its products, such as calculating travel times more accurately, assessing routes, or recalibrating suggested routes.63 Improvements in these areas contribute to its automation projects, enabling it to develop new functions and enhance the performance of autonomous vehicles. Another use for this data—and the one most closely related to Uber—is to align supply and demand. A key feature of this platform is its variable pricing algorithm, also known as “surge pricing.”

        
          
            “Milan like Stalingrad”

          

          Just a few miles from Milan, coronavirus makes its first landing in Europe. We are in April 2020, and Milan, Italy, is the epicenter of the European pandemic. “Milan like Stalingrad,” states some graffiti on a wall on Visconti di Modrone Street. Everybody is in lockdown. This city is under siege. There are long lines outside the few supermarkets that are still open. Security agents with thermometer guns screen people for fever and make sure they have written authorization to be outside their homes.

          At night, those who are unable to fall asleep step out onto their balconies, which look out onto empty avenues. All the curtains are drawn in the buildings opposite, out-of-service traffic lights flicker orange in the streets. Only the bicycle couriers zoom through the darkness, sometimes solo, sometimes in fleets, to deliver to those craving the small solace of sushi or ice cream, to the fearful who don’t dare leave their homes, to the “symptomatics” who are no longer allowed to leave their rooms.

          Around midnight, scattered, frenetic, the couriers converge at a metro station to catch the last suburban train home. Destination: the old working-class suburbs in the north of the city. Seveso, Comasina, Nova Milanese. There’s an air of Sovietness about their names, too. As the metro train pulls into the station, a hissing sound escapes from the conductor, as if he were wrestling with a canker sore inside his mouth. “There are dozens of bicycles waiting to board. There’s no one else but them couriers.” No couples, no urban dwellers out for a stroll. Nothing but multicolored insulated bags with Uber Eats, Glovo, and Deliveroo logos.

          For people who already had precarious and contingent jobs before COVID-19, the lockdown means being out of work. Globally, unemployment is on the rise. In the first quarter of 2020, twenty million Americans are jobless, the largest increase in unemployment since the Great Depression.64 Labor markets in Europe are not doing better.

          The longer the lockdowns last, the more deserted the city becomes, and the easier it is to spot couriers. They have become unexpectedly visible, and their apps increasingly popular among the newly unemployed as a way to earn a few bucks and escape their tiny apartments. People who formerly drove Ubers now deliver food as well, to make up for the decline in passenger transportation earnings. The number of workers on last-mile platforms has increased in almost all countries affected by the outbreak.

          These days, it seems that more couriers are arriving by bike, scooter, and even by car. The more they sign up, the more competition there is on the apps. Competition means more people are ready to work for less, especially if they are new to the platform and want to increase their score. This drags down both prices and earnings on the apps. This is great news for customers, but bad news for couriers, whose pay decreases day by day.

          Their jobs are also coming with more risks. Many international delivery platforms have started offering “contactless delivery.” The courier leaves the meals in the hallway, not in the hands of the customer, and takes only prepaid orders. Even though the delivery is contactless and relatively safe for the customer, it is still a potentially dangerous task for the courier, who still has to interact with restaurant staff, move through public spaces, and touch potentially contaminated surfaces. For delivery workers, the concept of “contactless” is entirely relative.

          Sure, union lawsuits force on-demand platforms to acknowledge some health risks and to provide workers with protective gear (like gloves, masks, and sanitizer gel). Around this time, over half of 120 platforms in twenty-three countries have also started offering bonuses and sick days for COVID-19 sufferers.65 But for the unions these measures are just “fair-washing” and don’t really reduce the health risks. In the early stages of the pandemic, without vaccines and widespread testing, couriers struggle to avoid getting infected, and they also struggle to show that they have actually contracted the virus to claim benefits.

          Italy ravaged by the coronavirus needs app-based delivery workers, not only healthcare workers and supermarket cashiers. Couriers have indeed morphed into essential workers who provide a vital service. Almost everywhere in the world, they are now included on the lists of key jobs needed for the ongoing operation of the economy.66

          Platforms, however, continue to value them not for their services, but for the data they produce. Besides delivering, couriers generate information and train GPS systems, targeted advertisements, and dynamic pricing. Grassroots groups have started demanding that delivery workers be compensated for their data as well. A local union called Deliverance Milano has devised “the ten commandments for couriers.” As is stated in one of them, “whenever delivery workers are online, they are working and must be paid for the time they are engaged, as if the app is active and the courier is waiting.”67

          Activists, technologists, and researchers are paying more attention to data, especially the data generated by delivery workers. Suddenly, labor laws no longer suffice to protect workers’ rights; data protection laws now have to be observed as well. Somewhere in Milan around this time, algorithm analyst Claudio Agosti has decided to work on artificial intelligence. His curiosity culminates in a technical report published by the Brussels-based ETUI Foresight Unit; it explains meticulously how platforms manipulate riders and harvest their personal data.

          The report, titled “Exercising Workers’ Rights in Algorithmic Management Systems,” details the complexity of the machine learning models that govern couriers’ work on Foodinho, an Italian subsidiary of the Spanish food delivery giant Glovo.68 The algorithmic management systems of Foodinho track riders’ locations outside of work hours, raising questions about the line between work and personal life. Aside from that, location data and other personal information are disseminated to undisclosed third parties, a notable deviation from the app’s promise of transparency. Likewise, Foodinho generates a “hidden rating” based on the rider’s profile, which has nothing to do with the official “excellence score” that is supposed to represent each worker’s performance.

          Then as now, these revelations show how the regulatory framework that governs labor rights and data protection needs to be reevaluated in this AI- and data-driven world. It seems that there is a class conflict over data at the moment. Those who own the platform want to concentrate them in their own hands, while the workers increasingly start wondering how to redistribute them.

        
      
      
        Managing Users

        “We don’t set the price,” Uber’s founder Travis Kalanick said in an interview dating back to the platform’s inception, “The market sets the price [. . .]. We have algorithms to determine what the market is.”69 Like other platforms, Uber strongly defends its claim to neutrality. In its official communication, in front of investors or in court, the company presents itself as a “technology company.” Uber spokespersons describe the platform’s activity as “real-time data analysis,” in sharp contrast with official rulings, such as the one of the Court of Justice of the European Union, which found that the American company is part of a global service whose main element is transportation.70 As Uber uses this argument every time it is required to comply with transport regulations and labor laws, it may legitimately raise suspicion. The platform’s founders are correct, however, in stating that automation, not just transportation, is a major goal. This automation has taken two forms over the years: improving pricing algorithms and pioneering self-driving cars.

        To understand Uber’s pricing algorithm, I will ask whether the platform, which repeatedly denies being a transportation company, has any managerial authority over drivers and passengers. Uber, according to my own definition of a platform, is both a company with the power to manage labor, and a market that regulates different groups of users (riders, drivers, partner companies, etc.). To grasp what Uber thinks of these groups, it’s helpful to consider the patent for its algorithm. There is no mention of passengers or drivers, but instead “a plurality of requesters for an on-demand service” and “a plurality of service providers.”71 As much as the platform claims to provide flexibility and autonomy to both drivers and riders, it is the Uber algorithm that determines prices, standardizes behavior, and assigns rides. The way this algorithm operates reveals how Uber captures value, as well as how it views passengers as producers and not merely as consumers.

        An article by the economists Jonathan Hall, Cory Kendrick, and Chris Nosko illustrates this point with a concrete example.72 On March 21, 2015, Ariana Grande’s concert was ending in Madison Square Garden, New York. Thousands prepared to return home. Some were planning on public transport; others had their own car. But a large number were going to open their Uber app to book a ride. Potential customers must do this to flag their presence to the service. Uber used the number of app activations on the smartphones in the Madison Square Garden area over a fifteen-minute period to estimate the number of people who were “on the market” and to gauge potential demand. Uber’s problem was to ensure that the supply met the demand. For obvious logistical reasons, it was impossible for thousands of vehicles to wait outside the venue. The platform operates a just-in-time system and, unlike taxi companies, does not manage a stable fleet of vehicles or have access to reserved parking spaces. How, in such a situation, can suppliers and requesters of transport be connected? In other words, how did Uber ensure that the right number of drivers arrived for those seeking rides from the concert hall?

        This is where the pricing algorithm comes into play. The algorithm does not calculate the price of a trip from a high-demand zone based solely on journey distance, time of day, or type of vehicle. The algorithm estimates a rough cost, and then multiplies it by a coefficient between 1 to 50. Importantly, the app displays this coefficient on both drivers’ and passengers’ smartphone screens. For the riders, this means the price is higher than usual; for the drivers, this means that they have the chance to earn more from the ride. The increase, however, is temporary. If a passenger does not finalize their purchase within a certain timeframe, the coefficient will decrease. Passengers develop strategies according to whether they are prepared to pay the higher fare (because they are in a hurry, for example, or because they can afford it), whether they can get home some other way, or whether they decide to try their luck again in a few minutes. In the latter case, surge pricing encourages the customer to log on several times, thus increasing the time spent on the app, the quantity of data produced, and the quantity of data captured by the platform. As they watch the price rise or fall, users have to focus their attention and energy on making the algorithm work for them. For example, they can move to a nearby location to test whether the price drops. The application will of course record the corresponding geolocation data. Or they can open another transport app and compare prices. Uber will be able to deduce this behavior and may then adjust its price.

        In a way, Uber acts as a market for services and as software for matching supply and demand. But Uber is most importantly a real-time data analytics company; the algorithm functions as a tool for inciting passengers to produce data. Potential passengers must use the app sufficiently for the pricing algorithm to allocate each of them to a vehicle successfully. The main point here is that when Uber describes the surge pricing algorithm as simply a way of coordinating supply and demand—and not also as a data production tool—the app conceals the digital labor of one category of users: the riders.

        The contribution made by passengers to Uber’s services is particularly clear in this case of variable pricing. However, the production of data by passengers does not stop there. At any given moment, app users who do not opt-out produce data which is sold by Uber to third-party companies. Some of these have direct access to real-time data through an application programming interface (API),73 which allows them to develop secondary software and services. For example, Uber Trip Experiences API enables passengers to read the news, listen to music, book a restaurant or hotel, or connect to a home automation system during a ride—all of which are activities producing, you guessed it, high volumes of data.74

        Uber riders, just like their drivers, are rated. The rating system allows drivers (or other passengers, in the case of a shared ride) to assess passenger punctuality, their responsiveness, their good manners, and other criteria that are sometimes arbitrary, but that show that any user (a passenger or a driver) faces the same injunction: to rate in order to be rated, to enter data into the app, and to make sure one’s rating does not fall below a certain threshold, after which one is de facto banned from the service. Even though passengers cannot be “fired” by Uber except in particularly extreme cases of abusive behavior, it may become increasingly difficult for them to find a driver willing to take them if their reputation score is too low.

        Last, in the words of Carolyn Elerding and Roopika Risam, passengers perform large quantities of “affective digital labor.”75 It involves producing certain moods and behavioral tendencies in other users, through face-to-face interactions and through mobile apps. The experience of the journalist Maureen Dowd highlights this aspect. Upon discovering the rating system for Uber users, she is immediately reminded of how much effort must be put into managing her reputation: “Revealing that I had only 4.2 stars, my driver continued to school me. ‘You don’t always come out right away,’ he said sternly, adding that I would have to work hard to be more appealing if I wanted to get drivers to pick me up. [. . .] Except then I learned that sitting in an Uber car was pretty much like sitting in my office: How much have you developed your audience? How much have you been shared? How much have you engaged your reader? Are you trending?”76 As with drivers, riders are subjected to an algorithmic management system that influences their behavior, thereby turning them from consumers into workers.

      
      
        Who Drives the Autonomous Vehicles?

        So far, I have reviewed the main methods that on-demand platforms like Uber employ to extract value from the digital labor of its users: work from its drivers, fares from its riders, and data from both.

        Some of these methods involve a labor of qualification: both drivers and riders rate each other, fill out their profiles, choose routes, and decide how much they want to pay or receive as a payment. Both workers and passengers trigger the Uber algorithm, which organizes rides. For most rides, the company charges a 25 percent commission, but this can be lowered for some routes (such as those that take longer than expected) or in certain countries (like Ghana, where drivers’ protests led the platform to lower its service fees to 20 percent).77

        Other methods produce value through the labor of monetization performed by drivers and passengers. They both generate a constant flow of data, which the platform monetizes by making it available to third parties for a fee. This second revenue source is common to business models in the tech sector.

        However, Uber’s value capture is also focused on new technologies. Its users must provide a labor of automation to ensure that the platform’s innovation efforts remain productive. As part of this labor, workers and passengers participate, by working or consuming, in the development of automated systems.

        “Self-driving cars” are a good example of this type of automation labor. Both large digital platforms and major automakers have been competing to develop autonomous vehicles (AVs). Similar efforts are underway at Google, Apple, and China’s Baidu and BYD, as well as Tesla, General Motors, Volvo and Ford. This is a field full of promises, hype, and outright lies. Even though platform owners are overoptimistic, the road from manually controlled cars (also known as “level 0 automation”) to vehicles that do not require human intervention (“level 5”) has been long and bumpy.78 Human drivers tend to have accidents every million miles of driving, whereas AVs have accidents every 300,000 miles.79

        Nevertheless, big tech companies have been massively investing in autonomous vehicles since the late 2000s. Along with Lyft and Google, Uber is part of a lobbying group, “Self-Driving Coalition.” In 2015, Uber opened the Advanced Technologies Group in Pittsburgh, Pennsylvania, a research center devoted to mapping, vehicle safety and autonomous transport. The following year, the Coalition launched its first experimental program of self-driving cars.80

        In subsequent years, various nations have developed regulatory frameworks for automated vehicles, and fully autonomous taxis have been authorized in several countries, from the US to China.81 In the meantime, the self-driving car unit of Uber has merged into Aurora Innovation, a startup backed by Amazon.82

        There is a fundamental misunderstanding concerning this technology. It is assumed that autonomous vehicles are “driverless.” AVs are marketed under the assumption that robots may replace humans as drivers, one day. Sadly, this day just never comes. In 2016, Elon Musk announced Tesla’s Full Self-Driving solution. Since then, he has repeated that autonomous vehicles would be available within “a year”83 but never delivered on that promise. To date, “fully autonomous” car experiments have failed miserably. The deployment of GM’s Cruise robotaxi in San Francisco has been an unmitigated disaster. Launched to great fanfare in February 2022, Cruise ended its operation the following year, after a particularly gruesome accident where one of its cars dragged an unconscious victim several feet before stopping.84

        The fantasy of a completely autonomous vehicle ignores the reality that these cars are operated and overseen by humans. Human input is required to “teach” vehicles how to drive, and on the other hand to continue driving them despite their supposed full autonomy. The vehicle is continuously supervised, either by people inside or by remote workers. “Live persons monitor the vehicles and communicate via the vehicle,” according to San Francisco law enforcement guidelines.85 This leads to the central question: at what point does “live control” become “remote driving”? Do self-driving cars really operate like remote-controlled toys at 1:1 scale?

        I should stress that there are no truly autonomous vehicles today. At the inauguration of the Uber self-driving unit, Travis Kalanick was forced to admit that “no one has developed software that can drive a car safely without a human.”86 Years later, the situation remains unchanged. This is why the experimental vehicles that the platform has launched since then include one or even two “vehicle operators,” who sit at the wheel to see to the car’s maintenance and deal with unforeseen circumstances—to avoid hitting vehicles, killing cyclists, and other accidents.87 Operators are described as “safety drivers,” and are front-line workers forced to take risks inherent in the design of the car. Are the brakes malfunctioning? Does the software fail to recognize traffic lights? The safety driver is there to handle the situation.

        Unfortunately, when unreliable technologies are combined with the burden of responsibility placed on a single worker, tragedy can strike. This was the case in the fatal accident on March 19, 2018, involving an Uber AV, which ran over a woman crossing a dark road in Tempe, Arizona.88 The onboard camera of the autonomous vehicle shows a person seated behind the wheel—the operator. The prosecutor determined that the platform was not criminally liable, and thus that this operator remained the only person liable in court,89 After a smear campaign in the press, in which the operator was accused of streaming The Voice on their phone instead of checking the road (in fact, they were distracted when monitoring the Uber tablet displaying the car data),90 they were charged with negligent homicide and took a plea deal by agreeing to three years of supervised probation.91

        The need for in-vehicle operators is regarded as temporary by AV manufacturers. Despite its frequent debacles, they assure the public, fully automated cars are just around the corner (given their danger, thankfully, not literally). However, vehicle engineers’ ambitions meet limits independent of technological innovation. Even if they managed to digitalize all the processes needed to drive a vehicle, they would have to overcome the hurdle of passengers’ psychology. Riders need to feel at ease and in control. Autonomous vehicle manufacturers have accordingly planned to intersperse the journey with voice messages, with alerts on applications, with videos—and, of course, with advertisements. Passengers must therefore always carry out the work of paying attention to and managing these signals. Another limit, physiological this time, is the discomfort passengers feel at the slightest acceleration. The proposed solution is turning passengers into, well, drivers, entrusting them with the responsibility of either handling the vehicle itself or the other interfaces present inside.92

        A document from Waymo relating to the security of transport on-demand services gives us a glimpse of how all this functions. Unlike with Uber, there is no “operator” inside a “fully automated” car. So, as part of their experience, passengers have to perform a series of actions on control screens:93 hail the ride through a mobile app, sit inside the vehicle, press the “Start the journey” button. On board, they must pay attention to the automated driving by checking the route and assessing how well the vehicle understands its environment. Seeing “via the vehicle,” or rather via the AI that drives it, thus becomes an activity from which it is possible to anticipate a danger. In the case of an unforeseen event, the occupant presses a “stop” button, which triggers a procedure to identify the safest place to get off the road. In the event of a collision, or of poor weather conditions, the passenger must press another button to call the technical support team and report the situation using the audio and visual information provided by the interface of the onboard system.

        For the supposedly self-driving car to function, passengers must perform all these tasks. A “driverless vehicle” means that the passenger has to become the driver. Or rather, AI-based transportation solutions combine the roles of passenger and driver into one category—the operator.

        The passenger not only performs the not-so-hidden work of driving, but also produces valuable data. First, a lidar (Light Detection and Ranging) is used to capture and transmit to a server the visual recordings made by a driverless car. A lidar is a rotating laser coupled with a 360° camera and a radar that scans the vehicle’s environment from its roof. Additionally, it is equipped with a GPS, a gyroscope, and an accelerometer. The purpose of all these sensors is to detect other cars, pedestrians, and nearby objects. Since anyone traveling on the same route as an intelligent vehicle may feature in these recordings, this technology poses legal questions regarding privacy and ownership of personal data.94 These questions are just as relevant for the occupants of the vehicles themselves, whose information feeds the platforms’ databases.

        All of this information is crucial for the automation process. Machine learning requires examples, concrete cases. There are billions of examples to be found in autonomous vehicles equipped with lidars and cameras mounted on their roofs. Ultimately, the performance of a self-driving car depends on how much data it collects: Waymo has created a public dataset of data accumulated by its cars over twenty billion miles,95 Tesla hoards petabytes of data produced by its own customers,96 and Uber’s continued involvement in Aurora’s self-driving car startup can be attributed to Amazon’s data storage and computing capabilities.97

        Automated cars are data collection devices on wheels that may or may not deliver passengers to their desired destination. They certainly deliver valuable information to other cars and to the central servers of the platforms that develop them. This does not mean that they are able to interpret and give meaning to the data. For that to happen, it is necessary to emphasize again how much human labor is required. Harvested data must be annotated, and this work is carried out by users of other platforms.

        Armies of microworkers scattered all over the world, “teach” automated systems to distinguish between the different elements that make up the ever-changing environment of the vehicles. In Uber’s promotional videos, these workers are described as highly specialized “cartographers” who label each frame of every video sequence recorded by the lidar of autonomous cars.98 The reality is very different.

        As Anthony Levandowski, the former project manager of Google Street View and disgraced chief engineer of the autonomous vehicle program at Uber, puts it, the individuals who tag images of roads, of traffic signs, of the weather conditions, are nothing but “human robots.”99 He is not referring to half-humans/half-machines hybrids, but instead to workers who perform tasks that robots cannot. Sitting behind their screens, they draw red squares around trees, add a filter to adjust the lighting of an image of a tunnel, highlight road signs, and distinguish a child from a lawn ornament. The safety of pedestrians and passengers depends precisely on the accuracy of this human-performed work. In the next chapter, we will meet these hired hands.
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        Microwork

      
      If we follow the data extracted from Uber, Airbnb, and the other on-demand platforms described in the last chapter, a likely next step is “microwork” platforms, where workers refine that data, further increasing its value. In microwork, tasks are fragmented and performed by hired workers on websites, apps, and other services. Amazon Mechanical Turk and Clickworker are examples of these platforms.

      Various terms may be used to describe this occupation. It’s sometimes called “crowdwork” because of the huge workforce platforms require,1 but also called “cloudwork” due to its remote nature via cloud computing infrastructures,2 or “data work” simply to emphasize how important this kind of digital labor is for data labeling and processing.3

      The term microwork refers to the execution of “microtasks.” It involves standardized, routine tasks that are considered low-skilled, but actually require certain competencies. Microtasks are performed for clients, sometimes called “requesters.” Among them are companies, public bodies (especially research centers), and individual citizens. This type of digital labor is inseparable from “human-based computation,” which historically consists of tasks that machines cannot handle and are delegated to humans.4 Microwork thus involves performing small chores such as annotating videos, sorting messages, transcribing scanned documents, answering online questionnaires, correcting values in a database, and linking similar products in an online sales catalog. Platforms pay workers for these activities, offering them sums ranging from a few dollars to less than one cent per task.

      As in the on-demand economy, platforms charge a commission on any transaction (usually to requesters, not to workers), although unpaid forms of microwork are also common. Struggles and conflicts related to workers’ rights have erupted here too, but workers are less organized, and protest is less frequent, than in the on-demand economy. Often, conflicts arise when investors and designers attempt to place these tasks outside of the context of “real work.” Microwork platforms’ interfaces can be designed to be playful and appealing, so that workers will forget the drudgery of the tasks they perform. Compared to the jobs in the “on-demand” economy, it is relatively easy to deny that this is standard work, in part, because the pay levels are very low: users and platform owners agree that microwork can at most provide a supplementary level of income, especially in countries with high cost of living. Microtasks typically have a very low entry level requirement, which explains why they are often the first steps into the labor market for people with extremely varied educational backgrounds, language skills, and work experience.

      
        
          The Mechanical Turk, or the Ruse of Artificial Intelligence

        

        In 1836, Edgar Allan Poe devoted a long essay to “analytical machines,” considered today to be precursors of computers: “What shall we think of the calculating machine of Mr. Babbage? What shall we think of an engine of wood and metal which can not only compute astronomical and navigation tables to any given extent, but render the exactitude of its operations mathematically certain through its power of correcting its possible errors? What shall we think of a machine which can not only accomplish all this, but actually print off its elaborate results, when obtained, without the slightest intervention of the intellect of man?”5

        Despite his string of grandiloquent questions, Poe seems unimpressed by Babbage’s achievement. Poe cites the father of modern computing as a foil for “the most marvelous invention of mankind,” the real protagonist of the text, namely the chess-playing automaton decked out in Ottoman costume, whom the Baron Wolfgang von Kempelen presented to the Viennese imperial court in 1769.

        Babbage’s calculating engine, Poe argues, is a simple machine “modeled by the data” it receives from its inventor. Kempelen’s mechanical chess player, by contrast, generates its own data, and thus reproduces the functioning of the mind. The chess player is, in a way, a first example of artificial intelligence. Like many of its modern counterparts, this technology also requires a “human agency within” to function.

        Poe reviews various speculations on the “mystery of the automaton,” among them the hypothesis of a “well-taught boy, very thin . . . so that he could be concealed in a drawer almost immediately under the chessboard”; or that of “an Italian in the suite of the Baron” who was of “medium size,” with “a remarkable stoop in the shoulders” (a century later, Walter Benjamin would make him into a “little hunchback.”)6

        The “Mechanical” Turk is a perfect illustration of how human labor is still crucial when machines must do more than simply carry out the instructions given to them, but also to issue instructions themselves. The crowning achievement of the scientific and industrial program of machine learning is when machines manage to reproduce human behavior; but to do so, they must first learn from humans. It is hardly surprising, in this light, that the inspiration behind Amazon’s microwork platform was the eighteenth-century Mechanical Turk.

        Sometimes, even the simplest activities are too complex for a machine. For a long time, Amazon’s problem was eliminating duplicates from its vast catalog. In the early 2000s, when software solutions to the problem proved ineffective, Amazon’s computer engineers had the idea of recruiting large numbers of people to detect duplicates in a few pages each, paid on per piece rate. From there, it was a short step to letting other companies benefit from this system and taking a commission for brokering the connections: in 2005, Amazon Mechanical Turk was born.7

        When Jeff Bezos wants to seduce new investors, he shows them drones delivering goods or algorithms recommending the perfect product. But, behind the scenes, hundreds of thousands of “Turkers” are sorting addresses by hand or classifying every product in the catalog by relevance. This upstream work (providing examples to train the software) and downstream work (checking that the results are correct) is vital for the business successes of Amazon and the companies in its ecosystem. This, in the jargon of the platform, is an example of “artificial artificial intelligence.”

        In a 2006 talk given at MIT, the CEO of Amazon presented Mechanical Turk as one of three pillars—with cloud storage and data security services—of Amazon’s big data strategy. The fact that Mechanical Turk was placed on par with these billion-dollar businesses suggests that the microwork platform was a major strategic choice. Mechanical Turk, Bezos maintained, switches the respective roles of computers and human beings. It can code and integrate “human intelligence into software.” Amazon may be best known for online shopping, but at the time of this talk its business model was transitioning to selling IT solutions in the form of “software-as-a-service”: software is not installed on the computers of those who purchase it, but rather on a remote platform owned by a tech company. The same applies to microworkers. They are not located on the premises of the companies that hire them. They exist only as a remote workforce available through a platform.

        “This is basically,” Bezos concluded, “people-as-a-service.”8

      
      
        The Reserve Army of Artificial Intelligence

        The idea behind Amazon Mechanical Turk, or MTurk, is pretty simple. The platform is a web portal that can only be accessed by choosing one of two roles, “requester” or “Turker.” A requester is a client who needs to set up a workflow that can’t be handled by a single person and for which a machine would be insufficient. For example, a company that has scanned its accounting records for the past fifty years would be faced with a mass of images of handwritten pages that text recognition software can only partially interpret. This work would take twenty years for an employee equipped with a computer, a whole year for twenty employees on fixed-term contracts, six months for forty interns, and so on. If the company posts an ad on Amazon Mechanical Turk, asking 200,000 people to transcribe two lines each, it will cost infinitely less than twenty years of salary.

        The majority of the platform’s workers, the “Turkers,” are US citizens. The percentage was 72 percent in 2017,9 but it rose to 90 percent before the pandemic and has remained stable ever since.10 The other workers are mainly Indian.11 Turkers located in Europe, South America, Africa, and Oceania who remained active on the platform make up a tiny percentage.12 Due to US tax laws concerning platforms,13 and to limit the coordinated actions of microworkers, who in the past have tried to take advantage of the service,14 Amazon confined new user registrations to US workers alone. However, there is substantial evidence to suggest that Turkers use virtual personal servers and other tools to mask their locations, giving the impression that they are based in the US.15 The platform is primarily used by microworkers between the ages of twenty-five and thirty-five. In terms of gender distribution, MTurk showcases almost perfect gender equality.16 Different countries have different gender ratios; women account for only 33 percent of microworkers in India, compared with 50 percent in South Africa and 48 percent in the United States.17 Earlier studies linked gender with income inequality. In the US, Amazon’s Turkers come from households with a median annual income of around $50,000, so the platform is primarily used for earning extra income. In India, where men are the majority of workers, microwork is sometimes the primary source of income for families with a median annual income of around $10,000.18

        The different rates of pay for the tasks negotiated on the platform are thus dependent on the demographics of the users. The price of each task can theoretically be a few dozen dollars, but before the 2010s, 90 percent of the tasks paid fewer than 10 cents, and the vast majority paid barely 1 cent.19 These rates have been subsequently increased, but even if some workers reached an hourly wage of up to $8, for more than half of them, it never went higher than $5.20 In fact, ever since a study claimed that the median hourly wage on Amazon Mechanical Turk was $1.38,21 requesters have tried to impose this rate on taskers as a kind of “maximum hourly wage.” As a result, median wages have hardly increased at all; according to the most recent estimate based on almost four million tasks, the median hourly rate was not higher than $2, and only 4 percent of the workers earned more than $7.25 per hour.22 There is also a significant wage gap between women and men: women, especially if they take care of children, earn 20 percent less per hour on average, despite no gender differences in task selection or experience.23

        These discrepancies in pay levels provoked angry protests among Turkers. But there is a further problem because hourly rates are difficult to calculate for jobs paid by the piece, and the rate is subject to many variables: How long can workers stick at the job, or how much time are they willing to devote to this activity? With better skills, can they access better-paid tasks? How quickly can they accept the tasks and complete them? The possibility for Turkers to earn a sum equivalent to a minimum wage monthly is in fact jeopardized by the limits placed on the number of tasks that can be performed in a day (between 100 and 3,800, depending on the status of their account, but the number is actually way lower, since workers are sanctioned for performing tasks too quickly).24 The use of bots, scripts, and generative AI to speed up certain tasks is frowned upon, and workers avoid it for fear of being banned.25 Mechanical Turk is a valuable service because each microtask must be performed by a human.

        However, Turkers experience systematic misrecognition of the value of their contribution. In the platform’s jargon, every microactivity performed by a Turker is a “human intelligence task” (HIT). This does not mean that workers perceive it as such. Apart from the rare HITs when workers need to write structured product reviews or complete lengthy questionnaires, microtasks almost always appear to be mundane operations that require little skill. Here are some examples: “read a web page and whenever you come across an email address, write it down in a .txt file,” “put together a reggae playlist,” “watch a fifteen-second video and choose three words to describe it;” “take a look at the scanned image of a receipt, then transcribe it,” “spot all the hooded people in a sequence shot by a surveillance camera,” “select all the images of hot dogs in a series of ten images of food products,” or “watch a movie and take a screenshot of a Hollywood actor expressing fear or disgust.” These tasks require little expert knowledge, provided one is tech-savvy enough to operate a computer or a smartphone. The main contribution they make is to inject some human common sense in a digital operation. In fact, they are not always easy to perform, and may require studying lengthy instructions or downloading unsafe software. Microworkers are typically viewed as unskilled by requesters and platform owners in order to justify low wages. Across microwork platforms, however, workers display a high level of education and possess a wide array of skills.26

        Microtasks often call on thinking that requires a nuanced and subjective analysis. This is why a large part of the platform specializes in developing large language models, in complex image recognition,27 and in “sentiment analysis.”28 Polling companies can use this type of analysis to assess the general outlook of politicians based on the social media messages about them during a televised debate, or to rate the impressions a product generates by the comments posted on a consumers’ forum. In the US presidential campaigns of 2016 and 2020, Pete Buttigieg, Ted Cruz, and Donald Trump all used Amazon Mechanical Turk during their campaigns.29

      
      
        Gamification and Qualification

        As with all forms of digital labor, debate surrounds the nature of work on Amazon Mechanical Turk. Can a HIT be qualified as work? According to researchers who study microwork, Amazon invented Mechanical Turk so that it could outsource certain processes and reduce its costs.30 There is no doubt that Mechanical Turk is a commercial operation, built around client demand for digital labor. The workload on the platform is based on the working week. The weekly distribution of the HITs follows the calendar of the requesters, which runs from Monday, when the HITs are put online, to Friday. With tiny differences due to geographical time zones, workers complete these tasks between Tuesday and Saturday.31 Weekends are relatively quieter, and on Sunday, HITs seem to be accepted by older, less experienced Turkers with a full-time job the rest of the week.32 Turkers have access to a micropayment sheet that summarizes all the tasks they have completed and all the payments they are entitled to.

        However, the platform always tries to position these activities outside of work, and to characterize them instead as sociability and play. The interface gives Turkers the impression that they are on social media. The workers access Mechanical Turk directly through their Amazon account, where they can still do what anyone using Amazon does: shop and leave comments on products. The fact that many microtasks involve managing multimedia content (watching videos or reading reviews, for example) adds a fun element to the work and allows the platform to claim that there are few tasks of drudgery, and that its workers are also consumers. Additionally, the platform’s designers “gamify” the work: to assess the skills of the Turkers, many of the HITs are actually questionnaires resembling personality tests. The most skilled and zealous workers receive badges that they can add to their profiles. Profiles also display their performance scores, including, for example, the percentage of tasks completed and positive comments. The service emphasizes emulation, social interaction, and a sense of community in combination with visible control mechanisms.

        This “community” is not necessarily based on affinity and cooperation, and the playfulness often takes a competitive turn. Amazon Mechanical Turk makes users compete to access tasks. In most cases, these are only advertised for a short time, ranging from a few hours to a few days, and then vanish. Some workers install “HIT scrapers,” small software programs or web browser extensions that help them to select the microtasks that will make them earn more, and more quickly. After each task is completed, the requester evaluates the work and can validate the task or refuse to pay for it. Turkers receive payment in the first case; otherwise, they get nothing or even lose accuracy points. The fact that the requester can refuse to pay the Turker at any time is another aspect of gamification. It suggests that, for the platform owners, the monetary exchange between the two parties is only of minor significance. And indeed, Amazon tends to construe microtasks as symbolic incentives only, called “rewards,”33 and not as wages. In contrast, Turkers cannot be expected to work for free, because they tend to have lower incomes and are more likely to be unemployed than the general population.34

        To add to their economic difficulties, there are a large number of Mechanical Turk activities that are unpaid. They consist of tests that allow Turkers to gain skill certifications. According to a survey conducted by the International Labour Office on 1,100 microworkers, a typical week involved an average of 28.4 hours’ work, of which 6.6 hours were unpaid. Nearly a quarter (23.2 percent) of working time was therefore spent on unpaid tasks, which amounts to saying that “for every hour of paid work, workers spend eighteen minutes on unpaid prospection or preparation activities.”35

        In the event of a conflict between worker and requester, Amazon refrains from intervening. This “neutrality” exposes the Turkers to exploitative practices,36 to which there are two possible solutions: to negotiate directly with the requester, or to retaliate by evaluating the requester negatively. The ratings of predatory requesters are often displayed in “halls of shame” in dedicated forums. An advocacy group called Turkopticon developed a homonymous application that places a button next to each requester and highlights those whose reviews are available. At one point, the app became the standard reference for measuring the honesty of requesters because of the relative subtlety of its criteria (“communicativeness,” “generosity,” “fairness,” or “responsiveness”).37

        Gamification thus introduces competition, and mutual surveillance between users (both requesters and workers), as ways of disciplining work. It also enables Amazon to capture the value of the mutual evaluations data. As with Uber, where drivers and riders rate each other, requesters and Turkers of Amazon Mechanical Turk assess each other as well as the goods, content, and data that make up the microtasks. This labor of qualification is necessary for Amazon to be able to select the most motivated workers, and the most scrupulous requesters. And this, in turn, ensures that the marketplace for microwork continues to maximize the company’s profits.

      
      
        Monetizing Microtasks

        The contracts proposed by the platform to the microtaskers likewise attempt to skirt round the issue of employment. Using a “participation agreement” instead of work contracts, the platform avoids any suggestion of subordination between the Turkers and the platform or the requesters.38 As with on-demand applications, the platform depicts workers as independent contractors who “perform tasks for requesters in their personal capacity.” The platform systematically blurs its role as an intermediary and presents itself simply as an online resource in which requesters and workers spontaneously connect. Yet Amazon serves as an intermediary, and its monetization is another source of value that the platform captures. Three tools are used to this end: commissions on microtasks, the resale of personal data, and the Amazon payment service itself.

        For commissions, whenever a requester publishes a task, the price they pay to Amazon consists of the “reward” for the microworkers, and a commission for the platform. Officially, this can range from 20 percent to 40 percent of the amount paid to the Turkers. But there are added costs depending on the type of work required. If the requester wants their microtasks to be carried out only by expert workers (“Master Turkers”), they pay an extra 5 percent. If they want them to be carried out by specific segments of the population, they will have to choose between 132 criteria (“premium qualifications”: age, gender, education, sports activity, digital literacy, language, etc.), and pay an additional sum.39

        Amazon thus manages to earn the highest commission for every task posted by a requester. But there is another aspect to this higher price. The premium qualifications actually include personal information like education, location, and income that Amazon requires from its Turkers. This data can be monetized by charging an extra commission on microtasks. In other words, the microwork platform, as with other types of digital labor, engages in a systematic commodification of its users’ data from which it gains a regular income that is not redistributed to its workers.

        MTurk thus prospers through renting out the Turkers’ labor to clients and capturing their personal data in the process. This labor of monetization is, in addition to the labor of qualification routinely, carried out to keep the platform running. Another income source derives from the specific payment methods demanded by Amazon for posting HITs. The platform acts as a bank. It requires clients to purchase prepaid credits through Amazon payments before they can post a task. These credits can only be spent on Amazon services and the amount purchased must be greater than that promised to the workers. Amazon payment is offered both to the requesters and to the workers, who receive their “rewards” in the form of dollars on Amazon gift cards. They can leave them in their account, use them to buy products from Amazon, or transfer them to a bank account (although this last option is limited to the US and a few other countries). This further monetization allows Amazon to create cash reserves that it can invest elsewhere.

      
      
        The Third-Party Beneficiary

        Amazon has created an equilibrium in which requesters and microworkers constantly compete, while the platform extracts data from one group of users to sell to the other. Despite the tensions between workers and clients, by portraying the Turkers’ productive acts as play, the platform evades questions of fair pay and labor law. Logically, competition and play, which are inseparable from the methods of extracting value through qualification and monetization, should balance each other out. They allow Amazon Mechanical Turk to create a perpetual state of mistrust between microtaskers and requesters, without leading to a major conflict.

        With Uber, Deliveroo, and other on-demand platforms, labor disputes target the platforms themselves, their algorithmic management rules, and their terms of service. Due to their local nature, tensions tend to concentrate in one place, as anti-Uber rallies, customer boycotts, and courier strikes in cities all over the world have demonstrated over the last decade. Microwork platforms differ in that the work itself is remote and workers are dispersed geographically.

        Amazon has managed to present itself as completely neutral, a technical tool that disintermediates work, and fades into the background except when enabling communication between users. Thus, for the Turker, it is the requester more than the platform that resembles an employer. Conflict manifests itself as a dispute between two categories of users rather than as an employee lawsuit against the platform.

        I have already mentioned Turkopticon, which allows microtaskers to monitor requesters and comment on their behavior. Similar tools exist (MTurk Crowd, Turker Nation, TurkerView) that not only allow workers to review other users and HITs, but also to coordinate and document abuses. Amazon does not feel threatened by these online resources, and it doesn’t interfere with Turkers and requesters evaluating each other. On the contrary, by creating a competitive environment for users, it lessens their chances of organizing collectively. Moreover, as a tertius gaudens—a third party that benefits from requester and Turker disputes—Amazon captures the value of the ratings provided by microworkers and requesters, and thus makes the most of its role of multisided coordinator.

        Despite its efforts, Amazon has not completely avoided the crossfire. In 2014, Amazon Executive Chairman Jeff Bezos received “Christmas cards” directly into his email box from Turkers expressing their demands and grievances, especially regarding the platform’s design and functionality.40 The microworkers tried to describe the features that were directly responsible for earnings loss or for needlessly arduous work. Some asked for the creation of an independent arbitration panel to resolve disputes; others wanted to know the precise criteria for becoming a Master Turker; some challenged the negative reviews by their clients, resulting in an overall score decrease. These demands, which seemed to focus on technicalities, in fact showed how greatly users’ activities corresponded to what is known as “work” from a legal standpoint. According to Turkers, Amazon should assume responsibility for managing conflicts and promoting careers, just like an employer would. Bezos, who is known for his cavalier replies to emails, did not respond directly to the Turkers’ messages.

        In any event, the users’ protest was quickly stifled. It was mainly the “guild” of microworkers, WeAreDynamo, that suffered. This quasi union was created by American and Canadian researchers and activists who had connections with the creators of Turkopticon. Initially, its activity confined itself to exhorting requesters to maintain a level of ethical conduct in their recruitment and remuneration of microtaskers. Their campaigns did not seem to bother Amazon. However, when Jeff Bezos was addressed personally in the letter-writing campaign, the platform got wind of the fact that WeAreDynamo aspired to become a channel for union organization rather than just a tool for the Turkers. Amazon nipped this in the bud. As a requirement for becoming Dynamo members, workers had to verify they were Turkers by completing a short task. Amazon shut down the account Dynamo used to post those tasks, so the guild was unable to recruit new members and eventually fizzled out.41

        In the history of MTurk, this guild’s vicissitudes mark a crucial milestone and a first significant effort to organize. The way this initiative was stifled angered the Turker community and led to attempts to circumvent Amazon by inventing an ethical alternative to the Mechanical Turk. In the wake of the Dynamo debacle, researchers and workers created Daemo, an experimental service presenting itself as a “self-governed” microwork platform where power is distributed in a balanced way between requesters and microtaskers. Tasks, objectives, and pay were co-defined. A distinguishing feature of Daemo is that it was born out of a labor dispute and aimed to continue the tradition of cooperative self-management and control that existed well before the tech sector.42

        Ultimately, Daemo failed to compete with profit-oriented platforms such as MTurk and fell into oblivion, but it paved the way for subsequent platforms to comply with labor laws. Since 2019, LeadGenius has been positioning itself as “a software company with the heart of a social enterprise,” by offering mentoring between expert and novice microworkers, as well as pay in line with the living wage in the users’ countries.43 In 2022, Appen, an Australian platform with over a million microworkers globally, implemented a crowd code of ethics that emphasizes minimum wage payment, inclusion, privacy, and worker feedback.44 The following year, a consortium of German crowdwork platforms, which claim several million microtaskers, adopted an ethics code that outlines legal compliance, minimum pay, training, respectful interactions, job clarity, workers’ rights to refuse dangerous or questionable tasks, and data privacy.45 Even Google Deepmind, whose ethical standards are not legendary, incorporated into their internal operations the guidelines for responsible data supply chain management developed by the NGO Partnership on AI in 2022.46

        Although Daemo is an influential example, it doesn’t lessen the difficulty of collective mobilization in a platform economy. If Amazon refuses to assume its status as an employer, dissatisfied workers can of course go over to a competitor, but they will encounter everywhere the same modes of value production. While several platforms today emphasize the importance of organizational transparency and open governance, they practice the same type of microwork that enables requesters to outsource huge quantities of business operations at prices that are systematically lower than their profit margins. WeAreDynamo and Daemo’s experiences prove something else: microwork platforms are becoming hubs for protest movements. These movements have the potential to reform microwork by showing that the labor performed on them is “real” work, and that the platforms are employers with real responsibilities toward their workers.

      
      
        In the Wings and Behind the Scenes

        Like Uber, Amazon has been experimenting with autonomous technologies. Jeff Bezos’s company has launched a number of drone and robot delivery programs between 2016 and 2019, but they failed to meet expectations.47 However, Amazon’s innovation efforts mainly focus on capturing third-party value from its users’ productive acts, the labor of automation to feed its machine learning solutions. In addition to the labor of qualification (when users evaluate products and rate each other), and monetization (when Amazon resells data, takes commissions on HITs, and centralizes payment methods), humans also step in for machines in the “human-based computation” approach already discussed. That is, average humans do the work that intelligent systems and software are not capable of doing.48 In traditional machine learning, domain experts acted as a “teachers” and “supervisors” of the algorithms by annotating data and evaluating the model’s performance. Unfortunately, these specialists were expensive and ill-suited to working on large-scale projects. Moreover, science and technology projects today are often beyond the analytical capabilities of local research teams or of a single expertise field.49 This led to the adoption of a new method that relied on untrained individuals. Progressively, machine learning started using large masses of interchangeable nonspecialists, who could be paid less and hired by the task.50 Amazon clearly pioneered the second method, as the company discovered that crowds of microworkers were just as competent as a few hand-picked experts when it came to disambiguation in automatic text interpretation,51 creating sound archives of conversations to calibrate voice interfaces,52 and annotating images for the visual recognition of forms.53

        Microtaskers are thus almost indistinguishable from software units, as suggested by the design of the Mechanical Turk’s API, which makes it possible to publish a HIT in a single line of code. Imagine a company that wants to devise an application that can suggest places to visit in New York in real time. It can first make a file of tourist sites in the city, and then program some commands that will select a random entry from it when a user opens the application. But these random suggestions may quickly become irrelevant. To resolve this issue, the company can sign up as a requester on Mechanical Turk and replace the initial lines of code with others that will automatically launch two HITs: “Suggest an interesting place to visit in New York today,” and “Vote for the best place among those suggested.” These lines would look roughly like this:

        
          ideas = []

          for (var i = 0; i < 5; i++) {

          idea = mturk.prompt(

          “What’s fun to see in New York City?

          Ideas so far: “ + ideas.join(“, “))

          ideas.push(idea)

          }

          ideas.sort(function (a, b) {

          v = mturk.vote(“Which is better?”, [a, b]) return v == a ? ‐1 : 1

          })54

        

        Recruiting human labor can thus be as simple as pressing a button on an interface—quite literally. Other platforms have followed in Amazon’s footsteps: Scale AI for example, promises to have a task carried out on demand by human beings, with a simple line of code.55 Developers of mobile apps can call on microwork platforms to run their image recognition software (for example, a user takes a picture of a mushroom, microworkers adjudicate that photo against a database of mushrooms, and the app tells the user whether the mushroom is poisonous), audio transcriptions (a user records a conversation, microworkers transcribe small segments to create the full text), or information systems (users enter the words “lawyer + German commercial law,” microworkers suggest three profiles, chosen from the professional network LinkedIn).

        In these cases, humans play the part that platform designers conceived for machines alone. This blurs the line between automated work and work delegated to microtaskers. Automation boils down to a simple formula: a facade with engineers who boast of the spectacular performance of their machines, and a backroom where workers toil away at microtasks.

        But humans are not only substitutes for machines. An important element of Amazon’s business model and of other microwork platforms is teaching machines. Whether teaching a piece of software to recognize patterns in moving images, or to read text or interpret voice commands, machine learning requires large numbers of examples drawn from everyday experience, organized in pre-processed databases. Crowds of human users must produce the examples, perfect the databases, and check and sort the results produced by the machines. AI solutions often incorporate this process directly into their name. The “P” in GPT, for example, stands for “pretrained”: the AI model has previously been trained by human annotators.56

        These microworkers produce the sounds, images, and texts that feed the internet giants’ databases. Their tasks may include recording brief conversations, taking screenshots, or even writing short texts. But once these examples have been collected, they comprise just a mass of “raw” data that is often unlabeled, nonstandard, and contains duplicate or incorrect information. The work of streamlining and refining the data can be the most difficult and labor-intensive phase of machine learning.

        Developing a translation software, for instance, requires a large number of examples of conversations in several languages, as well as accurate annotations of each word to identify polysemy and idioms. Microwork naturally seems to be an excellent way of reducing costs and time. Microtasks are put in place to transform raw data into “annotated” data that can be used to train algorithms that perform various operations systematically and precisely. Here’s a simple translation algorithm: “Select a term ‘t’ in German, choose another language ‘a,’ and produce the equivalent term ‘t(a)’ that has the same meaning according to the examples contained in the United Nations terminology database.” But to ensure that it always selects the best possible pair of terms ‘t’ and ‘t(a),’ it needs to be repeated over hundreds of thousands of cycles for several values of ‘a.’ It is useful to compare it to other algorithms as well. Some of those are based on criteria that are more suitable (“Choose a term ‘t’ and a language ‘a,’ and select the entry ‘t(a)b’ from a bilingual dictionary”), while others are less relevant (e.g., “Choose a term ‘t’ and a language ‘a,’ and produce the term ‘t(a)s’ that begins with the same letter”). The machine “learns” by comparing different models and different ways of functioning. But then, as in school, it has to pass a test. It is at this point that humans come back into the picture, to evaluate the results by voting, measuring, and selecting the best outcome. What, for instance, is the best English translation of the German word Bild? Is it a “picture,” a “metaphor,” or the title of a Berlin newspaper? The context will tell us. Unlike machines, humans are excellent at assessing context. It is humans who will ultimately decide which algorithm has given the best answer.

        Obviously, these examples downplay other aspects of machine learning, namely the parameters used by the algorithms (the “software layer” in engineering sciences) as well as the computing power (the “hardware layer”). On microwork platforms, the “human layer” trumps them both. But its victory is bitter-sweet: the loss of dignity of work in the age of machine learning can be attributed to the informal nature of microwork’s contracts, the lack of visibility of human contribution to AI, the competition among workers, the low remunerations, and the considerable latitude given to platforms to make arbitrary managerial decisions.

        It is because humans’ work is so devalued that artificial intelligence is an ethical and social issue. As a result of platform architecture, workers are unable to see what the ultimate goal of their activity is, since their labor is divided into a variety of microtasks.

        Still, there is a deeper anthropological issue. Algorithms are artificial objects that must produce meaningful results in a human world, which they cannot experience. They do not inhabit a cultural and social environment, so they have to rely on humans to make sense of it. This need for pragmatic understanding has even been incorporated into the commercial names of Amazon’s services. Clients can now access MTurk workforce using an interface called “GroundTruth”—an allusion to the commonsense knowledge of the world that microworkers possess.57

        One of many paradoxes of digital labor is that the productive activity that allows Amazon to capture the value of automation is a dehumanizing process that reduces human creativity to small, data-driven tasks. And yet these tasks remain the most properly and irreducibly human facet of work in the age of platforms.

        
          
            The Trainer, the Verifier, the Imitator

          

          Is microwork going to stop someday? Will we still need it after we have trained all the AI models and annotated all the data? Isn’t this ‘human in the loop’ labor likely to be a temporary thing? Unfortunately, no. Here are a few examples from my own fieldwork in three countries.58 A microworker’s contribution to machine learning solutions is not limited to the preparation phase. I would summarize these three contributions as follows: artificial intelligence needs trainers, verifiers, and imitators.59

          The easiest contribution to illustrate is that provided by an AI trainer. An AI trainer is someone who prepares data for AI. A trainer operates before the algorithm is ready. Adriana is an excellent example. She lives in Belo Horizonte, Brazil. Today she’ll be taking pictures. It’s not her real job. She’s not a professional photographer. To make money, she just logs into a platform and performs microtasks: snapping pictures, annotating videos, transcribing conversations, and so on. Adriana’s tasks vary daily or weekly. Today, she has to take pictures of objects in her apartment. For this microtask, a particular object is specified: taking photos of her dog’s poop. For what purpose? Because these images will help a US company improve a robot vacuum cleaner image recognition algorithm. The small vacuum cleaner is still learning how to recognize objects. However, only if thousands of workers like Adriana feed them with enough examples of objects in an average apartment, like shoes, bags—and dog excrement, will they work. Adriana, the trainer, generates data for a technology that isn’t on the market yet.

          A verifier is, on the other hand, a microworker who improves existing technologies. Like Justine, who lives in Saint-Etienne, France. A few years ago, she joined a Chinese platform that recruits microworkers for a major US tech company. She says that doing microtasks is better than working as a waitress or secretary for a boss. The title she holds officially is “transcriber,” but she has been acting more as a “listener” over the past six months. She listens to conversations recorded by smart speakers. The people in the recordings speak French, sometimes with an accent from her region. The microtasks assigned to her involve listening to three to fifteen-second audio files that the smart speaker records. The number of files she receives in an hour may reach 170. It’s up to her to judge whether the smart speaker understood what the user said. A new file, for example, has just arrived. This is a very short audio sample that the smart speaker’s AI has tentatively transcribed. There’s something odd about the transcription: “Bin Laden the word then.” What does it mean? Is it dangerous? Is someone asking their smart speaker to look up the dead terrorist Osama bin Laden? That’s not what Justine thinks. After listening, she corrects: “Well, give it to me then!” In French, the two sentences sound quite similar.

          Justine’s case shows that verification microtasks are not about improving prototypes that are still in the development stage. Her smart speaker is already available on the market, sold as a fully functional device. This raises a disturbing question: how do you distinguish AI that works automatically from AI that works with human intervention to fix its bugs, sometimes in real time? AI imitators provide a clear example of the latter case.

          Miandrisoa works for European supermarkets but is based in Africa. As a matter of fact, he works for a company that makes intelligent cameras that are sold to supermarkets in Europe. It is even more accurate to say that he works for a small informal company in Antananarivo, Madagascar, which subcontracts workers to a company that sells intelligent cameras to supermarkets all over Europe. He commutes to his “office” every day. It’s a nondescript small house. Each room hosts 20–30 microworkers connected to a platform. In the garage, Miandrisoa works as part of a special team. It is the team’s job to “run” the smart cameras. His team monitors the stores remotely to prevent theft. It’s like being a security guard who keeps shoplifters at bay. Miandrisoa bookmarks the live stream when someone steals chocolate or wine. He then copies the bookmark link, pastes it into a text message, and sends it to a cashier, who intercepts the shoplifter. Nobody knows about Miandrisoa and his colleagues in the garage. Everybody thinks intelligent cameras send the text messages automatically. Some European supermarket chains purchased the intelligent cameras five years ago. Would anybody suspect that an AI solution hasn’t been developed yet? In five years, no algorithm has been implemented. It’s been five years of fake AI. Five years of manually watching, copying, and pasting to compensate for the lack of automation.

          Getting rid of “humans in the loop” is not going to be as easy as one might think.

        
      
      
        The Other Mechanical Turks

        Mechanical Turk was first patented in 2001.60 At the time, Amazon had only been around for seven years. During this early stage of the company’s history, Jeff Bezos already saw humans as the driving force behind future AI. Microwork powerhouses geared toward improving machine learning algorithms have burgeoned ever since: Apple, Facebook, Google, IBM, and Microsoft have created similar services, often in the form of internal platforms that manage sensitive industrial projects that are only accessible to workers after a more extensive selection and training period. Whereas access to Mechanical Turk requires only an Amazon account, these other platforms require workers to know manuals of several dozen pages by heart and to pass difficult tests. In 2004, Microsoft created the Universal Human Relevance System (UHRS) and, in 2008, Google developed EWOQ (which later became Raterhub), platforms where human microwork is used, among other things, to make a particular type of algorithm function correctly, the one used in search engines.

        The search engine Bing, for instance, is constantly scanned by “quality raters,” also called “judges,” who assess whether the results best answer the users’ queries. Judges have evaluation grids to assess search results. The most relevant websites end up appearing at the top of the results page, while malicious and lower quality sites are relegated to the bottom of the ranking. To find the “perfect” search results, human digital labor is essential. According to Microsoft’s fifty-two-page guide for its microworkers, if search engines were already reliable, they wouldn’t need human judges.61

        Google places ads on its results pages, to cash in on the popularity of its search engine. It thus uses the work of microtaskers not only to rank the results of a search, but also to make sure the search terms and the ads match each other. During their training, microworkers at Google Raterhub are instructed that their reviews are fed to automated decision-making algorithms and models.62

        Unlike Amazon Mechanical Turk, these services are not made available to third parties. The workers themselves can only access them through other microwork platforms (such as Clickworker), or through outsourcing platforms that specialize in information gathering, content filtering, or database management (Lionbridge, Leapforce, Appen, and OneForma, among others). These companies will sometimes pay higher rates to their microworkers, on average $13.50 per hour, which is almost double the US federal minimum wage. Some workers are initially recruited as self-employed or freelancers, others on part-time contracts, and still others on full-time contracts.

        According to my own research, piecework and more stable forms of remuneration may coexist from time to time. Usually they can be found in intricate networks of subcontracting platforms, often used to avoid employer responsibilities and protect proprietary information about AI. One platform might recruit workers, another might develop an online app to perform microtasks, another one might process payments, and so on. This multi-layered structure, dubbed “deep labor,” is a web of intermediaries, contractors, brokers, and suppliers that is reminiscent of the complexity of deep learning neural networks.63 All this makes it hard for workers to know who they are working for, what they are doing precisely, and how much they are earning.

        Other big tech conglomerates have adapted their methods, depending on the nature and sensitivity of the work. In the past, Apple has used piecework apps like TryRating to improve its Apple Maps, but more recently it has entrusted “fixed-purpose workers” hired by IT firm Globetech to grade Siri’s recordings of users in private conversations.64

        Mergers and acquisitions further complicate deep labor chains. One microwork platform originally known as Spare5 changed its name to MightyAI, was acquired by Uber, and was eventually sold to Aurora Innovation. To transcribe texts, label images, and assess natural language queries, its 200,000 workers use their own smartphones. Their tasks also included the training of automated vehicles and data preparation for IBM Watson, which won the TV game show Jeopardy in 2011.65

      
      
        You Say “Freelancers,” I Say “Microworkers”

        Amazon Mechanical Turk pioneered the global microwork market. While contributing greatly to the development of machine learning solutions, the platform has also revealed that there is no such thing as a truly “artificial” intelligence.

        But let’s unpack other ways that digital giants delegate their microwork to companies that are part of their own ecosystem. These use more varied contractual frameworks than piecework alone. Microtasking sits alongside other forms of outsourced work, for example, crowdsourcing, “working from home,” and freelancing intermediated by web services, which traditional companies have practiced since the 2000s. These recruitment methods have won the day particularly in the creative professions such as graphic design, accounting, specialized writing, and IT. In particular, COVID-19 has resulted in the adoption of remote work in the short term. The health crisis has been described as a successful “work-from-home experiment.”66 Prior to 2020, telework was only available to employees under specific contracts.

        Despite its popularity, telework isn’t replacing traditional work. Work at home doesn’t cover the full range of jobs. Even in high-income economies, only one-third of existing jobs can be performed entirely at home, with significant variations by industry and location. In lower-income countries the rate drops to as low as 10 percent because of economic, occupational, and infrastructure constraints.67 Even when telework is possible in principle, not all workers have the right equipment (computer, broadband, printer, headphones, etc.) and a home workspace.

        The pandemic hasn’t generalized preexisting telework, but it has opened up a new type of technology-mediated contingent work, which is focused on digital platforms. Both microwork and freelancing are available on these platforms.68

        Freelancing in principle draws on a more qualified and better-paid workforce, which carries out complex assignments or projects. Microwork, on the contrary, represents a general trend toward insecure and poorly paid work for “intelligent crowds.” Is the latter simply a byproduct of the former?

        There is evidence to support this conclusion in two World Bank reports, published in 2015 and 2023. Titles emphasize the “global opportunity” and “promise” of online work to set the mood.69 The World Bank researchers take a resolutely international approach to exploring online platforms that promote online work, which is sometimes characterized as microwork (Amazon Mechanical Turk, Figure Eight, etc.), and sometimes as freelancing (Upwork, Freelancer, etc.). The analysis also pulls data from five major platforms, tracked by the Online Labour Index of the Oxford Internet Institute.70

        The 2015 report states that “often, microwork and freelancing overlap, the main difference between them being the size and complexity of the tasks, as well as the payment proposed.” The focus in 2023 is on the “lower barriers to entry” of microwork over online freelancing. So microtasks are seen as a way to generate income for unemployed and underemployed people “with few or no specialized skills.”

        Despite being characterized as less skilled and unemployed than freelancers at the beginning of the reports, the data show that microworkers tend to be younger, already employed, and have a good level of education. In contrast, freelancing platforms are mostly for people looking for work, and they’re usually in the thirty-five to fifty age range.

        There is also another relevant phenomenon between 2015 and 2023: the growth of the estimated population of online workers from a few dozen to hundreds of millions. Even though platform workers’ numbers should be treated with caution,71 the figures can help clarify the relationship between microtasks and freelance work. According to the 2015 report, 47.8 million workers were registered on platforms, of which 42 million were on freelancing sites and 5.8 million on microwork service platforms. The situation had radically changed by 2023. The more recent report estimates that there are between 154 and 435 million online workers worldwide. The lower estimate is the number of online workers, mainly freelancers, who use platforms for their primary source of income. Microworkers are more likely to be found among the rest, who use online labor platforms as a secondary or marginal source of income. The estimates show that online workers, both freelancers and microworkers, make up between 4.4 percent and 12.5 percent of the global labor force.

        These numbers may seem overinflated, but they read as conservative when compared with the platforms’ own user statistics. In the mid-2010s, platform self-reported figures were already staggering: Freelancer, ZBJ, and Upwork alone claimed to have 51 million users, plus 41 million workers counted by Taskcn, Crowdsource, Microworkers, Epweike, and Fiverr. Pandemic shock and lockdowns led to a greater influx of new online workers reported by platforms. The Australian giant Appen declared “a record number of new contractor applications,” which “has further added to the diversity of [their] crowd, and to the depth and breadth of [their] contractor skill base.”72 The German platform Clickworker proudly announced climbing from 800,000 to 2.8 million registered workers in 2021.73 According to a 2023 report from Upwork, 64 million Americans, or 38 percent of the US workforce, worked as freelancers.74

        As compared to these figures, microworkers are on a completely different scale, far outnumbered by the freelancing giants. Amazon has barely 250,000 Turkers.75 According to the data published by Oxford’s Online Labour Index, a total of sixteen million microworkers can be accounted for across fifty-five platforms worldwide. This represents 10 percent of all online workers. I believe this estimation to be very low. A number of local platforms, all proprietary platforms like Google’s Raterhub and Microsoft’s UHRS, as well as several freelancing platforms offering microtasks do not figure into these calculations.76

        Even if we attempt to be optimistic about the “global opportunities” offered by online labor, the World Bank’s theoretical framework is highly questionable, and indeed seems to have a structural flaw. The logic underlying the two reports is that microwork platforms generate a global labor market in which younger and more skilled workers have higher productivity, receive less pay, and perform less skilled tasks. In contrast, freelancers are mostly older and less skilled. But, contrary to expectations, they get higher pay and work on more high-value projects. If this were true, the standard economics descriptions of labor markets, in which older and less skilled workers are offered lower-wage jobs, would be completely incorrect.

        What this contradiction suggests is that microwork cannot be restricted to specific platforms. It is an inherent part of the platform-based remote work, sometimes indistinguishable from freelancing. After all, the World Bank researchers themselves admit that users of freelancing platforms also carry out a lot of less skilled work. They participate in online video games (in order to train bots to play, or else to obtain credits, a practice known as “gold farming”), or they share and like specific brands, to optimize their online presence in line with the indexing algorithms (a practice known as “cherry blossoming”).77

        By overrepresenting high-skilled tasks (like software programming, legal advice, accounting, and IT systems management), institutions like the World Bank promote online labor. But microwork is undeniably on the rise. The 2023 report identified 545 online work platforms across the globe. Nearly three-quarters of these platforms are local platforms. 40 percent of their traffic comes from low- and middle-income countries like India, the Philippines, Indonesia, Pakistan, Nigeria, Brazil, and Mexico. These are countries where microwork is more common than freelancing. In the Global South, issues relating to connection speeds, equipment and international payments can be obstacles to pursuing real freelance careers. As the authors of the first World Bank report conceded, almost reluctantly, that the only form of work that can be proposed by all these platforms is microwork: “Online outsourcing is most effective and most likely to function like a truly global market when the task is less complex and involves fewer local institutions and less communications. It is easier to outsource online sign-up to websites, search and click, and vote, than medium to high complexity tasks such as web and software development, and customer service.”78

      
      
        Undocumented Microwork

        If we look closely at how the platforms that present themselves as freelancing services operate, the paradoxes I have just pointed out seem to disappear. After all, how can these platforms base their business model on the completion of complex tasks while attracting a workforce willing to perform simpler ones? How can they at once promise requesters a high-quality, cheap service, and promise workers attractive pay?

        The answer lies in the process of reintermediation by which complex tasks are fragmented and allocated to microtaskers. According to researchers from the Connectivity, Inclusion, and Inequality group of the Oxford Internet Institute, who have studied this aspect, reintermediation is in reality concealed: only the faces of users are visible on the platform, “but behind a face there is often a small network of organized people.”79

        Reintermediation happens when some workers acquire a direct connection of trust with a client. As a result, these workers turn into intermediaries themselves, taking on more work than they can handle personally, hiring other workers on the platform to help.80 This is visible in the distribution of earnings on these platforms. Their workers can be divided into two distinct groups. On one of the largest platforms, Upwork, most users earn only a few dollars a month or do not even manage to get tasks assigned to them.81 On the Chinese giant ZBJ, the situation is even more extreme. Data analysis shows that almost 80 percent of workers have earned less than $10 in total, over six years of activity.82 Of course, that could mean that most users on these platforms are only (very) occasional workers, and that there is a very high turnover rate. A user signs up, creates an account, performs a task, and then forgets about the profile. This is also a reflection of the fact that there are many unpaid tasks on these platforms. Yet another important insight is that, compared to those who earn barely any money, a very small percentage of workers earn large amounts on these platforms, sometimes several thousand dollars per month. This “elite,” which on ZBJ amounts to barely 0.4 percent of users, consists of subscribers who, because of their seniority or their reputation, can convince clients to give them more complex and better-paid projects—that only experienced freelancers can handle. They then fragment the projects into microtasks and delegate them to other workers, often off the platform to avoid the commission fees.83 The other workers carry out these tasks for less pay. Above all, these tasks are not displayed on their profiles. Consequently, their experience and reputation ratings do not improve. The reintermediated microtasks are farmed out through informal channels such as email and private messaging, so they do not feature in platform figures; they can be considered unreported (micro)work. This widens the gap between the elite platform workers, often posing as freelancers, and the microtaskers even further. The former receive more and more work, and can even start bargaining or offer discounts to some requesters.84 Meanwhile, microworkers lacking the qualifications and the direct access to clients, fall into a “poverty trap” on the platform.

        However, intermediaries aren’t just profiteers who rely on their reputation and seniority to earn a steady income. They, too, must prospect for work, make contacts, manage their relationship with the requesters, and also train and supervise the other microworkers. It’s not uncommon for them to translate requests into their local language, write guidebooks, and oversee the quality of results. Above all, they must reduce, standardize, and fragment complex projects into microtasks, which they then have to reintegrate into a final deliverable.

        One of these elite workers says: “I wear the proofreader’s hat, editor’s hat, whatever else that’s left and they [local subcontractors] do just the raw transcription. [. . .] I look at myself as someone who is employing other people.”85 Behind the smokescreen of freelancing, which is paraded as being enriching both financially and in terms of professional experience, the countless invisible ramifications of platform work prove that microtasking is indeed its basic and constant form.

      
      
        One-Click Offshoring

        Even in the absence of the reintermediation specific to some platforms, the separation between an elite workforce and a mass of less visible workers with no bargaining power reappears on microtasking sites. On MTurk, this division is expressed between different populations of users whose activity follows, roughly, the Earth’s rotation. When the clock strikes 6 p.m. in San Francisco, American Turkers usually finish their day. That’s when Indian microtaskers in Bengaluru start getting down to work. As for the North/South distinctions, in the North, relatively specialized American women go online to supplement their income, while in the South, it is less specialized Indian men, who are often entirely dependent on the platform for their livelihood.

        The political economies of online microwork thus vary from country to country.86 The availability of tasks at certain times, differences in internet connectivity, levels of language proficiency, computer security issues, and stipulated payment methods all generate major inequalities in the incomes to which microworkers can aspire. Non-US users denounce these global asymmetries87 and compare their devalued condition to that of sex workers, fast-food staff, or agricultural day laborers.88 Since no national borders determine the allocation of tasks on the internet, the traditional geographies of work are disrupted. Before the 1900s, labor was localized and rooted in a specific territory. Today, the platform economy recruiters come mainly from the richest countries, and the labor supply is dispersed across the globe.

        Data flows between the Global South and the North suggest that since the early 2010s the majority of those requesting digital labor on English-speaking services are concentrated in the United States, Canada, Australia, and the United Kingdom, while the bulk of microtaskers live in the Philippines, Pakistan, India, Indonesia, and Bangladesh,89 as well as in the Middle East.90 The clients of microworkers in French-speaking Africa, and in Portuguese- and Spanish-speaking Latin American countries, are located both in North America and Europe.91 Digital labor configurations thus reflect significant inequalities across the globe—as well as cultural, linguistic, and economic dependency.

        For example, microtasks involving managing and sorting information are delegated to inhabitants of middle- and low-income countries in line with recognizable North–South relations of economic dependence (offshoring, foreign direct investment, and so forth). As with traditional outsourcing practices, investors are attracted by the availability of labor and its low costs. Another major advantage is the modular and flexible nature of this type of “micro-offshoring”: gone are the days when only large corporations would open offices abroad. Platforms enable small and medium enterprises to access the global workforce. It’s not necessary to set up shop in a foreign country to hire those workers. The smallest startup can outsource a few tasks for a few hours.

      
      
        The Mirror of Unemployment

        The geography of microtasking mirrors the globalized labor market and its inequalities. The ILO’s World Employment and Social Outlook 2023 indicates that worldwide there are 473 million workers who are without a job and seek one, resulting in a global “jobs gap rate” (a new statistical measure of unmet employment needs around the world) of 8 percent in high-income countries, while in low-income countries the rate goes up to 20 percent.92 Additionally, there are two billion people who work in informal arrangements. Actually, 46.6 percent of the workforce worldwide consists of self-employed individuals, both workers who work for themselves, and unpaid family workers. Again, there are notable differences between countries, with Norway having 4.7 percent of self-employed workers and Colombia having 53.1 percent.93 Across the Global South, where working-age populations are growing steadily, individuals compete for both formal and informal jobs—and for microtasks. Workers from low-income provide the bulk of the workforce for microtask platforms across the world.

        Taken globally, high unemployment rates and informality go hand in hand with increased occupational risks and inadequate social protection. Microwork flourishes particularly in countries without sufficient employment protection (no agreed pay standards, no guarantees against dismissal, and no rules regarding temporary work).94 Even in the United States, unemployment and use of microworking platforms are strongly correlated, especially among those with lower education levels.95

        Microwork draws on large quantities of unpaid and casual work, without social protection. Only 30 percent of the working-age population is covered by comprehensive social security systems that cover everything from child benefits to old-age pensions. 4 billion people are only partially protected or completely unprotected.96 Especially in Africa, the Arab states, and Asia, social protection isn’t comprehensive or adequate. It is often restricted to small sections of the population, primarily standard public- and private-sector workers, with the costs falling (in part or entirely) on the employer. Since state social protection programs applicable to all are often absent in these countries, rural workers, the self-employed, part-time employees, very small businesses, and the entire informal economy have no safety nets. In addition, the coverage of social risk is not uniform, with some areas often omitted, such as maternity and disability.97

        The new generations entering the globalized labor markets are thus in the confusing situation of both working, and being excluded from the social protection and stability that should be associated with employment. They are vulnerable to the promises of on-demand work and microworking made by the platforms. Platforms entice the candidate with the prospect of abolishing geographical boundaries, getting into “direct” contact with potential employers located in richer countries, and maybe even engaging in exciting IT careers.

        Microwork is marketed as an alternative to standard employment. In reality, it is a reflection of unemployment, with standard employment being unattainable. In low-income countries, even more so than in Europe or North America, businesses and policymakers praise microwork as the best and “only possible future of work.”98 Their giddying rhetoric is full of clichés about personal autonomy and saying goodbye to long working days, expensive transportation, and annoying workplace hierarchies. The idea of flexibility is particularly seductive, conveyed through the buzz words of “working at your own pace,” “having no boss,” and “becoming an entrepreneur.” The low wages, piecework, and precarity inherent in this kind of work are swept under the carpet.

        In this context, some platforms advertise conditions that are more respectful of the expectations and needs of the populations that make up the recruitment pool for microwork. Since the Rockefeller Foundation introduced digital jobs initiatives in Africa aimed at extending economic and social benefits to non-employed populations, “social leverage” has become increasingly important to big tech companies investing in third countries.99 According to its inventors, “impact sourcing (IS) employs people at the base of the pyramid, with limited opportunity for sustainable employment, as principal workers in business process outsourcing centers to provide high-quality, information-based services to domestic and international clients.”100

        An early example of a platform designed to combine microwork and impact outsourcing is Sama. Founded in 2008, it started as a nonprofit, then transitioned to a hybrid for-profit model in 2019. The social mission focuses on providing earning opportunities; microworkers are from populations living below the poverty line and who suffer long-term unemployment. Workers are allegedly trained in computer skills and paid a living wage that is indexed to the cost of living in their country of residence.101 Due to the lack of connectivity and equipment in Kenya and in Uganda, Sama has built centers where workers can perform microtasks. This can happen when the projects are highly sensitive (as when moderating violent content for Meta) or secretive (as when working for OpenAI to train data prior to ChatGPT’s release). Workers can perform microtasks from home for low-sensitivity projects. Workers utilize SamaHub, a proprietary microwork platform that is adapted to the requirements of the clients.

        Since the discovery of the terrible toll taken on Facebook content moderators’ mental and physical health,102 the low salaries for ChatGPT annotators,103 repression of the unionization drive and mass layoffs in their Nairobi office,104 Sama’s reputation as a “responsible employer” has been badly damaged.105

        Other impact sourcing platforms use entirely remote workforces. The French company Isahit, with services including content moderation, video filtering, photo tagging, and expense report entry, has its microtasks carried out by women living in mainly in African countries such as Cameroon, Côte d’Ivoire, Nigeria, and Senegal.106 According to the platform, the daily rate is equivalent to $22, which is ten times higher than the minimum rate needed to get above the extreme poverty line. While there is no guarantee that enough microtasks will be available to obtain the proposed monthly compensation (between $54 and $136), the program is particularly attractive to those who would otherwise be unable to receive such wages.

        However, the employability of microworkers is not these platforms’ priority. Although Isahit encourages women to open bank accounts and exit the informal economy, it does not create formal employment. In order to do microtasks, workers have to declare themselves self-employed.107

        The purpose of these platforms, despite their social impact facade, is mainly to convey entrepreneurial values to the women who microwork for them and select them on the basis of their ability to develop a business idea, which must be approved before they can use the platform. Prospective workers, or “hitters,” present slogans in short videos, to show that they can create and manage a company. One aspiring hitter, a bracelet maker from Côte d’Ivoire, describes the platform as a “gas pedal” that will give her the means to “scale up” her business;108 a student from the Republic of the Congo hopes her clickwork will allow her to “showcase [her] marketing skills”;109 another woman from Côte d’Ivoire is awarded the title of “hitter of the month” and thanks the platform’s “financial support” that helped her open a small accounting consultancy firm and “start prospecting for clients.”110 Behind these enthusiastic testimonials, the reality is dim. In several African countries, Facebook groups and discussion groups have been created by “hitters” who complain about low wages.111

        The concept of impact sourcing sits at the crossroads of microwork and microfinance—a humanitarian movement that aims to give very small loans to impoverished borrowers who lack collateral, steady jobs, or a credit history. Some have branded impact sourcing as “philanthrocapitalism,” which combines a spirit of charity with today’s massive trend toward digital labor platforms. The analysts most critical of this phenomenon maintain that the discourse of economic empowerment of the most disadvantaged citizens in low-income countries in fact conceals a logic of domination and spoliation masquerading as social responsibility.112 However ethical these services try to be, they do nothing to help establish public welfare services or collective systems of mutual solidarity. Even if microworkers receive adequate pay, they encounter the same old problems: The hourly rate does not automatically mean an improvement in living conditions due to variable workloads; they have no power to choose the tasks they perform; they do not benefit from the social protection of standard employment; and their rights and skills are not transferable from one platform to another. Moreover, impact sourcing platforms work with corporations that are only really interested in cheap labor for machine learning, content moderation, and transcription. Thus, however genuine their social and ethical goals, these platforms end up being part of the sweeping tide of outsourcing and international social dumping that is ultimately a global race to the bottom in terms of wages and working conditions.

        The competition introduced between workers from industrialized countries and workers on microwork platforms in the South is particularly problematic. So, although impact sourcing seeks to reduce inequalities through fair employment, it potentially fails on two counts: it does not really encourage formal employment in the Global South, and it increases inequality and insecure work in the North.

      
      
        Voluntarily Chained: Embracing Microwork

        There is a close connection between offshoring and platformization. Companies in high-income countries assign computation and data management tasks to microworkers in low-income countries, forming “global value chains,”113 which can continually add or subtract new workers to adapt quickly to changes in both markets and management decisions. Offshoring decisions are based on efficiency and transaction costs, even when they involve microwork platforms. In richer countries, companies intentionally maintain market power asymmetries to increase their surplus and keep contractors from upgrading.114 Meanwhile, they keep the cost of resources imported from low-income countries low—and this includes labor costs. They often create excess capacity by fostering competition among their suppliers. Digital labor platforms exhibit this same trend toward labor surpluses and stiff competition between microworkers.

        Adaptability is undoubtedly an important asset for microwork platforms, giving them an advantage over traditional forms of outsourcing—which are progressively turning into platforms, too. The digitization of logistics and production chains is increasingly being observed in certain services, such as call centers and remote support teams, and in specific sectors like fashion.115 Actually, there’s no clear line between traditional offshoring and platforms. Both derive from earlier organizations that disaggregated information-intensive functions into smaller units.116 Both are technology-driven and aim to operate as virtual organizations using remote service providers.117 And both pursue business process outsourcing and reduce their costs through global labor arbitrage.

        It is little wonder, then, that global value chains are not composed solely of digital pure players, like Amazon MTurk, but also of private and public sector companies, bigger and smaller, both formal and informal. Each of them is engaged in the process of platformization. For these firms, microwork transforms the very nature of the tasks that are being outsourced. No longer is it activities with low added value (accounting, IT support, customer services), but the very core of their new business models, namely the training of AI and algorithms. Since data management and automation are essential to these companies, digital labor platforms are providing services that are absolutely central to all companies undergoing a digital transformation.

        However, global outsourcing chains are not the only way that platforms allocate information processing tasks to human beings. The outsourced microwork discussed so far effectively expands a company’s pool of available workers geographically. The relationship between workers and platforms, even if the activity is generally piecework and workloads fluctuate, can still be defined as a relation of production (Produktionsverhältnis). This Marxist concept describes the social relationships essential to the production of economic resources. There are certain production relations that lead to the formation of slavery, serfdom, and wage labor. Microwork, and digital labor in general, can be viewed as a result of other relations of production associated with the emergence of platformization.

        Another approach adopted by certain large platforms is to outsource work directly to the consumer. This, too, is a relation of production. For example, companies can ask consumers to label images or transcribe short messages in the course of their daily browsing, or as part of an online game, using applications specifically designed to extract free work.

        Alphabet has been able to develop unpaid microwork better than other platforms because of its size, the critical mass of its users, and the quasi monopoly enjoyed by its services of search and app market. Crowdsource, an app by Google, was launched in 2016. It openly requests its users to contribute to the improvement of artificial intelligence systems. Users choose a category of tasks to perform, such as translating sentences, describing images, or confirming whether an urban landmark is visible in a photo. The application is doubly “free”: Crowdsourcers do not pay to use the app, and clients (which in this case are all Alphabet subsidiaries) do not reward the work done.118 This work is clearly framed as a joint effort by a community of enthusiastic Alphabet users in the interest of humankind as a whole. The FAQ page reads: “Will I get paid for my answers? No. Crowdsource is a community effort—we rely on the goodwill of community members to help improve the quality of services such as Google Maps, Google Translate, and others, so that everybody in the world can benefit.”119

        Instead of micropayment, users earn badges that allow them to level up like in video games. Moreover, users are shown “agreements” that indicate how many times others have given the same response. So, by “agreeing,” the microtaskers themselves are the ones who endorse each other’s work. The app Crowdsource extends the logic of reciprocal grading and gamification of microwork described previously. The few cents that the Turkers earn for each task are replaced here by purely symbolic rewards: having fun, while “improv[ing] Google both locally and globally.”120

        There are more than one million users on Crowdsource, but this is a relatively small number for Alphabet. Nevertheless, it reflects a general trend across Google’s services, namely making users work for free. It combines several features present in other platforms. Google Translate, for example, a much more common tool, is based on this same principle. Users enter sentences or text samples in one language, and these are automatically translated into another language. At the same time, the application encourages users to suggest their own alternative versions, thus turning them into unpaid translators and simultaneously into trainers of artificial intelligence, since the texts also feed into a “neural machine” called Google Neural Machine Translation. This is not the first time Google has called upon myriads of amateur translators, since from the outset it has relied, as the linguist Ignacio Garcia explains, “on crowdsourcing to translate its interface into many ‘minority’ languages.”121

        The same process also optimizes the predictive text algorithm that suggests search results in real time on the Google search engine. According to communication and linguistics scholars Amanda Potts and Paul Baker, “each query to Google has two effects: the first, visible result is that the user is shown a series of ‘responses’ to his or her query, ordered by ‘relevancy’; the second, more inconspicuous effect is that the entry of any query essentially casts a vote vouching for the popularity of the search string.”122 The users of these services, though unpaid and unacknowledged, are conscripted into microtasks just like the “quality raters” of Raterhub or the users of Sama, to whom the same Google offers remunerated computing work.

        Among the wide range of Google services that require active participation from users, the “Quick, Draw!” open online “AI experiment” pushed the logic of gamification to its extreme: “Can a neural network learn to recognize doodling? Help teach it by adding your drawings to the world’s largest doodling data set, shared publicly to help with machine learning research. Let’s Draw!”123 The app challenges users to draw a random object on the screen of their smartphone: “Draw me a horse, or a swing, or a tree, in less than twenty seconds,” the app exhorts. While users try to demonstrate their artistic skills, a neural network starts guessing what the object is. The network is called a “generative adversarial network” because it learns by playing against an opponent124—in this case a human being. The machine thus tests itself in shape recognition, and eventually “learns how to learn.” Between 2012 and 2019, Quick, Draw! collected a massive dataset of fifty million handmade drawings, divided into 345 categories,125 from which the neural machine can identify hundreds of common objects, each backed up by hundreds of thousands of images used as models for recognition and for checking the accuracy of the results.126

        In promoting this app, Alphabet has never mentioned making profits for a private company. Users are told they’re expanding the frontiers of science and working selflessly. They are not wasting time doodling; they harbor a noble passion that should be fostered by joining a community devoted to furthering automation for Google.

        This is where algorithms become an ideological narrative, which the platform leverages to conceal the work required to update and develop its services. Although Alphabet is a company saturated with a technological language of computing and computer engineering, as the sociologist Paško Bilić explains,127 its algorithmic fantasies are also infused with a missionary spirit, which assigns a quite different value to the generous participation of unpaid users and to the paid microtaskers located in third-party countries.

        It is American or British users who, “for fun,” devote their time and data to artificial intelligence, contributing nobly to the cause of complete automation, while microworkers who perform the same tasks from Venezuela, Kenya, or the Philippines, are hidden as an embarrassing reminder that the prophecy of automation has yet to be fulfilled.

        This vision of AI as a journey of the human spirit is also characterized by other tensions. With the popular reCAPTCHA system, it’s precisely the opposition between the “humans” who solve it and the “robots” they prove not to be that makes the free microwork of reading short sentences or recognizing traffic lights more valuable. ReCAPTCHA is activated whenever it is necessary to authenticate users as, for example, when trying to retrieve a forgotten password or post a comment on a private forum. Initially, all users had to do to demonstrate that they were “not a robot” was to transcribe two distorted words from texts scanned in the Google Books catalog. The platform already knew the solution for one of these words; the other word was illegible to the “bots,” the text recognition software. The new version of this system, with the unlikely name of “No CAPTCHA reCAPTCHA,” follows the same principle, but presents microtasks of a different kind, such as matching ten images of animals, objects, road signs, etc. The first image is known (for example, it already contains the description “cat” or “storefront”) and it can be used to compare the other nine, which may or may not contain an object of the same type. As they click, users help detect locations and reconstruct scenes, to enhance Google Images, or perfect Waymo’s self-driving cars. The irony here is that a service that is supposed to distinguish humans from robots is actually making humans work to produce robots.

        Although I have argued elsewhere that reCAPTCHA provides an example of “concealed digital labor,”128 Alphabet clearly does nothing to hide it. On the contrary, the reCAPTCHA home page champions its ability to turn humans them into “human bandwidth” for its information flows, and claims to “benefit people everywhere.”129

        This has been the company’s position from the start. Luis von Ahn, the system’s designer and a recognized specialist in human-assisted computing, said as much in a 2008 article published in the journal Science. He even estimated how much human labor the first iteration of this technology would displace, namely “more than 1,500 people deciphering words forty hours a week (assuming an average rate of sixty words per minute).”130 Clearly, his idea wasn’t to replace the human workforce with a machine. Instead, it was that technology could offer a cheaper outsourced alternative to that, arguably remunerated, work. This was the same kind of calculation as the one made by the designers of Amazon Mechanical Turk in 2005, when they speculated on whether it would cost them more to pay thousands of people full-time for manual data deduplication in their catalog, or whether they should outsource this work. The answer is now known, and in their case the solution was to pay their Turkers on a piecework basis. Google reasoned in the same way, but the incentives provided to its microtaskers were different. For some, who have no choice, reCAPTCHA is a chore they must get through to continue with their navigation; for others, namely the myriads of volunteers who further machine learning, it is a matter of supporting the grand oeuvre of artificial intelligence, and contributing, in the words of von Ahn, “to the digitization of human knowledge.”131

        What’s more, as I have intimated throughout, there is a continuity among paid outsourced and atomized labor, and another form of labor, consisting of the same tasks and acts, but presented as free and enthusiastic contributions. The same “human computation” services that microworkers perform—in exchange for very little pay and sometimes under duress—is possibly performed by billions of workers of another type, without any pay at all. This is where microwork morphs into the third type of digital labor: the labor performed on social media.

      
    
  
    
      
        5

        Social Media Labor

      
      Few people using Facebook, Instagram, or other social media platforms see sharing content with friends as “work” in any traditional sense. That applies more to individuals who appear in the media as content creators, influencers, digital marketers, and authors. They are often portrayed as successful businesspeople. But as you may suspect, having read this far, even for average people, publising photographs, articles, and videos and commenting on others’ posts are forms of networked labor. In fact, those who perform it have more in common with blue-collar workers than with creatives at the highest level. Especially when they are just regular everyday users.

      The two types of digital labor discussed in the previous chapters give us the perspective necessary to see how social media platforms create value through qualification, monetization, and automation. Social media users’ work is less conspicuous than that of on-demand workers like Uber drivers or microworkers like those on Amazon Mechanical Turk, since the allocation of tasks is less systematic. As with these other digital workers, virtually all social media users do not have formal employment contracts or contractual affiliation to the platform. Yet, just like in the other cases, these workers receive incentives for completing their tasks. These incentives to perform certain actions on social media may be symbolic (reputational rewards) or economic (in the form of money or commercial bonuses).

      I am certainly not the first to argue that the demands that social media platforms place upon their users (to engage with content, to connect with others, and to contribute time and attention) amount to “free work.” These demands have led to controversies over the past two decades, between those supporting and opposing the idea that being online could be considered as work. And yet these discussions have not generally captured the diversity and complexity of remuneration and labor—whether one considers “organic” social media users (consumers, fans, readers, and spectators) or professional participants (influencers, commentators, and public figures). On social media, “organic” users’ work is concealed and unpaid. It may range from investment in creating or polishing a profile to monitoring invitations to visit a website or to open an app. In all cases, using social media relies on others’ paid labor, in particular the work performed by moderators, influencers, and the countless hired hands, who produce vast volumes of ratings, shares, and “likes” of all kinds, including from “click farms” in China or Thailand. The status of “content producer” thus encompasses a wide range of roles and a range of contractual arrangements, well beyond the notion of voluntary work.

      Because platforms make great efforts to disguise this work, its drudgery, its lack of independence, and its cost, it’s not surprising that few workers interrogate this kind of work directly, and fewer still organize and engage in industrial action. Most often, though, labor disputes appear under the guise of questions about the principles of platform governance, the definitions of the boundary between private and public, the regulation of intellectual property, online civility and social relations, and, more recently, payment for user-generated data and content.

      
        Work in the Age of the “Produser”

        Every year, TIME magazine’s December issue features a “person of the year.” This isn’t always an honorific, and the distinction has gone to both Vladimir Putin (2007) and Elon Musk (2021). In fact, personhood isn’t strictly a requirement. In 1982, the magazine celebrated a “machine of the year,” the computer. In 2006, the cover again showed a computer screen and three letters: YOU. That year, the magazine championed a “revolution” represented by “the small contributions of millions of people” on social media platforms. The editorialist Lev Grossman wrote the history of digital media not in the usual way, as one of consumption of information and entertainment services, but of work. For years, he pointed out, we internet users have not only viewed online content, “we have also worked. Like crazy. We made Facebook profiles and Second Life avatars and reviewed books at Amazon and recorded podcasts. We blogged about our candidates losing and wrote songs about getting dumped.”1

        From blogging platforms to multiplayer online role-playing games, to friend- and job-finding sites, to video-, image- and text-sharing pages, social media platforms seemed at first to be, as billed, a means of producing one’s own media and sharing it with one’s chosen community. But they also rapidly became content archives, inspiring traditional media to use these sites to cement audiences and recruit talent. Brands encouraged consumers to contribute to social media sites, and “markets” themselves were replaced by “conversations” about products.2 Social platforms tempted those without any previous fame to become small-scale media stars and brands in their own right. But the appeal of personal branding and the promotion of “microcelebrities”—whether on the earliest social media such as Orkut or Myspace, or later on YouTube, Instagram and TikTok—concealed the real requirement of these platforms in return for these opportunities: constant content creation.3

        In the mid-2000s, “Web 2.0,” first championed (largely by the popular press) as a place where everyone could express themselves, revealed itself as a place governed by algorithms and advertising agreements. On the largest platforms like Facebook, China’s Tencent WeChat, Korea’s Kakao, and Russia’s VKontakte, the algorithmic recommendation, selection, and promotion of contents and celebrities is more visible.

        Mainstream platforms today resemble vast conglomerates. Users can publish texts, stories, videos, and live streams, and additionally manage a discussion group on a mailing list, find contacts in a directory, and so on. The convergence of different functions in one “place” is a way of netting users; once registered, users are unlikely to delete their accounts, block browsing history trackers, and even find the log out button (buried as it is within layers of the interface). These super-apps and “world platforms” lock their subscribers into their structures so that every post, every picture, every keyboard entry can be turned into value for the platform’s owners. Social media captures value by encouraging users to add and edit content, and to abandon their roles as passive spectators to become site ambassadors by sharing and promoting that content.

        In some ways, the triumph of the social web seems to confirm the visions of futurist Alvin Toffler, who predicted in the early 1990s that the consumer and the producer, separated during the first Industrial Revolution, would fuse into a “prosumer.”4 In the new cycle of wealth creation, he argued, the customer’s role would include paying for a good, launching it on the market, and producing the information necessary to promote it. When services such as Flickr and Wikipedia first appeared, with their active “new digital media” publics, Toffler’s hypotheses seemed to be bearing out: the “prosumers” (now also called “produsers,” a mix of producers and users) were an emerging workforce reshaped by media and entertainment industries.5

        The multiplication of websites and services based on user-generated content over the last decades then came to be interpreted as the sign of a new “prosumer capitalism.”6 Its rules are radically different from those of the older, production-based, and the newer, consumption-based, capitalism.7 Unlike production-based capitalism, the extraction of value and the circulation of products is now performed by subjects who are not paid, and who access goods and services for free. Unlike consumption-based capitalism, the abundance of content and information takes precedence over the scarcity of goods and services.

        The produser is not a “craft consumer” who uses their own production in a self-fulfilling and self-regulating way.8 Whatever form the contribution takes (uploading video montages, translating texts produced by others, etc.), it is eminently social, that is, based on the circulation of content between individuals, and on reciprocal evaluations of that content. Even the simple and isolated act of sharing or evaluating content on social media counts as a social act. If a simple “upvote” or a “like” is recognized as an active contribution, then, with the standardization and generalization of these technologies, nonspecialized contributors have every chance of becoming producers. Unlike the craft consumers, or producers, of pre-internet capitalism, this user population may have little social and cultural capital. In fact, if they turn to social media, it is to create both the product and the community that will appreciate it.

      
      
        Pain or Pleasure?

        But are social media users “workers” in the ways we have discussed previously? Both academics and public opinion are divided on this issue. One view is that large platforms extract value from social media users’ labor in an exploitative relationship. This perspective becomes clearer as both amateur and professional artists inadvertently fuel generative AI systems with their work, collected without consent from the internet9. The other view is that users’ content production gives them pleasure and they freely contribute to a new culture of amateurism devoid of labor.

        This divergence has often been treated hastily as a conflict of schools, with each camp accusing the other of being a hive of Marxist academic activists, or of industrial researchers paid by the tech sector.10 In truth, each side harbors as many Marxists, liberals, and even libertarians as the other. Nor does the dividing line run between the social sciences and engineering, or between those close to, or distant from industry. Within each camp, computer scientists and sociologists rub shoulders with marketing and media experts, and public sector employees talk to private-sector researchers. Yet, theorists often find themselves caricatured by their opponents. People who emphasize that there is a labor component to social media content production are accused of technophobia and social pessimism, as well as of political victimization.11 People who see it as voluntary and “empowering” participation by the audiences in the cultural industries are accused of idolizing technology and of political naivety.12

        Taking the debate to a higher level by giving a fair and equal hearing to both parties should not prevent us coming down on one side or the other. As you may suspect by this point, I mostly argue in favor of the “work” perspective as opposed to the “pleasure” interpretation. But with some nuance.

        Contrary to the mistaken idea that calling social media activities “work” is simply a reaction to the idealization of the social web of the twenty-first century,13 the “work” approach emerged at the same time as this euphoria, and even precedes it. This viewpoint has been discussed in the context of legacy media for several decades. “As a matter of general theory,” Raymond Williams pointed out in 1978, “it is useful to recognize that means of communication are themselves means of production.”14 The concept of television audiences as media workers “for the media, producing both value and surplus value,” was also influential.15 Scholars have focused on three issues specifically: unremunerated online contributions, exploitation of users, and the integration of playful elements into productive acts.

        In a pioneering article published in 2000, Tiziana Terranova used the term “digital labor” to describe “networked, immaterial work.” It included “the activity of building Web sites, modifying software packages, reading and participating in mailing lists, and building virtual spaces on MUDs [Multi-User Dungeons] and MOOs [MUDs Object-Oriented].”16 This list of outdated online services shows how clearly far ahead Terranova was of the advent of social media. Social platforms had not yet acquired the phenomenal success they would achieve a few years later when she identified the two main characteristics of the new digital work processes: that labor was performed for free and that it had a social dimension. Digital labor was “free” because it was unpaid. It was “social” because it was performed as part of daily life and not in the places usually allocated for value production (factories and offices). For Terranova, “free labor is a desire of labor immanent to late capitalism.” Network economies promote this occupation, while confining it to “under-retribution”—if there is any retribution at all.

        The authors who support the “work” approach maintain that the gap between the value generated by users’ contributions and the income received by them is a sure sign of exploitation.17 Even if we take into account the costs incurred by platform owners and the services that social media provides for users, the gap remains.18

        But can we speak of exploitation without considering what pay the users expect? Without this parameter, it is impossible to distinguish between the worker who performs some of his job “for free” and the volunteer devoted to a cause. If platform users have no expectation of reward, despite possibly knowing that their contribution creates value for the platforms, they can hardly complain of injustice.19 In fact, those who are unsure about remuneration need only to read the legalese of the platform’s fine print, through which platform owners protect themselves from any possible claims by users.20 Facebook’s terms of use, for example, despite years of disputes and emendations, still give the platform extensive rights over any content provided by its subscribers. The platform has a “transferable, sublicensable, royalty-free, and worldwide license to host, use, distribute, modify, run, copy, publicly perform or display, translate, and create derivative works” of the content. If the content and profile are deleted, the platform can make back-up copies and continue to profit from user-generated content if other members have shared that content. The terms do not mention any obligation for Facebook to provide direct compensation to users for the content they produce.21

        Christian Fuchs and Sebastian Sevignani, taking an orthodox Marxist perspective, interpret the exploitation of social media labor rather differently.22 For them, it is not simply working “for free” that enables the digital platforms’ accumulation of capital. Content producers lose “control of their labor power” and the sense of their activity as well. Once they no longer are aware that they use the means of production in order to generate wealth, they can no longer recognize the “exchange value” of a post, picture, or emoji monetized by the platform. The “use value” of each thought, image, or emotion out of which a post, picture, or emoji sprang is also lost to them. Exploitation and alienation reside in this total penetration of capital, which reifies and expropriates not only users’ social relations, but their cognitive capacities as well.

        But if all digital activity is alienation, what do we make of the fact that these platforms offer opportunities for play, relationship-building, and personal fulfillment?23 Without abandoning the “work” perspective, these benefits of social media use can be reexamined in the light of the influential collective book edited by Trebor Scholz on the erosion of the distinction between productive acts and leisure in the age of online social media.24 The fact that content producers may themselves blend the two in order to optimize their social capital does not exonerate the platform economy for the way it exerts cultural and political pressure on users in order to exploit the tenuous border separating the private space of leisure from the public space of labor. When private forms of human sociability are transformed into profit, Scholz maintains, “the entire fabric of our everyday lives, rather than merely our workplace toil, becomes the raw material for capital accumulation.”25 The convergence of play and work does not herald a bright future where there will be leisure for everyone. Rather, it signals a conflictual dialectic between users’ desire to participate, fueled by the promise of freedom through sharing, and the platforms’ logic of appropriation, which devours collaborative networks by means of the private, proprietary infrastructures built around them.26

        The “pleasure” approach stands in opposition to the “work” perspective. In this camp some, like Adam Arvidsson and Elanor Colleoni, concede that the activities of content producers can be compared to work, but the comparison is figurative. They argue that a platform’s value is not a function of the time each user spends contributing online. Instead, wealth is created in the development of what Marx calls the general intellect—the surplus of knowledge, feeling, and sociability that results from human-machine collaboration.27 Arvidsson and Colleoni give an original interpretation of an extract from “The Fragment on Machines” (a text published posthumously in the Grundrisse),28 where Marx states that the increasingly important role of technology in production will eclipse the value generated by time devoted to human labor. By participating in a network, users really want to contribute their knowledge, creativity, relationships, and skills. Contrary to what theorists of the “work” approach believe, value is not created by humans but by algorithms and automated processes.

        Furthermore, in digital economies the convergence of the machine and the human (which in Marxist terms corresponds to the rise of the “technical composition of capital”—a measure of the amount of means of production divided by how much labor power is used to produce something) will generate such powerful “network effects” that we will witness the emergence of a “social brain” whose neurons are the connected individuals. This analysis has similarities with Howard Rheingold’s theory of “smart mobs”29 and Yochai Benkler’s “wealth of networks.”30 According to Clay Shirky, millions of people have turned away from the passive consumption of traditional media and joined large online projects involving collective sharing and peer production, resulting in a “cognitive surplus.”31 The positive externalities of these online networks will benefit all the parties involved, and the notion of exploitation will therefore become irrelevant.

        Who is a “produser” in this context? Those who argue that social media activities are purely for pleasure define produsers as a “connected amateurs” engaging in the “creative reception” of media and cultural content, out of which they make secondary works, by remixing this content, commenting on it, and entering public space through it. According to sociologist Patrice Flichy, we are witnessing the emergence of a “society of amateurs that is more democratic, less elitist, and open to all knowledge,” which bespeaks the rise of a subjectivity based on “ordinary passions.”32 In this emerging world, passionate laypersons are not the opposite of experts, professionals, authors, or artists. The two categories merge into a new group known as “pro-am.”33 Professional-amateur contributions, however, do not qualify as work, according to these authors, because they are “free.”34

        This argument overlooks the fact that payment is not sufficient for an activity to be qualified as “work”: from forced labor to slavery, human history abounds in examples of unpaid activities that are clearly types of work. The proponents of the “pleasure” approach argue that the fundamental difference between the social relationship of labor and the activities of networked amateurs is, most decisively, that the latter enjoy a service that they use without being constrained to do so. In other words, if online participation is enjoyable, it cannot be considered work, and even if it were, it would be rewarded with symbolic and psychological compensations. The exploitation evoked by the other camp—which considers working for free as a form of wage theft from an economic viewpoint, and as the domination and dispossession of one human group by another from a political viewpoint—would simply be a matter of how one feels about it. And, importantly, the positive feeling is conditioned by the fact that the work is free. As Clay Shirky clearly states, “the pleasure of competence, once paid for, stop[s] being a pleasure.”35 But is this not a tautological argument? An activity cannot be exploitative because it is free and enjoyable, yet it stops being enjoyable and becomes potentially exploitative once it is paid for.

        Both the “work” and the “pleasure” approaches are seriously flawed. Both camps analyze the content posted by subscribers on social media, but minimize the real issue, which is the production of metadata and personal information. The pleasure argument overlooks the considerable dual efforts deployed by the platforms: to prevent subscribers organizing into a workforce capable of fighting its corner, while also encouraging them to stay online as long as possible. The work argument overemphasizes “free labor” and the disappearance of the divide between work and everyday activities in the digital economy. In turn, users’ ambivalence toward platforms and the drudgery of social media usage are underestimated by the proponents of this approach. In the following pages, I will discuss another crucial element that they fail to recognize: the continuity between social media labor and microwork.

      
      
        Between YouTube and OnlyFans, the Walled Garden of Amateurism

        How can the “pleasure camp” explain that platforms are always delegating productive tasks to social media users? The “work” approach refers to users’ false consciousness and alienation. It goes so far as to blame users for indulging in these activities.36 In so doing, it minimizes the contradictory messages received from the platforms, which both encourage regular contributions and hinder users from taking the leap to making a proper job out of these activities.

        Let us consider, then, another approach, a more historical one this time. We should bear in mind that an internet “made by users” was never a spontaneous process. When TIME magazine celebrated the social media “revolution” in 2006, the platforms were already facing a problem that still exists today, namely subscribers’ resistance to taking an active role. It was only with the introduction of social media that the famous empirical rule of “90–9–1” emerged. It divides internet users into three groups: the vast majority of readers and lurkers, who are considered passive (90 percent); a minority, who share posts and write comments (9 percent); and an elite (1 percent) of “publishing members” who produce content, messages, and other material.37 From the studies made on the first social platforms in the mid-2000s38 to those on Facebook,39 and then to those on online influencers and creators in the late 2010s and early 2020s40 these proportions have changed, but content creation on platforms is still carried out by a tiny minority. The platforms consequently treat only the most active 1 percent as worthy of embodying their ideal produser, and they strongly restrict the agency of the others. In its early days, YouTube (a case studied by José Van Dijck) used to privilege its most active users through programs to support communities of content creators, and competitions to choose the most popular videos, whose authors received tens of thousands of dollars as rewards.41 The situation did not change much when Google bought YouTube, except users were invited to join the Partner Program, which allowed amateur content creators to monetize their videos by adding advertisements. Platform owners, however, were quick to see the risks. The monetary rewards made the most committed and influential users aware of the value of their contributions, as well as their economic dependence on social media. There is a general reluctance among YouTube creators to share their earnings with platforms that act as intermediaries. At the beginning, this was largely due to the fact that creators came to YouTube from online communities that the creators themselves ran. This is the case even now, primarily because of the popularity of creator-owned streaming services that contributors use to release videos not governed by advertiser-friendly content rules. To prevent online activities from appearing too explicitly as work, YouTube tried to restrict the user to the walled garden of amateurism. It has consistently adopted a vocabulary in which contributors are referred to “as ‘hobbyists,’ ‘amateurs,’ ‘unpaid laborers,’ and ‘volunteers’ [. . .], [rather than] with the words ‘professionals,’ ‘stars,’ ‘paid experts,’ and ‘employees’ commonly attributed to people producing traditional television content.”42 Over time, the platform has blurred amateurism and professionalism. In YouTube’s neoliberal corporate growth model, creators are forced to play the role of professional amateurs. The platform’s frameworks reward performativity and individualism and insist on authenticity and fun.43

        With this strategy, YouTube defines the “actual user” as the constantly active and inventive member whose contributions could not in any way be equated with a job. In other words, everyone is encouraged to attain the giddy heights of celebrity on social media, but still to behave as passionate enthusiasts, and never hope to have their endeavors recognized as work. This perspective creates an artificial divide between professionals and amateurs, with the former incarnating mercenary goals and the latter, high moral qualities such as disinterest, dedication to the common good, altruism, and generosity. As a result, even though professionalism has increased in recent years, amateurs outnumber professionals overwhelmingly on platforms such as Instagram, YouTube, and Twitch. Social platforms have constructed the ideal picture of harmonious, collaborative amateurism to counter any understanding of labor, particularly that of media producers, who are forced to become content creators and professional amateurs in a participatory medium.

        Another example of this divide between “genuine” and “mercenary” content creators is the phenomenon of amateur adult content, which has flourished on the internet and changed the relationship between professionals and casual users (the sector had particularly low “barriers to entry” anyway). On adult video platforms like PornHub, it’s rare to see home-made videos trying to mimic professional productions, especially since unverified profiles were banned to prevent abuse.44 Instead, professional sex workers attempt to imitate amateurs by conveying a sense of authenticity and intimacy. Before the early 2000s, the “big hits” in porn tended to be distributed in cinema film formats; today successful porn videos last a few minutes and might suggest that the shooting was unplanned, the subjects were unaware that they were being recorded, and that the video’s circulation is unofficial. Amateurs are encouraged to post their erotic romps and adventures online, while the porn industry itself has adopted the formats, styles and codes of DIY porn—“amateur” being now the highest compliment. Professional porn actors take to pretending to be ordinary couples or friends out for a good time, a subculture attesting to common practices, or sensation-seeking partners. Similarly, “amateur” performers rely on other services for visibility and income. Patreon, OnlyFans, and Instagram, are all places where sex workers present themselves as typical platform users, who just happen to be revealing their life behind the scenes.

        In particular, OnlyFans leverages the rhetoric of amateurism and authenticity, both in straight and LGBTQ productions. Beyond producing adult content, creators are encouraged to engage with their audiences by sharing personal stories, staging real desires, connecting across platforms, and even expressing political and ethical views.45 This results in a new type of monetized social interaction described as “subscription intimacy.”46

        The intimacy between OnlyFans adult content creators and their digital patrons is necessary for social support dynamics to develop. Specifically, the platform requires its users to conform to the rhetoric of “fandom” (and not that of purchasing sexual services). Content creators use concepts like community-building, collaboration, and emotional support to describe the connection to their subscribers.47

        Even though OnlyFans creators play down the work-related aspects of their online presence, several authors compare them to on-demand digital workers. The two groups are promised freedom, supplemental incomes, and autonomy. In reality, they face heightened economic precarity, volatile demand, and algorithmic management.48

        The adult entertainment sector more generally projects the image of an ideal contributor who has no commercial relationship with the platform. In porn today—as also in generalist content and in the collaborative gig economy, the “real people” are the amateurs. When they go online in search of authentic lived experience, the motivations of amateurs are described as sincere. Professionals, on the other hand, are delegitimated and portrayed as venal individuals who threaten the collective spirit of participation and communion.49 By creating a dualism between professional sex workers and amateur adult community-builders, platforms try to conceal the fact that, for these individuals, content creation is digital labor—and a form of monetized labor, too.

        No matter how theorists describe it, whether as “immaterial affective labor”50 or as “assetized work” (we’ll talk about these in chapter 6), all agree that adult creators of OnlyFans represent the “extreme end of work that incorporates embodiment, subjectivity, and other inalienable aspects of self in commercial practices.”51

        Opposing professionalism and amateurism is thus a way of imposing a “governmentality of work” that defines the conduct of content producers.52 The platforms’ framing of contributors as “professional volunteers” proscribes the language of work, while demanding high-quality investment, and denying any structured relation of dependence between service owners and content producers. Although creators wish to portray their occupation as “real work” and gainful occupation, not all succeed in monetization, and their labor often remains uncompensated value that platforms appropriate. Besides, many content producers fall victim to the capitalist narrative that they are “entrepreneurs,”53 or rather “fantrepreneurs,”54 and argue that they are their own bosses and their work is driven by fun.55 For social platforms to work effectively, creators have to be both free and docile, creative and disciplined, enthusiastic and discreet. This applies to adult performers on OnlyFans or other online content producers, influencers, and creative workers who are constrained to adopt the status of amateurs.

      
      
        When Users Organize to Get Paid

        When social media outlets box their users into the role of contented and disinterested amateurs, they are also attempting to avoid one of the constitutive elements of the dialectic between labor and capital, namely conflict. Yet conflict, in the real form of lawsuits and protests, has been present from the start.

        The first and perhaps best-known legal action concerned America Online (AOL), which was the target of a class action suit by its user communities in 1999. Without compensation, almost 14,000 users, including 350 minors, moderated chats and discussion lists and generally encouraged people to use AOL.56 These “volunteers,” whose workload could be as much as sixty hours a week, were required to fill out time sheets, submit detailed reports describing their activities, and undertake several months of training in the Community Leader Program in exchange for free access to a premium (paying) version. The class action lawsuit to recover back pay resulted in a $15 million settlement in 2010.

        Other US cases were not so successful. In 2015, reviewers on Yelp sought to be reclassified as employees; their plea was rejected.57 In 2016, in response to the rules governing the identification of paid subcontractors on the Steam gaming platform, members of the volunteer translation communities have attempted a virtual strike; the most militant users were banned and ultimately Steam shut down its volunteer translation program and relied on Crowdin, a new service to access professional translation agencies.58 Reddit moderators’ strikes to express solidarity with fired employees59 or to protest high commissions60 achieved little, apart from forcing an already embattled CEO to resign.61

        This services’ reliance on the work of unpaid users is rendered apparent once they withdraw their labor. Attempts at remuneration also struggled in Europe. In 2014, the Austrian class action “Europe vs. Facebook” mobilized 25,000 citizens. Given differences between the US and European legal systems, this case did not focus on reclassifying users as workers, but on acknowledging that the personal data extracted from the platform had a value. It led to the demand that each plaintiff be paid a symbolic sum of 500 euros. The 12.5 million euros that Facebook would have to have paid in case of a favorable decision would have created a precedent for similar legal actions. Unfortunately, however, the Court of Justice of the European Union prevented the suit. But not all hope was lost. In May 2018, after the European Data Protection Regulation (GDPR) came into effect, similar class actions were launched against the five main platforms (Google, Facebook, Apple, Amazon, and Microsoft) by French NGO La Quadrature du Net and Austrian not-for-profit organization None of Your Business. Years later, the delay in addressing these complaints led to allegations that the data authorities played a “complicit role” in protecting large technology companies.62

        Despite their high media profile, these labor disputes around community management and the extraction of personal data are not entirely representative of the issues we’re discussing. In most cases, protest came from multimedia content producers’ demanding payment from the platforms for the texts, images and videos they had created. Shortly after the class action suit of community managers at AOL folded, about a thousand bloggers from an AOL subsidiary, the participatory journalism platform HuffPost, joined another class action suit sparked by a union activist from the National Writers Union. The bloggers sought compensation for their “work as unpaid content producers.” Among the reasons given was the fact that their contributions had provided a substantial part of the price paid by AOL when it purchased The Huffington Post. Although the action failed,63 it influenced future claims due to AOL’s scale and visibility. For example, the claim that YouTubers brought against their platform included the renegotiation of the partnership agreements for monetizing their videos. Following the discovery of huge quantities of racist and violent content on the platform in 2017, the platform became the center of controversy. As advertisers retired en masse, revenue dropped spectacularly, which is known as the “adpocalypse.”64 YouTube tightened the rules of its algorithm for recommending content. In an effort to challenge these new rules and take back visibility on the platform, US creators sued. Because the platform is a springboard for careers in the cultural industries, from music to television, the struggles and conflicts surrounding YouTube have a particularly high profile.

        Yet social media content producers on less technically sophisticated platforms have made similar claims. Vine, a short-form video hosting service owned by X/Twitter and shut down in 2017, is a clear case in point. Unlike TikTok, Vine did not have a revenue-sharing component. The act of sharing on this platform had always mattered more than the ideas, the framing, the editing, or the plot—in short, sharing mattered more than all the skills needed to make a video.65 In 2016, a few dozen influential Viners demanded payment upon threat of leaving.66 Negotiations between the platform and its users to develop an advertising revenue system similar to YouTube’s lasted several months.67 To everyone’s surprise, the platform owners decided that their business model would no longer be viable if users requested payment, and so they announced the closure of the service. Vine contributors’ struggle over pay came to an abrupt end too.68

        The situation has echoes in claims for compensation by Wikipedia contributors. The famous free encyclopedia is no stranger to tensions between volunteer and paid work. Run by the Wikimedia Foundation, a nonprofit organization that employs staff around the world, who handle the technical, administrative, and partnership aspects, Wikipedia content creation and management is delegated to users, who are organized into different categories, including unregistered contributors, registered Wikipedians, editors, and administrators. The site is free for users, has no advertising, and does not pay its contributors. The question of how to distribute the value generated by users’ contributions remains unresolved. The problem is first that the encyclopedia functions as though it were a social media,69 since users create profiles, earn badges, boost their reputation, and discuss edits to each page. Yet although the Wikimedia Foundation is a decentralized nonprofit, and uses none of the techniques for capturing user-produced value directly, it does capture value indirectly, such as when Facebook uses Wikipedia to train its deep learning solutions70 and to verify information. Moreover, ever since the inclusion of Wikipedia in the Google Knowledge Graph, and Google’s access to structured data via the DBpedia data interface,71 Wikipedia has contributed to improving Google’s search engine, functioning de facto as a knowledge and content database. In recent years, Wikipedia data became an important source of text for language models like ChatGPT.72 An unexpected consequence has resulted from this fusion with the corporate world: marketing, political spin doctors, communication and search engine optimization professionals have entered the community of contributors, and they are imperceptibly changing its nature by tweaking and spinning the entries of their clients.

        Wikipedia’s contributors thus found themselves producing content and data for major platforms and perfecting those platforms’ AI. For Wikipedia devotees, recognition of the value of their contributions understandably became a major concern.73 Growing discontent met with fierce resistance from the foundation and from some of the administrators and editors. When Wikipedian Dorothy Howard first used the term “digital labor” to describe the work of users, she accompanied it with a proposal to compensate certain super-editors in exchange for their high volume of contributions. This compensation was not to be taken from advertising revenues (which Wikipedia never had anyway), but from the $51 million in donations that the project receives each year.74 The proposal was debated within the Wikipedia community, with supporters arguing that passion and dedication to the common good can be combined with a desire to make a living from one’s online contributions. However, the editors, administrators, and volunteer users closest to the Wikimedia Foundation (as well as those who had paid employment with Wikipedia) were adamantly opposed to the idea. The more peripheral contributors tended to be quite favorable to the payment plan.

        Employability seemed the main factor in these different positions in the debate. Unlike the foundation’s members, who were opposed to offering compensation, everyday contributors had difficulty otherwise capitalizing on the skills they acquired through their Wikipedia participation.75 They therefore preferred to receive payment immediately, instead of considering their contribution to Wikipedia as a professional investment that they would be able to use in the future. In contrast, other Wikipedians saw contribution as a way to earn money in the future, just like volunteering in an unpaid internship or other extracurricular activities that graduate students can take part in to improve their job prospects.76

      
      
        Hope Labor: Boosting Employability by Contributing Online

        These legal claims suggest that networked communities do not work together quite as harmoniously as the “pleasure” approach to platforms participation is wont to believe. They also make clear that the most active contributors, who organized and led these labor struggles, did so because they hoped their online activities would help them gain a foothold in the cultural industries. Many Huffington Post bloggers wanted a start in journalism, many YouTubers in the world of television or music, and Yelp commentators in restaurant reviewing. But, as discussed, social media locks users into an amateur status, working to thwart their hopes for a professional career.77

        Activity on a platform is thus conceived as a way of developing job skills and gaining credibility to assist with a successful job hunt and to attract the attention of recruiters. Kathleen Kuehn and Thomas Corrigan call this activity “hope labor.”78 It can be found in traditional forms (photographers who showcase their work on Instagram) as well as in more inventive ones (gamers who hope to build a career in e-sports by showing off on Twitch).79

        The platforms see the situation quite differently. For them, user participation equates with the willingness of individuals to provide labor regularly while lowering the price of their contribution out of “love for their subject.”80 This classic form of exploitation in the traditional cultural industries (and in academia), is here transposed to cultural activities on social media. In both cases, the celebration of creativity masks a downward pressure on pay, which is expressed most radically when contributors work for free.

        Yet every new video, every new image posted by users on social platforms is work. These “hope workers”—just as the Uber drivers or Amazon microtaskers we met earlier—contribute in the hope of obtaining a stable job or at least some legal protection. As with Uber Eats couriers or Google Raterhub reviewers, the onus is on the contributors to train and find opportunities for involvement. But, unlike other forms of digital labor, social media users perform hope labor as a bridge between present “volunteering” work and future paid employment.

        Their approach thus looks less like a disinterested passion and more like a job search, one in which attracting an online audience combines with building a network of potential clients. Online employment resources are now as important as offline personal and professional networks. This is particularly true for finding employment. Almost three-quarters of job seekers have been on the internet to look for work, and the same proportion believe it would be easy to showcase the skills they have acquired on social media.81 Still, there’s a difference between being a passive user only and actively publish online, as well as between using digital resources while job hunting and during the actual hiring process. Online browsing plays a crucial role in job searches, especially for low-income job seekers.82 But is using search engines and looking through app profiles enough to land a job? The ability to advertise one’s skills online through an extensive and varied social media strategy is particularly important for job seekers.83

        Wishing to capitalize on one’s digital activities in order to boost one’s employability is certainly not restricted to those wanting to work in the cultural industries. In Japan, “cell phone novels” (keitai shōsetsu) became a form of popular literature in the mid-2000s, against a backdrop of economic recession and declining job prospects for young workers. Each creator sends texts that end up constituting chapters in a novel that other users can read, comment on, and suggest changes to. In some cases, these fragmentary participatory novels have found their way into bookstores and risen up the literary charts, exemplifying a literary genre in its own right.84 At the peak of this craze, the Magic Island portal gave access to over one million texts of this sort. What this pastime, mainly practiced by young women, expresses is the plight of millennials faced with ever more competitive and insecure jobs. Particularly in East Asian countries, exclusion from the job market entails exclusion from social structures, such as the family, political organizations, and local community bodies, structures that had been essential for empowering their parents’ generation and ensuring their social integration. The intensive use of cell phone literature platforms by these young people, authors and participatory readers alike, is a paradox: As their professional prospects dwindle, they seek work under any conditions. Even in the absence of financial reward, contributing on platforms becomes a way of being part of a work community and of finding fulfillment in the recognition they receive.85

      
      
        Facebook, the Hard Grind

        Content producers on social media therefore “volunteer” their time and skills to break into the world of work. Yet they are unable to challenge the rhetoric of the passionately dedicated amateur that platforms require, on pain of being excluded. The language of pleasure, leisure, and entertainment are all essential parts of this arrangement. Through the “glamorization” of unpaid labor, platforms delegitimize anyone who aspires to professionalization over pleasure.86 Of course we have discussed the “1 percent” who are active contributors, but the same role restrictions apply to the vast majority of internet users whose participation is limited to comments, sharing, or even just reading. On social media, younger members who suffer from boredom or discomfort are usually pathologized—stigmatized as addicts or being FOMO (fear of missing out) sufferers87—while older members are treated as old-fashioned victims of the digital divide—labeled as “digital immigrants” or technophobes. While scholars have recently discredited the notion of digital addiction,88 that of the digital divide has been made more complex, with a view to including different demographic and social characteristics.89 If we compare children from wealthy and from working-class families, a new picture of digital appropriation emerges.90 In her work on the “informational habitus” of young Californian social media users, Laura Robinson shows that, while middle-class children are more interested in experimentation, research, and online games, those whose families are closer to the poverty line prefer online tasks with immediate results, such as sending a message or checking information—often under the supervision of a teacher or adult—and even searching for jobs.91 According to a 2023 Pew Research Center study, teenagers in the US have easy access to computers and phones, so one in five is on YouTube, TikTok, Snapchat, Instagram, or Facebook “almost constantly.” However, use varies according to race and ethnicity: 32 percent of Latinx teens use TikTok on a regular basis, versus 10 percent of white teens. Income plays a role, too. More teens from families making less than $30,000 a year still use Facebook (45 percent, while it is only 27 percent of kids with $75,000 or more in annual household income). The same goes for TikTok. 71 percent of teens from lower-income homes are on it, compared to 61 percent from higher-income ones.92

        Both parents and children in these lower-income families fear for their future employment prospects and invest more time online. A proportionally higher number of children from lower-income and non-white families perform unpaid digital labor in the platform economy. Their counterparts from more privileged backgrounds can afford to use the internet less intensively, and even to have periods of media detox. Thus, on one side of the digital divide we have families who cap their children’s screen time, and, on the other, parents, teachers, and political authorities who encourage children to use the internet to improve their chances of social advancement.93

        Among the field surveys addressing these questions, one conducted by Sophie Jehel, which focuses on young users, provides interesting insights. Her research explores how arduous this investment in terms of social media labor can feel. In the words of the adolescents from working-class backgrounds, Facebook is “boring,” “tedious,” “a hassle”;94 and, like any chore, it generates avoidance strategies. The dominant discourse—in which digital activities are creative and freely chosen—contrasts with a daily life in which information saturation and the difficulty of managing so many parameters of visibility and attention are simply exhausting for users. Educators and parents introduce additional pressure by characterizing these young people as narcissistic and uninhibited. Yet, for this youth, being present on social platforms is indispensable for monitoring their reputation, which involves deleting problematic photos, removing derogatory comments, and taking down false profiles.95 Being on social media, instead of generating recognition and an extension of the self, risks turning into a nightmare, ultimately sapping autonomy.

        In May 2023, the United States Surgeon General Dr. Vivek Murthy released an advisory warning for parents about the growing evidence that social media use is associated with harm to young people’s mental health. Young people who display patterns of problematic social media use face double the risk of experiencing depression and anxiety. Social media users are increasingly worried about their emotional well-being. However, let me suggest another perspective on this issue: What if we looked at poor mental health outcomes primarily as a collective effect of work stress, rather than as an individual problem?96

        While, at first glance, the cause of these problems could appear to be information overload,97 excessive online presence is an effect of a labor market on which it is imperative for young people to constantly plan for the future. Their attitudes resemble those of employees who are forced to engage with technologies in the workplace. They share the same concerns, including fears of harassment, worries about compromising their reputation, and feelings of needing to “disconnect.” The burden on social platform users is expressed in a specific type of exhaustion that is closer to an employee’s bore-out than a school pupil’s boredom.

        For these users, social media is a training ground for a labor market where they may end up with unstable jobs or no work at all. Unlike the content producers who make up 1 percent of social platform users, these teenagers do not project themselves with hope or pugnacity into the world of work through professionalization, but rather through experiencing the labor market’s hard grind. They expose themselves to the same risks as workers: time pressures, loss of autonomy and loss of meaning, fragmented tasks and time, and oscillation between over-stimulation and disillusionment. Managing these risks is also that much harder given that these online activities are supposed to be mainly entertaining and social.

      
      
        Putting Paid to “Free”

        Supporters and opponents of the position that social media content producers are fully fledged workers do agree on one point: whether it’s called work or not, activity on social platforms is “free.” If the opposing camps agree, this is because the concepts of “unpaid” work and “volunteer” work are often conflated, as are “choosing to work for no pay” (when work is performed pro bono) and “being required to provide free services” (having one’s salary withheld). Consequently the contributions made to social media for free are overrepresented, and the specific governmentality of labor on these platforms is concealed. A rhetoric of amateurism takes over, and the problematic aspects of this work are passed over—its arduousness, conflicts, and costs. In fact, a huge amount of paid work drives the so-called free uses. Alongside the users who have managed to get themselves paid, artists who have formed partnerships in order to monetize their presence on the platforms, and beginners who hope to become professionals, there is an invisible army of users working behind the scenes of social media as moderators, “click farmers,” and reviewers.

        A number of global social media services, such as America’s Facebook, Russia’s VKontakte, or China’s Sina Weibo, don’t pay their members. These digital platforms can count on a critical mass of users. Due to their positions and size, they are a service that people end up needing—to buy and sell, to meet with friends, to find information. Platforms become indispensable, and so do not need to use monetary incentives to encourage digital labor.

        Platforms can still claim to be “doubly free” because they promise two things: that their service is “free and always will be” (to use Facebook’s established tagline), and that user-generated content is not remunerated. This dual principle may be suspended or altered in the case of, for example, a business campaign to enter a new market or to retain users. Starting in 2016, Microsoft launched income-generating activities. For the “active” use of the Edge browser (for example, by clicking on content or watching videos),98 or to use the Bing99 search engine, internet users earned points redeemable for music or movies. Google pays users for participating in market research. Between 2012 and 2016, the Screenwise Panel Trend program allowed users to earn $5 per quarter to install an extension on their browsers that recorded all their login data.100 More recently, the Google Opinion Reward application promised 60 cents in Google Play vouchers for each survey answered. There have also been recent developments since popular platforms like Instagram and X have begun to allow creators to monetize their content and sell products. Yet, platforms that allow users to make money from the content they create usually also require them to pay a commission, like a subscription to premium features or a selling fee. These apps adopt a model of “pay to be paid.” Overall, these payments eventually balance each other out.

        The notion of the “doubly free” internet persists, despite recently launched platforms and social media often offering to pay their users. Many websites and applications offer a range of ways to earn money or gifts: watching advertising videos, solving CAPTCHAs, downloading mobile apps, selling photos, sharing opinions with other members or taking part in competitions. They’re usually smaller, short-lived apps that need a gimmick to compete with the big, free ones. Many of them fail, making the internet look like a cemetery for bad business ideas.

        Some have tried to offer a mix of microtasks and social interactions, such as Coinbase Earn, which used to pay its users to receive emails containing small requests (answering questions, visiting a website, providing an email address) paid in the form of tokens or bitcoins.101 One of the latest crashes of the cryptocurrency market killed the service. Other platforms came up with complex payment schemes, some even trying to pay the user for just being online and using their social space. The social platform Tsu, which closed in 2016, ingeniously managed to imitate Facebook in both its appearance and its business model, with two categories of users: subscribers who filled in their profiles, published content, interacted with and recruited other users; and advertisers who paid to retrieve data and content from the first category. But, unlike Facebook, Tsu sought to return some of the price paid by advertisers to subscribers. For example, data from a profile which advertisers had paid $1 to obtain, generated 45 cents for the subscriber who created the profile (after Tsu had taken a 10-cent commission), and 30 cents (equivalent to one-third of the value of the new profile) for the subscriber who had introduced them. Tsu also paid the subscriber who had introduced the introducer, and so on, each earning one-third of the previous one.

        This complex idea, which actually ensured that every subscriber received some payment, was not the cause of Tsu’s commercial failure. The company went out of business because its main competitor, Facebook, classified any link, comment, or content relating to Tsu as spam. This effectively eliminated the service from Facebook and its partner sites in the Meta universe.102

        The example of Tsu turns the spotlight on another essential aspect; the concept of “working for free” on social platforms must be viewed as an ideological construct, while its reality is shaped by the economic and social structures that govern these services. The existence and survival of platforms depends on their ability to attract several distinct groups of users—with each one embodying one facet of a multisided market mechanism. The pricing structure that a platform sets up will be consistent with its environment, its objectives, and its specific methods. It may, for example, make different groups pay different rates, on different terms, or have one group pay and another one not (the latter case applies to Facebook users, for example).

        In addition to the pricing system, the platform can use economic incentives to attract certain groups of users, such as discounts and—particularly important for our discussion—negative pricing, i.e., a payment to platform users. But this is not always necessary: some platforms are able to count on the loyalty of their captive users, and can thus do without economic incentives to draw them in. When the incentive reaches zero, we come to the second aspect of the “doubly free” system: users do not get paid for providing content or for their participation more generally.

        The so-called free nature of social media labor is therefore, paradoxically, a manifestation of platforms’ systems of pricing and incentives. Indeed, what interests the platforms is not how enthusiastically the subscribers contribute, but the relative positions of the user categories. “Free” work is closely linked to what those who interpret social media activities as work call exploitation, in the strict sense, that is, the gap between the value derived by the platform from users’ contributions, and the earnings received by the same users. This gap is obviously greater in the category of users to which platforms offer no payment.103 Nevertheless, the size of this gap can vary if users make a successful claim for payment, join a partnership program, or become creators. Not all users are exploited equally. “Most users,” says Robert Gehl, “receive no financial reward for their participation but, of course, some become microcelebrities and build audiences that can be traded in for money.”104

        On the rare occasions that “free” labor is remunerated, it tends to be overvalued financially; individual users’ earnings on social platforms are much more polarized than on microwork platforms like Upwork or ZBJ. Microwork income ranges from a few cents to a few thousand dollars, whereas on TikTok and on YouTube, it may range from zero cents to several million dollars.105

        A further aspect worth highlighting is that, as I have already mentioned, not all tasks performed by users on microtasking platforms are paid. Sometimes they are performed to qualify for another task, sometimes the requester refuses to pay, etc. But no one would call this work “doubly free” or think that microworkers are “volunteering” their content. This reflects the continuity between social media labor and other forms of activity on digital platforms that capture user-produced value. Whenever digital labor is engaged, there is a gap between the value produced and the revenue distributed to users.

      
      
        The Link Economy

        Thus, is social media labor a form of work or pleasure? For the proponents of the former approach, users’ contributions are a hybrid of work and leisure that platforms exploit. According to those who advocate the latter, online participation is free and generates pleasure for the user. But I have shown that platform activities can be just as much of “a grind” as a real job—meaning they are neither leisure nor pleasure. I have also demonstrated that platforms’ claim to be “free” is merely a business strategy. Therefore, they cannot be viewed either as simple participation or as exploitation in the classic Marxist sense. These findings undermine both approaches.

        In either case, those who see social media simply as “pleasure” and “work” seem to miss the point of how people work on digital platforms. Both analyses emphasize content to the detriment of data, namely personal information. This bias is understandable. When online participation first began to be analyzed in the early 2000s, the internet was mainly conceived as a place for multimedia cultural production. By the end of the decade, these sorts of analyses were obsolete because the “small content producer revolution” failed to deliver the anticipated results. Today, on social platforms and in the current media environment more generally, the recognition of creators as content producers is limited. A 2014 study by the Columbia School of Journalism shows that photos, videos, and information posted by users (as “citizen journalists” or witnesses to newsworthy events) are used by the mainstream media, but that their authors are rarely credited, only the platform hosting the content.106 The 2023 strike of film and television writers,107 as well as the lawsuits filed by journalists,108 and fiction109 and non-fiction authors110 against OpenAI revolve exactly around this lack of recognition: these works are not treated as products of human creativity, but simply as data for training a machine learning model.

        In general, content is not a direct source of revenue for social platforms; when it is, it is almost never through simple resale. For example, gaming platforms such as Steam do not directly appropriate users’ content, but take a commission when users sell their virtual creations (by modifying existing games or “mods,” accessories, skins, levels, or characters).111 Others, such as Vimeo, charge a transaction fee on the direct “on-demand” sale of videos to fans willing to pay.112 Meta does not sell its users’ texts, photos, or videos, but it obtains indirect revenue by using them, for example, to illustrate ads that are displayed contextually on its subscribers’ walls.113 Similarly, sites that specialize in graphic arts and photography, such as DeviantArt, must periodically remind users that they do not sell their users’ creations.114

        The early emphasis on the value captured by platforms from users’ content production has given way to a focus on the value of data. This includes personal information, visits to brand pages (clicks, shares, views), and links between these (forming friendships, the frequency of interactions, time spent chatting). The business models of the larger platforms depend on ad sales brokers (Adsense, Adwords, and DoubleClick for Google; Audience Network for Meta), which collect and exploit personal information such as browsing history, profile scores, lists of friends or followers, geographical location, right down to session replays (the highly detailed tracking of specific user actions and site responses).115 More recently, these models for value capture have shifted to machine learning. They use data relating to digital usage patterns (server logs, tags on images in an archive, the behavior of users of a site, etc.) as their main sources of examples for training algorithms and measuring their performance. The real revenue streams and opportunities for profitable investment are derived today from the data extracted from behavior on social media. From the platform’s perspective, content is actually a loss leader, serving as bait to sustain a lively community for the benefit of advertisers and investors.

        Unlike content, data does not lend itself to being equated with conscious work or enthusiastic participation. This probably explains the relative indifference of the “pleasure” approach to data. At most, for them, users leave “traces” of digital data that contribute little to user satisfaction and pass largely unnoticed. Some observers explain that these traces “do not make sense,” do not become “a basis for any knowledge,” and even that “conferring on them the status of ‘information’ seems to greatly overestimate their indexical capacity.”116

        Still, metadata such as timestamps, session logs, URLs, and unique user identifiers are valuable assets that platforms exploit both for computational purposes, that is, to calibrate algorithms and train AI, and for economic reasons, when advertisers, data brokers and even governments are given paying access to it.117 Personal information, and records of online and social media behavior are exploited in addition to the information that platforms explicitly request from users.

        This makes for a thriving data economy,118 as is now well known thanks to the media and research coverage of the vast scale and variety of the personal data and metadata collected by platforms from their users. For example, when Austrian lawyer Max Schrems asked Facebook to retrieve the personal information stored on him by the platform, he received a file of 1,200 pages.119 A Guardian journalist who made the same experiment with the dating app Tinder received the equivalent of 800 pages.120

        This puts the importance of content in a platform’s business model into perspective. Where the content producer sees a photo skillfully depicting a certain sociocultural context, the platform sees nothing but a set of extractable metadata. Computers do not “see” photos and videos in the same way as humans. When you look at a photo, you may see your best friend standing outside her house. From a computer’s perspective, that same image is just a data set that the computer can interpret as shapes and color values. When content is first created, its metadata includes information generated by the authors. As it circulates online, new information is added by those who like, share, or flag it. Hence the content is less important than the act of sharing it and the comments, rankings, and filters that it receives. All of these actions produce data.

        The involvement of users in enriching content with new data is also of interest to platforms because it allows for sharing communities to emerge within larger digital social networks. Affinity networks enable preferences, interests, and practices to be tracked. Joining a group of music enthusiasts or commenting on a certain television debate with other users, interests a platform only for the social graph resulting from the exchanges—its size, its homogeneity, its composition, or its structure. What social media are practicing is, as the economist Laurent Gilles aptly puts it, not an “economy of goods” but an “economy of links”121—especially when these links can be represented as units of a data set.

        The skills and creativity of the people involved in online social networks, far from constituting the backbone of these platforms, only become attractive to them when they have been broken down into data points to be recomposed, grouped, segmented, and classified.122 The flair and particular personality of a creator are irrelevant when data is generated just as copiously through nonspecialist acts such as sharing, viewing, and browsing. As with microtasking, what counts for the platform is clicking on a button or following a hyperlink in a mechanical way—that is, in a way that benefits the machines.

      
      
        Qualification and Monetization: What’s the Value of a Like?

        Determining whether contributing to social media can be considered digital labor requires us to assess the value of the personal data extracted. At first, since this data is the object of strictly regulated transactions between the users who produce it, the platforms that capture and monetize it, and the advertisers who use it, its value seems easy to calculate. As with any transaction, the estimated value of the negotiated good varies considerably, depending on the asymmetries of market power, that is, on the ability of the different parties to impose their price. A “like” on Facebook is estimated at between $0.0005 (a value calculated by a downward auction mechanism between a social platform and an ad sales platforms),123 $0.004 (if you buy 1100 likes for less than $5 on a click farm platform),124 and $174 (according to a marketing agency’s estimate of the purchase cost for a potential customer).125 The value of a post on X may range from $0.001 (based on its contribution to X’s commercial value),126 to $0.02 (based on the cost of a premium subscription for an intensive user),127 to $560 (if it is a company preparing for an event).128

        Whether this wide range is due to the difficulty of assigning a single value to a good in the presence of multiple economic actors and multiple purchasing methods, or, more generally, to a “crisis in the representation of value,” as discussed in chapter 2, it’s never a good idea to reduce data’s value to its contingent price. This is because the market interpretation of value introduces an artificial break between production and circulation, between “estimated value” and “value realized,” and between company and market, within platforms that are, in fact, both at once. Any act of producing data on a platform is already an act of putting that same data into circulation. The indicators devised for the preceding century’s economy of markets and companies are no longer pertinent: prices, exchange value, willingness to pay, etc. Considering data to be the product of users’ labor on social platforms means applying to it the same mechanisms that we have already discussed for valuing human labor on any platform that uses digital labor.

        Knowing how much data is worth means looking at its use for qualification, monetization, and automation. The qualification value appropriated by a platform derives from the work done by users to describe content, information, and even other users. The platforms require this to function, since the architecture of social media depends on social norms and processes.129 That is, algorithms require audiences to evaluate and prioritize information. The real fuel for social media is not so much “user-generated content” as “user-generated content classification.” In order to offer relevant and personalized information, the algorithms that determine the suggested reels on Instagram or the contents of a banner ad on an app are based on the tastes and habits of users. For the latter, the experience of social platforms is full of opportunities for qualification: comments on blogging platforms, film reviews on movie recommendation platforms,130 likes and subscribes on YouTube,131 “karma points” on Reddit,132 hashtags that describe the argument or general feeling of a conversation on TikTok:133 all of these are examples of activities where users of social platforms evaluate, group, and sort information.

        In addition to qualifying content, users qualify reputation. They identify the most influential and popular people in a community and evaluate their credibility in sharing information.134 Low-visibility users are no less concerned by these practices of reciprocal qualification as high-visibility ones. On the dating application Tinder, for example, the number of individuals accepted, as expressed by the “swipe right” of potential partners, determines the “ELO score” (in reference to the ELO ranking used for chess players) of each profile, which in turn makes an algorithm select and recommend other profiles.135 Platforms use similar matching mechanisms for friendship or professional contacts.136 Here, subscribers are not only invited to specify the type of connection with their peers (friendship, family, collaboration, or romance), but also to indicate the intensity of this relationship and its associated feelings.

        Likewise, Facebook Reactions and their equivalents on other social platforms are tools for gauging the importance of the social relationships qualified.137 But the responsibilities for classification that the platforms entrust to users go far beyond the framework of sociability alone. On Facebook, subscribers find themselves assessing page and interface design changes in A/B testing, without giving their consent. They do so not because this activity is consistent with their affects and social affiliations, but because sometimes Facebook gives them a concealed task.138 In the same vein, the platform have offered for a number of years a feature accessible by anyone, called Facebook Editor, which allows the user to evaluate the quality of the information available about a business, a place, a movie, and a television show.139 Users dining at a restaurant or simply consulting its website can check and correct its name, address, and the menu. If they agree to make changes, the usual Facebook interface disappears and is replaced by another one, which looks remarkably similar to a microwork platform. A status bar measures the amount of information contributed, a tab gives access to the history of all contributions, a button displays the number of people who have benefited from this information, and a score measures the accuracy of the information entered by the user. It is also possible to earn badges: “novice” for the first change made, “oracle” after submitting 100, “pioneer” for 250, etc. The quantity of work carried out by Facebook editors is not the only thing to attract points. Consistency of effort, and the variety of the information provided are also rewarded. Those suggesting changes when located in ten different cities earn a “jet-setter” badge.

        Researchers and artists at the SHARE Lab attempted to map the data captured by Facebook’s “algorithmic factory.”140 Some major categories emerge from examining the 300 million petabytes of data that the platform had collected from the activities of its users. The first category corresponded to the activity of content qualification. This consists of static information entered by users for their own profiles (name, age, etc.), or else information drawn from an ever-mobile mass of activities and behavior. The figures are disturbing: 10 billion messages, 350 million uploaded photos, 4,300 million “likes,” 4,750 million shares per day, etc. Other personal data is extracted in order to sell it, in what is a billion-dollar market for targeted advertising. Information about the digital devices of subscribers, for example the brand of smart phone or computer used, is also collected (the SHARE Lab inquiry again showed this). Facebook can thus gather information about the income or the level of digital literacy of the owners. IP addresses can be traced back to subscribers’ homes and give access to estimated real estate values of users’ property. Moreover, the still or movie cameras used to make the videos and photos posted online are used to deduce the identity of their owners by cross-referencing with other metadata. Data collection continues outside Facebook, which tracks users through cookies and “like” buttons placed on pages of other websites. Meta controls the relationship between Facebook, Instagram, Messenger, WhatsApp, and others, and opens up the data across mobile applications. The photos, videos, and phone contacts of their subscribers, and the stored details of the Wi-Fi connections used are all relevant data.

        A final area of monetization operates via the Meta Business Partners program,141 through which the platform makes business deals with companies and large data brokers. These are companies that aggregate and cross-reference information derived from media outlets, ad agencies, public administrations, open data directories and, logically enough, from data collected by internet companies from hundreds of millions of citizens. By comparing its own data sets with those of partners specialized in monetizing personal data (Acxiom, Epsilon, and Datalogix), Meta contributes to tracking the habits of 77 percent of internet users around the world, about 3.59 billion people. This database matching is all the more disturbing because data brokers gather information on the health, political opinions, sexual orientation, and religious beliefs of citizens. They do this despite calls for regulation and accountability from the US Federal Trade Commission.142

      
      
        The Eyes and Ears of Automation

        Platforms capture value in more ways than qualification and monetization. While qualification is a necessary condition for platforms to operate, monetization ensures their financial viability, and finally, another form of value, automation value, feeds into investments in technological innovation. This time, the information users produce trains algorithms and builds the huge databases needed for deep learning programs. As computer scientist Yann LeCun, director of FAIR (Facebook Artificial Intelligence Research) and a pioneer in this branch of computer science, explains, advances in this field are not due to recent improvements in scientific methodology, but to the increased availability of billions of examples of images, texts, and sound bites divided into millions of categories.143 As a technique, deep learning had been around for three decades before the availability of massive amounts of data allowed it to leapfrog to its next stage.144 It is now possible for machines to recognize patterns in complex quantities of information, such as images or natural language. This profusion of content and data is necessary because, unlike humans who are able to learn from very few examples, machines require vast volumes of data.145

        But the examples produced by users of large platforms and smaller apps contribute only to the first stages of automation—known as data generation. Machine learning requires other human acts such as data annotation. What this means is that data is arranged in a specific order, cleaned by fixing errors and inaccuracies, enriched with extra information, and formatted for convenience.

        This is why some platforms encourage users to add tags to their content. For example, on Instagram, a user assigning the keywords “beach,” “ibiza,” “umbrellas,” “deckchairs,” “summer,” “2024,” “from my hotel room,” “sun,” “relax” to a photo describes the image very precisely—so much so that recognition software can learn its content, the exact time and place it was taken, as well as the feelings associated with the image. In the case of Meta, this content tagging is used to train the visual pattern recognition devices needed by businesses and the law enforcement agencies for face recognition. Since the introduction of the “real name” policy (banning the use of pseudonyms and encouraging the use of one’s legal identity to register on the network), and the purchase of a company specializing in facial recognition,146 Meta experimented with the identification of users in the photos circulating on the platform. Under the pretext of fighting fake news and revenge porn, the company even launched a “Face CAPTCHA” feature that required users to upload a recognizable photo of their face to confirm the authorship of their account. The photo had to be suitable for the biometric verification algorithms used to detect highlights and model the face based on the faceprint principle (analogous to fingerprints). Faces were then matched with real names by other functions, like the “tag suggestions” feature, which encouraged users to link photos to a friend’s profile, or Photo Review, which asked users to annotate photos in which they appeared.147 Prior to a privacy lawsuit,148 Meta halted its face recognition feature—allegedly used by one-third of Facebook users.149 Despite this, other companies have developed face recognition algorithms using biometric data from social media. The controversial provider of law enforcement identification services, Clearview AI, has been extracting forty billion photos from Facebook to train its facial recognition engine.150 These computer vision processes are sometimes also developed by other Meta companies, such as Instagram or its VR branch Quest, where images abundantly annotated by users are used to recognize goods and target commercial offers.

        In other cases, Meta put users to work to improve natural language processing. To date, machine learning has focused on translation, especially when different language communities are practicing it together. Facebook provides automated multilingual versions of its users’ posts. External communities (such as the open collaborative translation database Tatoeba) provide sample texts and phrases in multiple languages to calibrate the platform’s translation software.151 Facebook users are then invited to improve the translation by clicking on the “rate this translation” link at the bottom of any multilingual post, whereupon a star rating appears, as well as a “I have a better translation” tab that allows users to contribute another version of the same post.

        The cyclical vogue for chatbots is another indication of the importance of users’ digital labor and its conversion into automation value. Chatbots are marketed to make appointments,152 book hotels, or buy airline tickets,153 or they may send private messages recommending a concert or a purchase,154 or even simulate the presence of a friend or partner.155 While presenting themselves as completely automated, chatbots presuppose the delegation of computer tasks such as verifying, and giving training to, human beings. A conversational agent that gives complex information depends on human input. As OpenAI admits, “[users’] instructions will be used to make our models better unless [they’ve] opted out.” Whenever ChatGPT’s AI replies to users’ queries, they’re asked to rate the response. Like Reddit or YouTube votes, they use “thumbs” to rate the chatbot’s response. This user feedback is used in reinforcement learning with human feedback.156 Rather than learning by training, the machine learns by trial-and-error. In this case, the users are the “teachers” who rate the AI’s attempts at talking naturally. Aside from users’ inputs used for reinforcement learning, OpenAI has been employing trained data from CommonCrawl, an open repository of web data harvested over the years.157 Founded in 2007, CommonCrawl has listed more than 250 billion pages.

        Several AI solutions use this approach. Meta’s AI models are trained on the personal data of Facebook, WhatsApp, and Instagram users. The platform even issued a “Generative AI Data Subject Rights” form so its members could access and delete their personal info.158 Grok, the chatbot developed by Elon Musk’s xAI company, was initially trained with internet-crawled data. It generates output based on current data that users post on X. The same platform has performed other iterations of this experiment that have ended in disaster.159 Back in 2016, when X was called Twitter, the training of Tay, Microsoft’s conversational bot, was, according to its designers, initially intended to take the form of an interactive game. Tay was meant to have the persona of a teenage girl, and to develop as she communicated with her peers on social media. She was meant to learn languages, conversational norms, and eventually to form opinions. Some users got caught up in the game and tested the chatbot’s limits by suggesting illegal behavior or racist expressions, which (before she was shuttered) Tay promptly reproduced uninhibitedly.160

        The failure of “M,” Messenger’s virtual assistant, which we discussed in chapter 1, is another example of how much the automated learning programs of social media depend on the human work that feeds automation—and of how chatbots are not naturally destined to success. The device was initially available to a few tens of thousands of users, with whom it interacted through instant messaging. Facebook, unlike other companies, did not want to hide the human component, and the app’s marketing materials declared it to be artificial intelligence “driven mostly by humans.”161 Because Facebook found the unpaid contributions of users difficult to coordinate, it had resorted to hiring microworkers primarily from the United Kingdom, Kenya, and Nepal through the CloudFactory microwork platform.162 These “external operations teams” were to be the nucleus of a fully automated AI solution. However, despite Facebook’s vast financial and scientific resources, after three years up and running, M had still not got beyond 30 percent automation.163 Thus human microtaskers were actually responsible for satisfying more than two-thirds of the user requests, which ranged from delivering drinks to writing a song. The microtasking costs were deemed too high by Facebook, which permanently discontinued M in 2018. The fate of M not only revealed the limits of the fantasy of complete automation, but it also demonstrated the fact that, if a platform fails to get humans to work for free, as it so often does, then the program is not always financially viable.

      
      
        Heroes or Cleaners? The Production Chain of Content Moderation

        The rise and fall (and rise again) of chatbots highlights the continuity between work for social media and paid or micropaid digital labor. Social platforms do not rely only on their users to calibrate algorithms and perfect deep learning methods. On Amazon Mechanical Turk alone, requests (human intelligence tasks, or HITs) from Google tripled between 2012 and 2017, according to a study published on the MTurk Crowd forum.164 Around 2019, the bulk of AI training microtasks had moved to SageMaker Ground Truth, the Amazon service specializing in “low-cost machine learning” that allow developers to “prepare their datasets for training their ML models”165 by quickly sending tasks to MTurk workers for annotation and verification. Requests cover a vast range of tasks—judging the relevance of search engine results, comparing two YouTube videos to decide which is funnier, annotating Android applications, ranking posts by topic, and so forth.

        On social platforms, users are not the only providers of digital labor. The content they produce, and the validations and tests they carry out do not exhaust the amount of value-producing work required. Digital labor of a different kind, which is low- or micropaid, is also needed. Platforms thus connect a growing number of microtaskers to users. These two categories of digital labor are linked in the same chain of production and value creation.

        An illustration of this shuttling between micropaid and “free” work can be found in Facebook’s fight against the proliferation of propaganda, sensationalist news, and hate messages that are usually classified as fake news. The platform emphasized by turns the power of its algorithms, the professionalism of its “external operations teams,” and the dedication of its users. Between 2016 (the beginning of the Cambridge Analytica scandal) and 2021 (the year of the Facebook Leaks revelations), it’s been a tough road for Meta’s moderation. Initially, former Facebook subcontractors revealed that behind the system which suggests “personalized trending topics,” previously thought to be fully automated, there lay a team of human operators.166 The platform quickly laid off the entire team and, to reassure the public and investors, declared that it had replaced them “with an algorithm.” However, without human supervision, it rapidly fell prey to manipulation by fake news producers.167 The platform was then accused of having been largely responsible for introducing electoral bias into the American presidential election and got rid of its personalized topic service.168 This storm forced Facebook to bring back digital labor. It introduced a “mark this post as fake news” feature, whereby any user could report what they considered to be misinformation.169 However, the work of fact checking, thereafter carried out by the platform’s users, proved insufficient. Snopes.com, the independent platform of volunteer “myth debunkers,” and also Wikipedia, were mobilized.170 External teams, under contract with Facebook, were also added. Companies like Telus, Accenture, Teleperformance, and Sama were called upon to evaluate Facebook’s content for Europe, Africa, and South America.171 According to Meta, both microworkers and users improve the quality of information by compiling a database of contested media stories, which will feed the platform’s artificial intelligence with examples, enabling it to take decisions automatically concerning the posted content: Should it appear in a certain group’s news feed? Is it eligible for a sponsored post?172 This emphasis on automatic content decisions should not omit “humans in the loop,” who are still crucial to moderation. Besides the “free” social media labor of users, Meta admitted in 2021 there were “over 40,000 people [. . .] working on safety and security, including global content review teams in over 20 sites around the world reviewing content in over 70 languages.”173

        Often, as in the case of fake news, evaluating information for a platform amounts to filtering out whatever does not suit the sensibility of its users or the aims of the platform’s inventors. When microworkers on Amazon Mechanical Turk or Remotask have to perform annotation tasks on images with potentially problematic content, their microwork helps to generate automated solutions in the form of moderation. They help to align filtering and recommendation algorithms with regional contexts by complying with local regulations. In Pakistan they can be recruited to class TikTok videos containing blasphemy, in Japan to mark the Google links that point to adult websites, in the US to label images that violate copyright laws on Instagram, and so forth.

        Sometimes, and this is particularly relevant to the discussion of social media labor, users are also requested to behave as moderators. For example, Chinese streaming platform Bilibili, with 500 million users, has created a participatory “disciplinary committee.” According to reports, 70,000 users serve as “inspectors” by monitoring issues and voting on videos flagged as “vulgar.”174 Users of X, Tinder, and Discord perform the same operations when they block, hide or report messages and profiles they find offensive or inappropriate. Each downvote affects recommendation algorithms and content filters.

        Whether the content filtering is paid or performed on a “voluntary” basis, it is typical of how online media function. In the second case, it is similar to what researcher Sarah Roberts has called commercial content moderation (CCM).175 This “dirty work” is done by digital laborers to make sure the content is compliant with terms of use, legislation, and community standards. This makes for wide international variations. In some contexts, moderated content will be pornographic images; in others, violent, racist, homophobic or misogynist statements; in still others, statements against religion or posts from a government’s political opponents.

        These moderators face arduous chores and significant occupational risks.176 The consequences can be disastrous for their mental health and well-being. Some develop forms of post-traumatic stress disorder after viewing extreme images (gore, violence, nonconsensual sex acts)177 all day long. Like other types of digital labor, moderation has followed the methods of offshoring. Workers are often found in Kenya (like Sama, discussed in the previous chapter, which used to moderate Meta content), in the Philippines, and in India (working for US and Chinese platforms).178 In Sarah Roberts’s words, the offshoring of content moderation is a kind of “illegal offloading of technological waste.”179

        Moderators work almost invisibly in geographically remote places, yet, paradoxically, they are necessary to ensure that the contents posted by users conform to current standards of “visibility.”180 Moderation also fulfills another essential function, which is to further the cause of automation. In evaluating content, moderators find themselves sorting and enriching it—in short, qualifying it. Qualified content can then be integrated into a corpus that can be used for purposes other than online publication. As such, they evaluate not only content but also data. This is summed up most clearly by the leader of a team of Indian microtaskers in the documentary The Moderators (2017): “Basically what you have to do is you have to judge the data.”181

        According to Sarah Roberts, CCM happens at four types of organizations: in-house in big tech companies, offshore in “boutique” local firms, in remote call centers, and on microwork platforms.182 Yet, unpaid users do a lot of the moderation, too. Microwork becomes intertwined with users’ “free” digital labor as they contribute to the data corpuses that advance machine learning. YouTube provides clear evidence of this fact. It enforces strict rules for filtering problematic content (violent or adult), protecting copyrighted material, and classifying by language and country. Its reputation is built on the “automatic” detection of content, and on reporting offenders. Actually, the platform also uses another method, based on a work sequence with three categories of moderators. The first category is that of users who flag possible violations of the platform’s rules. After this initial screening, carried out for free, YouTube activates a second category of “super-users,” first called “trusted flaggers,” but subsequently known as “YouTube Heroes.”183 Their reward consists in points enabling them to access to premium content or special offers. They do not only check the material flagged, but they can also enrich videos by adding subtitles and check descriptions or give feedback to other users.184 The last category is that of commercial moderators, who are recruited and paid by platforms or by specialized subcontractors.185 They review dozens of videos per hour and classify them according to set criteria such as commercial videos, music videos, TV show excerpts, but also videos “containing inappropriate content.” One of their most important roles is to decide whether a controversial video should be “demonetized” or not, that is, deprived of advertising revenue and demoted by the algorithm. YouTube attempts to reassure its advertisers, who do not want to damage their brand image by having it associated with objectionable videos, that its moderators are human. But to which category will they belong?186 There are the tens of thousands of paid moderators, a few thousand “Heroes” paid in kind, and millions of unpaid occasional flaggers—clearly, it will be a combination of the three.

      
      
        Click Farms Recruit Networked Workers like All Others

        If we take a closer look at the daily tasks of internet moderators, we notice a surprising fact. When moderators must decide whether content classified as racist or hateful should be removed, they have to take into consideration the fact that social media platforms would lose a lot of their marketability if they gave the impression of restricting and cracking down on the contributions of their users.187 The right to free speech becomes an ambiguous ally of business interests, which ultimately articulate with society’s racist, misogynistic, and homophobic discourses. This presents a paradoxical situation for a moderator.

        It is common for platforms to support and even encourage forms of production and circulation of content that, while clearly contravening the general terms of service, contribute significantly to the volume of traffic on their networks. Since social media is designed with an ideal of virality in mind, that is, a continuous buzz of conversations and new surges of content, they turn, whenever possible, a blind eye to high-visibility, but problematic, content. This is precisely the content for which search engines and referencing algorithms have been optimized. This optimization often involves adding a critical mass of “artificial” clicks in order to stimulate the work of “organic” users.

        The economics of virality is rooted in structures very similar to those of microwork. Content mills, for example, which produce the blog posts, reviews, comments, descriptions, and tags that support or construct the visibility of brands and public figures are not fed by freelance writers, but by microworkers, who produce no more than a few dozen words each, on various subjects. Their pay ranges from 0.1188 to 3 cents per word,189 but they are lured by the promise of higher sums.190 Often, these aren’t genuine translations, but just software-translated sentences and, increasingly, content produced by generative AI.191 In turn, the texts produced in this way are not intended to be read by humans, but by web crawlers programmed to detect distinctive keyword sets. Workers of these content mills are put to work optimizing the ranking of certain web pages in search engines. For this, identifying given terms in indexed pages is not enough. They must also detect hyperlinks and cross traffic between sites. This is why companies other than content mills are required to manufacture virality, such as link farms and click farms. These semi-clandestine enterprises aim to fabricate committed users and artificial fans.192

        “Click on content,” “increase the number of views of a video,” “give five stars” to an iTunes application, or even “create profiles that subscribe to the feed” of a celebrity or company—these are some of the tasks “farmers” perform for a few cents. This work is barely distinguishable from the tasks any normal user would carry out.193 When one talks of “fake followers,” this refers not only to automatic accounts or fake profiles, but also to internet users who subscribe to a page, channel, or account in exchange for a micropayment.194 In addition to the fact that it is not always easy to distinguish fake followers from real ones, the two categories of users can influence each other. Click farms want to produce wave upon wave of site traffic, and so they “pump-prime” online marketing campaigns, political propaganda, or rumors. This can lead to cascades of information flows that go far beyond the initial core of fake clicks and ends in messages being promoted by “organic” users.195

        Click farmers and microworkers have the most in common. Some click farms have their own premises in which individuals scan and share content all day long, being paid at rates that are unacceptably low and working under extremely harsh conditions that some have qualified as slavery.196 Again, the workforce is provided by low-income countries or less advantaged areas of high-income countries.197 These types of click farm are well known. TV reports, with scenes of police officers bursting into apartments in Thailand or Russia, where dozens of people are clicking away on hundreds of smart phones, are quite common.198 A large number of click workers operate from home and are also recruited on platforms such as Upwork or Fiverr. In 2011, Freelancer, another platform, paid particularly poorly for the creation of fake profiles, fake reviews, and fake subscriptions: 30 percent of the tasks received around 10 cents.199 Over the following decade, the prices have increased significantly: in 2021, clients would pay from 25 cents to $100 per review.200 Reviews on Google, Tripadvisor, and IMDb are actually some of the most expensive forms of fake engagement, since they require customization and linguistic proficiency. Views are at the opposing end of the spectrum. Prices vary depending on what platform is targeted. TikTok views are $0.01 to $0.03, Instagram views can be sold for $0.08, and an Instagram story can reach $0.30.201

        On some of the lesser-known platforms (MinuteWorkers, ShortTask, MyEasyTask, etc.), between 70 percent and 95 percent of the microtasks also involved creating fake profiles or fake links.202 The geographical origin of the requests (66 percent from the United States, Canada, and the United Kingdom), and the geographical origin of the “farmers” (38 percent lived in Bangladesh and 30.7 percent were from Pakistan, Nepal, Indonesia, Sri Lanka, and India) also suggest the symbiosis between click farms and more legitimate microwork platforms.203 The only fundamental difference is that on platforms for fake clicks, microworkers can hope to be paid about five times higher than on Amazon Mechanical Turk.204

        Although click farms are described as anomalies that deviate from “normal” social media usage, they have direct links to the standard platform economy and are by no means a marginal phenomenon. In 2013, the sale of fake followers on X (then Twitter) represented a turnover of $360 million, while on Facebook, fake clicks reportedly generated some $200 million per year.205 By mid-2010, mCent (a service that paid users to install apps and make them more popular) was reporting thirty million users and ranking among the top five apps in India.206 It also attracted $57 million investments from Verizon, among others.207 At the beginning of the next decade, other indicators revealed how big the fake follower market was: on average 1.2 percent of social media followers of US companies were fake and, if found, the average firm was estimated to lose up to $7.10 million in market capitalization.208

        
          
            Russian Dog Food

          

          The setting is an online discussion forum where digital workers from South America share anecdotes about clients, practical tips, and cautionary tales. Rosa hails from San Cristóbal, Venezuela, near the Colombian border. As a newbie, she’s learning the ropes. For now, she likes microtasks. She is experimenting with several platforms, including Microworkers and YSense. Her last task consisted in accessing Facebook and leaving a “like” on the page of a Russian dog food brand. The pay wasn’t great, but as a job, it’s quick and harmless. Little did she know it would get her blocked on Facebook. Panicked, she asks her online forum friends for help.

          “My Facebook profile is dead!” she laments. “I don’t know what to do. It’s gone.”

          There is an outpouring of support from forum members. Juan, a veteran microworker with a knack for troubleshooting, chimes in among the comments.

          “Rosa, do you speak Russian or did you use a translator to write the comment? Facebook might have flagged it as suspicious behavior. It happened to me once.”

          “I don’t speak Russian, and anyway, it wasn’t about writing a comment. The only thing I had to do was click on a link, view a post on a Russian page, and like it.”

          “Were you using your own profile or a work profile?” Juan inquires.

          “My own . . .”

          “That’s why you were blocked. You are geotagged in Venezuela. And you do not speak Russian, so you do not usually engage with Russian content. They thought you were a bot.”

          Juan is a geek, but he’s also kind of a poet. He explains that liking content for a living “is like practicing Capoeira with Facebook’s algorithm.”

          “The algorithm is watching you,” he adds, “and it doesn’t like irregular behavior. If you accept a microtask that requires to access Facebook, you’ll need to create another account to bypass restrictions. But remember: even fake accounts need to appear real. To avoid detection, they need to be authentic, too.”

          “Maybe,” quips Rosa, “to prove I’m a legit Russian pet lover, I should start a profile where I only talk about dogs in Moscow, and another about cats, and so on. Do I need to have a million parallel lives to please Facebook?”

          It’s not uncommon for people to be in Rosa’s shoes. After analyzing over 600,000 profiles and interviewing hundreds of workers, my team and I found that the overwhelming majority of tasks on the popular platform Microworkers involve some type of fake engagement. Some tasks request that the workers watch YouTube videos and like them. Some workers have to leave reviews on booking platforms for hotels in places like Dubai and Bali, where they have never set foot. Other times, a task may require taking a selfie and sending it to a company that produces face recognition software.

          Our research shows that a “Juan” (a thirty-something guy with a degree in STEM), is more likely to carry out these tasks than a “Rosa.” However, other surveys conducted by our colleagues show that demographics change based on countries, platforms, and years. Click farms have been mainly observed and studied in Southeast Asia and Latin America. The marketplaces of fake clicks in Indonesia are full of young people who work from cybercafes.209 Authoritarian presidential candidates in the Philippines use PR agencies to recruit urban, overeducated, marketing pros to create fake news.210 In Brazil, fake virality is generated by the clicks of thirty-five to forty-five-year-old women who work on local and international platforms, earning less than a penny per task.211

          Click farms have been described as “parasite platforms” because they rely on social media to survive, but they also threaten them. Facebook in particular has been extremely aggressive in taking down 837 million posts containing spam and 583 million fake accounts.212 Usually it bans suspicious behavior (for example, users who “like” or even review products not sold in their country) or profiles (for example, accounts that share only third-party content without producing any themselves).

          There haven’t been many studies that look at the perspectives of workers on click farm platforms. Even less is known about their social relationships, which could help to detect groups and communities that are more likely to work online to generate fake engagement. For researchers, the matter is further complicated by the proliferation of accounts for individuals across social media, commonly done by workers to circumvent platform restrictions.

        
      
      
        Who Is an Organic User on Social Platforms?

        Brands can buy followers, fans, and even artificial traffic, on social platforms. This type of content is sometimes referred to as “non-organic,” meaning “not produced by users with a genuine interest in” a brand, a celebrity, an organization, or a politician. Platforms pretend to take a dim view of these practices, and periodically engage in purges of fake likes,213 declare that they have installed mechanisms to detect these fake clicks automatically,214 or even file complaints against users who turn to click farms.215 Advertisers have repeatedly asked platforms to report on the extent of this artificial traffic.216 The companies that incur the wrath of Meta usually have very explicit names, such as GetPaidForLikes, but the tech giant’s business model is based on a visibility market that has much in common with how click farms function.

        On this point, Facebook reminds us that there is only one way to acquire likes for your message: target a certain segment of the population and wait for it to react “organically.”217 Experts in marketing, communication, and IT set out to test this claim by using honeypots and bait-clicks.218 In computer security, these terms designate traps to lure cybercriminals into launching attacks. In this case, they refer to contents designed not to be interesting to organic users, but to attract fake traffic. The experts in question concluded that automated bot traffic is very limited. The bad news is that most of the activity came from profiles that were probably paid to view, like, and share. These profiles behaved suspiciously in that they were fans of thousands of brand pages, political figures, and celebrities from India and North America. The hundreds of thousands of clicks and shares these false fronts have generated are unlikely to be from passionate consumer groups. Once again, the prime suspects are platforms that recruit users located in Egypt, Iraq, Tunisia, Algeria, Morocco, the Philippines, and Brazil, among others.219

        These experiments with honeypots yield a further insight: false clicks are not an anomaly or a perversion of the system, but the result of Meta’s own business strategy. For a long time, in the name of fighting spam, platforms have been restricting the circulation of shared content. Today it is obvious that, whenever a user posts something on a profile with, say, 5,000 followers, only a tiny fraction of them will get to see it. Every message has a different “reach” based on its time, location, topic, etc. Content is curated by the News Feed algorithm, which chooses what’s relevant and hides the rest. This has been accomplished over the years by severely restricting the visibility of posts published by users. The number of views received by “organic brand posts” in Facebook pages has decreased over time. The percentage of users’ contacts that saw each new post dropped from 16 percent to an average of 2 percent.220 After the reform of the News Feed algorithm decided by Mark Zuckerberg in 2018 to “encourage meaningful interaction between people,” media and brand name messages became even less visible.221 Facebook business page owners then worried about the “demise of organic reach.”222 But the drastic restriction on the spontaneous circulation of content on Facebook represents in fact an opportunity for the platform to offer users the possibility of paying a few dollars to get more people to see their content by boosting their posts.223 The platform promises brands, celebrities, and creators that they’ll be able to select (or “target”) the users who see their messages. However, if left to its own devices, targeting might not work well. Users have to pay more to the platform if they want to maintain control over how their message spreads. This is called “paid reach.”224 This is how Facebook explains it: “Like TV, search, newspapers, radio and virtually every other marketing platform, Facebook is far more effective when businesses use paid media to help meet their goals. Your business won’t always appear on the first page of a search result unless you’re paying to be part of that space. Similarly, paid media on Facebook allows businesses to reach broader audiences more predictably.”225

        Facebook does not directly sell “likes” and does not allow anyone to sell them. Meta’s been aggressively suing platforms from Hong Kong to New Zealand for fake ads, fake likes, and fake followers.226 But the platform does sell visibility, along with the assurance that a specific audience will actually be engaged. If a Facebook page with one million fans refuses to pay, only a tiny minority of them will see the posts. If the owner of the page pays to “target their advertisement,” the number of persons able to see the posts will be proportional to the amount paid. This “turn to paid media” blurs the line between users who pay to purchase exposure on click farming platforms and those who purchase exposure directly from Meta.227 Here is where the logic of click farms springs back into action.

        Furthermore, advertisers are growing tired of Meta’s promotion tactics. Advertisers have repeatedly expressed concerns about Facebook,228 while marketing experts have pushed for transparent “viewability” measures to ensure true human engagement.229 Professionals’ doubts were confirmed when Facebook admitted to having overestimated viewership by as much as 80 percent over a two-year period.230

        

        *

        Because Facebook’s business model seems inseparable from the economy of click farming, we must subject its declared values of authenticity and autonomy to sharp scrutiny. The visibility market shatters the illusion of the user’s voluntary and carefree participation. New subscribers to social media are now caught up in a system of click production based on hidden work, including the “free” work they are asked to do, and the work done by their micropaid counterparts. The distinction between artificial and organic traffic has become blurred. Consequently, voluntary clicks by users on social media are of the same nature and are part of the same system of economic incentives, as those of individuals who are paid to circulate content, the only difference being that organic users are less costly for the platform. All users are workers.
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        The Horizons of Digital Labor
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        Work Outside Work

      
      Platforms are crucial to the production of AI. To function, all platforms require digital labor. And digital laborers themselves sit on a spectrum of taskification and datafication, ranging from on-demand platform workers to social media users. Their labor is sometimes considered freelancing, sometimes temping, sometimes piecework, and sometimes not “work” at all.

      Digital laborers struggle to gain recognition as workers who share in the benefits of standard employment. They are not alone. In this sense, they belong to a larger community of people who conduct unrecognized work. This includes domestic work (that relates to household and caregiving duties), “gamified work” (that features elements of play, such as competition or rewards), “consumption work” (that involves purchasing, using, or disposing of goods and services), “audience labor” (the act of producing value through being the public of media and target of advertisement), and “immaterial labor” (that produces goods and services by intellectual or creative activities). In recent decades, these categories have emerged, showing that platform workers’ position, conditions, and activities are all affected by their degree of “conspicuousness”—meaning the extent to which their occupations are visible.

      
        The Consumer’s Work Outside of Work

        However varied, digital platforms have one common feature: they paradoxically set users both to work and apart from work. Whenever a platform commands expertise, attention, and loyalty from a contributor, in the same breath it demotes that user to the status of “participant,” “consumer,” or “guest,” but not “employee.”

        Digital labor resembles consumer work, especially when it is framed as part of a “collaborative economy,” where platforms thrive on the work of users. The idea of consumer work is not new—in fact, it predates digital labor. Remember the productive tasks that were delegated to customers (and not employees) in some supermarkets, train stations, airports, post offices, and restaurants? Initially, the tasks were physical, such as assembling a piece of furniture, preparing one’s tray in a self-service restaurant, helping other consumers by training them, or evaluating the work of employees by ticking the boxes of satisfaction questionnaires (which also transformed the consumer into the employee’s informal supervisor).1 This evolution has reached a new level with the start of the digital economy, as for example with self-service checkouts and automatic tellers.

        With the advent of digital platforms, consumer work does not simply complement the standard work of employees but becomes the center of a productive system that relies on an unstructured but loyal workforce. Involving the consumer in the work process fulfills every employer’s dream: having a large, passionate, docile workforce—for free.2

        Consumption is integrated into production as a field of capitalist accumulation (and conflict) in itself.3 This is evident in the commodification of services in the areas of nutrition, housing, and personal care (as noted in connection with on-demand platforms), with the exchange of intangible goods relating to art and culture (as we have seen around social media content), and with the construction of human social networks (as in the case of online communities). Platforms offer workers standardized tasks—such as leaving reviews and star ratings of services—and pay them poorly. But the same tasks are performed by disciplined consumers outside of these platforms as well. The work of producing cultural content, and keeping the flow of social contact going, has enabled social media to develop. This extension of the commodification of human attitudes and social ties ends up transforming the most trivial activities into productive functions “ranging from remembering the birthdays of relatives to finding a date.”4

        Platforms capture economic value from this work outside of work, which is marginal to consumers’ lives. They channel toward production all the “cheap excess capacities,” usually found on the fringes of work.5 The consumer work fulfills the promise of customization that’s proper to contemporary economies: consumers personalize their own goods and services using their own work. In addition, consumers help improve product visibility or quality by communicating verbally or symbolically about the good they consume. Yet this consumer work is presented as something that sits outside the sphere of the market, where financial transactions happen. This is what unites consumer work and digital labor. While dealing with users, digital platforms constantly avoid questions of payment. In the age of platforms, “free consumer work” is inextricably linked with the micropaid, underpaid, and unpaid activities that characterize digital labor.

      
      
        Labor of Love

        The activities developed by digital platforms tend to escape the collective agreements, standards, and legislation that govern formal work. They contribute significantly to the rise of nonstandard forms of employment in different sectors and various countries all over the world.6 This is why they have often—and rightly—been accused of perpetuating and normalizing the informal economy. They are also, however, transforming informal work in several parts of the world, and in unexpected ways. Workers in high-income countries often see digital labor as a route into informal work. In economies where informality is rife, just the opposite may be true: Digital platforms promise to offer new opportunities for informal workers to formalize.7 The actual impact is less clear, though. Platforms promise greater access to everyone, regardless of gender, race, class, or caste, but at the same time they reproduce surveillance, discrimination, and economic exploitation.8 Since platforms are driven by technology and competition, they have their own logic. Informal workers and small businesses that provide the same services as they do are affected by their presence. In particular, platforms undercut the more tacit, often more advantageous, ways in which workers negotiate their service fees.9

        The instability of tasks and of payment, and the absence of guarantees, are reminiscent of the conditions of craftsmen and workers in the manufacturing sector in the early days of industrialization. Construction, transportation, information processing, and cultural production are among the sectors where digital platforms consolidate capitalist power and restrict workers’ ability to negotiate their wages and working conditions.

        But we should not forget that a significant part of digital labor activities is care work, personal services, and other functions traditionally associated not with production, but with the reproduction of the workforce: accommodation, catering, maintaining social relations, and leisure. From this point of view, digital labor is similar to domestic and parental work, which societal expectations and stereotypes traditionally associate with women.10 Some authors have therefore referred to the “digital housewife,”11 or to “digital care work,” to characterize digital labor.12 Regardless of gender, every user becomes a sort of modern incarnation of a “housewife,” performing indispensable reproductive work online that, importantly, remains for the most part unpaid.

        The use of videoconferencing between geographically distant family members is a particularly good example. The preparation, scripting, and running of a video chat session is a work of active engagement in communication, which is mainly delegated to women in the family context. It’s especially true when relatives connect with kids or when platforms are used for social gatherings. For communication to run smoothly on video, children, parents, and grandparents have to perform not only the minimum technical work, but also the “social work” of coordination, presentation, behavior management, and stage setting (that is, creating the material conditions for communication, such as adjusting the settings, moving children closer to the camera so that they are in the frame, and so forth).13

        Like domestic work, digital labor by its very nature blurs the gendered distinction between the private and the public spheres,14 between reproduction and production, use value and exchange value.15 Scholars having examined the affective, cultural, and social dimensions of this labor demonstrate the denial and invisibilization of both domestic and digital work. The “pleasure” approach advocates, with their rhetoric of the “collaborative” economy to describe the involvement of users of digital platforms as a form of participation in a social project, are, so these scholars argue, agents of domestic servitude.

        Even with generative AI, there’s a clear link between affects and exploitation. As I mentioned previously, OpenAI GPT models use human labor to make sense of data. This use is required during training and is mostly performed by microworkers. However, it also takes place during the reinforcement phase, when the AI interacts with users and, by gathering their feedback, gradually aligns with their preferences and expectations. This second phase can be viewed as affective labor, mainly because generative AI solutions cause their users to feel “affective turbulence.” As an example, whenever ChatGPT exposes users to biased and inaccurate statements, this turbulence appears. The users don’t think the system is broken; they think it’s prejudiced or discriminatory. Because AI biases mostly impact women, queer people, and people of color, this form of labor also highlights intersectional concerns. As a result, marginalized groups of users have the greater burden in fixing and moderating GPT’s biases. Some authors even suggest that “those more harmed by linguistic AI are doubly exploited as they generate more value through their affective turmoil and their culturally attuned moderation.”16

        Whether it’s chatting with AI or joining a subculture of amateurs and creative individuals, digital labor conceals and perpetuates traditional values and hierarchies.17 The “love” of work had already been unmasked by feminist theorists as “the heaviest of ideological mystifications imposed on a labor relation, namely housework, in order to force women into performing this work without getting paid.”18 It is also at the center of attacks by theorists of digital labor against the representation of users in front of their screens as pure creatures of affect19 whose dedication justifies exploitation. The artist Laurel Ptak’s installation “Wages for Facebook”20 (2014), demanding that the work of internet users be remunerated, refers implicitly in its title to the influential essay written some forty years earlier by Silvia Federici, “Wages for Housework,”21 and the connection made is not just of pure form. As these women authors say in concert, what patriarchy and capitalist platforms call “love” and “friendship,” respectively, “we call it unpaid labor.”

      
      
        Audience Labor

        Despite today’s focus on the “attention economy” while studying consumer behavior on the internet,22 few seem to recognize another important source of value production on platforms: the audience. In fact, the notions of attention economics and audience economics were almost born at the same time. Herbert Simon first theorized the former in 1971,23 while the latter was developed just a few years later by communication theorist Dallas Walker Smythe. Smythe introduced the concept of “audience commodity” to account for the activity of traditional media audiences.24 From his perspective, the time devoted to commercial media such as television and radio must be considered as working time when the attention devoted to the programs or associated ads proves to be fundamental to value creation. The capital circulates and accumulates by exploiting audience activity. Audience members aren’t simply consumers of cultural products. They are actually producers, not just of attention, but of “ideology and consciousness,” which makes of them service providers for advertisers and marketing professionals.25

        Smythe’s reasoning seemed justified, yet it referred to pre-digital media. Let’s take the example of free newspapers, distributed at no cost to readers and paid for by ads. In the same way as multisided digital platforms, this form of traditional media runs on a complex pricing model: advertisers pay a positive price, the public does not pay (zero price), and producers are paid (negative price). How to interpret this “zero price,” though? It could mean that consumption is free, but for Smythe, it meant audiences produce value that media owners and advertisers don’t pay for.

        Through the prism of “audience labor,” Smythe was the first to understand communication flows as a mode of capitalist accumulation.26 Other authors expanded on his analysis by saying that audience labor is the activity of watching, which involves “capacities of perception” and aims to creation of meaning.27 The reference to watching brings to mind marketing-driven platforms like Meta or YouTube, while the reference to creating meaning recalls how microworkers help AI to make sense of data. The logical leap from audience labor to digital labor has been made. According to more recent research, audience labor extends to clicks, shares, comments, views, posts, status updates, and reach, all data that measure and organize visibility.28

        Digital labor differs from audience labor in two respects, however: the type of activities performed by audience, and the purpose of their work. The audiences of social platforms are not simply assigned to the work of watching, but must additionally perform the “work of being watched,”29 that is, the construction of an online presence that relies on managing sociability indicators (like attention to participation scores, confidentiality parameters, and contact lists). Platform audiences are thus doubly put to work, insofar as their attention and “consciousness” is captured and as they are bound to create the content and goods that circulate on the social media and collaborative platforms they use.30 The other difference is that digital labor, in addition to qualifying objects that are subsequently monetized in advertising, also involves performing human computational tasks from which value is extracted by the platforms for training algorithms and perfecting machine learning processes.

      
      
        Just-in-Time Playbor

        Smythe’s most important contribution to the current analysis of digital platform work is undoubtedly his problematization of the notion of “free time.” His work came in the wake of Theodor Adorno’s critique, for whom this modern category is based on the capitalist and consumerist model of work. For, it’s impossible to think about “free” time without also thinking about “unfree time,” which is occupied by labor and not controlled by the worker. As the philosopher put it, “free time is shackled to the contrary,” to the point of being its sinister extension.31 Smythe, however, departs from Adorno’s perspective in envisaging the time spent interacting on communication media not as the time of recuperation and of reconstitution of one’s labor power, but as a subterfuge that abolishes the distinction between work and leisure altogether.

        This interweaving of work and leisure is a crucial issue in studies on digital labor today. For some, it is the sign of a change in the very nature of work, which is underplaying its character of constraint and subjection. Concepts, such as “playbor,” proposed by Julian Kücklich,32 have emerged to describe a new generation of activities that mix leisure and work. The notion of “playbor” originated in studies of the video game industry, which is now dominated by several large platforms that distribute games and video broadcast game sessions, as well as providing multiplayer universes that connect their audiences. These audiences are part of vast ecosystems of content producers, who generate much more value than what is remunerated by the video game industry and platforms.33 The work of gamers, e-sport practitioners, modders, and testers is proving to be a vital complement to, and a mirror image of, the formally recognized work of software developers, salespeople, and designers.34 Unlike Smythe’s traditional spectators and readers, digital platform gamers do more than just stare at a screen. They perform important functions of testing, debugging, and character and prop production. They also train the game engine, improve the characters, and help algorithms to create new game patterns.35 In recent years, behavior data from gamers have been used to make annotations and examples for computer vision solutions and simulations. In an effort to create “population-based reinforcement learning,”36 Google DeepMind used millions of human players’ sessions of StarCraft II to train its AI model AlphaStar. Meanwhile, OpenAI has linked its reinforcement learning techniques to thousands of games in several of its projects (Gym, Universe, Five, Neural MMO, Robosumo, etc.).37

        All these activities are, according to Kücklich, comparable to productive forms of waged labor, because in both cases the creators of the produced goods do not “own” their own products.38 Whether or not gamers are the ultimate expression of precarious work in the video game industry is not the issue here. The importance of “digital game labor”39 in understanding digital labor as a whole lies in the fact that the intertwining of private and public spheres, work and entertainment, leisure and conflict,40 is gradually spreading to other fields.

        Gamification, as discussed in the previous chapter, is the transformation of any human occupation into a game; taking advantage of play’s interactive and fun aura, today’s “gamification of the world” is flourishing.41 In digital platform labor, gamification is everywhere. The designers of on-demand work apps have introduced elements such as scores, awards, and competitions; users of microwork services are encouraged to gain badges or to improve their ranking in order to move up the levels; social media adorns their interfaces with gimmicks reminiscent of video games: “favorites” to boost users’ participation, competitions around the number of views and subscribers, rankings of trending topics, and best friends lists.42 This is how platforms foster engagement and prosocial attitudes, ultimately to encourage data production and to make users perform higher quality qualification and automation tasks.43

        Gamification is not confined to digital labor, however, and one could argue that playbor in the digital sector simply reflects a more general movement, which has taken root in traditional firms over the last few decades.44 It involves a management philosophy revolving around personal development, creative emulation, user-friendly workspaces, horizontal relations, teamwork, and the conversion of objectives into “challenges” and games.45 In their seminal book, The New Spirit of Capitalism, sociologists Luc Boltanski and Ève Chiapello mentioned two types of critique of society, both of which relate to work: the artistic critique (which demands freedom, autonomy, and authenticity) and the social critique (based on solidarity, security, and equality).46 Playbor can be interpreted as an adaptation of the artistic critique of work, with a view to renewing workers’ commitment and encouraging them to use their initiative.

        While traditional companies and digital platforms may share the same managerial paradigm, they do not apply it in the same way. In the workplace, play tends to occupy the place of discipline and effort—at least on the surface. On digital platforms, the boundaries are blurred to the point of altering users’ own awareness of their activity. In an indeterminate zone between leisure and production, playbor is something like mandatory fun.47 The philosopher Ian Bogost consequently describes gamification as “exploitationware,” a program in which a worker’s effort is not elicited through direct and proportional rewards—a promotion or a salary increase, for example—but through opaque incentives such as stars, points, access to a new part of the platform, etc.48

        Platforms not only confuse users as to the nature and purpose of the activities they perform, but they also disturb their relationship to the time spent on them.49 Since gamified digital labor passes as a hobby, it can seep into every nook and cranny of daily life, without limit. This is particularly evident on social platforms, where users compete to share content. But it also applies to microtask platforms, especially those that use gamification as an incentive to keep users engaged or motivate them to work while they’re away from their main jobs. Just as platform labor takes place outside of circumscribed places of production, its working hours go beyond the legal limits set in standard jobs. Even when digital labor is considered part-time, or minimal-time, it’s tendentially a continuous-time occupation.

        According to the critic Jonathan Crary, capitalism in the age of the internet produces just-in-time lives and thus sleeplessness, which is to say “the state in which producing, consuming, and discarding occur without pause, hastening the exhaustion of life and the depletion of resources.”50 In many ways, his words echo the remarks made by Netflix CEO Reed Hastings: The main competitors for the video-streaming platforms are not other platforms or cable television: “When you watch a show from Netflix and you get addicted to it, you stay up late at night. We’re competing with sleep.”51 This dramatic image of a sleep-deprived humanity is an allegory of internet culture, in which users, distracted by attention-grabbing ploys and encouragements to accumulate and produce information, cannot get even a wink of sleep. Crary lists gambling, porn, and online video games as examples of activities that change our relationship to time through gamification. With the illusion of mastery, victory, and appropriation they provide, games stimulate impulses and appetites that intensify the production of information twenty-four hours a day.

        Digital labor consumes life, such that living itself becomes a moment within work. According to Crary, “This time is far too valuable not to be leveraged with plural sources of solicitation and choices that maximize possibilities of monetization and that allow the continuous accumulation of information about the user.”52

      
      
        Is Digital Labor Immaterial?

        Platforms’ distortion of users’ relationship to time leads us to a final theoretical antecedent of digital labor, namely immaterial labor. This concept, popularized by the philosopher Maurizio Lazzarato in the 1990s, can be applied to all the work performed in the cultural industries that is designed to add value, share, and recommend content, in the context of cognitive capitalism. As with consumer work, domestic work, audience labor, and playbor, there is no distinction between productive and reproductive work from this perspective. Cultural, relational, cognitive activities—and time itself—aren’t outside the market, they’ve been absorbed by it.53 To speak of immaterial labor implies shifting the focus onto value creation, and not through a tangible transformation of reality, but through increasing a commodity’s informational content. In this context, production requires activities that are not normally recognized as work, to inject culture, norms, and modes of consumption into the products that circulate on today’s markets. One example is social media users’ value-enhancing activity of qualification. Another example, more relevant to automation, is microworkers organizing data to fit them into human cultures and values.

        Immaterial labor differs from digital labor, however. Despite being a social activity, sometimes requiring nonspecialized skills and abilities, immaterial labor remains an eminently “intellectual” labor. In this respect, it has a lot in common with the Marxian concept of the “general intellect,” discussed in chapter 5. In Marx’s “Fragment on Machines” and subsequent post-workerist developments, the general intellect is described as “general social knowledge.” These are occupations with a higher level of creativity than digital labor. Immaterial labor occurs within the framework of the general intellect, performed by a class of workers that philosopher Paolo Virno calls “mass intellectuality.” In Virno’s view, this social group is nothing like, and is actually the polar opposite of “a new labor aristocracy.” Yet he also argues that mass intellectuality is “the depository of cognitive competences that cannot be objectified in machinery.”54 In other words, it’s nothing to do with the repetitive labor of an assembly line, objectified in fixed capital and embedded in automation. By contrast, digital labor is not dissimilar to the repetitive labor embedded in automation, as we have already seen.

        The fact is that when post-workerists were formulating their analyses, they were faced with an utterly different socio-technological reality, one that was still dominated by the traditional media and cultural industries. The best-known figures of immaterial workers at the time were not the app-based couriers or the data annotators—who did not yet exist—but those involved in marketing, audiovisual production, advertising, fashion, and photography. For the emerging digital sector, one could cite software, website, and multimedia content producers. All these examples come from universes in the advanced tertiary sector that draw on specialized professions with high visibility, where standard employment contracts were still the norm, although the subcontracting and self-employment were also pervasive. The notion of immaterial labor is thus based on a relatively “noble” vision of the activities involved. As a consequence, studies are more likely to focus on the creative work of the data scientist or the storyteller who sells a fantasy of automation than on the more prosaic reality of the users behind their screens.

        The concept of “immaterial labor” comes closest to that of “digital labor” in the way that technologies are conceived in their relation to their human users and designers. Influenced by Deleuze and Guattari’s A Thousand Plateaus,55 theorists of immaterial labor posit that humans are vulnerable to “machinic enslavement” if they don’t control technologies.56 This subjection operates not only in the places and at the times of day that correspond to the specific activity we call “work.” It is effective also where no standard employment relation exists, in work not recognized as work, and it is capable of “furnishing surplus value without doing any work (children, the retired, the unemployed, television viewers, etc.).”57

        Digital labor can be analyzed the same way but turns work into an algorithmic process for the purposes of information, communication, and management. This does not mean the end of the strictly “material” part of work. Neither does it amount to the replacement of a “manual workforce” [main d’oeuvre] by a “brain workforce” [cerveau d’oeuvre], to borrow the economist Michel Volle’s expression.58 The Marxist dualisms of tangible and intangible, intellectual and manual, skilled and unskilled labor already came under scrutiny in the 1970s,59 and their conclusive inadequacy was shown in the 2000s by internet studies, which also criticized their most recent incarnations (real/virtual, material/disembodied, etc.).60 Digital labor is no more intangible than is the work of a lawyer or a warehouse worker—especially in the context of the computerization of all professions. Click farmers in Venezuela, Facebook moderators in Kenya, data annotators in India, and Uber users in Germany are all confronted with highly concrete issues and concrete tasks, for which they use their bodies, their locations, their senses, and of course their fingers—their digiti.

      
      
        Discovering Inconspicuous Digital Labor

        By examining the earlier concepts of consumption, domestic, audience, and immaterial labor, I’ve tried to pinpoint the characteristics of digital labor, and to leave behind some of the dichotomies (between work and nonwork, tangible and intangible) that make it hard to understand work on digital platforms. There is, however, a more fundamental opposition revealed by the analyses of these concepts. It runs between work that is immediately recognizable as such, and other activities that are mediated by the digital platforms and transformed into “silent,” inconspicuous, or merely “implicit” forms of work.

        The invisibility of domestic labor, the casual nature of consumer and audience labor, the ambiguity of playbor, and the immaterial components of cognitive capitalism all illustrate how hard it is to make work both visible and valuable. The problem of recognition applies to all kinds of work, according to sociologists Susan Leigh Star and Anselm Strauss seminal 1999 contribution “Layers of Silence, Arenas of Voice.” When people voice their labor, they’re making it visible and explicit to each other; when it is silenced, it is not recognized as “real work.”61 The oscillation between these two poles helps to define what exactly counts as work. Ambiguous cases, where it is not self-evident that the activity is work, include domestic labor and care. What a society recognizes as work can be related to long historical processes of professionalization, which, made visible, can become careers. The definition of what constitutes work can shift in such a way that certain activities classed as work are gradually deprived of this status, and silenced.

        In the last quarter of the twentieth century, when Star and Strauss were writing, there may have been just such a shift. With rising unemployment, waves of business restructuring, and concerted outsourcing policies, the hope of obtaining a steady office job was receding, undermined by the trend in subcontracting and the increase in nonstandard forms of employment. Since the dawn of the twenty-first century, these trends have become even more pronounced. In particular, there has been a push toward work from home—especially noticeable during the global COVID-19 health crisis. Flexibility, casualization, and generalized temporary and contingent work have grown, fueled by a financialized economy and pressure on traditional employment models. From a career perspective, this has blurred the lines between phases of professional life where one performs activities that “count as work” and phases where work becomes invisible and resembles idle communication, information consumption, or vanity projects.

        Labor on platforms accelerates this development. Faced with these tensions, negotiations become necessary to decide which activities can be classified as work within the ever-expanding gray zone of digital labor. Ironically, the recent changes in the job market present an opportunity to discuss what work is.

        According to Star and Strauss, visibility is crucial in this regard.62 Visible work is harder to ignore. Making no mention of work, condemning it to silence and invisibility, is therefore tantamount to taking a step toward its disappearance. One of the most common tactics for “silencing” work, according to Star and Strauss, is to make the worker “unseeable,” which may happen when “large-scale networked systems,” which bring about a change in task allocation, are used to give the impression that work is performed by machines, whereas it is in fact delegated to other, hidden, human beings.63 Analyzing the technologies available in the late 1990s, Star and Strauss attributed this concealment of work to the emergence of information management systems in companies. If we transpose this analysis to today’s digital platforms, these theories expand to an unprecedented extent. A contemporary example of a large-scale system, the algorithm of a ride-hailing app that distributes tasks to the drivers, in the meantime makes coordination work and price negotiation invisible. On e-commerce platforms, recommendation systems suggest purchases, but they also hide the fact that human data annotators have checked prices, removed duplicates, and updated products descriptions. Last but not least, large language models put the work of data scientists and platform tycoons front and center, conveniently overlooking microtaskers’ pre-training work and users’ reinforcement learning.

        On digital platforms, the distribution of what counts as work is therefore inseparable from the distribution of its visibility. Both aspects—the category of work and its visibility—influence the definition and value of the data and content that circulate within informational infrastructures. A lack of recognition of work, for instance, can lead to a lack of visibility of data—and vice versa. A study by sociologist Jérôme Denis supports this conclusion. In a startup that distributes open data, for instance, non-machine-readable data isn’t considered data at all, and labor to produce it doesn’t qualify as work.64

        When we review the lack of recognition of digital labor in terms of the division between visible and invisible labor, we can better understand the macro-social context in which those who perform hidden and alienating tasks have difficulty entering the employment market. Automating, networking, and aligning business processes with information and communication technologies all contribute to muzzling and erasing work.

        Despite this, Star and Strauss’s analysis fails to incorporate the fact that platform work is divided into multiple tasks, some of which struggle more than others to surface. Uber Eats couriers juggle visible deliveries and less visible activities like bike maintenance and messaging customers through their app. On Amazon Mechanical Turk, crowdworkers perform visible microtasks, while in the background they read, look up information, and navigate the complexities of payments. Volunteer YouTube moderators oversee visible content, and they also handle emotional burdens behind the scenes.

        This shortcoming is partially mitigated by the link the authors make between “invisible work” and “shadow work,” a notion introduced by social critic Ivan Illich.65 This “shady side of industrial economy” is most apparent in “the preparation for work to which one is compelled”66 This activity is not only the shadow cast by “real” work, nor is it work that has been relegated to the shadows, due to conflicts over how work itself is defined. Rather, it is the portion of every activity that is pushed out of sight.

        Digital labor oscillates between visibility and invisibility, leading us to the notion of conspicuousness. The concept of “conspicuous consumption” was formulated at the end of the nineteenth century by the American sociologist Thorstein Veblen to convey the social importance of the economic activity of consumption not to fulfill needs, but as a spectacle for others and to signal one’s social status. In the 1970s, legal scholar Jethro Lieberman drew directly on this notion to propose its opposite, “inconspicuous production,” which refers to production performed outside the field of vision.67 In many jobs, “unskilled chores” constitute the bulk of the daily workload, whether performed by an affluent professional or a menial worker. This held true way before the rise of platforms, as Lieberman’s explored a range of occupations such as lawyers, barbers, morticians, dentists, and keepers of mental wards. He highlighted their search for a balance between the conspicuous and ritualized part of their work (meeting with clients, carrying out work in public, etc.), and another, unobtrusive and ordinary part, which was performed out of sight. In this pre-internet context, inconspicuous labor consisted mainly of routine, and sometimes arduous, tasks that could be complex and difficult to communicate.

        In principle, then, each occupation can be characterized by a ratio of conspicuous to inconspicuous work. Lieberman does not seem to believe that the ratio is higher for creative and specialized professions or lower for salaried jobs, clerical work, and administrative tasks. But, in keeping with the culture of his time, he is convinced that routine tasks that represent the inconspicuous portion of any job “can be accomplished by anyone with a modicum of training if routine enough, in fact, it can even be adapted to the machine.”68 Still, those who design automated processes, algorithms, and robots will find it difficult to make machines do their tasks, particularly the elementary and commonsensical ones that AI can’t simulate. The more inconspicuous the production, the harder it is to automate.

        Maybe the way that these authors characterize automation within the socio-technological contexts that preceded digital platforms is no longer relevant today. Lieberman thought that machines would replace inconspicuous work. Star and Strauss blame large-scale technological systems with “silencing work and continuing invisibility.” The conspicuous/inconspicuous divide provides another perspective, showing that platforms require invisible labor to produce what passes for automation today. This view places inconspicuous digital labor in conversation with anthropologist Mary L. Gray and computer scientist Siddharth Suri’s concept of “ghost work.”69 In contrast to the notion outlined here, these authors restrict the scope of application of their concept. According to Gray and Suri, ghost work refers to a workforce of uncredited data trainers, employed in a particular industry to achieve a specific goal—help develop AI solutions.

        Following Illich and Lieberman, inconspicuous digital labor may be defined as the invisible taskification and datafication that occurs within every job. Next, we should ask: To what extent does digital labor now affect other forms of labor?

      
      
        Hyperemployment

        The emergence of digital labor is not only an internal process linked to the rise of the information and communication technologies, but also the consequence of how standard employment has been affected by late twentieth-century trends in corporate restructuring, outsourcing, and subdivision of work tasks, and by early twenty-first century advances in financialization. The redefinition of work in terms of its visible and invisible components does not necessarily imply that the quantity of activities “outside of work” increases, nor is the main issue that of the increase in working time, as was the case with immaterial work. Rather, what is at stake is a shift to a system which the philosopher Ian Bogost has called “hyperemployment.”70 This refers to the obligation of workers to integrate into their productive activity periods of digital labor able to be mobilized at any time of day and from any place, in public spaces, at home, and not only in traditional workplaces. As we have already mentioned, exogenous shocks such as the COVID-19 health crisis have accelerated the hybridization of presence- and remote-based work. It’s true that many companies, especially in the tech sector, have very publicly recalled their staff back to the office at the end of lockdown.71 But the availability of technological innovations has made it easier to work from home and on public transportation.72 Multitasking, like when working and riding a train, functions both ways. Sure, digital technology makes work permeate family time. At the same time, family and domestic chores are often done while remote working, like cooking or cleaning during a Zoom meeting.73

        Due to the abundance of devices kept on our person and in our own homes, users today may receive a request, a demand, or an order at any time of day or night. This constant availability, often interpreted as addiction or compulsion, or as a social requirement, reveals the massive increase in the number of productive tasks distributed by colleagues, superiors, clients, work partners, and so forth.

        “Hyperemployment” relates to the extension of the forms and methods of digital labor to standard employment. Increasingly, formal employment is affected by technologically enhanced insecure work situations, as well as challenges relative to “work outside of work.” A common thread is shared by employees, platform workers, and even the unemployed. In fact, they are all “hyperemployed.” The Greek word “hyper” (“over”) means that digital labor has been superimposed on any other activity workers do. Any person employed by a traditional company with a formal contract can be seen as an inconspicuous part-time digital worker on one or more platforms. The traditional dependence of employee on employer has not so much ended as taken on a multiplicity of different forms.

        Bogost focuses on the example of email, conceived as a task allocation mechanism that disregards schedules and local situations. Initially introduced to coordinate people using the same computer resources in a collaborative context, email was designed to be a work-related correspondence tool. In fact, email functions as an unending list of tasks—a request for information, or the delegation of a piece of work. Each message conveys an obligation from a supervisor, a customer, or a colleague to act, and it threatens recipients if they do not reply and react. It embodies and epitomizes two crucial aspects of digital labor in all its forms: It changes any occupation into a just-in-time activity, to be carried out “on demand”; and its eminently social nature mobilizes relational skills to produce multimedia content (the texts and images of the emails and their audio and video attachments). Bogost underscores the work discipline imposed by email, as its primary function “is to reproduce itself in enough volume to create anxiety and confusion. The constant flow of new email produces an endless supply of potential work.”74

        Email has been around for long enough to be considered a universal technology. It is “the plumbing of hyperemployment.”75 But, of course, the philosopher’s analysis applies to other tools. Imagine receiving a group chat on an instant messaging app after you wake up, or having to accept a late-night video call from a colleague in another time zone. There is no shortage of potential work here either.

        I don’t want to imply that the notion of “hyperemployment” should be used as a criticism of the introduction of information and communication technology into the traditional work environment. But, rather than increasing productivity at work, these technologies encroach on the time meant for free and personal enjoyment. A number of businesses have gone digital, particularly hastened during COVID-19. From mom-and-pop shops to big corporations, they started using a variety of tools to coordinate their employees’ work, from email to Zoom to Microsoft Teams. These are off-the-shelf solutions made by big platforms. In fact, they are the big platforms—and employees are now using them.

        Employees do not have to contend with the “free” work of social media users or with the underemployment of the on-demand economy or microwork, but they do experience a loss of autonomy as the result of “feeling overwhelmed” by email, chats, video calls, LinkedIn comments, and Instagram stories. This easily turns into a “feeling of resignation,” since it seems impossible to work in any other way. Salaried employees and workers in insecure online gigs share the occupational risks of communication burnout and an escalating workload. There is only one difference between despair of hyperemployment and that of unemployment, Bogost notes, namely that despair seems acceptable for the latter. Indeed, society celebrates hyperemployment for the supposed freedom it offers—freedom to carry out unpaid work constantly from the comfort of employees’ own cars or toilets.76
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        How Do We Classify Digital Labor?

      
      As we discussed in the previous chapter, scholars have explored unrecognized, invisible, and unmeasurable work for decades. Little matter if it happens at home as unpaid domestic labor or in social contexts as immaterial cultural contributions, there’s a common thread—work is positioning itself “outside of work.” The reason is that every occupation has both visible and invisible aspects. This dialectic between visibility and invisibility is evident in digital labor as well.

      Yet there’s one thing that makes digital labor different from other types of unrecognized labor. In the shift from firms to platforms, contemporary organizational practices are embracing it to promote flexibility. Companies that hire flexible workers, potentially, don’t have to pay benefits, train employees, or pay employment taxes. These workers do not create a constant cost to the company. Ideally, on platforms and in their ecosystems, every individual is a one-person startup and work tends to occur outside any traditional firm.1 As part of larger efforts to restructure and be more agile, the same traditional firms encourage salaried workers and redundant employees to start their own startups. This phenomenon of companies spinning off bits of themselves into separate companies is known as “hiving off” or “starbursting.”2 It shows how widespread platformization has become. Indeed platforms do this all the time. Take, for instance, Uber’s decision to spin off its autonomous vehicle business into Aurora (the startup mentioned in chapter 3) or how layoffs at big tech companies usually lead to the creation of smaller software companies.3

      Is this the dawn of “work for oneself,” freed from subordination, as some claim?4 As the revival of the term “gig work” over the past decade suggests, are we headed to a return to historic labor hire arrangements, home-based work, and piecework, characterized by the tension between insecurity and control? This is the fundamental question that digital labor raises.

      
        Escaping Formal Employment to “Open Up” to Work

        Despite prophecies since the 1990s announcing the advent of a “jobless” or “post-work” world due to (or thanks to) information and communication technologies,5 regular employment continues to occupy a central place in our societies. According to data from the International Labour Organization (ILO), salaried employment is buoyant at a global level, although, after rising from 1990 to 2010, it has stagnated in advanced countries. However, it is increasing in emerging and developing countries.6 Before the COVID-19 crisis hit, the industrialized world was experiencing rapid employment growth. According to The Economist, “most of the rich world is enjoying a jobs boom of unprecedented scope.”7 The health crisis has upset these predictions, causing a worldwide spike in unemployment and bringing an end to the longest economic boom in US history. According to the OECD, the pandemic has triggered one of the worst job crises in a century.8 The recession was short-lived, though. By the end of 2021, little more than eighteen months after the start of the pandemic, employment rates in the EU and the US were back at pre-crisis levels.9

        If this occurs on an aggregate level, we should not expect similar consistency on a smaller scale. Individual employment histories are more unstable, oscillating more frequently between periods of employment and unemployment, or, in lower-income countries, with phases in the informal sector. Moreover, global competition is eroding wage bargaining and encouraging companies to subcontract or recruit under nonstandard and less protected contracts.10 These trends, as sociologists Zygmunt Bauman and Ulrich Beck already argued, contribute to a “political economy of insecurity.”11 Richard Sennett has emphasized both the “hidden wounds” and the emotional cost of professional instability, and individuals’ coping strategies.12 The value placed on flexibility, independence, entrepreneurship, and controlling one’s own future by taking ownership over projects creates a paradoxical situation. Professional stability is at once coveted as a way to deal with economic risks and belittled as submission to the hierarchical order of the old industrial world. The individual is made to feel that “being a ‘good’ or successful worker today means avoiding commitment, being mobile and being flexible.”13

        Might the platform economy allow workers all over the world to shake off the suffocating shackles of wage labor? This idea has advocates. According to the current reimagining of labor, worker rights would improve, earners would be given more flexibility, and entrepreneurship would be encouraged for the masses. Work on platforms allegedly delivers on the promise of turning all workers into “venture laborers” who profit and take risks at the same time.14 In addition, this reimagining has it that job instability is no longer a risk, but a chance; that it no longer undermines identity, but offers possibilities of personal fulfillment by enabling one to experience a variety of situations and settings. This reversal of perspective is based, however, on a very restricted definition of work; for workers, it is supposed to only consist of “meaningful” activities, designed to give an existential dimension to their professional lives.15 There is no room in this definition for the routine tasks of the microworkers, the drudgery of food delivery couriers, or the traumas experienced by social media moderators. Who are the losers of digital transformation? Those for whom extreme flexibility is not a life choice. For them, digital labor is a modern-day assembly line; it can hardly be considered as a path to self-realization.16 Once again, the platforms celebrate self-made men, the techbro entrepreneurs, and ignore digital laborers, who suffer from pointlessness, repetition, and discrimination. Certainly, the desire for freedom among workers is no less intense than that of tech startup founders, who see themselves as escaping the nine-to-five. But clearly, they are no more likely to gain this freedom than they are to achieve stable employment.

        Theorists of both the “work” and the “pleasure” approaches discussed in chapter 5 argue, for different reasons, that work and leisure have become indistinguishable. We see echoes of this convergence in the aforementioned notion of playbor. There would seem to be a correlation between the desire for autonomy and openness that platform-based gig workers and freelancers seem to be engaged in, and the notion of work as side hustle. This notion refers to an income-generating work performed alongside full-time jobs, allowing workers to reaffirm their dignity in the face of the mounting disparagement of the working classes. Working on a platform is regarded by some analysts as a way to pursue “self-enhancement, self-transcendence, openness-to-change, and conservation work motives.”17 Digital platforms lend new momentum to the side-hustle culture, transformed and transfigured into a new paradigm of “open” work—open, in reality, to having multiple flexible jobs. Can this theoretical framework account for the instability, conflicts, and distress of Uber drivers and Amazon Mechanical Turk workers? The siren song of the platforms is seductive, as is the image of empowered workers with agency to fulfill their passions. But this vision ignores the exhaustion that comes from multiple side jobs as well as the unavailability of choices from which these workers suffer. The insecurity and small gigs that come with digital labor mean that workers lose the traditional social protections that come with standard work arrangements.

        It might seem like an individual concern, one that workers can address by negotiating between their own autonomy requirements and needs for stability. Yet we should worry collectively about how people will make a living in a platform economy. The tax structure, retirement funds, social safety net, and access to health care are based on laws and institutions that assume stable employment and full-time jobs in formal organizations that pay a regular paycheck and benefits—at least in high-income countries. Risks associated with these rapid changes in how we work aren’t just person-specific; they’re systemic.

      
      
        Exalted Workers and Microtaskers: A Dual Labor Market

        The fiction of platform work as path to worker emancipation ignores reality—workers lack choice. When confronted with the real working conditions of digital laborers, some theorists dismiss them—imagining their precarity and exploitation as anomalies that better training and minimal regulation can correct. In their perspective, “flexicurity” would strike the right balance between stable and flexible work arrangements.18 One thing that has been overlooked is that, if unrecognized digital laborers are subject to precarious working arrangements, this is because, over recent decades, recognized workers in the tech sector have set the example. Engineers, designers, and developers are all perceived to belong to the class of ‘innovative’ workers that embrace entrepreneurship. On-demand workers, microworkers, and moderators are considered ‘mundane’ laborers,19 and they are made to follow the example of their colleagues who are deemed to possess more skills and visibility.

        Platform economies intensify pressures on “downstairs” workers to emulate the “upstairs” ones, but such pressures were actually developed already in the 1990s and early 2000s. Flexibility and job mobility have been a staple of tech work for decades. Job-hopping was very prevalent among the venture laborers of the dot-com boom. To develop professionally and create new profitable businesses, these workers would move from one company to another, with periods of unpaid work, unemployment, and public subsidies. The phenomenon of venture labor, as defined by sociologist Gina Neff, “created a vicious cycle—taking risks seemed to be the only way to get ahead—encouraging entrepreneurial behavior from people in the industry, which in turn signaled to others that taking risks was a good idea.”20 Paradoxically, for these high-profile workers, career mobility and unpaid work were ways to deal with uncertainty. Workers could stay on top of the market by frequently changing jobs, building their portfolios, and working at big companies either for free or at a discount.

        Around the same time, economist Bernard Gazier characterized the “heroes of the electronic frontier” as the reincarnation of the “exalted ones,” the elite workers of the first Industrial Revolution, who were more qualified and less submissive than the majority of their colleagues.21 Known as the fastest and best workers—who only work three days a week, choose their employer, and don’t risk unemployment—only the most qualified workers made up this class. They express a “desire for autonomy and their profound allergy to forms of brigading of collective labor and the moral order one attempts to impose of them.”22

        The entrepreneurial spirit displayed by the recognized and visible tech workers is supposedly a link with their historical counterparts, the “exalted workers” of the Industrial Revolution. But is it true that underpaid and unpaid platform workers, like the elite ones of the nineteenth and twentieth centuries, can choose their working conditions, their pay, and even the type of work they perform? Certainly, some workers in computer engineering, electronics, robotics, graphics, data science, and software development do have these choices. But, as we’ve seen, Amazon Turk’s microtaskers, Facebook’s moderators, and app-based delivery couriers all lack similar agency.

        The exalted and “innovative” laborers are (or at least aspire to be) independent and self-employed, to be living out “hacker spirit” in a renovation of the first capitalist entrepreneurial spirit depicted by Max Weber.23 Tech workers are advocating freedom from work, passion, and self-determination in hackerspaces popping up all around the world, from HasGeek House in Bengaluru to Noisebridge in San Francisco.24 There, individuals looking for new horizons and opportunities try to establish innovative forms of collective organization. Unlike the trade unions and the worker struggles of the past, these spaces of innovation aren’t rooted in the same antiauthoritarian and social justice tradition; rather, they are rooted in libertarianism and digital utopianism.25 The emphasis is on entrepreneurship and a laissez-faire economic model, as well as on sharing skills and knowledge. Although this alleged “antiestablishment innovation” is clearly aligned with market capitalism, it also lets hackers take on the role of the labor force of the future, capable of expanding workers’ autonomy.

        Despite their political posturing, these attitudes and possibilities remain the prerogative of highly specialized and recognized workers, driven by the desire to compete and to display virtuosity in one’s chosen field. Analyzing the career paths and personal attitudes of the users of TaskRabbit or Instagram in the same terms as the highly paid data scientists and engineers at Google is problematic at the very least. Arguably, just as traditional labor markets are polarized into stable and unstable jobs, insiders and outsiders, protected and unprotected professions,26 so, too, do platforms sustain dual labor markets. There is an increasing pay and recognition gap between “exalted” developers and platform-based microtaskers, between those who can choose when and where to work and those who have no control over their remuneration or working conditions. Of course, this expanding gap depends on many factors. Worker specialization is also determined by those who run the gigs, and whether they recognize workers as experts or as mere hired hands. Performing conspicuous tasks, rather than inconspicuous ones, is also an effective way to get recognition. The level of automation associated with a task, which employers use as an indicator of worker productivity, affects recognition. The primary market of the highly skilled workers offers flexibility and access to well-paid, conspicuous, and highly automated tasks, whereas the secondary market involves individuals with less regarded qualifications, whose access is restricted to low-paid or unpaid, relatively inconspicuous tasks that mostly support smart technology and autonomous systems, but that are not themselves automated.

        The creation of these tensions and divides looks a lot like what big firms used to do in segmenting and breaking up the labor market, so they can create artificial fractures in it. Eventually, working conditions end up fragmenting and diversifying work so much that workers can’t establish a basis for collective struggle against capital.27 Career development opportunities for digital laborers will always be limited, especially for those from marginalized groups.28 In the tech sector, there seems to be a huge gap between the global masses of microtaskers and the elite of “exalted heroes,” and no system in place to bridge it. Self-fulfillment and recognition in labor proved to be hollow promises.

      
      
        When Exalted Workers Become Microtaskers

        In this dual labor market reconfigured by the platform economy, those who innovate with automated solutions should, in principle, enjoy the same security as “insiders” in traditional labor markets. In reality, they find themselves on shaky ground. In the twentieth-century firm, employees’ salaries were protected from fluctuations in price and demand, and shielded by employment contracts that did not obey market forces (indeed so much so that some philosophers detected positively anti-capitalist traits in these wage labor structures and the potential to subvert the institutions of capital).29 In contrast, digital platforms join the market and take part in its characteristics as a market–corporate hybrid. Far from attempting to neutralize price and stock fluctuations, they abide by them, adjusting their prices according to the slightest variation in supply and demand. Uber’s algorithm, discussed in chapter 3, is typical of this mechanism. Platforms also push market segmentation to the extreme to maximize their profits, by differentiating between classes of users (as discussed previously in the case of Facebook). In the upper echelons of the labor market, tech workers can obviously romanticize the spirit of free enterprise. Instead of subverting capitalism’s institutions, they reinvent them by embracing a business mindset. The fact that they rationalize out of clairvoyance or blindness doesn’t matter as much as realizing that not everyone gets the freedom and fulfillment they find in their own work.30

        As early as the 1990s, developers and computer experts embraced the imperative of flexibility, and became accustomed to seeing themselves as freelance and adaptable multitaskers. Strong competition in international markets from developers from emerging economies able to compete with their European and American counterparts by manufacturing IT products with standard functions ended up restricting their professional opportunities. This happened at a time when the major employers in the North (IBM, Deloitte, Accenture, EY, and Capgemini) were confronting the new global giants in Asia (for example, India’s Tata and Infosys), which employed innovative tech workers at lower cost, and so drove salaries down.

        Suddenly, autonomy ceased to be a prerogative that these highly skilled workers enjoyed by default and instead became a problematic goal for them to strive toward. Working conditions deteriorated, and obvious forms of dependence on clients set in, which compromised their quest for emancipation.31 The image of a new generation of workers who are hyper-flexible of their own free will looked less and less credible. Flexibility, especially when it takes the form of moving between different projects or clients, does not imply that the workers concerned are managing their career paths as they wish. It is the companies, that is, the employers, who lead the dance. The flexibility and adaptability of workers, far from being signs of a new attitude toward work, are explicitly written into their contracts.32

        Now fast forward to today, and it is hardly surprising that the “exalted ones” themselves look more and more like microtaskers. This close connection between experts in digital services or freelance hackers, and clickworkers or on-demand platform workers becomes clearer when we discover that both categories are subject to the production chain constraints, controlled by digital platforms and large IT consulting and service outsourcing companies.33 Neither structure differs significantly from the other, as outsourcing companies adhere to the platform paradigm, and include digital platforms in their global production chains.

        Platforms now sell on-demand code development. Two online platforms I already mentioned, Fiverr and Upwork, offer programming services starting at $3 an hour. Others, like Gigster, connect clients with freelancers in Asia or Eastern Europe. There are even websites like Codealphabet or Codementor that supply one-to-one live tech support and debugging; it can take only fifteen minutes and cost as little as $8. Also thriving are platforms like LDTalentWork, which offer inexperienced developers a way to improve their skills by working for a small fee (which can be as low as $4 an hour).

        As a final piece of the puzzle, there are social platforms for coders, such as StackOverflow and Microsoft’s GitHub, which allow “volunteers” to contribute their coding skills for free. For years, these unpaid software developers have unknowingly fine-tuned OpenAI’s machine learning tools, through publicly accessible code on GitHub.34 Additionally, OpenAI has hired approximately 400 computer programmers through other platforms in Latin America and Eastern Europe. In 2022 and 2023, such programmers provided data and documentation for OpenAI’s Generative models of code, pretrained on large corpora of programs. According to reports, some of these coders are working in five-hour shifts and not even managing to get paid by OpenAI.35 It is ironic that software developers are limited in their view of risk when using tools like ChatGPT. They will not lose their jobs because this solution is capable of writing code, but they will instead join the ranks of the underpaid or unpaid toilers that train the model.

        This scenario portrays a world where the exploits of “exalted” code developers are imperceptibly morphing into cheap digital labor, and where worker autonomy is compromised through the fragmentation and standardization of tasks.

      
      
        The Return to Archaic Employment Relations

        Could these signs of taskification signal the end of the free and entrepreneurial tech worker era? In fact, common sense seems to suggest the opposite. In the tech industry, the flexible, business-minded, independent worker isn’t threatened. On the contrary, many see the era of formal, dependent employment—with its stability and social guarantees—as ending.

        Has the emergence of digital platforms irreversibly blurred the line between worker and entrepreneur, with their less protected and more flexible work? This question can be answered from another, more critical perspective. There’s some cause to argue that digital labor brings back archaic methods of recruiting and managing workers. Such work arrangements have been banned in many countries. Several terms in different languages refer to regimes of “work for hire.” In French, “marchandage” (literally “haggling”) is the act of an intermediary employing a worker who’s actually working permanently for a different company. In Italian, “caporalato” (literally “gang master regime”) means the illegal hiring of worker contractors in agriculture. Often used in a pejorative manner, these terms have become synonymous with irregular work, unofficial contracts, and a lack of social security benefits for economically dependent workers.

        Originally, they described traditional ways of managing workers before wage labor became widespread. Between the end of the nineteenth century and the first half of the twentieth century, standard employment contracts as dependent employees, or unitary contracts, became increasingly common. There is a close relationship between them and the rise of the organizational model of the firm during that period. But, at the beginning of the twenty-first century, as firms progressively morph into platforms, and the paradigm of the firm becomes less relevant, dependent employment schemes are called into question. Previous work arrangements resurface, such as those that were used to recruit hired hands in the agricultural sector or freelance artisans in urban centers.

        In the eyes of advocates of independent and autonomous work, especially in the tech sector, the advantages of a gig economy seem obvious; this reversion to old work practices isn’t necessarily bad either. After all, even when they weren’t qualified to join the exalted workers’ elite, nineteenth-century laborers, artisans, and journeymen were free to negotiate the price of their services, to leave their employer for better wages, and their only obligation was to achieve results. Workers were often described as “masters in their own home” because, once hired, they were free to decide how, where, and with what resources—including human resources—they would carry out the work. The distinction between worker and entrepreneur was therefore not fixed. The historian Alain Cottereau even speaks of “a principle of bilateral free will,” to indicate that, when agreeing to perform the work, both workers and employers would act entirely willfully and on an equal footing. There was thus little difference between the persons who demand a service and the persons who provide it.36 Workers in this regime were considered to be “entrepreneurs of their own work.”37 The expression means that they took on a more businesslike attitude toward choosing, performing, and getting paid for their job. They viewed the companies that hired them more as ad hoc business partners, rather than as their employers.

        Today, digital platforms champion precisely this employment model, in which the roles of entrepreneur and worker are fluid. Uber, for example, presents its drivers as partners “who are their own bosses,”38 despite the dissenting opinion of many public bodies and the courts.39 Portraying drivers as small business owners, Uber even encourages them to drive rental cars during their off-peak hours. Similarly, some microwork platforms offer advice to their taskers on how to develop entrepreneurial projects, as in the case of the impact sourcing platforms presented in chapter 4.

        Another aspect of the nineteenth-century “work for hire” logic that is rehashed by today’s gig work and freelancing is more rarely mentioned: historically, workers employed a system of interlocking subcontractors whereby each worker could hire others to carry out an assignment. This brought with it a cycle of oppression within work units. As a result, workers could make bids for jobs, and then quickly assign them to unaffiliated, or less experienced workers, forming a chain of subcontractors. The hierarchies between an employer and a worker, in relation to others hired by the latter at lower rates, created an environment of mutual exploitation.40 It was precisely due to the abuses committed by these workers-outsourcers with regard to their fellow workers that the system of marchandage was abolished in France in 1848, while the caporalato wasn’t banned in Italy until the early twenty-first century. Both were described as an illegal intermediation of labor that exploits workers by using subcontractors.

        The system of mutual dependence that one finds on digital platforms today reflects the eminently social nature of labor—the bonds of dependence between members of the same community are very common. But it also mirrors the subcontracting chains of yore. Instagram influencers, for example, rely on their ability to engage their followers and influence their behavior. The work they perform for the platform consists of creating videos, images, and texts, which circulate thanks to the social media labor of members engaged online, who share and qualify this content. Likewise, within the small communities created around the online labor platform Upwork, microworkers employ other members, acquaintances, or even family members. After a top-level agreement that sets out all the tasks to be performed, the work enters an unofficial labor exchange, where the chain of subcontracts extends ever further at the local level.41 This phenomenon of reintermediation, which I discussed in chapter 4, also happens among Uber drivers. In both high- and low-income countries, many people sell or rent out their app accounts to drivers who are effectively both their business partners and labor suppliers.42

        These practices reflect a continuity between the forms of contingent work that are currently flourishing on platforms and forms of work typical of the early phases of industrialization. Other examples of these latter forms, ones that were prevalent in the United Kingdom and in Asian countries like India, Indonesia, and Japan, included the “putting-out system.”43 In this system, central agents would negotiate the work with the client, then dispatch it to subcontractors who worked from home, hence the names “domestic system” and “cottage industry.” Without any regulation of wages, hours or working conditions, this system organized the production of goods in small workshops (“sweatshops”), particularly in the textile industry. This system is reappearing with digital platforms, in the production of home-cooked meals offered via on-demand apps, in transcription or translation services carried out as piecework remotely, or in makeup YouTube tutorials shot in bedrooms. Some of these workers even describe their work as part of a “global digital sweatshop.”44

        In the nineteenth century, it was common for work to be performed and paid for by the piece, per unit, by the task. Today, microwork and on-demand labor most often follow a similar arrangement. Several authors maintain that services like Uber or Amazon Mechanical Turk are modern examples of piecework.45 Platforms fragment computational tasks by reducing them to actions for which, allegedly, no qualifications are required, and which are remunerated not based on the time spent performing them, but on the number of requests satisfied. When content producers monetize their contributions on social platforms, one can also call it “digital piecework,” paid by the unit.46

        So, to a certain extent, the spread of subcontracting chains and the fragmentation of tasks on digital platforms points to a revival of the sweatshop system. Despite the “exalted” fantasy of self-determination at work and of a balanced power relationship between employers and digital laborers, the old relationships of dependence and subjection remain.

      
      
        The Persistence of Subordination

        One point that formal employment and platform piecework have in common is that both involve a bond of subordination to a main employer. The concept of a subordinate who works for a central power is much older than work-for-hire arrangements. It originated during the early medieval period.47 Paradoxically, the modern employment contract that supplanted the work-for-hire model, mentioned while discussing the marchandage, reintroduced some feudal features. In particular, it replaced the mutual consent and “bilateral free will” of employers and workers with a set of legal articles that forced workers to perform their tasks for the employer, who had several prerogatives over them. However, unlike the feudal system, the wage system was not based on coercion, but on “protected subordination,” a relative subjection of the worker in exchange for protection by the employer. This principle was progressively generalized, beyond wage labor, to other legal frameworks for work. At the end of the twentieth century, a certain number of protections specific to dependent work were granted to licensed professionals (doctors, lawyers, engineers etc.), and more broadly to self-employed workers. This mechanism was based on the principle that legal scholars describe as “allegiance in independence.” A reverse dynamic set in at that point, marked by a gradual decline in the discretionary power of managers and business leaders, and an increasing autonomy of employees.48 As a result, self-employed workers are better protected, whereas salaried employees enjoy a little less subordination; clearly, the two kinds of workers converge.

        These trends were amplified by digital platforms. Increasing digitization and quicker production flows gave rise to paradoxical forms of subordination bonds, both constrained and free. When food app Deliveroo informs the aspiring courier, in a friendly and perfectly nonhierarchical manner, that “[they] can stay connected for as long or as little time as [they] wish,”49 or when Mechanical Turk presents microwork as tasks “to complete whenever it’s convenient,”50 this rhetoric of independence is clearly designed to attract workers, but it hides a technical system that controls and determines their activity. If couriers and Turkers really worked whenever they wanted, their profiles and fulfillment rates would suffer.

        Digital labor involves a specific form of subordination, yet it brings with it none of the protections enjoyed as a counterpart by formal employees, such as the stability of a job or financial cover for certain occupational risks, nor, more broadly, does it engage a company’s liability. Subordination in digital platform labor does not equate with the economic and social dependence of employees who are “ranked below” (subordo) their employers but is closer to the sense of the Latin word subordinatio: “placing someone under the orders of a superior.” It mainly describes a relationship of subjection aimed at carrying out a task. No symbolic power—religious or political—establishes this subjection; rather, it originates from an authoritative source of “orders” (ordines) which pertain to commands (imperata).

        Analyses of on-demand work,51 microwork,52 and even social media work53 have brought to light the fact that all forms of digital labor are based on series of injunctions and instructions that users receive from services, apps, and interfaces. The dependence of users on platforms that act as technological intermediaries can be described as technical subordination.54 Workers, who are supposed to be independent, experience the platform’s requirements as constraints on their behavior, a situation described in legal terms as “subjection.”

        Direct forms of subjection consist of the rhythm and order of execution of tasks prescribed by the platform. The majority of digital applications and services include “triggers” in their interface, in the form of prompts, reminders, and calls to action. Specialists in persuasive technology design and ergonomics induce the behavior desired by the platform immediately through these messages, messages that tell people to “act on impulse.” As behavioral scientist BJ Fogg explains, “when Facebook sends me an email notification that someone has tagged me in a photo, I can immediately click on a link in that email to view the image. This kind of trigger–behavior coupling has never before been so strong.”55 The same is true for taking a photo, entering a query, accepting a contact, or attending to a smartphone alert. There are many examples of the orders transmitted by triggers: LinkedIn sends emails to its subscribers, reminding them to connect to their profile, to “compare [their] salary with that of other professionals,” or to “find out how [their] profile stands out.” Clickworker sends notifications to its microtaskers to let them know that they need to take urgent action on a pending task. These alerts, always couched in the imperative (“Connect!” “Click here!” “Accept this task!”), embody what the philosopher Maurizio Ferraris defines as “calls to order.”56

        In addition to these notifications, which are typical of the transformations of contemporary capital and its strategies of attention capture,57 there are also more marginal constraints, similar to those that are often evoked to prove a relation of subordination in labor law cases (obligations of time or place, dress codes, and accountability). For digital laborers, this means carrying out the tasks that might be prescribed. In addition to the use of proprietary software or systems that cannot be modified or audited by users, platforms may require specific access arrangements. For example, Microsoft’s UHRS microworkers are required to log in using their Outlook account, produced by the same company. Additional obligations include complying with rules relative to personal appearance. This is equivalent to the dress code of some companies or establishments. Express delivery apps require couriers to carry bags and, in most cases, to wear the platform’s logo. Some of these rules are not about branding, but about how users present themselves in general. Ever since social media such as Facebook and Google applied their “real name” policy in the mid-2010s, the ways their users present themselves to others have been drastically restricted, for example, by not allowing pseudonyms or certain types of profile pictures.58

        With the generalization of platforms and AI tools in the workplace, all these obligations, which are designed to streamline the productive tasks that digital laborers are required to perform, have been integrated by the traditional firms. Even the work environments of contemporary formal employees are loaded with alerts, notifications, reminders, invitations, and pop-ups that appear on their screens. Stimuli and demands requiring an immediate response have become ubiquitous, wresting control from employees, and forcing them to proceed at a rhythm and according to priorities defined by others.59 This generates what has been described as a “regime of dispersion at work.”60 This regime represents a new way of coordinating work. That’s especially true in clerical jobs and among knowledge workers that were traditionally organized by schedules, action plans, and roadmaps.61 Today, this is also true for Amazon warehouse workers, who follow instructions second by second rather than following established routines or knowing their inventory by heart62. The generalized situation of scattered attention is becoming increasingly prevalent in the workplace.63 In this respect, digital labor hardly differs from contemporary transformations of work found in any company, in any industry sector. The much-vaunted autonomy that was to be ushered in by platforms as firms, especially in the wake of the pandemic crisis, embraced digitization, is a far cry from the reality of technical subjection.

      
      
        Digital Labor as Unfree Labor

        My argument so far is that modern forms of labor, whether they’re mediated or not by platforms, carry the echoes of past servitudes. Freelancing and gig work are exploited by intermediaries like work for hire did in the past; formal dependent employment inherits the semantics of subordination of feudalism and serfdom. Work conceived as enslavement is an unbroken thread running through the history of our societies. Wage labor is no exception. To have to rely on wage labor in the Middle Ages was invariably a sign of deteriorating status. Despite widespread misery, wage labor was connected to the plight of vagabonds, convicts, and prisoners, and so it had a deep social stigma.64 At the dawn of the Industrial Revolution, only domestic servants such as lackeys and valets were bound by “employment contracts,” a sign of their inferior status.65 In contrast, the work-for-hire and putting-out system that emerged in the proto-industrial era seemed to give workers freedom and dignity. So when, starting in the nineteenth century, marchandage was displaced by dependent employment, it imposed a work discipline in which the employer could “sanction” disobedient workers for their “insubordination.”

        In the debate about social media labor, the “pleasure” approach sees platforms as escaping previous relations of domination. Those who support the “work” approach see them as a return to servitude, far from the freedoms of exalted workers.66 Some online labor intermediation services brazenly appeal to the idea of slavery as a way of emphasizing the reliability of their services. For example, the Philippine service MicroSourcing, which provides moderation and data preparation services for Western companies, boasts that the work is carried out by “virtual captives.”67 Its website explains, unabashed, that the rates of pay of virtual captives are generally much lower than offshore labor, but that foreign customers retain full control over the entire operation, including its personnel, infrastructure, and processes.68

        The notion of captive is not always a simple metaphor. In the United States, prison labor now comprises data entry, proofreading, and document preparation services69 intermediated by microtasking platforms like the ones we have discussed. Finnish startups have turned prisoners into data workers, scanning text and labeling words as part of an experimental program.70 In Russia, these activities are sometimes presented as return-to-work programs. In Number 7 state penitentiary in the Omsk district, for example, the inmates are required to produce YouTube videos (sketches, musical performances, and tutorials).71 More often than not, both the prison administration and the platform monetize the digital labor the prisoners perform. In China and other Asian countries, some prisoners are constrained to get into gold farming: in online video games, they collect objects, earn virtual money (which can be converted on auction sites), and create customized characters that the prison administration can then sell.72 Forced digital labor of prisoners (or, in some cases, of illegal rural migrants) has become an extremely lucrative business in China.73

        Some digital platforms obtain contracts to provide digital communication services to prisons, and then reuse (and monetize) the content and data produced by prisoners and their relatives. One such platform, JPay, aims to become “the Apple of the US prison system.” It enables inmates to access sites for downloading music, books, and email software, or sites for money transfers and video communication with families. These services are paid for by the prisoners, especially the video visits, which involve more than 600 structures in forty-six states. On all of these services, the prison takes a 20 percent commission.74

        The Electronic Frontier Foundation has expressed its concern that the platform captures personal information for monetization, and it warns inmates and family members on the outside who use JPay, that they are transferring their rights on all records to the platform, “including any text, data, information, images, or other material that [they] transmit through the service.”75 In some cases, prisoners have used illegal methods to reappropriate some of the value they created and exchanged on JPay. As an example, 364 inmates in an Idaho prison hacked the tablet provided by the platform and transferred nearly $225,000 to their own accounts. These can be viewed as extreme cases of users trying to defend their economic and human rights and reclaim control of their data and content in a situation of unequal bargaining power with a platform.

      
      
        The Panopticon of Production

        Platformization and prisons are intertwined, so it’s important to understand how this pattern of punishment and control permeates other sectors. Since platforms clearly put their users under surveillance, the supposed freedom they grant them may seem suspect too. New software solutions and platforms have been launched to coordinate mobile workers and digital nomads. “Bossware” apps and platforms are everywhere as a result of COVID-19’s incentives for remote work.76 It’s hard to trust their brand names. The CleverControl app promises “total control over employee monitors.” StaffCop is another, but with law enforcement vibes. Even Microsoft lets businesses track worker activity on their platform Teams. On a dashboard, managers and supervisors can inspect employee activities: text chats (even deleted ones), recorded calls, video meetings, application usage, file creation, IP addresses, and so on. They additionally record workers’ movements and habits so closely, and at every moment of the day, that some of these solutions have been compared to electronic bracelets.77

        Platform workers are subordinated both in terms of the constant calls to action they receive and the way their behavior is continuously monitored and evaluated. Digital labor is part of the long history of workplace surveillance, but it’s different because it doesn’t require an actual “place” where attendance can be tracked.78 Employee monitoring in the workplace used to be strictly confined to the division of labor within the factory, with a view to checking product quality and the number of hours worked. Preventing “time theft” was a priority for employers, and employees could be sanctioned and prosecuted for failing to meet their contractual obligations.79

        On digital platforms, however, surveillance arises primarily from the need to coordinate workers and teams that are not in one place, and not active at the same time. The platform monitors users everywhere, more frequently, and in much greater detail than traditional employers. In fact, surveillance is part of a bigger trend called algorithmic management. Today, it is used to handle all the traditional employer duties, from hiring to managing day-to-day operations to terminating workers. Algorithmic management is rooted in the platform economy. Through increasingly sophisticated algorithms, platforms match consumers and workers. In order to compute routes for couriers, prices for drivers, and nudges for social media audiences, these systems have to monitor their users constantly. Platforms have inspired modern companies: now they take screenshots of the employees like Upwork does with its online workers, track their GPS data like Uber does with its drivers, etc.

        While these examples refer to standard salaried jobs, the underlying logic of algorithmic management and automated surveillance applies to platform work as well. The productive effort of digital laborers is quantified through performance metrics (likes, scores, ratings, stars, and also the volume of followers, shares, and contacts), which are often associated with gamification (winning badges, goodies, triggering animated sequences in exchange for personal data and contributions), competition (comparing scores between different users of a platform to rank them according to their performance), or with self-assessment (activity reports, analysis of the most productive time slots, etc.). In fact, these are all control methods that are associated with a high level of technical subordination. Both for standard employees and for platform workers they can lead to sanctions. On a platform, when users are too slow to earn followers or accept tasks, a notification calls them to action; if they still fail to improve, the service becomes less accessible. On the other hand, if the results improve too quickly, or deviate abnormally from the average of other platform users, the suspicion of fraud or cheating can also lead to exclusion. The algorithmic devices for managing users’ workflows thus have a powerful disciplinary effect, especially because productivity is monitored in real time.

        In a regime of digital labor, attempts to define the limits of work break down on a social as well as a spatial level. As users produce more data, services, and content, the boundary between public and private needs to be negotiated and redefined with the platform, and even with other users. The legacy of nineteenth-century American case law, which viewed privacy as a “negative liberty” (the proverbial “right to be let alone,”)80 has given way to a more active approach, based on exchanging and interpreting digital signals,81 or preserving the integrity of a social context.82 The definition of what is private or public is never a given. It results from what can be described as an iterative and dialectical “collective negotiation,”83 whose outcome depends on the power relations between workers and platforms. Yet despite the demands of workers that their privacy be better respected, and in the near absence of collective instruments for defending their rights in this area, mass surveillance and permanent tracking programs are actually increasing.

        Platforms are not developing these systems only for themselves. They also sell them to other companies. For example, Microsoft has launched 365, Facebook has marketed its collaboration software Workplace, and Google sells its business solution Workspace. Their successes have attracted other companies. Digital corporate networks or applications for keeping in touch and collaborating with colleagues, such as Cornerstone OnDemand and Salesforce Chatter, are now competing with the giant platforms in the work monitoring market. The number of applications has grown so massively84 that Julie Cohen speaks of a “surveillance-innovation complex”85 and, famously, Shoshana Zuboff has popularized the notion of “surveillance capitalism.”86

        The role of surveillance on digital platforms is quite different from the situation in traditional companies. Previously, the time clock, the supervisor, and the manager checked workers’ productivity and attendance. Today, tracking users’ activity is a platform’s core business. Surveillance is not only a means to ensure that the amount of work remains steady or increases, but also an end: it generates valuable data for the platform. As I have argued in the previous chapters, platforms extract qualification value, which increases knowledge of workers’ preferences (the most sought-after content, the tasks best suited to each person’s skills, their closest delivery points); the resulting behavioral analyses can be sold on to brands or institutions, to generate monetization value; the data extracted from users can also be converted into automation value, used to train algorithms and AI solutions. Increasingly intrusive algorithmic management infrastructures make surveillance and production inseparable for users.87 On platforms, management costs are shifted to the workers, who are forced to monitor themselves and others.88 However, in line with the spirit of digital labor, this surveillance is passed off as participation based on reciprocal disclosure. It can therefore be described as “participatory surveillance,”89 no longer under the watchful eye of Big Brother, but under that of “millions of Little Brothers and Little Sisters” who carry with them “the tools of [their] own transparency.”90

        There are countless examples of this “participatory surveillance”: X users tag other subscribers to track them more easily, Uber Eats users rate their delivery couriers, etc. This participatory surveillance is at work in traditional firms, too. Human resources management systems and corporate social media harvest data for employee surveillance. This is how the application Betterworks is used. Managers can use it for “transparent tracking” to measure the progress of projects and the involvement of workers. Supervisors can “evaluate employees fairly by providing data-driven insight into [their] performance,” and the platform encourages emulation and mutual monitoring between employees through one-to-one meetings to boost “collaboration and alignment.”91 Each person’s participation is recorded on a table accessible to all staff, and productivity is mapped by a chart that visualizes goals and progress by team or department.92 This “soft surveillance” is self-imposed and carried out collaboratively, both on platforms and in firms on their way to platformization. Rather than quashing the user’s will, it feeds on it to monitor and track. Panoptic surveillance gets completely reinvented with participatory surveillance. Digital labor ultimately establishes itself as “voluntary servitude”93 or “mandatory volunteerism”94 rather than as a way of emancipating workers.

      
      
        General Terms of Use: A Labor Lock-In?

        A decisive moment in the user’s consent to being monitored is the ritual acceptance of the terms of service (TOS). TOS vary greatly from one platform to the next, and they are not strictly speaking contracts of employment or service provision. They do, however, stipulate who has the right to use a digital service, how one can unsubscribe, and who benefits from the information that circulates in the form of data, content, profiles, and so forth. From a legal point of view, these are known as adhesion contracts, “take it or leave it” agreements whose terms are not based on equal rights since one party imposes conditions on the other.95 Platform owners, keen to limit their own liability while maximizing users’ productivity, are careful to differentiate TOS from employment contracts. Yet several clauses closely resemble those in contracts: TOS rigidly define users’ roles—driver and passenger, requester and microworker, advertiser and subscriber—and prescribe certain product quality criteria (standards for the acceptability of content on social platforms, accuracy rates in microwork, ratings with on-demand services). More importantly, they determine how value will be distributed, and name the end owners of the data, content or services produced, and the conditions of the producer’s remuneration.

        For the platform owners, the balancing act of the TOS’s clauses aims to ensure that these terms of use cannot be employed by workers, microworkers, creators, moderators, and simple users to file a lawsuit for job reclassification. Platforms go to great lengths to make it clear that they do not solicit, or profit from, the work done by their users. For example, the delivery service Uber Eats stresses that the delivery couriers are “delivery partners” and that the company is just a “technology services provider” that connects restaurants, couriers, and consumers.96 Mechanical Turk defines itself as a place where requesters and Turkers can enter into an agreement, while each labor provider operates “in their personal capacity as an independent contractor and not as an employee of a requester or Amazon Mechanical Turk or our affiliates.”97 The Howtank platform, which connects brands with “helpers” who agree to provide after-sales services, states that participation “cannot be interpreted as an employer/employee relationship with Howtank nor a partnership, joint enterprise or any other association.”98 These clauses are not inherently problematic if users are able to retain autonomy when performing their tasks and when producing services and data. But given that their activity is subjected to the forms of technical subordination and participatory surveillance that I pointed out, this independence becomes wholly illusory.

        In some cases, however, TOS may fail to protect platforms from legal action, such as against claims by users to be reclassified as employees, or to obtain monetary compensation for past pay, or for social insurance charges and future social benefits relating to the work performed. The TOS may well reflect the platform owners’ wishes, but not what the law lays down. The platforms’ legal teams are aware of this, and tend to introduce “enhanced independent contractor clauses.”99 For example, the on-demand housework service TaskRabbit compels its users to protect and defend the platform from any claims related to the misclassification of a user as an independent contractor, including potential claims associated with employment-related laws such as termination, discrimination, and benefits.100

        Even though platforms may refuse to accept their status and obligations as employers, they have no qualms about imposing subordination, surveillance, and other restrictions, as detailed in the very same TOS. They shackle their users to their application, a behavior that can be described as “labor lock-in.” The expression comes from the concept of “vendor lock-in,” where companies try to keep their service providers loyal, so that they don’t switch to competitors (“competitor lock-out”).101 Thus some services insist that all tasks be performed on proprietary applications or software. Amazon Mechanical Turk requesters cannot request work from Turkers outside the service’s website, and Uber and Airbnb users are not allowed to contact each other, except through their respective applications.

        As well as requiring users to behave like employees, the TOS promote a semi-subordinate relationship. This is evident in how the platforms handle users’ personal information. Many platforms make it difficult for subscribers to transfer the data of their accounts to other services, despite the best efforts of the law, unions, and user associations to have the so-called right to data portability recognized.102 The General Data Protection Regulation (GDPR) in place since 2018 recognizes this right for European citizens.103 The California Consumer Privacy Act of 2020 contains the same provision, while other important pieces of legislation, like India’s Digital Personal Data Protection Act of 2023, do not include it. It doesn’t matter if the right is recognized or not: if platforms do not work together with users to enforce legislation, these initiatives won’t succeed. In the past, solutions like Myspace Data Portability (2008) or Google Data Liberation Front (2010), allegedly designed to enable users to access their data, proved to be misleading. Format incompatibilities and flaws in the saved content and databases relating to platform profiles make it difficult for users and workers to utilize the contents—and more importantly to export them to another platform. Clearly, Uber is a case in point. There’s no data portability for its drivers, and the platform doesn’t allow them to access their data. A series of lawsuits, referrals, and court decisions have stipulated that the company must disclose more of the drivers’ data.104

        Reputation data, ratings, and “certifications” are particularly crucial for on-demand workers, microworkers, influencers, and social media moderators. They might want to transfer this information between platforms. Restricting the portability of data, platforms create obstacles to workers’ freedom of movement. Platforms lock workers into providing services, while at the same time denying them the protections and guarantees that accompany the employment relationship.

      
      
        Digital Labor: Real Work for Surreal Pay

        Digital labor thus occupies a gray area between work-for-hire and salaried employment. Like older types of work contract, it is an activity without a fixed location, based more on horizontal relations and cooperation that eventually turn out to induce cascading subcontracts. Like salaried employment, however, it involves subordination, surveillance, and unequal rights between the workers and the owners of digital services. The boom in digital labor, which is meant to respond to a general desire to work autonomously, should be reconsidered in the light of these characteristics.

        As discussed previously, the tasks performed in digital labor may well be atomized and concealed, but they nonetheless involve real work. Users of all platforms produce value. They calibrate applications, train algorithms, create content, and provide services. Above all, they produce the data that sustains innovation in areas as varied as smart cities, insurance, or health.

        Moreover, digital labor is not part of the informal economy. Digital labor is clearly associated with informality in low-income countries,105 but it retains some distinct characteristics. In contrast to informal labor, digital labor involves some form of contract. It is defined in contracts that, although primarily intended to distinguish it from employment, impose rules concerning the nature of the tasks to be performed, the way in which they are to be carried out, and the attribution of the resulting products. TOS establish an asymmetrical relation in which obligations are imposed on the users, whereas the platforms are released from any responsibility toward them.

        A further point in support of the argument that digital labor is real work that relates to formal employment concerns surveillance. According to the ILO, by the mere fact of logging on, digital platform laborers are “subject to extensive and intrusive monitoring of their performance, similar to that applied to traditional employees.”106 In a similar judgment handed down by the Paris Court of Cassation in 2020, it was found that “at the moment of connecting to the Uber platform, there is a bond of subordination between the driver and the company.”107

        Furthermore, when users are assigned productive tasks, they enter a relation of subordination, involving direct or indirect forms of subjection. Some of these are comparable to salaried employment, yet the digital laborers do not enjoy the benefits of a stable job. As the numbers of formally independent but economically dependent workers increases, so intermediate statuses of “para-subordination” have emerged, particularly in Europe: we find “co. co. co.” (“coordinated and continuous collaboration” contracts) in Italy, TRADE (“economically dependent autonomous workers”) in Spain, Arbeitnehmerähnliche Personen (“quasi employees”) in Germany, and so forth.108

        Last, there is the issue of remuneration. Although some have argued that because digital labor is often free or very poorly paid we can’t consider it work, labor law provides no such exclusion. Employers have been held liable for accidents during unpaid activities such as volunteering. Forced labor has recently been defined as an activity “without remuneration or in exchange for remuneration that is clearly unrelated to the amount of work performed.”109

        On the other hand, remuneration does not automatically imply an employment relationship. Rather, in the world of platforms, payment differentiates between platform activities according to the degree of task visibility. The more inconspicuous the task, the less likely the performer will earn income. On-demand drivers receive payment for the time spent behind the wheel, not for the time spent on the app managing their reputation. Microworkers are paid for tasks performed on behalf of a requester, not for finding assignments and projects, preparing for them, and acquiring “certifications.” Similarly, on social media, users such as influencers, streaming game players, and adult performers may be able to monetize their production and performance more easily, but they are rarely paid for the endless clicks and data management required to align with algorithms or execute mind-numbing tasks. The number of lawsuits for concealed labor filed against tech companies that derive their success from the data and contributions of their subscribers has skyrocketed—in light of new data protection laws and current trends favoring on-demand workers’ rights.

        Digital labor exists on a continuum from conspicuous to inconspicuous activities, and from well-paid to unpaid work. This is unlike the experience of nonstandard, nomadic, and freelance workers. The working conditions of platform workers are so divergent that, by design, no collective consciousness of their shared situation can spontaneously emerge. Moreover, the language of free contributions on platforms clouds the reality of technical subordination in digital labor, abetted in this by a perverse syllogism that states that if the activity is unpaid, it is not work—and if it is not work, it must be something like leisure, consumption, participation, or sharing that cannot be paid. However, these platforms request from their users tasks that generate value, within a contractual framework that entails some degree of technical subordination, and involves continuous monitoring of users’ activity. At the same time, platforms deny these conditions to avoid paying workers and any obligations toward them, including the social protections inherent in our redefinition of work.
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        Subjectivity at Work, Globalization, and Automation

      
      Digital labor is fragmented and volatile. Platforms and users have an ambivalent relationship, resulting in a peculiar form of subordination. Who are users? Are they workers? Amateurs? Partners? Consumers? Platformization raises questions about what type of subjectivity it implies. The concept of subjectivity in political philosophy refers to how a member of society comes to be regarded as a subject. With platforms and AI transforming capitalism, how do workers gain agency, both individually and collectively?

      
        Is This Exploitation?

        Classic Marxian theory distinguishes exploitation from theft. Uncompensated or undercompensated platform users, for example, are victims of “wage theft.” However, they are not automatically exploited. Throughout history, exploitation has occurred within specific relationships between classes and production. Is there a class today that can extract labor and value from others? To ascertain whether or not it does, the concept of exploitation must be updated to reflect today’s realities. This updating can take two forms.

        One is to expose the material basis of the supposedly immaterial economy wherein platforms and AI operate. From mining the critical minerals and rare earth metals needed for technologies to function, to the disposal of electronic waste and discarded devices, the digital economy exposes workers, especially in the Global South, to squalid working conditions and very low wages. Far from applying only to digital laborers, this Marxist-inspired approach to exploitation encompasses the entire production chain of the digital economy but focuses in particular on its industrial stage.1 Kate Crawford’s Atlas of AI summarizes this approach best.2 Her essay argues that three factors contribute to the production of goods and services in the global AI economy: data, labor, and earth. The real exploitation associated with today’s technologies comes from the way these factors of production are obtained. AI needs data, of course. Labor is also necessary in order to inject human judgment into AI. Then there’s earth, the natural resources we need to build the devices—their cases, batteries, screens, and circuits. The journey on the way to reaching the material sources of the tablets that play songs suggested by Spotify algorithms, or to accessing Dall-E to generate images automatically, most likely starts in a lithium mine in Chile, or a semiconductor foundry in Taiwan. The further we get from the final user, the less immaterial this economy looks.

        The second approach aligns more closely with this book’s focus—reviving the humanist critique of the fragmentation of work, which figured prominently in sociologist Georges Friedmann’s 1956 classic The Anatomy of Work.3 The book criticizes assembly-line production for breaking work down into small bits (the French term is miettes: “crumbs,” “scraps”), making it meaningless and empty. Accordingly, digital labor can be viewed as a series of repetitive, standardized, and atomized microtasks that only platform owners can grasp as a whole. Digital laborers are thus like the workers of the first Fordist era, for whom work becomes a pointless and meaningless activity. But we are witnessing a sinister evolution. Machines, as means of production, oppressed Henry Ford’s factory workers; today, digital platform workers are themselves the cogs in the machine that threatens to replace them. In other words, the fragmentation of their work is not a consequence, but a precondition of automation.

        A collective subjectivity is needed to express awareness of one’s own exploitation. This poses a problem, since platforms rely on a fragmented labor force to accomplish fragmented tasks. Digital laborers struggle to perceive themselves and others as such—or, at the very least, they see only the visible parts of their own and others’ work. Within each productive ecosystem, user–workers are often divided into antagonistic categories (like passengers vs. drivers, requesters vs. microworkers, or creators vs. moderators) due to the specificity of different types of digital labor. As Friedmann argued, individuals cannot build solidarity if they do not perceive themselves as mutually interdependent, linked by common interests and objectives.4 Now, platforms prevent workers from building solidarity functionally (individuals have difficulty perceiving the similarity of their conditions), organically (they are unable to grasp the complementarity of their roles), and even emotionally and morally.

        The lack of solidarity between social actors is cause for disappointment. The internet was originally described as a community-building tool. Over the past few years, only platform owners have advocated online communities, mainly for profit. Mark Zuckerberg, for instance, entrusted big platforms to connect atomized social actors through AI in his infamous 2017 “Building Global Community” manifesto.5 That a platform tycoon would take on the responsibility of keeping society together is all the more ironic, given that the main reason for today’s breakdown in solidarities is the unequal distribution of gains from platforms. In general, only a few people can earn a living as a platform worker, so those who have no other source of income feel job insecurity acutely. For example, on some microwork platforms, as mentioned earlier, a small elite of “heavyweights” with exceptional reputational scores manage to earn comfortable sums by taking on many tasks and subcontracting them to other microworkers with lower ratings. It is difficult, then, for the contractor and subcontractors to see themselves as part of the same group. On a related point, digital workers may overlook the collective dimension in how platforms appropriate the fruits of their labor (tasks, content, and data), and their exclusion from the resources their labor generates. They do not own the algorithms, databases, or AI solutions that they train, voluntarily or involuntarily.

      
      
        Exploited Ever After

        Another classic concept, alienation, remains relevant. In her book Work and Alienation in the Platform Economy, author Sarrah Kassem examines both Amazon marketplace and Mechanical Turk6. As she explores the platform economy, she talks about four areas of alienation: the detachment of workers from their labor activities due to algorithmic management, the estrangement from the products of their labor as work becomes quantified in metrics, the blurring of work-life boundaries eroding human essence or species-being, and the superficial creation of community among workers that masks deeper social issues. Particularly criticized by Kassem are social media platforms like Meta, which promote a “fetishized work culture” that creates a false feeling of belonging, equality, and inclusivity.

        By promising self-fulfillment through “voluntary,” “participatory,” or “collaborative” digital labor, platform owners obfuscate the actual relations of production and remove them from consciousness. To address digital labor only from this perspective may seem reductive, especially since many have, as we’ve seen, associated digital labor with users’ empowerment. Indeed, the meteoric rise of digital labor is inseparable from the cognitive and affective rewards with which social media and other platforms attract workers7—the assurance they are practicing the “work of the future.”8 Some authors even suggest that worker mobilization by social media to qualify products, services, and information could harbor a transformative potential that would break with a market theory.9 Bombarded by the “participatory” commercial rhetoric of platforms (which arguably also shapes these authors’ positions), users may indeed be quite willing to live “exploited, happily ever after.”10

        As a matter of fact, digital labor, like other work regimes that preceded it, can be understood as an activity that seeks to balance exploitation with empowerment.11 The sociologist Eran Fisher argues that users’ active role in value creation on platforms increases their exploitation, but that this work remains empowering because of the way their labor fosters self-expression, social network creation, and a sense of community. In this respect, platforms “empower individuals by contributing to their objectification.”12 In this bizarro Marxist dialectic, users have to relinquish their power of not being exploited by a platform if they want to avoid alienation and feel empowered using that same platform.

        Fisher’s argument focuses on how platform users are empowered individually. He doesn’t talk about collective empowerment. Research into collective empowerment has largely focused on how networks can stimulate self-production and exchange based on reciprocity and self-management.13 But the collective control of workers’ activity has not guaranteed protection against platforms’ exploitation. It has also not slowed down the fragmentation of the workforce on platforms. A better understanding of how digital laborers construct their subjectivities is essential to evaluating whether a concrete political project can be derived from this empowerment.

      
      
        The Class of the New: Capital’s Allies, or a Digital Proletariat?

        When we attempt to imagine an entire class of digital laborers, we encounter the contradictory realities of a “digital proletariat”—reminiscent of the interchangeable, impoverished, and disempowered laborers of the first industrial era—and at the same time an inner circle of “exalted workers,” who have more in common with other social groups such as platform owners and designers.

        Historically, new social classes have often emerged as the result of technical, economic, and cultural developments. Richard Barbrook’s anthology The Class of the New lists the main occurrences of the notion of “new class,” from 1776 to the present. During the first Industrial Revolution, the new political subject—the proletariat—encompassed all manual laborers.14 There were internal divisions, however, namely around the technically skilled specialized workers, who had features in common with the capitalist class. Friedrich Engels described them as a “labor aristocracy,”15 and Lenin attributed their existence to imperialism, which “has the tendency to create privileged sections also among the workers, and to detach them from the broad masses of the proletariat.”16 The mistrust of this second group within the new class signaled a century-old problem: how to account for the intellectual skills of a political subject that defines itself through manual work.

        To answer this question, theorists like the English socialist William Morris (1885) considered that intermediate collective subjects existed between the proletariat and the bourgeoisie. It is the case of the intellectual proletariat “whose labor is ‘rewarded’ on about the same scale as the lower portion of manual labor, as long as they are employed, but whose position is more precarious, and far less satisfactory.”17 Antonio Gramsci proposed the notion of “intellectuals of the urban type” who “have grown up along with industry and are linked to its fortunes” (1934), and who form a link between the proletariat and the entrepreneurs.18 Due to their ambiguous position, these intermediary figures sometimes played unusual roles in this theory. Thorstein Veblen considered the engineers to be the class capable of overthrowing capitalism and instituting a “soviet of technicians.”19 After the war, this class was mainly associated with the closed organization of civil service or private company employment. William Whyte’s “organization man”20 (1956)—the white-collar worker who renounces his individuality and becomes a conformist model employee totally dedicated to his company—or Serge Mallet’s “new working class,” which operates and supervises machinery rather than working in production (1964),21 provide examples of this category. The idea of a new class in the pay of the capitalists, and bridging manual and intellectual skills, thus generated a vast literature.

        However, this rich history has been virtually ignored by scholarship on work and politics in the digital revolution. Arthur Kroker and Michael Weinstein coined the expression “virtual class” for the social group of visionary capitalists, specialized developers, engineers, and computer scientists: an intelligentsia whose prosperity depended on their own efforts to expand the uses of digital technologies.22 The “creative class” popularized by Richard Florida in the early 2000s included highly educated architects, designers, and financiers.23 Ian Angell’s “new barbarians” are venture capitalists, new media experts, and startup founders.24 The values of the “intellectual” classes of the nineteenth and early twentieth centuries were described as closer to capitalists’ values than to those of a labor aristocracy. A “class of the new” has emerged in the digital age that separates itself even further from the working class. It rather resembles a digital bourgeoisie25 and is even considered to be “unproductive,” appropriating the value produced by other social classes.26

        Current discussions have abandoned this new intermediate class that straddles the categories of worker and intellectual. We see in them a return of the concept of proletariat applied to platform workers. A tutelary figure for this new generation of technologists was André Gorz, whose most significant contributions came in the early 1980s. Even so, the philosopher thought that automation gave way to “non-classes of post-industrial proletarians.”27 Researchers and policymakers have appropriated and updated the concept. Neologisms multiplied, to convey certain nuances within a shared understanding of the concept. Futurist Alvin Toffler coined the expression “cognitariat” in 1983,28 which philosopher Franco (Bifo) Berardi later applied to the first internet workers. He pointed out that “work in the net economy” necessarily retains a bodily dimension, and has a significant impact on physical health.29 Nick Dyer-Witheford used the term “cyber-proletariat” to describe the situation of underpaid, insecure, poorly trained, and deskilled workers in the high-value-added tech sector.30 Ursula Huws refers to jobs involving remote assistance in practical production as pertaining to the “cybertariat.” The tasks, performed through a screen, mainly involve standardized information processing. Individuals that occupy these roles tend to develop generic skills, resulting in high occupational mobility.31 For Guy Standing, workers in the era of the internet are a “precariat” of unprotected and hyper-flexible labor, characterized by nonstandard working arrangements. He compares this with the millions of undeclared workers in informal economies in the Global South, and with the migrant workers who cross borders and come to work in global markets.32

      
      
        Vectoralism, a Class Enemy

        There may seem to be little in common between these different notions, but they are in fact facets of one and the same phenomenon and can be brought together within a larger theoretical framework. To get this broader perspective, let us consider the following: Regardless of what you call the digital proletariat, who do you think it stands against? Unlike the social groups that previously dominated corporate and market capitalism, digital labor’s adversaries have emerged from financial interests and technology. This new group rose to power when big business began investing in automation and information. Creators of platform and venture capitalists investing in data-driven startups began to form what McKenzie Wark has called the “vectoralist class.” This class appropriated and controlled, Wark argues, not the means of production, but information flows (that is, “vectors”). Sociologists had already insisted on Manuel Castells’s idea that flows are now more important than physical location for information capitalism.33 Wark and others backed this idea by arguing that a distinct group of social actors was emerging. The new group provided a variety of logistical services, controlling the movement of information rather than the movement of goods. The vectoralists thus corresponded to the social milieu of platform creators and owners. By appropriating knowledge and know-how through patents, intellectual property rights, and software for capturing data, the vectoralist class plays a central role in contemporary capitalist accumulation.

        Just as industrial capitalism’s ruling class did not establish their power by buying land, differentiating themselves from the earlier landowning class, the vectoralist have not established their power by buying material assets such as those that made the manufacturing and processing industries powerful.34 Amazon was able to become the world’s largest seller of books without owning a network of bookstores;35 Uber has disrupted the transportation sector without purchasing a fleet of cars; Airbnb has revolutionized the hotel industry without any lodgings. Surprisingly, the vectoralist class has willingly entrusted ownership of the means of production to users, who could possess the equipment, raw materials, and skills to provide services, without this giving them a political or economic weight comparable to that of those who control the vectors. “Bring your own device,” goes the old rallying cry in business organizations. Essentially, it means “bring your own means of production, your smartphone, your car, your Wi-Fi connection, and work for our platform.” This lowers the costs for platform owners. And yet the workers, despite having all the material assets at their disposal, are still not granted any access to the means of profit generation—information flows.

        However, the new vectoralist class has one feature in common with the industrial bourgeoisie that preceded it. It, too, has an interest in “disposing of the workers” by imposing on them flexible contractual arrangements and real-time adaptability, to align with the rhythms of constantly shifting economic transactions. As McKenzie Wark explains: “A line of economic activity becomes a vector, in the sense that it can in principle be deployed anywhere. Connect a supplier of materials to a site of processing with a vector. If the supply becomes erratic, move the vector to connect a different supplier. If the labor at the processing site becomes difficult, move the vector again, connecting the new supplier to a new site of processing. If the capitalist firm doing the processing demands too much in profits, switch to another.”36

        This passage can be seen as an explanation of Uber’s surge pricing algorithm, or of any AI tool that finds the best route for a package, or of a just-in-time platform that matches products, friends, and manufacturers. In this light, we can understand infrastructures as enabling the vectoralist class to carry out its core activity of dematerialized logistics. Because management is dematerialized, it appears on the market, transformed, as automation. It’s like with “contactless” delivery apps: a food order shows up automatically at a customer’s door, but the process appears automatic because a platform hides the worker who delivered it, the chef that made it, and so on.

        What the platforms mainly do is relocate productive tasks and manage virtual supply chains, locally and globally. These chains, in turn, produce data to train algorithms, artificial intelligence solutions, and machine learning models. Thus, automation consists essentially of platformization, and platformization consists essentially of outsourcing.

        From the point of view of the vectoralist class, outsourcing has two aspects, one intensive and the other extensive. “The intensive vector,” Wark argues, “is the power [. . .] to monitor and calculate. And it is also the power to play with information.”37 Intensive outsourcing is especially prevalent on social platforms, where users play with information while being monitored. A platform outsources intensively when it encourages, records, and manages user participation—and uses the participation to generate value. This is what Meta does when it wants users to contribute by testing, translating, and debugging new tools. By accumulating data, the company can develop smart systems (or at least systems that pass for smart). By snooping into users’ data and increasing their technical subordination, platforms perform “on-site” outsourcing of data tasks to their own users.

        When outsourcing is about work performed far away, it is extensive. “The extensive vector is the power to move information from one place to another. It is the power to move and combine anything and everything as a resource,” concludes Wark.38 A prime example here is assigning microtasks to click workers, moderators, or “virtual captives” in low-income countries, to annotate, sort, and transcribe information in text or image form. Moving data strategically around the world ensures an unequal exchange of information, which accounts for the prosperity of a class that is located for the most part in the Global North, or, as Wark loves to emphasize, in the “overdeveloped world.”39

      
      
        Digital Colonialism and iSlavery

        Like Christopher Columbus hoping to reach the Indies by sailing West, platform owners hope to achieve artificial intelligence through digital labor. There is more to it than just a comparison. It’s time to address how automation relates to global trade and wealth expropriation. Digital studies have been exploring the implications of “postcolonial”40 or “decolonial” computing41 for a while. My own work contributes to this analysis, since I wrote about it in an article for the International Journal of Communications.42 My point was that digital labor and coloniality are connected because they both involve the consolidation of global dependencies.

        Indeed, other authors have explored how users, workers, and platform owners are in asymmetrical positions when it comes to wealth and power. These authors mostly use colonization as a metaphor. Just as bacteria colonize a host, platforms and AI are said to “colonize” areas of human experience that weren’t previously part of economic activity.

        This trend in scholarship kicked off in 2013 when philosopher Roberto Casati claimed that “digital colonialism” refers to the “automated production of norms” introduced by tech companies. A major factor in this dynamic is the belief that technology is necessary for everything in every aspect of life.43 Although Casati stresses the need to escape systematic data extraction, he does not address the business models, and value chains that shape contemporary labor-intensive digital platforms. Here, “colonialism” describes a set of aggressive policies and discretionary decisions hard-coded into information and communication technologies.

        In 2016, technologist Dmytri Kleiner used the term “digital colonization” to describe the transition from a decentralized internet to a closed, centralized network ruled by oligopolies.44 As far as the idea of colonization is concerned, here it’s mostly about enclosing land: just like in the colonies of the nineteenth century, public property was privatized, as the commercial internet took over telecommunication networks and online communities.

        The same year marks the publication of the article “Data colonialism through accumulation by dispossession.”45 According to this argument, big data has become a commodity. It reveals a shift in power in which individuals lose control over the information they generate. As capitalism “colonizes and commodifies everyday life” to an unprecedented level, data takes over human existence. Colonization here is mostly a figure of speech, since commodification bears the majority of the burden of proof.

        Regardless of the specific definition, it seems contentious to consider American Instagram influencers or European Airbnb guests using the historically charged vocabulary of “colonialism.” Importing concepts is never simple, but to what extent is this term useful when describing click workers’ conditions? I’ll start by abandoning the metaphorical trappings of “colonialism” to treat the term as a conceptual bridge to a global analysis.

        From this perspective, we can argue that the Nigerian digital worker who spends all day driving around the streets of Nairobi to collect data to improve Google Maps—just like the individuals in Hyderabad who, for little pay and no social security cover, provide the audio transcriptions necessary for voice assistant apps—consolidate existing colonial relationships. For the information vectors of platforms are, concretely, globalized flows of labor supply. However, the pride that a proletariat of insecure laborers from the South may feel in working for a big tech company seems to demonstrate that the dependence on the North is more symbolic than economic.46 Paternalistic platform owners take advantage of this sentiment to force workers into accepting smaller payments.

        Besides, the vectoralist class has no qualms about employing the term “colonialism.” Marc Andreessen, one of Silicon Valley’s leading investors and a member of Facebook’s board of directors, drew a parallel between the Palo Alto company’s penetration of the Indian market and historical colonialism: when Indian citizens, in 2016, rejected Facebook’s Free Basics, they had, in his view, adopted an “economically catastrophic” anti-colonialist stance.47 Overall, when discussing the digital economy, conceptual borrowings from the semantic field of colonialism are frequent. There are frequent echoes of the colonization of the American West, as in the expressions “colonization of cyberspace,”48 “the electronic frontier,”49 or “digital native.”50

        Media sociologists Nick Couldry and Ulises Mejias change the perspective completely in their book The Costs of Connection, published in 2019, by no longer using colonialism as an analogy or metaphor.51 In their view, colonialism is a historical process that eventually resulted in industrial capitalism, which in turn gave rise to platform capitalism. After all, the primitive accumulation of wealth that resulted in capital investment during the Industrial Revolution stems from a worldwide aggregation of resources, using the Global South to extract wealth and value. So colonialism isn’t just about figurative language. Rather, it is an important historical lens to study how platform capitalism came into being.

        This concept can’t be used metaphorically, because it’s absurd to expect historical colonialism to repeat itself in a mirror image. It’s important not to minimize the differences between data colonialism and historical colonialism. Data colonialism builds on more than two centuries of capitalism, so exploitation is equally responsible for it. As with historical colonialism, data colonialism is bound to have long-term consequences.52

        Couldry, Mejias, and I all argue for a “decolonial turn” in digital studies, as a helpful way to imagine strategies of resistance to capitalist data and technology appropriation. Indeed, an increasing number of authors have argued that unlimited automation and the digital labor of platform users, the mining industry in developing countries, and equipment assembly in emerging economies are all part of the same international division of labor.53 The way in which multinational corporations exploit the cheap labor of low-income countries underlines the continued relevance of the Leninist definition of imperialism as the “highest stage of capitalism.”54 According to media studies scholar Christian Fuchs, the exploitation made possible by digital relations of production ends up equating insecure work, unpaid work, and slavery. The latter exists as much in agriculture as it does in mining, manufacturing, and in the click farms that contribute to the platform economy.

        Following a similar line of argument, communications scholar Jack Linchuan Qiu describes an international system he dubs “iSlavery,” which extracts freedom from the labor it exploits.55 From his study of Foxconn, the well-known Taiwanese manufacturer of Apple’s iPhone, he concludes that the lack of recognition of platform workers simply mirrors the undignified working conditions in the digital sector more generally. Data sweatshops and click farms are located at the end of a chain whose intermediate links are Asian factories and warehouses, and the rural communities that supply millions of workers to industry and services. In contrast to the image of liberation that smart technologies conjure, the situation of the working class in emerging and developing countries is rife with human rights violations, rigid work discipline, serious health risks, and high suicide rates among workers.56

        There is nothing “disruptive” or emancipatory in the digital platform economy. Its culture of exploitation and contempt follows in the footsteps of previous unfree labor regimes.57 Through the provocative notion of “iSlavery,” Qiu denounces a society dependent on a global mode of production in which high-value-added activities such as information flows and technological innovation require an army of users and workers who, consciously or not, provide their unacknowledged labor. This workforce therefore exerts downward pressure on the costs of the final products in the digital economy, producing content, data, and services for free or for a microsalary. This has repercussions all along the global value chain, and right to the very bottom, in factories like Foxconn. One can observe an exponential rise in unpaid and underpaid labor at all levels of the global economy.58

        The landscape of the platform economy is therefore uneven and polarized. The geographical relationships reproduce known political and historical patterns, as shown by the analysis of North–South digital flows. The countries where data and tasks are bought more than they are sold, that is, where the balance of demand for digital labor is positive, are located in North America and Europe. The balance is negative in the lower-middle-income and low-income countries. They provide labor, data, and value to platforms in the North.59

        Do these tangible realities prove the colonial nature of the digital economy? While the latter is clearly the result of unequal trade flows and forms of exploitation, not all asymmetrical power relations are (neo)colonial. If we transpose this concept carelessly, neglecting the specificities of the past colonial trajectories that have shaped the global division of labor markets, we run the risk of diluting and dehistoricizing the experience of colonialism itself, as well as missing what is new in the current dynamics. Last, the geography of colonial relations of domination only very imperfectly matches that of the dependent relations established by the platform economy. Admittedly, it is mostly microtaskers from former French colonies, such as Tunisia and Madagascar, who are driving French artificial intelligence,60 but buyers of Indian digital labor are not limited to the countries of the former British Commonwealth, just as Filipino moderators of social media do not work exclusively with the country most influential on their last “insular government,” namely the United States.

        What I’ve said so far shouldn’t lead us to believe that there is a rigid polarization between the North that specializes in “immaterial work” and a supposedly “pre-digital” South that focuses on the transformation of raw materials—or raw data. This assumption makes us underestimate the importance of the contribution of emerging countries to the platform economy and its culture and their involvement in network governance too. Two good examples are Brazil’s Constitution for the Net, the Marco civil da Internet, ratified in 2014, and the ambitious (and controversial) innovations developed by Indian governments, such as Aadhaar digital identification system based on biometric data. Other important centers of aggregation of digital labor flows emerge, like Russia and China. The former has aggressively launched its own platform oligopolies like the search engine Yandex, which owns Yandex.Eda for food delivery, Yandex Taxi for ride hailing, and Toloka AI data annotation. China has achieved such intense datafication over the last few decades—and attracts so much digital labor both locally and internationally—that it’s become one of the two distinctive vectors of digital platform colonialism worldwide.61

        Similarly, the way in which users “at the bottom of the data pyramid” experience digital services does not differ substantially from the experience of their counterparts in the North. Everywhere, users are exposed to the same tensions between work and leisure, to similar developments in social media and in work apps, to constant prompts to produce services, ratings, and personal information.62 It is, moreover, highly problematic to consider that the populations of formerly colonized countries would passively undergo the digital transformation without taking part in it, especially when its driving force comes from those who have historically subjugated their populations. To judge by the stiff competition between African and Indian microworkers to secure the most lucrative AI training projects, or the international success of platforms like China’s “super app” WeChat or Nigeria’s e-commerce giant Jumia, middle- and low-income countries are far from lacking in agency. Entrepreneurs, user communities, and the public authorities in the South are all vying for dominance in the global ecosystem of digital platforms. Although the United States maintains its lead in terms of stock market valuation in the sector, northern countries are not the only drivers of the digital economy, and middle- and low-income countries do not simply provide physical input and semi-finished products.

      
      
        Online Outsourcing or Remote Work Migrations?

        Platformization is partly a result of colonial dynamics resurfacing and persisting across the globe. Platform development is also influenced by downturns in working conditions and pay worldwide. The changes have certainly been relayed by automation and digitalization. This situation can’t be entirely attributed to the strategies of the “vectoralist class.” Analyses should factor in the transformations of capitalism itself, in light of evolving economic conditions.

        Digital platforms took off at the same time as the debt and financial crises of the late 2000s, which resulted in concerns about mounting unemployment, as well as in wage stagnation, cuts in social protection, and inequalities.63 The global increase in the number of active participants in the labor market, due mainly to demographic growth and the transition of several countries to a market economy, was accompanied by the integration of emerging countries into global value chains.64 In the digital sector as elsewhere, multinational companies reacted to the expansion of the labor market by increasing pressure on wages through competitive practices worldwide. However, attempts to lower the price of labor through business relocation were hindered by dissuasive tax policies and the high cost of overseas investment in physical premises. At the same time, the option of importing foreign labor was hampered by increasingly draconian—and, in some countries, downright murderous—anti-migrant policies.65

        Platformization has been touted as a solution to these difficulties over the last decade. It contributed to the free movement of global labor both by providing jobs with low entry barriers for migrants in countries of destination and enabling “cross-border remote migration.” Platforms for delivery and transportation provide clear evidence of this. Even though they’re location based, they sit at the intersection of immigration and the on-demand economy, and migrants make up much of the labor force for gig apps.66 The fact is, however, that platforms that aren’t location based also support the claim that digital labor is mostly migrant labor. In the previous chapters, I talked about Venezuelans microworking for US companies, Madagascar workers impersonating AI in Europe in real time, and French reviewers of voice assistants for US companies through a Chinese platform. These are all examples of “remote” work migration.

        Only a few decades ago, the labor supply was rooted in certain physical locations, while capital was mobile. In the platform economy, by contrast, labor is geographically dispersed, and distributed along constantly shifting digital supply chains.67 So whereas, in centuries past, labor was imported, today a workforce is transported virtually by means of digital intermediation services that operate as “techno-immigration systems.”68

        Let there be no mistake, however. Digital platforms offer both on-site and remote migrants earning opportunities. They may well allow labor to circulate. But they do not “liberate” workers by opening borders. American and European countries’ migration policies have by no means facilitated immigrant labor, and digital labor thus plays the perverse role of facilitating remote exploitation without providing local protection. In the age of automation, platforms have no need to relocate workers to make them produce value at lower cost since microtasks can be subcontracted and assigned to the lowest bidders anywhere. Companies in the Global North can tap into a segmented migrant workforce shaped by these technological solutions, while not offering workers the same benefits they would have received if they had been admitted to the target country. The same competitive pressure applies to wage workers in high-income countries (always under threat from automation, which is actually remote outsourced digital labor) as it does to digital labor suppliers in low- and middle-income countries (in a global race to the bottom for remunerations and working conditions). This is why real wages are declining in the North as well as in the South. Platformization and global shocks like the COVID-19 pandemic, have resulted in the first ever negative global wage growth since the 2008 subprime crisis.69

        Digital labor is thus de-territorialized work, and, as nothing but data flows, it is both concealed and beyond the reach of national regulations. Digital laborers are foreigners at work, or more precisely, foreigners to work itself, at least in terms of formal employment that they could aspire to in the target country. Because they cannot access the rights conferred by the citizenship of a host country, they are considered outsiders to the labor market.

      
      
        The Working Class Goes to Palo Alto

        The existence of this remotely outsourced labor is, moreover, denied by the platforms that use it. There is therefore a twofold obfuscation, which is the main reason no class consciousness has developed among digital laborers in different countries and in different situations. Developing class solidarity is a challenge because work processes are segmented into tasks. Different kinds of digital labor (local or remote, visible or invisible, paid or unpaid) make it hard to form a common subjectivity. That’s the ultimate “disruption” brought about by tech giants. Not only work, but also class conflict is on the chopping block.

        When platforms employ the term “class,” they do so to depoliticize it, so as to redefine it without any reference to conflict, and in accordance with their worldview. Facebook filed a patent in February 2018 for “user classification.” What is the best way to identify users, and how to classify them within a specific audience category to target them with information, advertisements and other triggers.70 This invention tries to do something quite straightforward: classifying users, in the sense of “allocating them to a class,” without knowing their income, which is usually the main metric. Unlike other services like banks, Facebook doesn’t know the income of its users, so they have to use other data they’ve collected. Which explains why in this Facebook patent, demographics like age and gender, as well as educational attainment, matter more. The discriminating element is ultimately how the internet is used (times and duration of connection), and the nature of the equipment owned (types of smartphones, computers, tablets, and network speed). In short, this patent defines the social class of an individual in terms of their capacity to contribute on—and for—a platform.

        The categories selected by Facebook redeploy the basic divisions between three social classes, retaining their usual names: “working class,” “middle class,” and “upper class.” But the algorithm is not designed to analyze the social stratification of the users based on their data. The connection that Facebook makes between socioeconomic background and online contribution is meant to assist a particular machine learning system, which will predict to what class the user belongs. Three types of input are used: the profiles entered by the user on Facebook, their behavior (that is, their clicks) and a “training data store.” The latter is a database made up of information that has been enriched, completed, annotated, described, and documented to provide a statistical model from the answers to the question “to which of these three social strata does a certain individual belong?” The patent also provides some details about who trained the data. In some cases, it was retrieved “from a global database of training data accessible [on the internet],”71 most probably prepared by and fed to the system by microworkers. In other cases, Facebook users themselves not only provide their photos, profiles, and information, but also qualify them and make them compatible with the social classification algorithm. Their reactions, likes, and shares help to sort out the content and feed the algorithm. Thanks to their contributions, the users themselves develop this machine learning module, which “can periodically retrain the models using features based on updated training data.”72

        What is interesting about this patent is not so much the technological feat it represents or the vision of society it supports. There is something devious in the way it articulates work, class, and machine learning. Membership of a social class comes to be closely correlated with one’s contribution to improving smart technologies. Workers train an algorithm that classifies them. The system thus identifies classes of users in themselves but prevents them from becoming aware of their existence as classes for themselves. The distinction between class “in” itself and “for” itself is another classical Marxist concept. A class is defined either structurally (by the place of its members in a system of ownership) or politically and culturally (by the fact that its members are conscious of belonging to a political subject).73 The opaque statistical treatment of the work performed by users on the platforms and by microworkers while feeding the database precisely prevents members of this class from recognizing themselves in it. Indeed, the platform would argue, should user–workers know their own classification or understand how their data contributes to it, they might consciously influence the algorithmic outcome.

        This Facebook patent epitomizes the vectoralist view of society and technology, according to which automation will eliminate all distinctions between social classes. However, this elimination will not happen in keeping with Marxist principles. In the patent, there is no place for a progressive “class of the new,” which emerges due to technological change, and which bears a historical mission of emancipating itself and the whole of humanity. Could the digital proletariat be described as a class without a mission, freed from a purpose?

        Whereas other class subjects embodied a promise of freedom from servitude, digital laborers seem to be able to expect deliverance only in the form of a threat—that of being replaced by machines. Their destiny, the philosopher Roberto Ciccarelli argues, is governed by a renewed regime of auctoramentum. First formulated in Roman law, this bond is defined by the promise to sacrifice one’s life to accomplish a task assigned by another, as in the relation between the gladiator and his master.74 Arguably, the same self-sacrifice is reflected in the relationship between the platform and its users. “Those who are about to automate salute you” the valiant click workers proclaim, as they gaze toward their future of (self-)destruction at the hands of artificial intelligence. Since their existence as a class is only transitory—or so the argument goes—the development of a class consciousness, of a class for itself, is meaningless. From this perspective, the perspective of their class enemies, the digital proletariat has no need for self-reflection, for organization, or for collective action because it represents only the remnants of a world of human labor doomed to disappear.

        This negative outlook is based on the expectation of complete automation in the future. Yet complete automation seems to be unattainable. And we may legitimately question the ideological role played by this scenario, which bolsters the digital proletariat’s false consciousness.

      
      
        Artificial Intelligence: A Not So Manifest Destiny?

        As the political scientist Bruce Berman noted more than thirty years ago, the debate on artificial intelligence is also a political debate, where scientific advances are intertwined with myths that emanate from belief systems deeply rooted in the backgrounds of experts and associated interest groups.75 A particularly striking example of the ideological dimension of scientific narrative can be found in a resonantly prophetic text on the future of artificial intelligence penned by Edward Feigenbaum, a pioneer in the field of expert systems, in the early 2000s: “I call computational intelligence the manifest destiny of computer science.” He added that he held “no professional belief more strongly than this.”76 Contemplating some memories from his school years, he dwelled on the key themes of “how the West was won”—the US’s expansionist ambitions—the “great visionaries like Thomas Jefferson,” and the brave settlers, who left the majestic Appalachian Mountains to reach the “the far ocean at the continent’s western edge.” By analogy, he stressed, “computational Intelligence is the manifest destiny of computer science, the goal, the destination, the final frontier.” AI will therefore stop at nothing to reach the level of human intelligence: “More than any other field of science, our computer science concepts and methods are central to the quest to unravel and understand one of the grandest mysteries of our existence, the nature of intelligence. Generations of computer scientists to come must be inspired by the challenges and grand challenges of this great quest.”77

        Feigenbaum’s prophecy echoes the thoughts of a fellow pioneer in the field of artificial intelligence, Marvin Minsky, who declared, in 1961, that an era of intelligent machines was just around the corner. Thirty-five years later, the MIT professor was forced to admit “we really haven’t progressed too far toward a truly intelligent machine. We have collections of dumb specialists in small domains; the true majesty of general intelligence still awaits our attack.”78 Proponents of this discipline can’t believe that AI’s destiny is less manifest than it seems. There’s nothing superstitious or misleading about these statements: they reflect certain scientists’ aspirations, not scientific facts.

        After all, the ideology they express justifies the endeavors of computer engineers, scientists, and industrialists. Declaring that they are conducting research into simulating human intelligence is one way for technology producers to be at peace with the work they do. They can represent themselves not as a vectoralist class whose function is to manage click traffic around the globe or set up subcontracting chains that end in digital sweatshops, but as a noble elite that contributes to the progress of humanity by devoting itself to cutting-edge innovation. Such a heroic and prestigious vision of their task does not extend to the work of the individuals who produce, train, and qualify data. Yet the fantasy of complete automation, sustained by the designers of digital technologies, still requires workers to close the gap between a reality made up of computer solutions that are inevitably less efficient than expected, and the promise, repeatedly unfulfilled, of the advent of machines capable of simulating human cognition.79 When technological limitations prevent the full automation of certain activities, human beings are recruited as users, customers, participants, or cheap labor to compensate for the shortcomings of the system.80

        For human digital labor really does contribute to advances in artificial intelligence, in several ways. Human contributions greatly improve the accuracy of automated solutions. Drivers who correct the routes suggested by their GPS system, or social media users who influence the automatic content filtering algorithms perform a work of correction comparable to that of hundreds of thousands of microworkers who remedy the inaccuracies of automatic transcription software. Artificial intelligence also benefits from the speed of human work. When workers are involved in perfecting artificial intelligence, the latter develops analytical, decision-making and selection capacities more quickly than in other cases. Last, in order for the functions of an AI device to be applicable to a large number of situations, or even to be universally generalizable, huge numbers of human beings must provide huge volumes of examples for the automation processes to review a large range of cases—this is known as scalability.81 The most important AI successes of recent years have relied primarily on the masses of training data that human contributors have tagged and prepared. Between the 2012 release of the convolutional neural network AlexNet (which proved its worth on ImageNet, a database of images prepared by human annotators)82 and the 2016 consecration of Neural Machine Translation (a machine that is trained on corpora of corresponding examples in different languages), the computational input required to run these machines has relied on the vast amounts of data produced by microworking human users.83 Recent efforts like ChatGPT, of course, have transcended all previous initiatives. Following the examples presented in the previous chapters, it should also be clear just how much digital labor has gone into this technology. The previously mentioned CommonCrawl, which is used to train large machine learning models, harvests data from Wikipedia, Reddit, blogs, and so on, to get content produced by the social media labor of millions of anonymous internet users. Add to that thousands of microworkers in Africa, Asia, and America busy annotating the content on online labor platforms and you’ll get a sense of the digital labor involved.

        Digital labor can thus be construed as a way of channeling the attention, social inclinations, and energy of individuals into a certain type of work, on a gigantic scale. It is work labeled as “useful” by AI developers—indeed, it is the only kind of useful work—insofar as it puts human beings into the service of machines84 to further the ends of smart technologies. The perfect embodiment of this “useful work” is the semblance of AI—an “artificial artificial intelligence”—that Amazon sells on Mechanical Turk, at the same time as it incorporates click working into the narrative of AI as a prophecy soon to be fulfilled.

        No matter how many promotional releases tech companies issue, we’re no closer to fulfilling this prophecy. Artificial intelligence is just a point on the horizon that keeps receding as we move toward it. Keeping hope alive and converting obstacles into trials of faith requires denying the invisible labor of the platform users, microtaskers, reviewers, and drivers, while whipping up the zeal of marketing professionals.

        Over the centuries, the dream of governing human behavior through technology has taken many forms, and artificial intelligence is just one of them. It has been kept alive by a large number of research fields, among them cybernetics, information theory, game theory, systems analysis, operations research, and linear optimization.85 If we step back a little, we can see that the rhetoric of smart systems has much in common with other discourses on the scientific organization of work, and it is intimately linked with policies that aim at transforming the production process. As in classical Taylorism, automation serves to entrench workforce hierarchies: the design, decision-making, and planning tasks carried out by computer engineers and scientists are overvalued, and even overhumanized,86 while the remaining activities, starting with those performed by click workers, are reduced to the realization of dull and irrelevant tasks. Taskification and datafication occupy the same place as work steps sequencing and timing did for Taylorism. They are not major technical advances, but rather another turn of the screw in the capitalist division of labor, in which the workforce is envisaged as idle, careless, potentially recalcitrant, and needing to be kept under control.87

        So platform capitalism is one step further along the path of the fragmentation of work and labor. Moreover, under the utopian banner of artificial intelligence and complete automation, it adds a demobilizing and intimidating message of workforce obsolescence: “Be taskified, and so, in the long run, work toward your own extinction.” This is the real innovation introduced by contemporary smart technologies.

      
      
        A Lesson Never Learned

        The ambitious research programs of the pioneers of AI in the 1960s and 1970s have little in common with today’s digital activities, as surveyed in this book. Far from the dreams of machines endowed with the traits of human beings—the ability to reason, to solve problems, to learn, to create, to play (hence the emphasis on chess)—AI has resorted to “narrow” or “weak” smart technologies. Recent emphasis on generative AI and its creative traits is a massive overestimation of the capabilities of machine learning models. Over time, users realize these tools aren’t all they’re cracked up to be. When one tries to make generative AI think outside the box and come up with new ideas or solutions, it becomes apparent that it is not designed to be creative and adopt multiple perspectives.88 In fact, it tends to follow preexisting data and rules, even reproducing biases that are engrained in them.89 Other times, AI’s unauthorized imitation of protected or famous images raises doubts about its originality.90 Also, the fact that two users with different competence levels in “prompt engineering,” figurative arts, or literature can get drastically different results91 shows just how much human agency is involved.

        Other examples emerge in fields such as medicine and finance. Watson, IBM’s star AI system, may well assist doctors or financial advisers by “understanding” questions formulated in natural language, but it proved to be limited to a simple keyword search in a corpus of data, which it matches with the terms contained in the question.92 Its lack of sophistication disappointed the professions that subscribed to it, and they rapidly discovered that there is little substance behind IBM’s marketing rhetoric.93 Watson’s methods are derived from the techniques of machine learning that, within the broader field of artificial intelligence, rely on a theory of statistical learning: in order to learn, software must be given enough data to be able to detect patterns in the information, typical distributions of certain observations, like trends and average values of certain quantities. This information is used as “lessons” that the machines should be able to reapply in due course.

        Machine learning is likewise rooted in beliefs and axioms that are not only epistemic but also political. There is, first, the idea that a machine learns from its users, and second, that users must produce an increasing number of examples to allow the machine to acquire new notions. To convince themselves that machine learning is feasible, computer scientists have had to abandon the idea that a machine is a device programmed once and for all with certain knowledge; and users have had to get used to taking on the role of “teachers” helping the machine to develop new competences, rather than behaving as owners of it. These teachers do not need to be experts in the subjects taught: No need to be an artist to teach a Stable Diffusion model to produce an image in the style of Rembrandt, and no need to be a specialist in urban geography to improve a GPS. It is not even necessary to master the mathematical methods that organize the teaching—understanding a regression, a matrix, a vector, or an optimization is wholly superfluous. Given a sufficient number and variety of examples, anyone can be a machine learning teacher, as long as the software’s double premise is respected—that learning is incremental, and that it takes place through a series of approximations. Once the system has started to learn from the user how to order information efficiently, its performance will keep on improving as long as it is fed examples, and the greater the input of examples, the better the learning machine’s performance. Every search engine result, every “like” on Instagram, every order on Uber Eats produces new signals that are fed back into the learning cycle. As more and more data is injected into the system, the results get increasingly precise.94

        The role of digital labor is most obvious in so-called supervised learning. The teaching method in this case is based on questions for which the answer is already known, such as recognizing a celebrity in a photo or transcribing a handwritten document with a word processor. This form of learning draws on two types of databases, the first to train the machine, the second to test it. The data needs to be “prepared”—sorted, cleaned, integrated, and identified by humans. The digital labor of platform users can be seen at every stage, since they are the ones who produce the content processed by the machines, who prepare the data, and who also check the solutions proposed.

        However, supervised learning is only one type of machine learning. Reinforcement learning and unsupervised learning are two others. The former, used for example in ChatGPT, provides for the machine to learn on its own by receiving evaluations of its performance by users. Every thumb up and thumb down on OpenAI chatbots is part of a reward system.95 Effective reinforcement learning models, however, are partly combined with supervised learning, and as such they need digital labor, because they rely on annotated examples with positive or negative rewards. MidJourney, for example, practices reinforcement learning on the Discord social media platform by asking users to do unpaid digital labor by ranking images in exchange for “free” GPU hours.96 Computer scientist Jean-Gabriel Ganascia points out that, for both supervised and reinforcement learning, “the same problem arises: who annotates, rewards, or punishes? A teacher is necessary, which means that the machine is not totally autonomous in the sense that it does not spontaneously give itself its own rules, since it follows the lesson that humans teach it.”97

        There is also another type of machine learning, called “unsupervised,” in which artificial intelligence finds the solution to its problem by processing unknown data that has not been annotated by humans. For instance, an AI tool could analyze millions of uncaptioned images of fruit salads and categorize all the fruits according to criteria that were not established beforehand. In any case, the lack of supervision is always conditional: People have to take millions of pictures of fruit salads, and then determine whether the results are useful or irrelevant for human purposes. Unsupervised learning has only patchy results at present and is still largely exploratory. The remarkable results of machine learning in recent years are mainly in the field of supervised or reinforcement learning, and thus depend on a massive mobilization of human digital labor. Artificial intelligence is currently able to synthesize what others know already, but it is incapable of developing completely new notions, languages, or formalisms. Unsupervised learning, which is supposed to be able to develop new ways of describing reality, has not yet reached the level of technological sophistication, autonomy, and consistency that would allow it to create new knowledge spontaneously.98

        Similarly, the “algorithmic black box”99 effect, often invoked to urge caution in the deployment of technological solutions based on deep learning or neural networks, requires an even more intensive contribution from microworkers and other providers of digital labor. Once a neural network, to name just one type of AI, has managed to differentiate the image of a tree from that of a car, scientists are unable to immediately determine what mathematical model made this possible. They must spend a large amount of time breaking down the steps in their machine’s calculations. In some cases, the simplest way is to reverse the learning process: Starting with the result that the machine proposes (a certain series of images, or a certain ranking of results from a search engine), it is possible to test different paths that could have led to it, using pretrained networks.100 So here again the learning is supervised, and therefore the need to resort to digital labor.

        The problem is one of complexity. Whereas a traditional mathematical model may have a few dozen parameters, a neural network will have billions. GPT-4 reportedly has 1.7 trillion parameters, and this has led to an actual AI race. A new scientific consortium to create advanced AI is called, quite simply, the Trillion Parameter Consortium.101

        Unsupervised learning provides results without necessarily explaining how the machine obtained them, nor does it give precise indications of their level of relevance and usability. An algorithm that divides all the goods in a certain catalog into n groups, without using categories established by producers or consumers (brand, price, etc.), may require several days of modeling to sort through thousands of guesses. Since the reason for a given distribution is not self-evident, it is also difficult to assess the quality of the results. Whereas, in the case of supervised learning, the relevance of the solutions (known in advance) can be assessed, in the case of unsupervised learning, the absence of a benchmark results in multiple and often incompatible validation methods. “Success” then becomes a question of evaluation and arbitration, played out between different stakeholders in the machine learning process.102

      
      
        The Pipe Dream of Full Automation

        As automation increasingly relies on machine learning, the quantity of data and digital labor it requires may also be its downfall. Those who believe that progress in AI depends on more powerful algorithms, more complex networks, and a greater number of parameters overlook a crucial ingredient, namely high-quality data. Machine learning engineers have several sources of data at their disposal, the most reliable being the huge volumes of information structured and qualified by users of applications and social platforms, or annotated by the hordes of microworkers all over the world. No other data source can reach this level. Producing synthetic data through generative AI is gaining traction in the scientific community. The process here involves using algorithms to generate information that mimics real-world data. They come with the promise of clean, deanonymized, unbiased datasets tailored to a company’s or institution’s needs. Most importantly, the datasets will purportedly be cheap, insofar as they do not require human annotation. Unfortunately, synthetic data is usually not reliable, resulting in potential errors in downstream tasks.103 The quality of artificial data—for example, computer-generated faces to train a facial recognition system—is often disappointing; and, among other shortcomings, open-source databases risk being overadjusted, memorizing overused and overprecise training data, such that the machine proves incapable of generalizing models to new situations.

        Since machine learning only progresses if human data production increases, no truly autonomous machine can emerge that would dispense with human-treated input altogether. So if computing really does have a manifest destiny in the form of perfected artificial intelligence, it will also be irrevocably tied to digital labor. The Sisyphean task of machine learning has the following form: the more machine learning is applied to the automation of human work, the more it requires human work to feed it high-quality data.

        In a text published by the American Association for Artificial Intelligence (renamed the Association for the Advancement of Artificial Intelligence), another of the founding fathers of the field, Nils Nilsson, suggested replacing the Turing test with the “employment test.” The Turing test, as is well known, is a way of evaluating the efficiency of a computer, based on its ability to simulate human interaction. When a user is unable to tell whether the entity they are interacting with is a human or a machine, the machine is declared to have reached “human-level intelligence.” For decades experts have argued that this method was never a good measure of machine intelligence.104 Nilsson’s employment test, therefore, stipulates that “AI programs must be able to perform the jobs ordinarily performed by humans.” As such, Nilsson continues, “progress toward human-level AI could then be measured by the fraction of these jobs that can be acceptably performed by machines.” The criterion for success in AI development is therefore its capacity to replace paid and visible jobs, not invisible digital labor. Nilsson makes it clear that reducing the cost of labor is the ultimate goal of the endeavor: “Systems with true human-level intelligence should be able to perform the tasks for which humans get paid.”105 Inconspicuous work, for which humans tend not to get paid, is not even considered: it lies outside the scope of the test.

        Yet it is precisely this relegation of workers to poorly paid, unpaid, and invisibilized tasks of data production and supervision of machine learning that is problematic in the age of automation and platformization; and it is precisely the disciplining threat of the “Great Technological Replacement” that keeps the digital laborers on their toes. As we have seen, digital labor outcomes are sold to companies as though the results were automated, but the individuals who perform the tasks day in day out are not recognized as workers. Rather, they are treated as amateurs or hired hands who perform an activity that does not really contribute to the technological innovations they help develop, unlike visible, lauded specialists and scientists.

        Furthermore, the need for digital labor is considered to be temporary only—machines need it today in order to learn to do without it tomorrow. In machine learning, relying on past data introduces a major challenge to the prospect of achieving full automation. Because algorithms learn from historical data, they struggle with entirely new situations. It is therefore always necessary to update the data, to adapt the output, and to align both with current social norms—and human workers participate in these processes. In contexts that change, as all contexts do, machines may not be able to make complete and autonomous decisions.

        Yet this goal of automation, forever deferred, still has immediate subjective effect on platform workers. They are forced to await the deus ex machina that will put an end to their condition as a “digital proletariat,” but they are discouraged from creating the tools by which they could transform their situation from within, and, if possible, to their own advantage. The messianic expectation that automation will abolish human work is never fulfilled, and instead the great providential design of AI proves to consist of disconnected sets of routines governed by no particular grand plan.

        The success of digital labor has thus been to transform work into a multiplicity of disparate tasks, but it has failed to create an autonomous intelligent system. This is due to a logical impossibility. Processes simulating human intelligence are quicker and more precise, and they can be applied to more areas, but they will inevitably lag behind human cognitive faculties, as in the paradox of Achilles and the tortoise. While, at any given moment, AI is rushing to attain the level of human intelligence, human intelligence never stops moving, however slowly, so the distance between them can never be closed. For the human intelligence that machines would ideally reproduce does not stand still. It adapts to new practices, and so any artificial replica must be constantly updated—a process in which, now as in the future, humans will be always involved.

        So we are all—the hundreds of millions of on-demand and microworkers, the billions of users providing paid and unpaid social media labor—embarked on a long, a very long, career as AI trainers. If we recall the economist Ernest Mandel’s devastating rebuttal of automation penned some ten years before the web existed, and almost twenty before Facebook, we might even say it is interminable:

        
          Under capitalism, full automation, the development of robotism on a wide scale, is impossible, because it would imply the disappearance of commodity production, of the market economy, of money, of capital, and of profits. [. . .] So what is the most likely variant under capitalism is precisely the long duration of the present depression, with only the development of partial automation and marginal robotization; both accompanied . . . by large-scale pressure to extract more and more surplus value from a number of productive work days and workers tending to stagnate and decline slowly, i.e., growing pressure to overexploitation of the working class (lowering of real wages and social security payments), to weaken or destroy the free organized labor movement and to undermine democratic freedoms and human rights.106

        

      
    
  
    
      
        Conclusion

        What Is to Be Done?

      
      Despite promises of emancipation and social connection, today’s technologies leave digital laborers exploited and alienated. Cogs in the machines of their own threatened extinction, these workers perform atomized tasks that sometimes aren’t seen as work at all. To counter this reality, we need a concerted political effort to recognize digital labor, and to mobilize and organize digital workers. As a society, we must acknowledge that a human workforce powers automation—it provides real work that produces real value.

      According to philosopher Axel Honneth, recognition occupies a central place in social and subjective life1. Developing AI solutions depends on users and workers on digital platforms, who seek recognition socially and politically. The struggle for recognition, equality, and protection is real and is crucial for fostering an equitable wealth distribution within broader social structures.

      Efforts to achieve this recognition take two tacks. The first seeks to extend to digital workers the labor protections of recognized employment; the second aims to rethink the relationships between workers and the infrastructures of data collection and processing. Still in its infancy, this second approach focuses on a governance of the commons, with a view to imagining new ways of sharing resources and reviving the original political impetus behind platforms’ creation.

      
        Bringing Digital Labor Back into the Fold

        To combat the unlimited exploitation of digital workers, the first strategy is to extend to digital workers the rights and protections that employees enjoy in traditionally recognized employment. The viewpoint expressed here is far from unanimous. While the traditional left is open to it, more radical social movements see it as particularly dangerous because it could encourage wage slavery and undermine workers’ self-management.

        There are important differences between formal employment and the activities of qualification, monetization, and automation that workers perform on platforms. There are also, as we have seen, several common features, in particular subordination (either contractual or technical), and surveillance (whether top-down or participatory). Generally speaking, if a relationship of dependence exists between platforms and laborers, legal recognition of digital laborers’ work can be legitimately demanded. Despite the platforms’ denials, workers must prove their position of subordination in order to get fair working conditions and compensation.

        The political movements that reaffirm the appeal of the historical paradigm of protected subordinate employment, want digital labor to be recognized as a form of work with the same rights as traditional salaried work. Individuals facing life’s vicissitudes need protection against the social risk that comes from workers’ accepting a form of subordination. Since digital labor is already (technically) subordinate, there are millions of platform workers worldwide who are seeking this recognition by becoming salaried employees. However, by definition, subordination to a formal employer’s economic interests is limited to the realization of social objectives, and does not carry the stigma of indignity of other forms of labor, past and present.

        From this perspective, extending the social protections of salaried work to self-employed and freelance platform workers would be a first step in the right direction. Other claims go further, calling for digital laborers to be fully reclassified as employees of the platforms, implying also that a real employment contract would replace the TOS. On-demand drivers, AOL moderators, and Google reCAPTCHA users have all asked, at different times and with varying outcomes, to become officially recognized employees of the services and applications they use and to which they have contributed.2

        This is how transportation services and delivery workers in Europe, the United States, and Asia succeeded in obtaining compensation from the owners of on-demand applications that claimed to be mere intermediaries. The package included minimum hours, compensation for on-call time, and cover for illness and occupational accidents.3 The importance of reclassifying service contracts as open-ended employment contracts has been highlighted by several recent court rulings and legislative initiatives, some of them already mentioned in previous chapters. Across Europe, 371 initiatives and court cases related to platform economy activities have been reported. They concern ride-hailing platforms like Uber and food delivery apps like Glovo, Just Eat, and Foodinho. Many platforms are fined, most are required to hire as formal employees, or under the status of “workers” or “coordinated and continuous workers,” which gives them limited rights.4

        All of these initiatives revolve around the legal presumption of employment that was the guiding principle of the directive on platform work that European countries adopted in March 2024, in spite of strong opposition from platform lobbyists and promarket governments.5 In compliance with the directive, platforms now have the responsibility of proving that workers are actually independent rather than subordinate. Additionally, worker representatives have the right to monitor the algorithmic processes governing their activity, thus being informed of the nature of the technical subordination to which they are subject.6

        Previous attempts to move self-employed workers into waged and protected labor have been contested before and after they are enacted as laws. The Spanish “riders’ law,” for instance, turned freelance riders into staff back in 2021.7 But companies have reacted by shutting down operations or refusing to comply. There have been mixed results with other collective bargaining agreements between companies and unions. For example, Danish platform Hilfr has created a dual workforce consisting of self-employed workers (FreelanceHilfrs) and formally employed workers (SuperHilfrs).8 But it’s been undermined by the Danish Competition and Consumer Authority.9

        A crucial issue needs to be underscored here: all these cases of successful reclassification have to do with location-based labor platforms. But what about digital laborers on microwork platforms? For them, the way forward has been litigation and class actions, which have resulted in better pay or protection.10 In the rare cases that microworkers have sought reclassification as workers, results have been mixed. As mentioned in the preface, the Brazilian data annotation company Ixia, creator of the InteliChat business solution, was ordered by a court to reclassify its users as employees. The company had recruited thousands of microworkers to enhance its AI system, not hiring them as employees. The São Paulo labor court successfully regulated the situation of these workers, securing 130 million reais ($26.6 million) in compensation for collective damages. In France, a similar case didn’t end well for the workers.11 A 2020 decision by the Douai Court of Appeal, which directed the microworking app Clic and Walk to hire its alleged 700,000 users as employees, was overturned by the Criminal Chamber of the French Supreme Court in 2022.12

        Bringing digital labor back into the fold of formal employment is not an easy task. In this regard, unions have an important role to play. This attempt has led to original experiments in creating “platforms to protect platform workers,” such as the German Fair Crowd Work, founded under the auspices of the German union IG Metall, where users can rate the platform’s terms of service and denounce possible abuses by e-commerce platforms, mobile apps, requesters.13 Since the end of the 2000s, social media platforms have also witnessed “user strikes”14 and even the occasional creation of consumer unions15 to protest against unfair TOS, and opaque methods of data monetization by third-party companies.

        From the mid-2010s, trade union involvement has significantly helped organize initiatives to defend the rights of precarious and nonstandard workers. In the United States, unions in the transport sector, such as the International Brotherhood of Teamsters, are a good example.16 In the United Kingdom, on-demand workers have made progress by joining the Independent Workers Union of Great Britain (IWGB).17 And Spain’s “rider’s law” was the result of a tripartite collective bargaining agreement where trade union CCOO (Workers’ Commission) and UGT (General Workers’ Confederation) negotiated with the Spanish government and two employer confederations.18

        All these mobilizations have a common objective, but it is ultimately quite limited. They do not seek to challenge the power of the platforms, but instead the platforms’ denial of their role as employers with digital laborers as their subordinates. If the relationship is recognized, they hope, a regular employment relationship can be established, with improved working conditions and remuneration. This strategy is most effective for conspicuous digital labor, that is, activities closest to the traditional conception of work and employment. The upshot: this strategy often fails those who perform digital labor that involves an increasing number of hidden tasks. Unfortunately, these inconspicuous tasks constitute the bulk of current automation-oriented activities. To what extent will trade unions make visible this work, concealed in the interstices of our daily digital lives and behind the interfaces of our mobile apps?

        This first approach doesn’t deal with the global dimension of digital labor either. Outsourcing is increasingly moving work abroad in the context of platformization. Client companies and requesters can access massive numbers of users, who can perform remote tasks on platforms, and benefit from cheap, vulnerable workers. There’s little coordination between trade unions in different countries, especially between the Global North and the Global South. One of these examples is the collaboration between UK activist group Foxglove and Kenya-based ACMU (African Content Moderator Union), formed after a lawsuit for unfair dismissal filed by 184 content moderators from Sama, a company that provides data annotation services to Meta, YouTube, TikTok, and OpenAI.19

        It is not enough to anchor social protection to a single country, for operations that are easily offshored, such as moderation, data annotation, or microwork; this only displaces the problem geographically. The digital labor of on-demand applications, while ostensibly confined to a city or region, may also be relocated to other countries with lower labor costs and fewer legal protections. While on-demand drivers in high-income countries might receive better social protection as long as they are formally employed, digital laborers who coordinate transport logistics or offer data processing will not, particularly if they live in informal economies in lower-income countries.

        This situation has prompted NGOs, workers’ organizations, international bodies, and researchers to work together on certification principles for good practice on pay and working conditions for digital labor on platforms.20 One of the first attempts so far at the international level is the “Frankfurt Declaration,” published in 2016 by a network of European and North American trade unions. The objectives were, among others, to harmonize minimum wages, to decide on jurisdiction in the case of disputes, and to review social protection provisions.21 Lawyers can help in other cases by leveraging existing regulations on social responsibility and employer due diligence. Corporate leaders need to consider the potential negative effects of AI solutions developed while partnering with digital labor platforms. It is not only a matter of environmental costs, although they are certainly important, but also of social costs. Human rights may suffer when outsourcing is done by exploitative platforms. AI solutions built on human labor require active policies to identify and reduce the risks associated with supply chains. So far, two initiatives have emerged to chart these supply chains and evaluate the due diligence practices of European companies. The first is a study on the impact of the German and EU Supply Chain Act and Due Diligence Provisions, implemented in 2023 by the German Federal Ministry for Economic Cooperation and Development. Another, conducted by the NGOs Intérêt à Agir, examines whether French companies comply with human and workers’ rights rules throughout their data supply chains and in low-income countries where they operate through platforms.22

        There are other risks: social movements are also seeing their ideas and methods co-opted by promarket forces. For instance, the liberal project to generalize a system of microroyalties, which is already operational for certain services, stipulates that in return platforms may exploit any contribution made by their users.23 Others recommend organizing markets to sell personal data piecemeal.24 The advocates of these measures, who are often from libertarian backgrounds, tend to ape the language of social conflict, and characterize themselves as oppositional forces to the digital oligopolies. They wield a romantic vocabulary of “powerful strikes” and “data labor unions,”25 but their measures ultimately aim at generalizing the piecework system already current in microwork, in click farms, and on certain applications that monetize information from social media users’ profiles. Their noble proclamations look like pure cynicism. Far from uniting digital workers around the defense of their rights, they individualize the notion of recognition and once again deny the idea that digital labor is real work.

      
      
        Another Platformization Is Possible

        The corruption of platforms’ emancipatory message is a perfect illustration of how capitalism manages to convert critiques of labor relations into profit. The digital economy exploits individuals’ aspirations to autonomy and their freely produced content and contributions to extract value. Is it still possible, then, to turn platformization against itself? This is a second strategy of resistance. It brings us back to the history of the concept of the platform, outlined in chapter 2, whose philosophical sources go back to the English revolutionary Commonwealth. A political program, in the eyes of the seventeenth-century revolutionaries, “made into a platform,” aimed at abolishing dependent labor and private property, while advocating a shared governance of the commons.

        Born in the mid-2010s, the “platform cooperativism movement” sought to reclaim the original political philosophy of platforms.26 This international movement argues for collective ownership of the digital means of production, and for a cooperative rather than collaborative economy, free from monopolies, exploitation, and surveillance.27 It wants to create a people-centered internet that would promote principles of social justice, a social economy based on solidarity, and ecological sustainability. Its idea of work and, more specifically, of digital labor draws on the substantial tradition of the mutualist movement.28

        The book by the same name published by media studies scholar Trebor Scholz in 2016 lays out the principles of platform cooperativism. These principles are mostly consistent with the strategies of labor unions that work to extend the status of employment to digital labor. Cooperative platforms must provide their members with decent wages and job security, legal protection, portable health and welfare benefits, and the right to disconnect. In addition, Scholz has added the collective ownership of platforms by those who generate most of their value, and the need for workers to be involved in programming and managing their production flows, in order to establish a regime of “co-determined labor.”29

        Several cooperative platforms proved the viability of this model: On-demand worker cooperatives were formed, such as US app Coopify, a mutualist alternative to TaskRabbit;30 municipal accommodation services such as AllBnB, a local substitute for Airbnb that pays a dividend to residents from rental profits;31 the open-source application CoopCycle, which delivery couriers use instead of Foodora;32 the co-owned content producer collectives Stocksy United and Resonate,33 royalty-free versions of Flickr and Spotify, and more.

        There is one critical point to be made right off the bat: many of these platform cooperatives no longer exist, having never really gotten off the ground. In his research, Rafael Grohmann coined the term “dead platform co-ops” to describe a phenomenon in which platforms struggle to scale up, leading to their failure. In a study focused on the cooperatives in Latin America and Europe, he analyzed platforms from the early stages of the pandemic, before they went out of business. There is something to be learned from understanding why they fail. Most of the time, it’s because people can’t build a collective organizational culture, because resources and business plans are lacking, worker turnover is high, no consumer base exists, technology is expensive, and organizing a large workforce is hard.34

        Despite this movement’s heterogeneity, it retains a twofold objective throughout: to reform platform capitalism; and to contribute to an ethically responsible platformization of traditional cooperatives. This twin purpose is a strength, but also a potential weakness; that is, if the movement does not manage to turn the tide in the hegemony of capitalist platforms, and provides merely an alternative running alongside them.35 Faced with the expansionist approach of its opponents, the movement could well remain a niche phenomenon, or even be co-opted by big tech,36 as has already occurred in the case of the Platform Cooperativism Consortium, which received a direct grant from one of the tech giants.37

        Platform cooperativism is for protecting and conserving “global commons.” A common global resource like the atmosphere, oceans, and outer space can be accessed and used by anyone. The germane notion of “digital commons” includes open-source software, creative commons-licensed content, and collaborative online platforms that foster the creation and distribution of digital assets and information.38 However, the political potential of this notion, and the associated collective actions, are not followed up consistently by the movement. There has been no concrete manifestation of an integration of a commons economy with the anti-capitalist spirit of alternative platforms. To facilitate this, individual activists and political entities are starting to think about the possible consequences of sharing the most fundamental resource of the platform economy: data. Despite being generally seen as individual contributions (starting with the widely discussed “personal” data), or as information that benefits proprietary platforms, data can be seen as resources meant for sharing (referred to as non-rivalrous goods in economics), which ideally makes them the substance of an “informational commons.”39

      
      
        Digital Labor “In Commons”

        In order for digital workers to gain recognition through data sharing, they take on the role as bearers of “bundles of rights” that link together those wanting to access the commons.40 Unlike today’s rights, which are built on excluding others, enjoyment of the commons should be adapted to the situation of each group of users, who will have differentiated prerogatives, obligations, and allocated resources. This requires that platform users develop a shared governance of data considered as an economic asset. Data may then be redistributed in the form of rights or resources. Scholarship on “social protection relating to personal data,” in the context of the generalization of platform work, is a good illustration of this approach.41

        Data is created and transformed by users online. Platforms allow them to express themselves and produce economic value at the same time. Preserving the integrity of users’ information on platforms, although often framed as protecting privacy or consumer rights, ultimately ensures safeguarding their rights as data workers. Users must be able to benefit from the wealth they help accumulate. Their rights do not stem from private ownership, as in the example of libertarians who seek to sell data on the aforementioned piecemeal basis. They do not stem from co-ownership of means of production either, as in platform cooperativism. Instead, they derive from a protective system based on resource allocation.

        Rights, as I am arguing for them, would not be based on private property (as in the case of the privatizing appropriation of data with a view to its commodification), nor on co-ownership of the means of production (as in the approach of platform cooperativism), but on a system of protection based on an allocation of resources. The idea is similar to Robert Castel’s concept of “social property”: data can be viewed as a set of collective goods made available to non-owners.42 In societies where formal employment is prevalent, this set of goods already exists. It includes all forms of social protection, social housing, health services, and public infrastructures and services. Despite the fact that they are not owned by individuals, these goods and services may be accessed by those who are entitled to them by other rights (citizenship, tax payments, eligibility to certain benefits, etc.). Today, these can be enriched with new rights that derive from the production and sharing of data. Instead of promoting political–economic regimes where data is a capital asset owned individually, this perspective is compatible with more radical forms of “digital socialism.”43

        But just thinking digital assets can be socially owned doesn’t mean they will be. To make this possible, workplace democracy is key, as is insisting on popular oversight of technological decisions. The convergence between the interests of personal data producers and collective interests needs to be defended through organized action. If data falls into the public domain, this could preclude the lawful owners of said data from licensing it or profiting from its property. By using this legal framework, individuals and groups of workers could prevent platforms from commodifying the eminently social wealth that digital labor creates. Such measures would ensure the recognition of work by removing the barriers and enclosures around data and information on the internet, that were created by platform capitalism.

        Among the tools available to achieve this are class action lawsuits by users against platforms to regain control of the contents, services, and information that platforms capture.44 However, this legal instrument will be toothless if the negotiating power of workers is not strengthened. A first step toward this would be to treat platforms’ terms of service not as covert employment contracts, but as collective agreements between platform owners, user groups, and institutional actors, whose terms result from progressive dialectical adjustments.45

        Each platform must negotiate its own collective agreement, in order to incorporate fair labor standards into the algorithms themselves.46 The FairTube campaign, which began in 2019, was an attempt to achieve this goal; with help from the union IG Metall, it led to the creation of a YouTube creators’ union in Germany.47 Agreements can be extended to an entire sector, for example to microworking or music streaming platforms, conforming with the so-called principle of favor. Throughout Europe and South America, this principle is found in many legal systems. The principle means that it is not possible for corporations and workers to make an exception to labor law if the exception hurts employees. The extension of this principle to the context of digital platforms would allow for the standardization of TOS, a standardization that would have to adopt terms more respectful of users’ rights. The extortion of users’ consent to the free use of their data would no longer be possible.48

        Other opportunities for collective action exist, particularly when large platforms are used by residents of large cities around the world. Platforms such as Uber and Airbnb have had some negative impacts on urban settings where they operate in terms of traffic, pollution, and gentrification. But they are the center of conflicts over the use of Uber and Airbnb data, too. So these platforms have attempted to share their data with city authorities. After all, this information itself is produced by citizens. A platform that captures this data can distribute it to the local authorities, which can then use it to improve town infrastructure, develop new policies, and improve services.49 At the moment, these actions are nothing more than facades. Private profit drives platforms’ commitments to transparency, data sharing, and redistribution of informational assets.

        Imagine, however, if these initiatives were implemented in a spirit of genuine data sharing. There is nothing stopping us from considering a more radical departure, such as collectivizing data. Data could become the direct, indivisible, and inalienable collective property of its users. Instead of data generated by individuals and captured and commodified by corporations, collectivized data empowers users by giving them ownership rights over the valuable information they produce through their online interactions and activities. It also subjects personally identifiable data to an important restriction: As a collective good, it cannot be enjoyed exclusively. Think about the big proprietary databases we use today to train big machine learning models. They are now owned by a few big platforms (Microsoft, Meta, Alphabet) and a few top-level universities (Stanford, Princeton, Tsinghua).50 Collectively, they could be made available for everyone to use, but cannot be turned into closed systems.

        By allowing individuals to control how their data is used, shared, and sometimes sold to third parties, this model gives users more control and agency. Additionally, it prevents data from being privatized and enclosed. Like a community lake that can only be fished if it’s protected from mindless predation, this data is under the watchful eye of a shared governance system that fosters open access and knowledge exchange.

        As a collective asset, data should be shared equitably among users, not concentrated in the hands of a few tech giants. Collectivizing it isn’t just about economic justice, it’s about reimagining our relationship with digital platforms.

        This outlook has been inspired by more people than Nobel Prize–winning economist Elinor Ostrom and other theorists of the commons. It actually comes from a long and often marginalized philosophical tradition theorized by philosophers of the commons in the Global South.51 The idea of the environment being intertwined with human societies can be an innovative way to combine sustainability, digital autonomy, and the organization of workers.

        Media scholar Paola Ricaurte Quijano employs the symbol “La Pachamama” (the Earth Mother revered by Indigenous people of the Andes) to illustrate how digital decentralization actually has environmental implications: “Forms of labor organization coming from own initiatives oriented to rights defense constitute an alternative to the platform economy. From the digital world, is it possible to return to the land? The impulse to alternative forms of labor organization that generate decent working conditions from regional proposals based on distributed infrastructures offers an opportunity to deconcentrate our center of life from urban metropolises.”52

        Taxing data is another solution, more in line with the institutional frameworks of northern countries. The report The Taxation of the Digital Sector, issued in 2012 by the French Minister of Economy and Finance, did not simply represent bureaucratic fluff. In fact, it was a thought experiment that asked a fundamental question: how does a platform get established? Not “where are its offices and factories located?” and not “where are its headquarters?” For tax purposes, a permanent establishment is the place where a company’s business is run, and where taxes can be collected. For platforms, it might be more appropriate to ask: where is the digital workplace of each platform’s user? According to the authors, this is where users perform “free labor” for the platforms.53 It looks like the authors of this report only considered social media contributors. As we get closer to the end of this book, we know that not all user labor is free, but that a large portion of it is unpaid. Still, it all creates value for the platforms and establishes a tax base. Therefore, a South Korean app that is used in Taiwan can be taxed by the Taiwanese government. In the same way, all the tax collected from Chinese and American platforms, whose billions of workers and users are scattered around the world, could be tapped to enact ambitious redistributive policies—even global redistribution policies between the North and South.54

        
          
            The Sword of Damocles

          

          Friday, July 20, 2018, 11 a.m., and I’m at the Ministry of Mining and Metallurgy in La Paz, Bolivia. I have an appointment in a small and dimly lit office with former minister Luis Alberto Echazú, now retired. Sporting a white mustache and glasses, he greets me as I enter, rising from his large mahogany desk. We sit in two small leather armchairs.

          His assistant brings in a couple of brochures about the Salar de Uyuni, which holds the largest lithium reserves in the country. The topic might not be the most exciting, but Uyuni is something out of a dream. From the capital, it’s a day’s drive by Jeep on rough roads to the world’s biggest salt lake, in southern Bolivia. Rainwater covers the surface of the salar in February, causing it to reflect the sky like a mirror. During summer, the ground is cracked like an old elephant’s skin, a maze of clumps of salt. There are mainly tourists there, so far. There’s a small village, an airport, and a hotel entirely carved out of salt. However, the Salar now boasts another attraction: a lithium factory.

          The former minister explains: “You can’t imagine how coveted that lake is. By foreign companies. That’s why our government nationalized it. Common resources can’t be divided into parcels. Even if we divided it into four and authorized four different companies, they would still be able to access the lithium beneath as they drill right at the border with each other.”

          Foreign mining giants—German, Chinese, Japanese, American—all want a share of Uyuni to ensure the supply of lithium for tomorrow’s artificial intelligence. “There are tensions,” he says, “not just externally. We’re developing a value distribution system for the lithium factory. There are strong miner unions. And peasant unions with long-standing rights. And of course the government. We have to pay these three every time we sell lithium.”

          My official meeting ends with a handshake from the former minister. “You should go to the Salar,” he adds. “I can arrange a visit to the factory. Be sure to wear boots. The company will provide a hard hat for you.”

          As I exit the building, the Avenida Arce is filled with cars. I catch a “micro,” a city bus driven by a man. His ten-year-old son sells tickets. Then I board the teleférico, the suspended cable car system, and I ascend to the final stop. I’m at an altitude of 13,000 feet, El Alto, the twin city looming over La Paz, sharp-edged and rusty, like a sword of Damocles.

          Diego is waiting for me at a nearby restaurant. A translator in his thirties, he knows a place where we can grab a bite. During lunch, he tells me he uses “an app called Upwork.” “It used to be that translations paid well,” he recalls. “[I] used to translate handbooks, user manuals . . . but now there are only small tasks. Maybe you won’t translate the whole document, just a few pages.” Taking out his smartphone, he says, “Look at this. It’s a task: taking hundreds of images with English text, in the street, at the supermarket. . . . If you accept the task, you have to go out, take a bunch of photos, come back home, upload them onto the computer, and then write next to each of them what is written. It’s insane; it takes an insane amount of time to complete this task, and it’s paid peanuts. And, above all, it’s not even a translator’s job. I should be there with a dictionary, focusing on a text. I shouldn’t go for strolls in the city, look for billboards or shop signs, then return home and become a transcriber. . . . Anyway, the situation is getting worse. Always worse. I sense something coming.”

          I feel it, too. I got a sore throat in El Alto; the wind was blowing and the sky suddenly darkened with black clouds on the horizon. I may have caught a cold. Or perhaps it’s the political situation that creates this strange tension. There are rumors about a coup. It might be soon, maybe before the presidential election. Or it could be this conversation with Diego, the feeling that this life is slipping away, shrinking, disappearing.

          Stepping out of the restaurant, I take a deep breath. My throat is getting worse. I might be incubating something. To get back to my apartment in La Paz, I have a vast descent in front of me.

        
      
      
        The Gordian Knot of Remuneration

        Neither trade unions nor the free market provide a satisfactory solution to the problem of payment for digital labor. The former overlooks the problem of invisible platform work; the latter contributes to the under-valuation of users’ contributions by advocating the resale of data on a piecemeal basis.55 I believe we must take a new approach entirely and instead favor a universal digital income.

        Before I begin, I need to point out something important. My support for universal basic income has nothing to do with my belief that our society is witnessing the end of work. As I tried to show, work isn’t ending, it is growing. My stance isn’t influenced, either, by Silicon Valley libertarians who argue that basic income should compensate for job loss caused by automation. The way the epigones of Musk or Zuckerberg frame this policy is very different from mine. I don’t see robots replacing workers; I see other, lower-paid workers replacing them. So universal basic income is not a way to compensate for unemployment, rather, it’s an essential tool to fight exploitation.

        The debates that have arisen around the idea of providing all members of a community with a basic income, and the divergent interpretations of this idea, as reflected in its competing names (universal income, participatory income, dignity income, life wage), have, at the same time, popularized and weakened popular support for the concept. Public misunderstanding has hindered any common political action around it. The confusion can also be caused by other factors, such as the difficulty of generalizing the results of universal basic income experiments. Initially concentrated in North America, they are now being conducted in several European countries, Brazil, and South Korea as well. Experiments can go wrong or be counterproductive, like in Finland and Italy. Finland experimented with giving UBI to 2000 unemployed people in 2017–2019. Results were inconclusive.56 A major goal of the program was to reignite employment, which this measure may not be the right fit for. Universal basic income has been co-opted by a right-wing government in Italy, which cynically used it to stir up discontent about social policies.57 Misunderstandings don’t just happen with words.

        Basic income has mostly been considered a remedial measure, often paired with other ineffective policies such as taxes on robots to discourage technological advancements that destroy jobs.58 But this point of view means that UBI does not address the sources of the employment insecurity and demobilization of workers. It simply confines itself to tempering their most extreme effects. Another, complementary, approach is to consider this income as a sort of annuity. In a world where automation will allegedly supplant human labor, it represents the value produced by the automated machines.59 This approach is also flawed, as it does not register the fact that, as we have seen, automation is, and will invariably remain, driven by human labor.

        Unlike these half-measures, a universal digital income would be an individual’s main revenue, and not a supplement to sums received from other sources. It would therefore not replace or compete with welfare assistance and would be paid regardless of other social benefits. The economists Jean-Marie Monnier and Carlo Vercellone60 have defended the principle of this income in the name of the structural exploitation of information within today’s “cognitive capitalism,” and they have examined how it could be financed. Under platform capitalism, it is essential to extend the concept of productive work to inconspicuous digital activities (including the training of artificial intelligence) to obtain full recognition of users’ contribution to the digital economy’s value chain.

        Universal digital income could be financed partly by the tax on platforms mentioned above. Governments can earn revenues by taxing platforms and AI vendors based on data generated by their users’ digital labor, which is used for sales, online advertising, or machine learning model training. Citizens will be able to receive cash payments derived from corporate tax revenues. As a complementary method, the sum could be paid in the form of primary goods or services (on the model of social property),61 but on condition that it is conceived as the “institution of a common” rather than as a state provision. Here, the idea refers to the collective data sharing initiative discussed above, where data is governed by a communal institution rather than a government. Disbursement of universal digital income by authorities cannot be based on tracking and surveillance of every human action online, nor should it be proportional to the quantity of data and information a platform extracts from a user. On the contrary, platforms would return what workers produced back to the commons. Jean-Marie Monnier and Carlo Vercellone argue that, “from this perspective, in the spirit of the mutualist tradition . . . the resources assembled to [finance this system] could be put into a common fund,” which would be directly managed by the users, in line with the rules of democratic representation.62

        As a matter of fact, this project has the feel of a moonshot. But why should moonshots be the exclusive domain of big tech platforms? The implications of this policy could be profound. The prospect of having to pay a collective contribution to the citizens of a state, would discourage platforms from subjugating users, disincentivize them from commodifying labor, and stop them from enclosing data. If platforms had to account and pay for digital labor, including inconspicuous and invisible labor, their business models would fall apart. Value capture would become unprofitable or even nonviable.

        Moreover, if digital platforms had to move to non-predatory business models, the specter of automation would no longer be necessary to discipline the workforce. In tune with their original political theology, platforms could once again refocus on their threefold mission. Eliminate property, emancipate labor, and establish commons—but with a revised formulation: to substitute private property for social property, to replace subjugated labor with self-determination, and to trade data and labor enclosures for truly common infrastructures.
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